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Sentential adverbs as connectors between moves in
the results sections of basic medical research articles
Tatsuya Ishii (Hiroshima University,
Postgraduate Student)
Takeshi Kawamoto (Hiroshima University)

Members of a discourse community share
moves, units of meaning that writers have learned to
use in an organized way. The organization of moves
in a specific environment is described by move
analysis (Swales 1990; Dudly-Evans & John 1998).
The analysis reveals how the development of
meaning in a given community is realized by
phraseological patterns as lexical units (Hyland
2009; Hunston, 2013). The move descriptions
produce useful corpus data to uncover the link
between the conventionalized  phraseology
characteristics of specialist genres and the function
of moves (Biber et al. 2007). The findings will be
relevant especially to the analysis of medical
research articles (Nwogu 1997; Gledhill 2000;
Kanoksilpatham 2005; Saber 2012). To date, the
previous studies for identifying the typical
phraseologies have observed the concordance lines
of the prepositions in keywords, as in Gledhill
(2000) or the nouns such as shell nouns as in Schimd
(2000), or have illustrated 4-gram sequences,
consistent with Saber (2012). However, little is
known about the characteristics of the behavior of




adverbs as keywords and the function of sentential
adverbs as  connectors  between  moves.
Phraseologies as connectors between moves play a
significant role in conveying the communicative
purposes of writers. This phraseological study
demonstrates that sentential adverbs function as
connectors between moves in the results sections of
basic medical research articles. The analysis of
sentential adverbs reveals that phraseologies
associate strongly not only with the function of
moves but also with rhetorical patterns. In collecting
corpus data for this study, we collected 304 basic
medical research articles in 30 journals published in
2014 (in total approximately 1.6 million words). In
addition, we divided each article into 12 moves,
where the results section was categorized into three
moves in terms of the revised version of
Kanoksilpatham (2005): (RD) Restating
methodology, (R2) Announcing results, and (R3)
Commenting  results. Using AntConc, we
investigated the concordance lines of 4, 12, and 8
sentential adverbs in (R1), (R2), and (R3),
respectively, as move-specific keywords. For
example, followed by the phrase we found that or we
observed that, the adverb Interestingly or Notably in
initial sentences as an attitude marker is used as
connector between (R1) and (R2). Moreover,
preceding the phrase our data indicates that or these
studies suggest that, the adverb Together, Taken
together, or Collectively as a summary marker is
utilized to connect (R2) and (R3). In our
presentation, more phraseologies will be exhibited.
Collectively, systematic methodologies focusing on
the behavior of sentential adverbs are powerful tools
for describing phraseologies strongly

Move Analysis of Hotel Overviews on Official
Websites of Hotels in Japan: Luxury Strategies in
Overview Text

Yukie Kondo (Ritsumeikan University)

Introduction

Official hotel websites usually place overviews
of their hotels on the top page. They are short but
have a prominent role considering that an official
website is an important means for communication
between the hotel and the (potential) guests. Kondo
(2018) developed three moves and three steps in
overviews of London hotels using the genre analysis
framework (Bhatia, 1993; Swales, 1990) and
investigated the typical move structure of hotel
overviews. These moves were Move 1. Defining

self, Move 2. Establishing features, and Move 3.
Establishing connections. Move 2 were further
divided into three steps: Step 1. History/architecture,
Step 2. Location, and Step 3. Facilities. By
comparing the move implementation rates and
keywords between the higher-grade and the lower-
grade hotels, how the higher-grade hotels used
luxury strategies in overviews was discussed.
However, whether the results obtained were
exclusive to hotels in London or whether they could
be applied to hotels in general is still unknow.
Therefore, this study takes Japan for another area to
examine and analyses overviews of hotels located in
Japan. The analyses are conducted by verifying five
hypotheses formulated based on the results obtained
from the analyses of London hotel overviews.

Corpus

The corpus for this study is composed of hotel
overviews on websites of luxury hotels in Japan,
which were chosen as 2018 Forbes Star Award
Winners of 5-star, 4-star, and Recommended (29
hotels in Japan). Corpus of overviews of London 5-
star hotels chosen by The AA Hotel Guide 2016 (47
hotels) comprised by Kondo (2018) was also used to
compare the results.

Hypotheses

Summary of the five hypotheses are as follows:
Hotel overviews on the websites of luxury hotels in
Japan: 1. Have a similar organization to those found
in the overviews of hotels in London. 6 2. Use the
luxury strategy of ‘evoking exclusivity’ by not
directly addressing or inviting readers. 3. Use the
luxury strategy of ‘creating abstractness’ by using
abstract expressions in the core of the sentence and
state concrete information in modifying phrases or
clauses. 4. Use abstract expressions that include
‘dream value’ by wusing Move 2: Step 1:
History/architecture. 5. Have a luxury strategy
unique to hotels in Japan.

Results and Discussion

The overviews of luxury hotels in Japan
consisted of almost the same organization in terms
of the move implementation, but there was a
difference in how the hotels in Japan and those in
London executed luxury strategies. The difference
was the reflection of their culture, especially the
different way of showing hospitality. This reflection
can be further applied as a strategy using a different
way of evoking the readers’ dream. The author



proposes ‘evoking a dream’ as a luxury strategy in
texts. For hotels in London, ‘hotel-has-what,” the
hotel’s facility, convenient location, or the hotel’s
architecture, and how high in quality they are were
the main focus, while for hotels in Japan,
‘hotel/guests-do-what,’what the hotel offers to the
guests, what their association is with the country’s
history and culture, and how the hotel’s identity was
created in relation to the history and culture were
more  distinctively  described. Even if the
organization of the overview is similar, what could
be a ‘dream’ can be different.

A Fast, Scalable, Portable Corpus Database
Architecture for Small- and Large-Scale Corpus
Research

Laurence Anthony (Waseda University)

In recent years, corpus methods have been
applied in an increasingly wide variety of disciplines
including not only traditional branches of linguistics,
but also healthcare, law, environmental studies,
finance, and literature studies. The expanding uses
of corpus methods have led to an increased need for
researchers to access small, carefully-constructed,
and heavily annotated datasets as well as very large
somewhat opportunistically created datasets, such as
those collected from the Web. Online corpus portals
such as SketchEngine (www.sketchengine.eu),
English-Copora.org (www.english-corpora.org)
[formally corpus.byu.edu], and CQPWeb
(cgpweb.lancs.ac.uk) offer many advantages for
such work, as they not only circumvent the need for
researchers to store datasets locally, but they are also
designed to elegantly handle annotated data and
offer fast access to very large datasets of millions
and sometimes billions of words. On the other hand,
online corpus portals can also restrict the type of
research possible. One of the biggest limitations of
most online portals is that they prevent researchers
from uploading their own custom datasets (with
SketchEngine being a notable exception). Another
limitation is their need for datasets to be configured
in a way that matches the database architecture on
which the systems are built. This configuration can
often be quite complex and can lead to the release of
certain datasets being severely delayed or never
released at all. One further limitation is the
analytical tools available in online portals tend to be
rather limited in scope. In contrast, offline software
packages such as AntConc (Anthony, 2019),
CasualConc (Imao, 2019), and WordSmith Tools

(Scott, 2019) allow for the direct upload of custom
datasets and generally offer a wider range of
analytical tools compared with those accessible
through online corpus portals. However, they tend to
also suffer from performance issues when handling
heavily annotated small-scale datasets or very large
datasets. The various weaknesses of both online and
offline corpus tools suggest the need for a new type
of corpus engine that can process both small-scale
and very large-scale custom datasets that may be
lightly or heavily annotated. In this paper, | propose
a fast, scalable, and portable corpus database
architecture that is designed to meet these needs.
The database architecture is built using the HDF5
high-performance data software library together with
a custom-designed index, which is similar to those
used in web search engines.

In the paper, | will first explain the database
architecture, before demonstrating its performance
gains over traditional offline software engines. Next,
I will show how the database architecture can handle
a wide-variety of corpus datasets that vary both in
size and degree of annotation. For example, the
architecture can comfortable handle datasets such as
the 10 m word Spoken BNC2014 (Love, 2019),
which includes complex annotations describing
speaker demographics, conversational turns, and
non-verbal communication events. It can also
comfortable handle much larger datasets, including
the original 100 m word British National Corpus
(BNC) (Bernard, 2007) and more recent, and much
larger Web-based corpora. At the end of the paper, I
will describe the steps needed to embed the database
architecture into a standalone corpus tool in order
for the architecture to be used for mainstream corpus
research.
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Ay a—=RARPRY 7 MOFHREMH T, K
R =R« F—=HR=R « T —F%FT 7
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)T —va ICEARSNTEENRLE LTV
5o FEBRIC, BHRT )T —var s T
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AR LT, Y 7RBELAETHY, 2 a—
B ATA 2 RITE, BB 7RI R
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E1HE2tvYay
[A&] BER 2 (KREIXSHFHEMER)
[HEERE L ST o — SRR D B ARE) ]
TAKE # &GRS — [BEHOELED |
(25 < R RWHH 7 E O R — |
%5 do GRAEKRZFRZFREE)
MHE % GEkE)

ARWFIENE, FEAE A 5 TR R B2 (R R
T2 FIEEIREL, HEET VT IvI AL —F
VIR DIEAREG TAKE OILEGEL, TDOE
BRAOFHE A DN T2 BINE T 5, H5E
BUTIIRR 2 R E R LT HIERH D, Lol n-
gram (XX TLHREEHEBEROEEED | OB
R, FEEFE R R BIA I TERW, o, anrs
— A NFANRNEIREL, FRED ML DOILEIC
BHHTDIENLNVD, ZRRRFERERE O H
FED TAKE Zifl &t RET 256, ZOHIET
1%, TAKE 28 R B oM E kA s
WA 20, WUNCRE TERNWIELH
Do

PGB T DT Iy I AL —F 7 DRE R 7R a— A
&L T, Michigan Corpus of Academic Spoken
English (MICASE)Z%f4:&L, LLT 5 SDOF/a%
% C TAKE & & TolfE R Bl A 035,
(OWL~ELTD TAKE % MICASE OF T A fh
KTV THREL, TAKE 28 Trara—x 2
FTA L i

(2)TAKE+4i #5127 H (Hunston & Francis, 2000)
L, 7 5% B2 (Lewis, 1997)E L CIEMDFLED
(CH D TAKE %5 ToBigE R Bl B R F AR | B
7REEEEH O Fe/ NN IC K )5

@) a—F AT 1 ATIZOE, BEROFEE
OILHFEA 1 FERFE, (4) AR Doy Bt G AL vE



I, A8 5 [A] 2L _E(Shin & Nation, 2007)
@FFEL-ILEFEO fLFE TAKE+HLERED Ik
ZIEHELL, TAKE+ILELGEZ, AJEhG, AR =m
r—ar (R (BN E &L T L7 EH &
Peian bR D IL), FREans —Tar, £
YNty |

(5)English Vocabulary Profile #&&& k&L, #
FERBIA BT IVITHE

QR)DS&AEAT 1= LT~ TAKE+I:#E3E(1,786 f#)?D9
b, TOMIT/HFLT-Hefia and LDILE (74 ()
ZR< TAKE+ILFEEE(1,712 fE) 2 HFER I EL T
BEWRSEHTHIEN T, sBENaar—yay
DOHENRZ T, 71 O RRVFEEO LI RS
iz, FEENE, AR R LU EREO M M
FIEL, JE 24 fHOERA TV ST,
SCEManr—aE, 10 ORRVFELILEL,
FEA AT O EMA 7TV FAS Tz,

AHFFE T, MICASE &0 HTx5REL, A0 D
ERRETEROEEED | OFPAN LW, RERIVIE
FPANOFZHMEOHLEAEICL, AT HILIELGE
ENRFEDO RO THEBEIED B O HIEITED, i
FCTOIREDOBEAY7e FIETIXHH T2
o7z, HAREG TAKE & e 2A70HER B
23 ATRBIZ 2R o7z, BIROBLENOS Y% h
ROERETHIEIZEY, FIUEREEE O
THEEDEWA 7T IV S NAZERT BN
ot

IR BSR4 F OB & AN ERG - B e RE
7 & ORIz D> C~Bank of English D5 —
BN L DoHT~ ]

/INSEOIETE (BREERT)

AR A] B G 44 6 D3R E e Rl (alan) & 3EiE T 5
BRITHONWT, Bt LAEL D Lok
NEL DOXEERHEHFICALNL D, Swan
(1995:139) (% “we have to use a/an when we are
limiting their meaning” & L, {EffiiE2S a/an % 78
filFsLoFEREEZEZIOLND, EHFED alan
EHETOIMIICONWTIE, THTHES ]
(Jespersen 1949, Swan 1995), [ LiX LIEFE |
(Swan 2005, 2016, MALED), THB#T{E 5 |
(Sinclair 2017), Tf£5 Z &23%[HE) (Berry 1993,
Francis et al 1998, Downing & Locke 2002), [ %!
P& JREH L 72 P uiX alan X R E ) (Berry
1993:20-21), [MEffizEIL alan Z5RE L 72\
(Hewson 1972)72 K 28k T 5, AL TIXESS
FE(E A, BAAREAEL, A ))& R E E
(a/an, B BREF, fhFREz)OILERER %,
SEATHFIE I ZE T D 36 5EIZ DT Bank of English
DT —F &AL, EMFE alan %

T 271359 <, BAMRERIET & ATE A OV TR
B w BRIE 5 (@) LA D BRE F 2 58 < SR 2 il R
LT aan EDKENAEL, BEFIZONT
% alan BEEFEZHERT D EEZLDONREH
HTHDLZLETRT,

alan &G D AR ARMG A FIZ OV T
NG 72 E ORG TR B 2 K345 (Quirk et al
1985, Swan 1995, 2005, 2016, Sinclair 1990,
LDOCE, MEDAL) & T2 b DR & 5753, 4aild
B A TITOWTRER LI SEIE LY 7= 5 70 e
D, FERRIITATELZFHT HLL T D 36 75
& L7z, 4aild NP O FZERIZIRE L kind of N,
Nand N 72 &3 <., NODE fif% 10 5D EH 5
PEBET Db DOITHIER, #ik OB R T O
BRI e EIXBE L2\,
anger, anxiety, aversion, awareness, Coarseness,
consciousness, courage, determination, dislike,
distrust, eagerness, education, faith, familiarity,
fierceness, fondness, happiness, hatred, help,
kindness, knowledge, love, peace, pride, quietness,
rationality, sadness, sensitivity, shyness, silence,
sincerity,  sleep,  tranquility,  understanding,
unhappiness, warmth.

FE 36 FEIC DWW (BfREHET & A& ) T
22 FE), LATF D 4 T4 w0 & IRER O BfR %
A L7z,

1. BRI Z A 5 4450,

2. H%ICEMRFHI(IN + that + V or Modal],
[(Prep) + N + which], [N + V Past Participle]) & £
WEZN

3. EARIZHTE A & 9 44, ATEIL, 4450
DN E 1R O RIE FAA) % O B X R0E M3t 5 b
THHLDOT, by MEEDBEREZDH O % EIR
(e.g. anger at his wife, knowledge of French,
sensitivity to sunlight),

4.  [Modifier + N], [N + Modifier] T a/an ®/E
=R L [a/an + (0-2 words) + N]COESfFED A
LA L, [EffiFEE alan & OFEHERE
A L7z,

ATEEA & B E SO EEIC OV L, B
Rl & RITE A ) 2 PF O G B I A s O A 2 &
D2 RMETRE LTeH, R E M Sa 3%
BEEMiZ T X THERT 5 2 & R EER 7o O EHE
EEE LR,

FED BRI 2 B 8 L2 WL I T ol
v, RAlHE4F L alan & OIEBELRICHOWT
1%, ‘a kind of'*>'an instance of O E A FKT IS
(Sinclair 1992, Berry 1993, Biber et al. 1999,
Downing & Locke 2002, CALD), ==> 7 F% & |
@ HARME(Celce-Murcia & Larsen-Freeman 1999),
#1458 56 (Berry 1993), quantity o Fif 54k
(Hewson 1972:90-91), A 5t 4 (Langackar 1987,



Radden & Dirven 2007)7% SZ X WA S D
2, WL E 2 — "R —ZI|Z KD RERHIET
DNEE LV, R4 AT temporal space %
FEIC L L= 4, episodic 775 7> C AJ B % 4]
Wrd= 2525, WERRIA S C 72 < fi# R (construal)
IR DA Z N, 21X There was @ silence
for a moment D% L% & WEERYA Stk (for a
moment)?’ a/an & OILEICEBEREL 52 5 &
135 212< 0, event £V result # BT 555
OFNAIFEE L TZT AL ATV (eg.
invention) £ f5fii 5 & © b & 5 S (Payne &
Huddleston 2002:337), event & result % & #LA0IZ
XA 2 DALV,

MM @A make Oz BhAEM ST HEBLS 5 R
RIEm & Z DFEE)
R =—BR (A ARKRFERFEREA)

PDE 23\ CHEZENR make |XREBNREAHH ST
j:JEﬂ:/Zdﬂinj X@jﬁg*ﬁi I3 to Zdiﬁuil*ﬁ
Xﬁ)ﬁﬁ?‘é@#*ﬂ&“ﬁ’]fi@éo

(1) PDE 23 2 EE] make & ANiEwi
a. They made him sign the contact against his
will.(7LJII (1991: 334))

b. *Bert made Jimmy to blush. (Noonan (2007: 56))
c. He was made to sign the contract his will. (7)1
(1991: 335))

d. *Peter was made go. (Gisborne (2010: 111))

LarL, miaIz i % &k
PUHIFR iiﬁiﬁot Eahb,

(2K D RER D

(2) ME (ZB) %@ make & A

a. she maketh men mysdo many score tumes. (PPI.
Biii 122)(Mustanoja (1960: 533))

b. pe veond hit makede me to don. (Ancr. 136)(ibid.)
c. lch am made reproce up alle myn enemis,
(PMPsalter, 30, 14) (#A3H (1993: 6))

d. [al thinges ben] maked to dwelle in present sight.
(Usk TL.111.1V/167-168) (ibid.)

ME 75 PDE F TO f.-0 DR BE 35 4 Ll
L7471 (2018) 12 L AuiE, fEAXENE] make 1,
f&EMGEE @LIL]\ioJ:U“%U){’Mi&“Eb%ﬂ@Hjﬁ& <
nNHEDOBEWROHEARSTIZE Y EModE DLRE
make 73 %%Eﬁfﬁﬂfiﬁ%‘:i‘%@‘%iﬁk LCTHWS
DD, FEREYE « fERMEDT AT Rk
Z b ORI AE § 2 il SCTH D R & D3 ST L 72
EENTWD, £O—JT, to RER % i
(2 & DA EIE] make 1X EModE LAREEIE L)
», LModE RIZIXIFIFEIELZE WV,

(3) ME ~ PDE |
Ak (cf. Hﬂ(zols))

ME EModE PDE
make NP to-Inf f\'"" U #HL (cause/have/let/fthilihG T) ';::::_’; (=3

B D EEEF] make &

; “*‘4

make NPInf < make NP to-Inf <<=

make NP Inf = » make NP Inf

— % make DOZBREMISCICEIT D
to A D H IO IZ U T3\ A (1998) 72
EIZXVB LN TIEWWDL DD, be
made Inf 3V D ED XD FeiEfE &R T Lz
DN DOV TITHA L NITIE AR o TRV, A%
XTI, FFHE(2018) THI & T 72 - 7= REENREIC
B 5 FIEARE FM L OB LY to A&
X DB ORI & el L, be made Inf 23\
DEDOHKICLTEIBL TV 20,
EEBO(Early English Book Online)# & T Google
Book Corpora (British) # H\W\CTZOiEkEz 5

ML TV, KFAEOFE R D, E&kHEhE
make O3z EIRER SCIZ 31T 2 B E R O HEL

%17 R CE Y, 19 HkdEEE T
WHINTWD Z &5, make NP to Inf & EIFE
FIRFIIZ IR L, S OICARHEICE > TR S
U7z be made Inf (ZHBLS 2 8EEIO MBI E LT
T (4) IZ/RT X 91T appear X° believe 7¢ &
DOEEEDFFVEIFANZ RS Tnsd Z &
/"5, be made Inf (X causative &V 9 XD e
LA resultative & LTRSS TV LIS
%o

(4) JIEASE Zltd 3L o J 5

a. it might easily be made appeare in particular to
the world, (EEBO, 1643)

b. they are made believe that they are christians
when they are not, (EEBO, 1658)

BE2EY2 3V OEE
BE £ (RBRIEXESHHMER)

2019 4F 10 A 5 H(L)KR&EWIHE 2 By v =
VCIE, FFEDFEIEICET D LEFR ST 2
H:, R HTS L CTh o T,

WFgEgE L 1 I3RGE R AR (3
FoMEFEK CGRIERT)) | iér%mﬁb
SEEa— R IZBIT 5 EAFG TAKE % &1
HBEERBL — TE %@i&iwj 12D <K%
R FIEDRE—), ARERITEARHHZZ
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Discourse functions of high-frequency phrase frames
in argumentative essays: A learner corpus study

Joe Geluso (lowa State University,

PhD Candidate)

Language is replete with formulaic language
with some researchers estimating 50% or more being
‘formulaic’ (Erman & Warren, 2000; Nelson, 2018).
Much research to date on formulaic language has
focused on continuous multiword sequences of n
length in the form of studies on n-grams and lexical
bundles. More recently, in addition to continuous
sequences of words, discontinuous multiword
sequences, or ‘phrase frames’, have come into focus
(Renouf & Sinclair, 1991; Romer, 2010; Gray &
Biber, 2015). Phrase frames, or simply ‘frames’, are
n-grams with an internal variable slot such as the *
of the or in the * of. The asterisk represents a
variable slot occupied by a ‘filler’ such as end or
beginning. Previous work on frames, and even work
primarily focused on lexical bundles, has reliably
noted the high frequency and productivity of the
frame the * of the as well as different permutations
of frames rooted in the * of, such as in the * of, at
the * of, and at the * of the (Biber, 2009; Gray &
Biber, 2015; Garner, 2016; Nelson, 2018).

Given their high frequency, the present study
attempts to elucidate the discourse functions of four
or five-word frames (i.e., 4-frames or 5-frames) built
around the core frame the * of. Specifically, high-
frequency frames of the following structures were
analyzed: 1) the * of the, 2) preposition + the * of,
and 3) preposition + the * of the. Therefore, all



target frames in this study were 4-or 5-frames. The
target frames were analyzed as they appear in
English argumentative essays authored by native
speakers of Japanese, Spanish, and English. Texts
were drawn from the Japanese and Spanish sub-
corpora of the International Corpus of Learner
English (ICLE) and the LOCNESS corpus (Granger
et al. 2009). Each text was coded by the researcher
for the topic of the essay (something not included in
the original corpus files), and then rated for
proficiency level by two trained raters. Final
proficiency scores for each text were generated via a
Many-Facet Rasch Measurement. Frames were then
extracted using a custom Python script that captured
the target frames along with text that preceded and
followed the frames to create concordances and
stored in an Excel sheet. The concordances were
then manually analyzed to determine the discourse
function of each instance of each frame. The
functional taxonomy introduced by Biber et al.
(2004) was used to code for discourse function.
Primary functions that the frames achieved were
referential, stance, and text organizing functions.
Furthermore, frames were coded for sub-functions
within the three higher-level functions. Ultimately,
3,693 target 4 and 5-frames were coded for
discourse function.

After coding for discourse function, a
multinomial logistic regression was conducted to
ascertain the likelihood that a given frame would be
used for a given discourse function. For example,
how likely is it that the frame the * of the or at the *
of will be used for the sub-function of marking
location or time within the referential function? In
order to avoid the assumption that all differences
between texts stem from differences in first language
(L1), four independent predictor variables were
added to the model as blocks: 1) L1, 2) topic, 3)
proficiency score, and 4) the preposition such as in
or at, or no preposition (e.g., the * of the). Broadly,
results show that the L1 English and Spanish
speakers use the target frames much more frequently
than the L1 Japanese speakers. Furthermore, while
each predictor reveals significant effects, the models
that included proficiency scores and prepositions as
predictors performed significantly better than those
that did not.

Exploring the impact of the Brexit referendum on
the encyclopedic knowledge of English speakers: A
Latent Dirichlet Allocation analysis
Naoki Kiyama (The University of Kitakyushu)
Yoshikata Shibuya (Kanazawa University)

In this paper, we explore, from a corpus-based
cognitive linguistic perspective, issues of how and to
what extent historically pivotal events can affect the
meaning of words. The event that we take on as a
case study is what is widely known as Brexit (i.e.
British exit from the European Union). The so-called
United Kingdom European Union membership
referendum was held on 23 June 2016. The result
was that the United Kingdom (UK) will leave the
European Union (EU). The news made headlines
around the world, resulting in a number of upheavals
in many domains, including the financial markets’
immediate negative reaction and the announcement
of the resignation of the then Prime Minister David
Cameron.

The present study investigates the impact
brought about by the Brexit referendum on the
minds of English speakers. Since the consequences
of Brexit are, needless to say, far-reaching, it is not
our intention to provide a comprehensive account in
this paper. Instead, here we pay special attention to
two keywords that are very strongly associated with
the Brexit referendum. One is the very name of the
event itself, Brexit, and the other is the word
referendum. Our research question is how and to
what extent the Brexit referendum affected the
meaning and/or perception of the words Brexit and
referendum. To address the issue, we apply a
generative statistical model called the Latent
Dirichlet Allocation (LDA; Blei et al. 2003). LDA is
a probabilistic topic model that allows one to
construct statistically meaningful clusters of words
out of texts in question. We applied LDA to the data
retrieved from the NOW corpus (News on the Web;
Davies 2013).

The present study draws on the view of meaning
advocated in cognitive linguistics. One of the
fundamental assumptions of cognitive linguistics is
that “we have to call on our encyclopedic knowledge
in order to properly understand a concept” (Croft
and Cruse 2004: 30). The present paper is especially
concerned with the dynamic nature of our
encyclopedic  knowledge. Our  encyclopedic
knowledge is in constant flux, making adjustments
to respond to any changes, be it social or cultural.
The goal of our study is hence to capture how our



encyclopedic knowledge recruited for understanding
the words Brexit and referendum transitioned before
and after the Brexit referendum.

We describe a series of significant topics
identified by LDA (Figures 1 and 2 illustrate a
subset). The results capture our intuition that the
topics that are highly relevant to the campaign for
and/or discussion on the Brexit referendum itself
were extremely prominent for a month or so before
the voting, while topics in which negative aspects of
Brexit are the subject for discussion became
significantly marked after the referendum. The
results show that the encyclopedic knowledge
accessed by speakers to understand the words Brexit
and referendum drastically changed before and after
the Brexit referendum, arguably into a more negative
direction. The cognitive linguistic approach to
encyclopedic  knowledge has typically been
gualitative in nature. However, given the centrality
of our encyclopedic knowledge in understanding
concepts and also its inherently dynamic nature, a
corpus-based diachronic approach should be actively
taken. The present study is an attempt in that
direction.
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Figure 1: A topic identified via LDA for the word
(label:  “Campaign the
referendum”)
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Figure 2: A topic identified via LDA for the word
referendum  (label:  “Economic
associated ~ with referendum

42016 72016 102016

uncertainty

the results”)

BE3IEYYaIVOME
#H E# (IHfEXF)
[ Discourse functions of high-frequency phrase
frames in argumentative essays: A learner corpus
WWJ@%%%@ BELETIX, HARANFEGET
%i%%ﬁtﬂ%%&bTbio%ﬁ#%“
ESINTWDN, Thd EORRIZAE L 7D
D, ETENBRERIC &@%zf”ﬂﬁi.ﬂbtmﬁ\ e
DOWNWTOERS, 7L—XDAr vy hOHIZ

ERRITIE EDRERE ﬂkofwt@ﬁ,A@®
mwff—k%iﬂﬂ%un Iz kw*ﬁfcﬁ N %ﬂ?ﬂﬁﬁ‘é
D, 72 EDE ﬁﬁ&éﬂto

[Exploring the impact of the Brexit referendum
on the encyclopedic knowledge of English speakers:
A Latent Dirichlet Allocation analysis| D& &&/5%
TIZ, referendum LARGIE Brexit 23 % 72 & 3 FI4&
& RFGE D7 H3EE B AL TV =23, referendum
D% TIERAL L 72 BOH RO AFINZRIZBE 2 B A
72 RS S LA B > T2 D Tl
Winkwo aXr bR, £/,
referendum ORF{% T/ 7 7 NEHH L TWD b
By 7P HHHRTCRERED L DT %
BATZON? L) BRI, discourse % % g
% EREREREIZOWTH RN E W2V Tl
kv a A b, AT referendum @
B[R OFEW TS S TP HOWTOEM e &
VARVAIY g Wil

At v g ZiE McEnery Kb B Eh, £
AL VDR FERE RN DN TR 70 B R0 m 2 12
Bra AL NI TWeZ ENHIZHTH -
oo BRFICE S TIITREHEREZRZ LD
T4 =Ry 7 2Bl Rolct b
D

E1AEL4 LY aY

[Bl&] WE & (AINKE)
[FEEMEDIEMEIZ LA EMX D « TEREED

SINTHERE R b — 2 Z A 8 — 54— |
®ik wol (PEERFERZEREA)

7T AL =it W EE#EE T, 1R
FOEHZ 2 —27 U v FIETHS Z B2 0,
Z OO ME & 72 DFEROBEEIT RIS

BHEERRIZ ERE L, EARMITITHE LAEED
BRZ> TELS AT LFHEBH L5, £DTD 7

N

TAEY T DOREL, WIEREE 2 < MK
EAFECIEER S, %< ONEBRED AT
KXtz v, o> TZDOFER, [ UIMEE
OIEMIC—B L CEMEE CART 2FBICERT



HEFRETEI\IIEDNTED, R—1EZOIEMX S
R, fEMNOEREBOSHTITIIN R & 1T 5F
270 (K1, 2),

AWFFENTZ O X5 2R3 H I\ TR E
EBODHFIEERDIZD, TARa—sR2 L L
Dickens, Thackeray, & % G. Eliot @£ 2 {Efh
(5t 6 1Efh) %, Zi<4 10,000 FEREE (2 0E
(GF 62 ®27>ar) L, 7 a MEREC
2—7 Uy NEUADER (v &,
IRad ([HF#¥R) %) z@EH LT —%, 5
VNIBEFE AR Z S IR, LIRSS TIEME L7
TR EHNTIZ TAX—058 L, HonzX
=K TAZ—ZEEND Y v a vy DOIE
Z/VESAME O K/ — % Gini £RECCREMm L
L0 ThsD, R, HEETEFTIT IRad 12
K HGEI, £z, BEEM CIX BB ENLT
ROMOIEREE L 72 5"2.5 FR"EM LT-5HE
IZERKRKOXGHERTF I, FRICBEDLE, 62
D7 va o d B 500 FELLETRAESERIZ 6
Xoyaniz (X3,4), ZAUIHEE ENFEZ T T
72, JREIRHEIE T V7 OFEDOAEFHEN 7 Z
ALY 7w LIERSRTHY, (EMXT,
FAZITAES N O UKL BT ICA 72 FIEIC 72
DL HLDOEEZEZOND,

BT, HEEIZINZ bigram <2 trigram %5
K D58, 2.5 FIBOEME O—MeH:, SHric
M7 6 BSOS EEEEIZHO W T ZTER/=
A REWTETE W,

R

6 7 T AKX —H4 7T AE—|CRIESIIRIE
/

1R 3 [X%. fFR 6 X453 J—DUVFEEEK/

0.9

e /
o /
°ﬁﬁ /
8 os —=— {ERGini
S os [ J

0.3 M
0.2

P e oD
i\k D
0.1

e

ooooooooooooooo

1 =—7 VU v FiEffeuc)ic X 5 AL

RffiZg 4 7 FAX—FY TV T AX—TH AR H
/

1-9VyFEEEE -ERAFEE /
0.30
0.25
= 0:20 —— 6%

‘€ 015 - 7E5
0.10 —— 85

0.05

0.00

oooooooooooooo
1 0O~ ®OOo AN

i TR

2 RO LB ARMEDOZL (euc)

6 7 T AR — TS (A DRI
L)

fER3ED. ER 6 K5 -2.58IRER

0.8

0.7

0.6

0.5

Ginifiti

0.4

0.3

0.2

0.1

0.0

X3 2.5 FREMEIZ L D AHE

7 X473 Tl3 300 BELA BT XSy

/

2 SEIEERE-ERTRE

0.35

0.30 /
0.25 '; /
/[ =

o
£ 4 / 4 8EH
© 015 / —— 6E%H
o gt
0.05
n o o o
N n O OO o
- ON M

X 4 X8Iz XD ARHE O (2.5 FR)

Helsinki Corpus ME3-EModE3 C® binomials ™
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(1) a. Johnis (about) as happy as can be.
b. John is (about) as happy as he can be.
¢. John is (about) as happy as a boy can be.

d. John is  (about) as happy as
happy/*happiness can be.

e. John is (about) as happy as it gets.

f. John is  (about) as happy as

happy/*happiness gets.
g. John is (about) as happy as they come.
h. John is (about) as happy as you (can) get.
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(1) (Wisely,) John (wisely) dropped the vase

(wisely).
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Revisiting A Corpus—the BNC 2014
Tony McEnery (Lancaster University)

Major corpora, such as the British National
Corpus, age. As they grow older their value changes,
but is not lost. Instead of being representative of
contemporary speech and writing, they become
precious time capsules recording language as it was
at some point in the past. That makes the task of re-
creating such resources for the present a pressing
one. Yet it is also a complicated undertaking. To
demonstrate this, | will review the construction of
the spoken and written BNC 2014. This corpus has
been built to provide an up to date record of present
day British English, broadly comparable to the BNC
produced in 1994,

Recreating such a corpus may sound like a trivial
task — just build the corpus again but draw material
from the present. However, time changes not only a
corpus, it also changes the context of collection. This
means that the corpus builder has choices to make.
In this talk | will outline the many decision points
that we had to face when building the BNC 2014.
All of these decision points are ones at which a
choice must be made, and all of the choices made
make the BNC 2014 slightly different to the BNC
1994. Some of the decision points arose from a
realization that the decisions made in the
construction, or execution, of the BNC 1994 were
either not ideal or simply wrong. Others were faced
when we considered the different legal and ethical
environment in which the BNC 2014 was collected
relative to that which existed when the BNC 1994
was created. Yet others are forced upon us by
language change the context within which
language is produced, and the form it takes, has
changed from 1994. Finally, we also have to accept
practical limitations, such as the availability of cash



and resource in corpus construction, and face up to
the decisions that flow from that.

Overall 1 will argue in this talk that as well as it
not being possible to simply recreate some major
historic corpora, it is also not desirable to do so.
What is desirable, | will argue, is to document,
honestly and thoughtfully, the decisions that were
made in corpus construction so that users are aware
of where differences exist and can take them into
account in their analyses

W UROHL (EEOEE)

Gazing into a crystal ball: what you can see in the
future of corpus linguistics

Yukio Tono (Tokyo University of Foreign Studies)
Shin’ichiro Ishikawa (Kobe University)
Hitoshi Isahara (Toyohashi University of
Technology)
Tony McEnery (Lancaster University)

This symposium aims to discuss the future of
corpus linguistics in this changing world. Since the
beginning of an electronic corpus such as the Brown
Corpus in the early 1960s, corpus linguistics has
gone through various theoretical and methodological
shifts. Theoretically speaking, corpora are designed
to be representative of a particular genre or language
variety. Recently, however, the sheer size of data,
mainly collected from the web, seems to override the
concept of representativeness.  Methodologically
speaking, corpora are now increasingly used by
researchers in other disciplines of linguistics and
social sciences. People are more familiar with the
term such as "Al" or "big data" now, and the notion
of corpus linguistics as an independent discipline
seems to be less visible these days.

In this symposium, each of the four speakers will
reflect on the past and present of corpus linguistics
from their perspective. They hope to answer
questions such as "What improvement can we make
regarding corpus design and annotations?", "Can we
see new types of corpora?", "Will corpus linguistics
stand as an independent discipline of linguistics?",
"What kind of new use will corpora be put to in
other areas of sciences?", among others.
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