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An Analysis of Factors Determining the Difficulty of English
Listening Texts and the Possibility of Automatic Estimation

KAWAGOE Ryota (Kyushu University, Graduate Student)

Abstract
This study aims to identify the factors that determine the difficulty of English listening
texts and to explore the possibility of their automatic estimation. Listening texts from
thirty-four past administrations of the Eiken Test were analyzed using indices from Coh-
Metrix 3.0, with features extracted separately for dialogues and monologues. A random
forest model was applied, treating these features as explanatory variables and Eiken
grades as the target variable. Variable importance was evaluated using Gini Importance
and SHAP values. The analysis identified the number of words per sentence (DESSL) as
the most influential factor in dialogues, and lexical diversity (VOCD) in monologues.
These findings suggest that processing load associated with long texts in dialogues and

lexical recognition load in monologues are central to text difficulty.
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#z1 T —HOME
ek n TREEEL WRFEEL PRAE(R 7=

‘ 1% 340 39,712 116.80 47.68
f U1k 408 35,566 87.17 10.56
Z 2k 510 34,572 67.79 8.54
7 Ut 2 % 680 34,942 51.39 8.56
3 #% 680 20,527 30.19 4.78

Lo 2618 165,319
1 %% 340 61,269 180.20 37.65
”;C %1k 374 50,234 134.32 35.73
= 2 % 510 36,591 71.75 6.29
} % 2 % 340 21,644 63.66 5.80
3 #% 340 12,922 38.01 3.77

TEt 1904 182,660

Hin=7%AMK
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AWF7ETIE, Coh-Metrix 3.0 (Graesser et al., 2011) D=4 AV, KA EZRIH L,
Coh-Metrix 1%, A T4 AKRFOWFETF — LI LTZT FAND F BRI E 72—/ RS
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Metrix 3.0 TIXSREOSEX FAIEIZBIE T2 108 O 5 ibiEtEa 5t b+ 52 LN TEH,
PERRITFER OB T A B WS I TV BT, XT7T7 08B+ o5 M E 3 1, §
T U AT ARHME 2 MEEBRVEE 103 RO EE L, ST ALT,
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HHZENIRENTZ, FFIZ, Accuracy & Macro-F1 O 5 IZBWTHEELL - A HABNHZ L0
b, BT MIREDREREEDHI2ET, 77 AMDONT AL DL EMHR TETVDHEE LN
%, E7o, MF BT BB IEERE R, SFENREN T AN AT IS, AR
WD FEHEE I G- L TS ATREMEZ R L CVD,

FMROKZEA R (2 7T AT IZHTD 5 DEIZFEREEO EHMEAEHE(R 224 % 3 1R T,
BIRELT, b V7AGFIVE SV E NSO, BARMIZIE, A7 07 Tkl 1 #&eE 2
) DAIYFTH 87%, [HE 25k 3 8% TKI 92% DIEEEZ R LT, —F, B/m—7 TIEENEN
1 97%BELUHKI 93% &, SHIZEWAEREENMEFON TN, 12720, B/m—IZB 52k
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# 2 BLOE 3 ITRLIFERDND, TXAND FEEIIFHEROHGE B LIZGA Th->Th, Jofi
DA D S FE % — TEONEE THEE FIBE CH LI EARIBS T,

K 2 b EIRFEMEEDRE R (5 7T 253 %)

RS Foldl Fold2 Fold3 Fold4 Folds F¥) iRz

oy Accuracy  0.761 0.796 0.756 0.725 0.769 0.761  0.026
Macro-F1  0.751 0.782 0.748 0.706 0.750 0.747  0.027

ey Accuracy  0.785 0.759 0.698 0.772 0.755 0.754  0.033
Macro-F1  0.764 0.749 0.667 0.757 0.732 0.734  0.039

# 3 b D EIRFEMRGED VRS R (2 7T 2453 FH)

fRAE 1HR&HELFE 1 HR&2HE 2Hh&HE2/HE  HE2H&3 K

. . Accuracy 0.794(0.036) 0.871(0.033) 0.805(0.028)  0.921(0.036)
sArez Macro-F1  0.789(0.038) 0.868(0.034) 0.798(0.031)  0.921(0.036)
ey Accuracy  0.819(0.060) 0.974(0.016) 0.716(0.029) 0.943(0.028)
Macro-F1 ~ 0.818(0.061) 0.973(0.017) 0.679(0.032)  0.943(0.028)
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LOMTLD LDMTLD
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Importance mean(|SHAP value|) (average impact on model output magnitude)
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Types and Acceptability of Flat Adverbs

TABATA Keisuke (University of Niigata Prefecture)
YAMAGATA Setsuko (Kyoto University of Foreign Studies)

Abstract
The flat adverb “deep” and the -ly adverb “deeply” are observed to waver in their
acceptability, as in “He dug the hole deep/*deeply” and “The ground was deeply covered
with snow.” This study will illustrate based on the Movie Corpus (works since 2000) that
the fluctuation of acceptability can be explained through the feature of <toverlap in
meaning>, which is merged into Nevalainen’s (1997) four categories of flat adverbs. We
conclude that blurring of the judgments occur in the type of <t+overlap in meaning>,

which shows a high degree of semantic and pragmatic overlap with -ly adverbs.

Keywords
BRG], The Movie Corpus, &att

L ZLHIC
Biber et al. (2002, pp. 568-9)i3, (DA HAMIZEIF O~ TTIRHARNEIR 2D, HHEE]
L CAER TEDHEHIRL TN,

(1) clean clear dear deep direct fine first flat free full high last light

loud low mighty plain right scare sharp slow sure tight wrong

Peters(2004, p. 59D X HMERIGIOV AN LT, IROHDERL, 2 THXANCE Ao 2%
=T, BAUERIFRNBEINESNAEL TWA, Biber et al. 3% 1T QN o 72b DA KETHEIRT
Do

(2) bad cheap clean clear close deep direct easy fair flat

high loud quick right sharp short slow tight wide wrong
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Peters(2004, p. 59, (D> H k72 BLifZEIFE L T cheap, close, flat, high, right,
wrong %3 E L TUV5, ZiUHiE come close, going cheap, fall flat, fly high ®JHIZEH B
SWVEILOFTHOWSOND, £7- come quick DIHZHEME G Z HWAL, @6, -ly BlFz
WzEEIDY, DEEMIZE LR TV D, Peters (X(DIZABND low %(2) THEITF TRV,
Peters (2004, p.330)i% lowly 2% % humble B WA A m L L TR SND S A Fa1HEL,
ly BIFAPMFELR WS OIXEMIERIFN BRI TD,

Eastwood(1994) D54 1%, cheap(ly), loud(ly), quick(ly), slow(ly)Zﬁ%@ﬂ%%ﬂﬁkbfﬂi%
— % C, HiWT direct(ly), tight(ly), fair(ly) 23 AU HE< @B DL D72 Lk R TV 5,
Eastwood b, HMEZEIGF H A2 S W EILOFTHOLALSIZOWTRAEL, iiEy
FHRZ T E DML TIIHWSLNRWER TIE-ly BlEIINERSNAEL TN,

(3) a. talk so loud d. play fair
b. go slow e. Do you have to rustle that newspaper so loudly?
c. fly direct f. We need to take action quickly. Eastwood (1994, p. 263)

B 72015, p. 2, p. 141, Ttight, slow, quick 72X DAL, tightly, slowly, quickly
D-ly RIFLY AFERT, KEERRR, INERETEZHWLN, BFITGEN T, HESETE
SHWHRLEMAHYET JEHBAL, S TAS) S RS 2R T 4 HOFIE,
high/highly, wide/widely, close/closely, deep/deeply #5421, TEAFAEOREIFIL, YEERY
IRFRVDOBERE R T OIZHIL, -ly BlFE, LG TREDOBERREE, ESERT 1L
FEOTND, AR5 RIXZNODOIATIE ORI E-ly BRI BIZEEHR HTEATERU
EHIRARTEY, SCFEY O ZHRE LRAI72 B OFIEZ DN TWD,

(4) a. The stone sank deep / *deeply into the pond.
b. Henry David Thoreau lived deep/*deeply in the woods.
c. He dug the hole deep/*deeply.
d. We love our children *deep/ deeply.
e. His words wounded her feelings *deep/deeply.

LN D3n, O —=T ZARFIEE 6 hR T, YEEReiRS %7 deeply DLl 3 GRS ILD,
(5) The ground was deeply covered with snow.

AFETlE, Nevalainen(1997) 25~ L72(6) DA > D5 ¥EA 412, HAMTERIFIZREELL, SHiad
5y Bl EDE R HiE LD EZRY <overlap in meaning>DfRIEA1BINT5ZLT, (4a-c)&(5)
LWV T RRIED TN ENNDZEZ R D, MAEICH T~ TE, MEERBIZEMLTW% The
Movie Corpus @ 2000 FLIEDVESIZHEDEELEEIT ), -ly BlFIEEW - HiE oA — 3 —
T T DELVDE, <t+overlap in meaning>D¥ A 7 INERMEDENEAE LS HDEMETH D
%,

11



(6) a. functional and semantic differentiation (HARD versus HARDLY)
b. semantic differentiation within the same adverb category (LATE versus LATELY)
c. vague, multiple conditioning of choice (CLOSE versus CLOSELY)
d. stylistic and register differentiation (SLOW versus SLOWLY)

2. -ly RIlGA LA HA rTREZR UM RG] - bad & loud

Longman Dictionary of Contemporary English (LDOCE) (https://www.ldoceonline.
com/) TlE, (NDEIIZ, FlF bad 1X badly &[FE T, a word used to mean ‘badly’ that many
people think is incorrect &FtikL TV 5%, Oxford Advanced Learner's Dictionary (OALD)
(https//www.oxfordlearnersdictionaries.com) & Oxford Advanced American Dictionary

(OAAD) (https://www.oxfordlearnersdictionaries.com/definition/american_en glish/) TiZ,

EEFTET AVAFEEED MIET, HAEHELZ LHE A NS,

(7) LDOCE (8) OALD (9) OAAD

bad?® adverb spoken %) o)

bad ) Definition of bad adverb from the Oxford Advanced American Dictionary
aword used to mean 'badly’ that many people think s Incorrect adverb
ST ‘ @) /bxd bad adverb
@) /bzd baed/ )
informal) (non-standard
bad
« He etty bad % (North American English, informal) badly
. 4 wid bagiv badly

« She wanted it real bad. 9 R
S » She wanted it real bad

* How bad d « Are you hurt bad? ?

* Are you hurt bad

B RIG OB HIEICE B 35728, A% TliE The Movie Corpus % FHV T 2000 4ELLEED
W B A R A 5 3%, bad DREIGIHIEZ T 572012, BhFa+t4 Fil+bad O THRE T
%, 3HILLET bad 23EIFIEL THDNDLDIFIROHDE/RD,

1 2000 FELABEOBEEMSIZ RHN5 3 FlLL Ed VERB+ PRON bad

NEfL VERB+ PRON bad B JEAL VERB+ PRON bad B
1 GOT IT BAD 51 10 WANT HIM BAD 5
2 WANT IT BAD 25 11 WANT YOU BAD 5
3 HAD IT BAD 14 12 WANTS IT BAD 4
4 HAVE IT BAD 9 13 WANTS YOU BAD 4
5 HURT HIM BAD 8 14 BEAT YOU BAD 3
6 TREAT YOU BAD 8 15 NEED IT BAD 3
7 WANTED IT BAD 7 16 TREAT ME BAD 3
8 HURT ME BAD 6 17 TREATS YOU BAD 3
9 HURT YOU BAD 5 18 WANT ME BAD 3

BIlE bad 1ZFEREUE VAL SN TUWA7RD, The Movie Corpus TlE EFEO I, Dl 8]
a5, Eastwood (%, HMZEIGIOREL T, KELDO B HHEEEHRL TV, £ 1 ORI
X ORI AT HDER>TUD, [get] it bad (54 #il/badly 0 i) t[have] it bad (26 #i
/badly 0 #1)iZ% be in a bad situation or position *fERE1157 8 C, The Movie Corpus Tl
[get] it badly 3L Otlhave] it badly 7% 0 fil&725Z L7305, got it bad <° had it bad 23 EH
BELTEEL QNDIEN DD, BiFN want (27258, [want] it bad (37 fil/badly 9 ),
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[want] you bad (9 f#l/badly 3 ) , [want] him bad (8 #i/badly 0 ) &720, % OHIEFRE,
badly O A2 MR TED, DM, BIZAH<EFIEL T treat PRON bad (24 i/ badly 27
#1), hurt PRON bad (27 i/ badly 10 1), need PRON bad (8 %1/ badly 11 #1), beat PRON
bad (5 5]/ badly 2 #)23ZEF Hi5, need (2o TlE, The Movie Corpus TlZ, [need] a
drink/bath/toilet bad DX A4 FLIAAOHIE FLHI, [need] ~ bad DAFEMED R TX D,
EEUSATIE, (D-(9D AR REN TV, pretty/real bad O 73 i, [hurt] real bad
23 53 ], [hurt] pretty bad 7% 38 BF#IZ2X4, be cut up real bad D157, be (...) up real
bad 7% 39 filfEiSiL, 2658 bad OEMRIRBLLZS, BATEREIG bad ITEHERBAZIRE,
badly EAZHaR[HEL 725 LD, Nevalainen(1997) 0 430 Cix(6d) stylistic and register
differentiation &L T bHEIFFESD,

&5 loud i% talk loud, sing loud, speak loud ®JIHZI KA CaEd -k RHEEVH T,
loudly EAZHARIRETT, MLOFEEDILENEIZ OV T loudly ERIZEE72D, U4 AKX LHFNEEHE
4 RO EF loud DIEH T, Noud enough, as loud as, too [very, sol loud D TLHAVD)
L5203, The Movie Corpus TIEWT 41D HES loudly OFERE THAER TE5, MNoud 233K
(72 E T loudly 2 WS & 558 fnfvily B sy, The Movie Corpus TlE, 3XHT
@ VERB loud enough to @ H 73 5 5], VERB so loud for ...>f 73 3 fil@lgsi, BME
BlF loud X SCRIZIRSND DT TIEZRW, loud % Nevalainen(1997) D43 ¥E Tl -ly BlFEAS
Har]REL72%5(8d) stylistic and register differentiation D% A7 &725,

3. -ly BIFAE B RO 3T & R D BRI : clean & clear
B clean MFEFE1T/NE(1989, pp. 398-9) TIL(10)DIHITMEH SN TS,

(10) a. SV (0O) clean M A< A[#]>03F =m0 [524212, £<1(0 )V 35
<<M [T 7 1A R0R% B8 A 2 3 Rl & (F1])>>
b.Sclean V. S<A>M5722Z[T -2 0](0 2)V 35<V IZEBHI forget>
c. SV (0)clean S<A>(0 %) Ex 2 L[7TIZ, HIONIT, RFIZIVID

The Movie Corpus C VERB+ clean Z#5EL, EA7 20 i T, clean 23EIFADEH DI, go
clean, get clean, come clean £72%, go clean (%, Why don't you go clean up?®JX51Z clean
IZENGFAIE L THEREL T DH DL, He said the bullet went clean through.? 973 B EIG
DHDORRLND, (10aNZHDIINT, BRI R 2R T RIFIDEHE T 2L EIT clean 725H:
HIZRG CHHEHBITES, get clean away! FAFERKITES]E come clean [HIKTDHIDL
212 VERB+ EllFi clean |ZERR KB THLHZ LN ERR TED, G clean & cleanly DA%
1%, AN HE I I T D) 2ERT L&D A L7573, The Movie Corpus D
% i5&, There's a way we can do this cleanly. / We need to take him cleanly. / I want this
to go quickly and cleanly.® X912, cleanly 23BN SNABRELIISIN LI RV EX, HDHVT
ZIUZEDHE TITHODIRWERBLO L X2 EHELZIND, Nevalainen(1997) D534 Tl(6¢)
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vague, multiple conditioning of choice (2773841, Bl clean & cleanly O3 EEFEDE N,
RillE clean DAFAEAMFEIZ D723 > TUD,
HAITZ I clear DFEFEIT/INE(1989, pp. 407-8) TIX(1DDIHI/REN TS,

(11) a. SV (0) clear [Z~>&VEV 5
b. SVclear M  S< A>3 F o7 0[5E2IZIM ~[ETIV §2%
<<M (T J517) - #EBE 72 L % 3 Rl dl f1)>>
c. SVclear (of O)  S<AZe&>03 OWGATAD>D D Clicfiti/enClV 3%

(112)1% clearly EEMNE/RVAHLA[EETHDHN, very Rl FBEAF TRIGINEANIKDHEX T
clearly |Z[RHNH(—=7 AGcFnfE#LE 6 I, /1NE (1989, p. 407)1% [ Speak clear.i3<{7-1F7=

OFER (BHDOVNTEEIZIELEHERY) 70 B X %19 | LiR ~, The Movie Corpus T Aren't I
speaking clear enough? 23 1 Iz &%, (11b,e)lZ oWV T, get clear away(kiF %), loud
and clear(jJZ~>&Y ), Stand clear of the closing doors, please.l\ >7-18 AT CHHMIE
Bl5 clear 2MEASIN TS, clear O HICIZHHFEE AN b, (11b,e) T clearly
CITAZ M ATRE TR LIRSS ND, clear 3L clean (X Nevalainen(1997) D/ ¥6 Cl(6¢) D~
AT LI2B3, clearly, cleanly EDE R FVEDOE/RVITIT—HE7e5,

4. BRI S, JS, IS, RSE R T HMZEIG: close, high, wide, deep

B EIE close, high, wide, deep 1%, MHERIRIIE, mS, LS, RSZEL, closely,
highly, widely, deeply (ZLVIIRET, BEDEES, @S, LS, BESEERTEAE -E A
(2015)23EHHL TV D, high (X TWEEAYIZ) &<, highly 1 TEERBIDIEFIZ, KRWICIEE
WL, AVMNIAHAATRE TIEZ2V, wide (ZOWTH T (EEL )V<J@%$E“C“ JREHIC apart,
awake, open 72X DFEAEAITHDITKIL, widely (XHZAIZI(A W2z QA DE
WA 39, high-highly, wide-widely (ZEHRHJIZE/2D, AW Q?ﬁﬁf ETRNIEND,
Nevalainen(1997) D43 3E T, late-lately L[FIU(6b) DX A7 EHH & THD,

close (X[ GHATAIIDITL], closely XITEEIR AV MR ERERL, FHAKIZ
A ThD, 1272, V—=T AGfEE 6 [ R9 8502, (ERE- R 20)iE<icTl, 3< T
saw him riding his bike, followed closely by his dog. ®EEFt /RS TIHY, T—HBITAHL
AlHEL 725, Nevalainen(1997)13 close-closely % (6c):L T\ 523, JEMEEL TiX, (6b)E(6c)D
ML E T D DEE 2B,

deep 2OV TIT(a-c) DI EL RS EEIRTHDIZXL, deeply 73(4d,e) DI
FEDOTRS « RESHA BT HILIT0D08, (B)DEHIT deeply 23 ERAIICIR VE KA K 3 HIHAF1E
T 5, XA deep WREE OFWEIZ E W T 5, As you stand here in the
darkness, look deep into your heart, into your soul, and ask yourself. R D K &I %=
9% Let us drink deep of dod til morning. (% 3 %)\ -7247% The Movie Corpus T
R TX, BRI deep & deeply NFRTEIRNERVHIEHIN H2ITHND, DA,
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The Movie Corpus Ti, dig deep 7% 166 5l 7,270, W) &L 512, You've got to dig
deep in your history. D K57z b i) 722 VAL BlE2E N5, dig deeply (2D T, 3611 R 2H0,

WG THED TP 5 | O 72 B R T H &4 T 5723, The shell doesn't flex, so we know
that this turtle didn't dive deeply in the ocean.D JH72 BRI FEEfD41]<° T always wanted
to create a tablet that tells the seasons. Hm. I've always wanted to spend more time in
the water. Swimming deeply where the world accepts me for all I am.DJH72 B 7214
SEEMRARIRES R AZ LT The Movie Corpus (2515, deep-deeply (22 TiZ, (6c)
BT ENDD, EWOERO A — =TT DEGORKREL, (6c)E(6d)DORIINIE T
DEMEESND, ZOZEN, RN (4a-d)LG) DI FREDENEEH TR DR
FESND, BT OWTIE, -ly BIFIEEWRAIeA — =TT DELG VI E W <+overlap in
meaning>D ¥ A7 |2 )& 3 B RGN AR ME CIREND A REME R H D LR TR ST b D, 72725
(BA)E 72D, deep-deeply X528 RITAZHA A HEZRIDIT TlE72<, deep DWERAYRREED EEAL AR
ITROOLNLZEND, SEHATY BB IR~ 321970k TlX, Dig the hole deep.® &9
[CHTE R DIZO LD HIRTZE W R HTEAHD,

71 STk
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No point/sense/use D (2T HERAIELEIZHONT

EERRCERACE RPN D)

y-minami@people.kobe-u.ac.jp
(Formal variation in the complement of no point/sense/use)

MINANMI Yusuke (Kobe University)

Abstract
This study investigates formal variation in an impersonal construction where a class of
modal noun phrases (no point/sense/use) take a complement. The results of a corpus
survey using COCA will reveal the following: (i) “there + be” form is preferred over the
other options when the complement is in the in-gerund form; (ii) it is rare for the to-
infinitival form to be used in lieu of the gerund form; (iii) the presence of the subject in
the complement clause increases the relative frequency of the fo-infinitive variant and
that of the in-gerundive variant. It will then be argued that the skewed distributions
that were observed are best explained from the perspective of Construction Grammar

and the Complexity Principle.

Keywords
TSNV, WO R, WSCOUE, fECAY —~, MM B

1. IZCHIZ
JEEEIZIE, Tit/there+be BFa +445d4) (no NOUN) + B4 Za404 30 VOB A RS, [~
LTHEWRD R, EERTHD | LV B R THESCEGE (LU, JEARR 5 S0 2350,
(1) a. There is no point in getting angry. (OALD, s.v. point)
b. There’s no sense in worrying about it now. (OALD, s.v. sense)
c. It’s no use running—the train has already gone. (OALD, s.v. use)
AL G ST EDOE RN DD, (D& D72 THIEFED it 7> there 7] [l SO H)
AR in DIEIINE DN &V 2 DOEIHEENVE BB 5 4 FHOE RIEOFENIHEE TE
DN, EFIISHIZEZLOEREBFEL, ZOETRQ)D 3 >D4 G BV TBIEES LD,
AWFFED BN, 22—/ SARENZ &> TIEARRA Gl SO LRI DX AT L2 D53 2 S
DIZL, WA HERE LR EZR AL THD, VY —F V= AF 2 3L F O Tho,
RQ1: no point/sense/use (Z&DIENFRA il L O ZE T D /3 A0 230 3 D RFEU A D>,
RQ2: ZD X577 450 DO REEAE S 7o DT R - FERE B B XA,
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2. JEATHISE
2.1 no use O SUUZIIT DL H—10 1Y - &G - #H (2004)

AR EfE - (2004) 1E, FFI2(1a) OS2 —2 (LU T Tno use #3C)) O RAZ A
BNC THEFERIIZTRAL, no use MR T HRFEFLIR O YGER AR L TV D, FAE RS
M TUW% no use fXOTE 4 DIEFETELOVARD I LAFHLD BIE TRACEHE RO, MDA
2 (B4 34 ClE7e<) to REFAIOFEH] (=(2)), BRO ST FFE I DMEFH] (=(3)) TH D,
72120, EANFRA 5 LD BIE AR A RRREL TV DL DD, K28 BIE O FHIE 3 b T/ 73
Wed, BT B TWDEREOMERENER JOF O SR EIZHALNZS TR,

(2) It was no use to go in there. (FH4 - =G -4 2004: 106)

(3) a. “There is no use me staying,” she said to Marie. (7] : 110)

b. It is no use for him to try to practise “walking” (...). (7] _k: 106)

2.2 Hi%4 7 (shell nouns) @ T4y —Schmid (2000)

Schmid (2000) (%, ML~V ORI A Z Bl 4 5 AIC EED DLV FEE B0
BeREA R i AR > — B4 F4 k4 5 (shell nouns) L4, TDOGFLHEREIC O
TR - B HE ML ARSI HTL TVD, B4 sl a L ~ L O IF A ik
BLE T SO R HY, FIEIT 6 FEICKAISH TS, KFR3HRD 3 DOAFNLZD)
H Modal ®FE (=), (5) ITibITWEEZ X B, 72721, Schmid 13E—# WEA R4 F
(BAF, Te—# VA 50 ) ICPEOMSCHZ that 8 GEJEHT), wh-i, to NEFHIDOAIIREL,
B4 B A T B RR O A SCANCIL E AN SO AR SCET TR T8I 8 ) (p.31) LLTEDE
ERIRNOIRIL TN D728, AIFZEDNE B 325247 DBGITHDI TR,

(4) Perhaps both tasks will be worthless because there is a good chance that at least

one of his rivals will beat him. (Schmid 2000: 240)
(5) There will be no need to change money to visit EC countries. (Schmid 2000: 250)

3. a— 1 ZFHAE (RQ1)
3.1 T =X DOWIRELZ 7T EARR

RQ1 (k2% 2 %1557-%, COCA (Davies 2008-) Z W Tl 2 F L 7=, T —Z DIL
£E1%, 4 714] no point, no use, no sense < ALZ AU DWW THIH L 727 F AT —4 4 T% Excel
T7AMIBLIEHZTT —F &ML, LU T 5T XRTCORERFICFB THIFFEI720, 7
—HR—= 2R LT,

T 2L, AR @G AR (2004) CIAED RS N EREAEL, BRI TT
FEha L7z, FH—EPE T, no point/sense/use DA CIZ() V-ing #1554, (1) in V-ing Z1£9
By, (i) to NEFZEIS GO 3 MVAZREL, Y FHIZHR L Tt L7z, 5 BT,
FNENOMEEIC EFEN RSN TODH: %, FFENRAF 1 FHOGEICREL Tl
LTce WIS, HIHLIZT =2 D55, MHRERDHT—4D “no N” OEFOEXZ —$ SIAITH
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AL, W E 7)) ZAT ol LLEDOHIETIERR LTz 7 — 52—/, (A)there + be, (B)it +
be, (C) 2(72L) D 3 DD/RF—ANTFEE T LHF W E R T —2E L ThHU LRI,

T —ZDOEFHRE R ORI LN, 7 — 2@ OB TR IED X G bIERALT2b D
[ZOWTlN THL, £, (B)DEIIT there b it HIEDTIT ain’t NBIGEDLZ AT DHAH D
(%) oz, ZEHEEZH-> TRBIIN B IRPBEIRRONBLRIEN, AHFZEO T A x5
MOITERA LTz, FEiz, (DO I 5E4 G A AMENE O B BIFEIZ% 2 T 5 F 66 D720 b T Hl
SN, ZHUXTIEATR) Tldenize, BRoLT, (72720, 8.8.1 DiEimb =)

(6) Ain’t no point being shy about it now! (COCA 2001 FIC)
(7) Honestly, Lorelai, I see no point in continuing this conversation. (COCA 2006 TV)

3.2 T—HDOEFHER
3.2.1 Wi EFBE EDRWGE

#£ 1R T @Y, in 29814451 (V-ing) & in 2D EN4 F (in V-ing) OFEHEE L 3
D4 = ZRROF L TS, no point IEIBAMC in Veing Z4FE2A%, JHIC no use
I% V-ing %% 7%, no sense (ZIXED IR D2,

K1 AL FEOSE (FEE2L)

V-ing in V-ing total
no point 512 1832 2344
no sense 407 367 774
no use 696 153 849

LU, £z e 79 5A)-(C)D 3 DOIER A X —1 8B ET5HE, Ving OREEDE in V-
ing DT there + be TEAD O LEI G E LI TODHIEP T L (3R 2), AU, FEEN
in V-ing 29 FFIZ, £ G OFEFEA 457 there + be JE AR DA Z/RIBL CTUVND,

* 2 B FIMISCD 2 DOERIGIZI T TN ST T DI AR XD FIL

V-ing in V-ing
there it 2 there (%) there it @ there (%)
no point 378 0 129 74.6 1395 3 288 82.7
no sense 160 2 232 40.6 223 2 126 63.5
no use 300 150 239 43.5 106 4 27 77.3

ZOHANIFFIZ no sense & no use [ZBWTHHE THD, no sense DA, it +be IFIFEAE
fF{EE 7 there + be & ¢ O " FRW—ITITVIRAETZD, V-ing DFEIZ @ DILENKZINVOITR}
L, in-Ving OEFT there + be 3% HJkE725, no use I3, it + be DAEELEEEN V-ing DIGHE
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TR AR > CNDT2, e U CTHISTER IR D HC there + be DHEHIN HEHLEIAIL in
V-ing DA D HFNKELIp>TN5,
£ 255355912, no sense & no use |FEHIETITR2WE DD, no point (ZOWTHFEIL
fE 23 b5, 7233, no point (21, in V-ing D¥5A1Z no point (21 EhF see 2 £ F 41 (3.1
HiO(T) 2 IR) HFEARF A B R EE TR S LA LW A DR G D (VST A AT see HINZ
2B 2RI 5D 5EIE =no point (7.6%), no sense(2.0%), no use(3.5%)), 20/ —
E, R IETIEAFR LITE 27220708, there + be Z V=R BEFRIZIRY 72O BIFRIC
H5 Lk, in Ving IZfR-> CTof 3280 8L TV D (V-ing DR, see DFFIIL 0.3% D H)
WIZ, BREHESCOMTEREL T, BIAFHORIDVIT to NEFNERSN TWDLHEFOE &%
£ 3 IR T, to NEFAOMEAIZIEF ICIREN THY, HbHEDE L no use DHH TSI 2K
D T% R FoTNDBZEB DD,

# 3 FEANFRALFARE LD ST T 284 FA L to A E IO Ak HL sk

(in) V-ing toV total
no point 2344 21 (0.9%) 2365
no sense 774 11 (1.4%) 785
no use 849 63 (6.9%) 912
total 3967 95 (2.3%) 4062

3.2.2 #fizzizH %ﬂﬁi‘{ﬂéﬁiE’A

R ANTRTIONG, MiSCCFETH (AL 155 BRASN TS S, i 3 DO R
J& (V-ing, in V-ing, to Z?Eﬂ) DOARERIL, FEEEEDRWEA (361, £ 3) LT 5L,
WD TR D, 12, FFERLOYA IS to NEFOMEHENFE /o TWD, 517, 2
DOEL G NF—AZEBWT in Vring DB IRESNDFNE D FEFERLOEA LB IEIIL T D,

4 A4 S SCORCIT 75 O 4 3 1 38) 2SHED F100 PR

DSbj V-ing  @in Sbj V-ing (D+©®@) for Sbj to V
no point 12 141 156 7 (4.3%)
no sense 8 25 33 1 (3.0%)
no use 11 14 25 8 (24.2%)

4. %%2(RQ2)
4.1 there be & in V-ing OfLAA DO D EAFSNDENE

3.2.1 HiCHRRLIZBIBOEEIZ OV TE LT D, #3301 (Construction Grammar) (235
W, GO S R I CAF — < S LD 1y bY — 7% (Diessel 2023) BN TV
HEEZD, ZOFET NVTIE, HHPDHL L OBHENE LIS L2 £ O 3C (constructions)
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TRk % 2RE THREO DT B TIY, MR 2R 2 25 F F THEWZREL KFL G- TD,
VHRB O A, 58 DRI TY M SO STERUTHOWTE 2 DD AF—~[no N in
V-ing| & [no N V-ing] (N = point, sense, use) 73/ 7% A LHBHRIZHY, GHE 13HE & 725:414
WZIEL T 2 20550 WTNNDOIERA IR T 5, ZDOLHZE 2 5L, no N DFIIC there +be 23
AT T AR RABIN T DERITIE, there + be ZfEOMESCEL TERS L CODHIGLE O &\ O SCA
¥ —~ ([there be no NP PP(in NP)]) BWHHESNL-0, GEHENIDOAF —<IZI0ir W BRI
LEHELT in ZHHELFIAE G LA —~ D HERINLCQND, LT 22808 TED, )
I, there + be ZF£HIE NFRA 5l SCICE1F D PP I in 2 L E ST ARTE RISV > THEYE
HIZIFAHSCTHY, pivot NEIRDA G DAL T D5 T OV TOREE TlE7e< pivot 7255
T F I EREE DT DN MEE R L TWDT2D, FEAFS sl SO A & - Mo b
EOW A BV T—H%HI72 there FECEITNRVIEWBIHRICH D, 7203, SialEHH N H %
PFUTBWTHICED I NSRRI 21T > COBEITIRLZ ), SiEBE0H 4, £ Lo
KAVFELNED AIZIER L, coda (LEDFIRTE 211D D) H IR W2 ViRt (shallow
parsing) NESES N TO D ATREMEDS 4301285, [FIERIZ, to ANTE R SC DB A3 THi T
DI, BRI X BN EE S (Wierzbicka 1988) L0, H7anZ8 BIEM OB EWHE]
RPDHELRT RETHD, B4 FL to NEFNIFHTEFOM IR W TUIANTH A LT T T —
AbLHDHN, AL FRESLOE AL, in V-ing & Ving LWV EOZER B i/ NRBOZE R
DIRTH A LT IRIBIZH DT80, to NEFNNBZED/RTH A LINNDIZLL 722> TNDHZEN
HEE CEDNLTHD, ZOIINS, SUERRE O RTHE A LEREEE T DL, (FREEORE
V), BRSO AEVEDDIZIIANL SHWEEEIEZ DI EN I HEL 2D,

4.2 XD EFEEFEEGEIT to REFIE in V-ing ORERN LD B

3.2 HiCRIZINNT, AL FIRE SO BRI A TID 2 DOERENER TH-T to
REFNLEL B2 AT D D0 OO, ST EFEN BT 2RE TILEFE R L OGAITH T
to REFRID LN B0, B4 G0 2 SOEREOHTIL in V-ing O BMEBNT/2D, A
T, 2SN, WHEMED FEE (Rohdenburg 1996, 2006) DIFHE Tihd e LS5, e
OFHELFCFEHZ R T 2O ORI E L TEVIHRNRIEREE) TRWERRH L5 E, &
AENCZOBEHERBR BT CIY, KO RIZRRBIE RN END 1 E0Ob D THDH, Zivk A4
FRESCICE 2L, () FFEORBSNTODM L, FEFEORWHSIEVS MBS EETHY
BHEZRBREECHY, () H (HAWITSO) Y ONEERBLTLFELL TEIAFILE to RET
DI BHIRITH D (Vosberg 2009: 219) LWHZEAD, EFENRBLEILDORFIC to REFDOME
MDA LT DLW T RIBENND, RIS, Bi4E0 2 SDOERBIZEWT—ELT in V-
ing DHFFENDHHRIZONTDH, Viing £V% in Viing O FRPRTHHERET HIETHH
ML, THROBBBEOBEEDRIX, in Z o754 12 in 23 to RE G I IT5H F B for
LRI DR ENZ BRI ZLDIRHE THHEFITTELHDTHD,
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Abstract
This study explores how casual address terms—specifically bro phrases—function in
American Twitter discourse. Using a geolocated corpus of tweets, the authors focus on
five high-frequency expressions (e.g., my bro, What's good bro?, analyzing their regional
distribution through correspondence analysis and density heatmaps. The findings reveal
systematic geographic variation: some phrases are used nationwide, while others are
regionally concentrated (e.g., What’s good bro?in the Northeast). These expressions are
treated as entrenched constructions in the sense of Usage-Based Construction Grammar
(e.g., Goldberg, 2006), showing how social meaning, identity, and linguistic structure

emerge from patterns of usage in digital contexts.

Keywords

bro constructions, Twitter discourse, regional variation, usage-based linguistics

1. Introduction

Address terms (e.g., sir, ma’am) are central to interaction, helping speakers identify
and position interlocutors, manage relationships, and negotiate identity. Usage varies
by formality: in English, formal terms like sir or Ms. convey respect, while informal ones
like bro or man signal familiarity and group affiliation. Classic sociolinguistic work (e.g.,
Brown & Gilman, 1960; Braun, 1988) links address terms to social hierarchies,
institutional norms, and politeness conventions, while pragmatic studies (e.g., Leech,
1999) highlight their discourse functions. Far less is known about address terms in
digital discourse, where interaction unfolds under different social and technological
conditions. Online, such terms initiate exchanges, build relationships, signal group
membership, and convey stance. While studies such as Zappavigna (2012) and Page
(2012) explore online affiliation and identity, they give less attention to the
constructional and interactional properties of address terms. This study addresses that

gap by analyzing casual address terms—especially bro—in Twitter discourse. Twitter’s
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hybrid of spoken and written features, informal tone, and real-time environment make
it ideal for observing how address terms enact stance, index group belonging, and reflect
sociocultural affiliations. Focusing on recurrent constructional phenomena that we call
bro phrases (i.e. recurring functional word strings featuring the word bro), the study
examines their functions, geographic distribution, and regional variation in the U.S.

within a cognitive sociolinguistic framework.

2. Broin use: From kinship term to index of identity

According to the Oxford English Dictionary, bro originated in the Southern United
States in 1832 as a shortened form of brother, first attested in Caribbean and African
American Englishes. Early uses appeared as titles in folktales (e.g., Bro Rabbif)
alongside variants such as Brer, bra, and bredda. Over time, bro shifted from a kinship
term to an informal address among men, broadened to mean a male friend or peer, and
more recently has evoked youth culture, male bonding, and sometimes irony or derision.
Functionally, bro contrasts with brother: while brother typically appears in formal and
kinship contexts, bro conveys informality, camaraderie, and group affiliation,
particularly in youth speech, texting, and online discourse. Used vocatively (e.g., Thanks
for helping me out, bro) or referentially (e.g., He’s my bro), bro spans meanings from
sincere to sarcastic, underscoring its pragmatic flexibility. From a Construction
Grammar perspective (cf. Hilpert, 2019: 2), both brother and bro are entrenched lexical
constructions with distinct forms and functions. This study focuses not on broin isolation,
but on bro phrases—recurrent expressions containing bro that function as constructions
in their own right. Adopting a usage-based approach (e.g., Bybee, 2010), it examines
their functions and geographic distribution in U.S. Twitter discourse, addressing the
research question: How are bro phrases used, and how does their distribution vary
regionally? The analysis draws on cognitive sociolinguistics (e.g., Kristiansen & Dirven,
2008) to investigate how such constructional patterns index identity and social

relationships in digital communication.

3. Data and Methodology

To address the research question, this study draws on the test set of the Cheng-
Caverlee-Lee Twitter Scrap (CCLTS; Cheng et al., 2010), which contains over 5 million
tweets from 5,190 U.S.-based users with GPS-enabled location data. The training set
was excluded due to its less reliable, self-reported locations. From the test set, all tweets
containing bro were extracted, yielding 19,159 tweets from 2,973 users. Recurrent bro

phrases were identified via bigram and trigram extraction, with inclusion criteria of (1)
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forming a recognizable phrase-level construction (recurrent form-meaning pairing) and
(2) occurring at least 150 times. Many bigrams were excluded for appearing mainly
within longer trigrams (e.g., /il bro in my lil bro) or showing high internal variability
(e.g., bro I, up bro). Five high-frequency phrases met the criteria: my bro, thanks bro, my
Iil bro, my big bro, and whats good bro. These cover functions from expressions of
camaraderie (my bro) and gratitude (Thanks bro) to kinship metaphors (my il bro, my
big bro) and informal greetings (What's good bro?).

With the five target bro phrases identified, the next step was to examine whether
their usage varies by U.S. region. Using correspondence analysis (CA)—a multivariate
method for visualizing associations between categorical variables—each occurrence was
linked to geolocation data and grouped into the U.S. Census Bureau’s four regions
(Northeast, Midwest, South, West). Table 1 shows raw frequencies by region, with my
bro most common overall and what’s good broleast frequent. While these counts suggest
regional differences, CA allows both phrases and regions to be projected into the same
low-dimensional space, revealing clustering patterns and cross-regional dispersion. This
provides a nuanced, usage-based and cognitive sociolinguistic view of how bro phrases

index regional variation in digital discourse.

Table 1 Frequency of bro phrases by U.S. region

Phrase Midwest  Northeast South West Total
my bro 231 960 545 412 2,148
my Iil bro 61 192 194 97 544
thanks bro 53 96 140 91 380
my big bro 29 95 84 63 271
what’s good bro 17 90 50 22 179
Total 391 1,433 1,013 685 3,522
4. Results

Figure 1 shows a correspondence analysis (CA) biplot of the five bro phrases across
four U.S. regions. On Dim 1, thanks bro, my Iil bro, and my big bro lie on the positive
side, aligning with the South, West, and Midwest. My bro and what's good bro are on the
negative side, nearer to the Northeast. On Dim 2, what’s good bro and my Iil bro score
positively, associated with the South and Northeast, while my big bro, thanks bro, and
my bro score negatively, closer to the West and Midwest. These results reveal clear

phrase-region associations, forming the basis for the interpretation in the next section.
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Figure 1 Correspondence analysis biplot: bro phrases x U.S. regions
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5. Discussion

The CA shows clear regional patterns in the use of bro phrases across the United
States, indicating that these expressions are socially meaningful linguistic units with
varying degrees of regional entrenchment. On Dimension 1, thanks bro is most positive,
clustering with the South but also linked to the Midwest and West; what’s good bro is
most negative, aligning with the Northeast; my lil bro is positive on both dimensions,
near the South; my bro is negative on both, suggesting diffuse but Northeast-leaning
use; and my big bro aligns with the Midwest and West.

To map concentration more precisely, normalized density heatmaps (Figure 2) were
created. These reveal that thanks bro is the most evenly distributed; my big bro is
broadly spread but especially strong in the South, East Coast, and California; my bro
and my lil bro cluster in the Northeast; and what’s good bro is sharply localized in New
York.

Together, the CA and heatmaps show that while some phrases are geographically
unmarked, others are strongly region-bound, supporting the usage-based view that
linguistic knowledge is shaped by usage within specific social and geographic contexts.
The findings answer the research question by showing that bro phrases vary in both
function and regional concentration: localized forms reflect community-specific discourse
norms, while widely dispersed forms follow general communicative routines.
Theoretically, the results illustrate (1) in usage-based terms, how repeated community

exposure fosters entrenchment; (2) in Construction Grammar (e.g., Goldberg, 2006), that
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these high-frequency, coherent, and socially conventionalized expressions qualify as fully
fledged bro constructions; and (3) in cognitive sociolinguistics, that regional and social
identity is encoded in informal multi-word expressions as well as in vocabulary and
pronunciation—underscoring the value of studying recurrent phraseological patterns as

sites of social meaning-making.

Figure 2 Regional density distribution of five bro phrases in the United States

my big bro my bro

my lil bro thanks bro

Density
(0.0,0.1]
(01,02
(0.2,03)
(0.3,0.4]
(0.4,0.5)
(0.5, 0.6]
(06,0.7)

I (07,08

. (0.8,0.9)

B 510

Los Anpeles CA
Sav2 Dhags CA

what's good bro

6. Conclusion

This study examined the regional distribution and constructional status of bro in
American Twitter discourse, using a geolocated corpus and correspondence analysis. The
results show that bro expressions are both socially meaningful and geographically
patterned: forms like thanks bro are widely distributed and relatively unmarked,
whereas expressions such as What's good bro? are tightly localized, indexing specific
regional or cultural identities. The findings contribute to usage-based linguistics (e.g.,
Bybee, 2010) by demonstrating that highly informal expressions can display systematic

regional variation, supporting the framework’s emphasis on frequency, context, and

26



social interaction. They also show that multi-word expressions such as my /il bro and
What's good bro? meet Construction Grammar criteria for constructions—being frequent,
functionally coherent, and socially conventionalized—and reinforce a cognitive
sociolinguistic perspective linking grammatical patterns and social meaning in regional
contexts. Methodologically, the study highlights the value of combining correspondence
analysis with spatial visualization to uncover patterns of variation and entrenchment
that might be missed by purely qualitative or single-factor approaches. Future research
could explore less frequent or longer bro expressions, incorporate sociodemographic
variables, and use experimental methods to test the cognitive reality of these
constructions. Overall, the regionally patterned use of bro constructions illustrates how
they emerge, spread, and acquire meaning in context, revealing the dynamic interplay

between grammar, identity, and geography.
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Abstract
Managing text types is an integral part in reading comprehension and essay writing.
Without good understanding and implementation of strategies for text types success in
academic production as well as business handling would be hopeless. EFL textbooks —
here we focus on MEXT-approved senior high school textbooks — do not appear to take
into consideration a good balance of texts of various types. In this research 10 textbooks
of relatively high market share were examined as to how varied their texts are in terms
of four text types: expository, descriptive, persuasive, and narrative. The result was an
immense degree of difference in text type orientations. One of our findings was the
major contrast in expository versus narrative, which is often the focus of discussion in
second language acquisition. With respect to readiness for university-level academic
English education cultivating CALP as its basic element, selection of a textbook with a

balanced repertoire in text types sounds rational and fruitful.

Keywords
BRI EEH R E, TX AR AT, expository, narrative, ZFEfIH A

1 R e

R IEREZARHE 10 (2015 4R, 3 AFAEM) xR EL T, RSN TWDARILT FAMD
X% Bain (1866) (ZX2H A/ $HIZHIY 4 Fi¥H (expository, descriptive, persuasive,
narrative) |2/ L, SHIZARNTONME SIS BB LT, TOMER, BREICIVTFAMZA
T OWFRUITREELZED LT, B2 ILEFE C Tl expository 7% 13%, narrative 7%
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(ZELDAMEREACE O IR LVO BRI T, FE RIS E O MERHER 1 ROBND, B IT5EE
W% M 288 TE OB (LD INWFEZ AR <H) ITE B LT Tl LA %8l
B IR T e 22RO THZL OB F IR B A K ELTHA) (HAF 20215 Yamashita,
Shiotsu, and Kusanagi 2024), it £7-L0CTho, ¥iZ, TOEIC, IELTS 507 77
IRIEERE ) 2 WE T 27 ANMTK L TR IS O HEH RS M E Th D, AWFIE Tl m R G5 8R
10 fHZIERS T T F AN A T DI R RBHNTHIDNNTT D,

3. XM
AIFFETRHRELIZDIFRD 10 MHOFFETHL, b 2015 FREEITHRE R A HB R EHEL
TEEADBRAEINI b D TH D, £z, 3 FAEMBEFIZRE LT, ZIUTREFFER AR FIC
BHBHEOSEFEBINREDIMEIN TNDEE X T2 D THD,
Crown English Communication ITI( =45 %)
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MAINSTREAM English Communication III Strategic Reading Focus Advanced (V&%)
New One World Communication ITI(ZHE HhR)
POLESTAR English Communication ITTCEHFH )
PRO-VISION English Communication III(FilJFiE)E)
PROMINENCE Communication English ITT(H A EFE)
UNICORN English Communication III(SCH %)

4, TXANAT

FRRICBET 5 2 SEEAGON I T, REEOMEEEZR T HEFELL T narrative &
expository D7 X AR AT INLIEL jfﬁttéﬂ’bé Berman and Katzenberger (2004) <°
Berman and Nir-sagiv (2007) [l OFERE Sk RGBS S O R 8 A 225 7- £ C, BEES
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narrative, persuasive 2\ kb Tx7= (DiPardo, 1990), 7272, T1-Chd .0 S ITH D
HLODOBEERBUTER THD, T TEFITEBEOTIANMEICHE L2 ERE FatDIoc -7,
ZDEFEIZYT--> T Perdue Online Writing Lab (n.d.) #& M7=,
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HER YK T HEBIAFEIR,
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Expository text
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B ENOF M AR T 5, MPIITENENOT — < BIRO I 7k GG 2 £,
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Narrative text
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R B EDHDELIZHONTTIERL, FrEOE A -EMEZFEEL TR BT 5,
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M OARILE LB E LW R FEERIIZZICE O D, il si- M A - B RS

Persuasive/argumentative text
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BREOYE, W] 1 EROMERLEALE L TARSCT F AR B AES L R M Ol e 24
MM 85, BAERITIASCHAE-CHEE RETR R E BRI CBRL EfRE S DA N THDHDO TAMF
FEDRIBRIDITERIN T2, FBE, AL Crown DI EITHE VD72 (9 18
T 1263 1), 2> OZDER 32T expository DT FANIEHETH -7, —J7, FHE M-
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Abstract
The present study aims to investigate the effectiveness of data-driven learning (DDL)
and the integration of generative Al (GenAl) into DDL. This study reports the results of
an experiment that examined the effectiveness of DDL and Al-integrated DDL, in which
learners made use of GenAl during DDL, for learning an English construction.
Furthermore, the results were compared with those obtained from two different teaching
methods reported in Manabe (2025). Learners’ attitudes toward DDL were also
investigated. The results of pre- and post-tests showed that the DDL approaches were
effective. A comparison of the four teaching methods demonstrated that each method
produces varying degrees of learning effect. The post-questionnaire revealed learners’

positive attitudes toward DDL and the use of GenAl for learning English.
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1. Introduction

Data-driven learning (DDL) is one of the corpus-based methods to language teaching
and learning, and it has gained increasing attention in foreign language education. In
recent years, generative artificial intelligence (GenAl) also has made its way into the
field of foreign language education. The potential synergy of DDL and GenAlI has also

been underscored in recent research (e.g., Mizumoto, 2023).

2. Research Background

DDL aligns well with usage-based theories of language because it emphasizes real
language use (i.e., authentic corpus data). Along with a number of advantages, DDL has
the potential to make L2 learning closer to L1 acquisition by exposing learners to large
amounts of authentic data and encouraging them to learn inductively and autonomously.
Learning a construction (a form-meaning pair in construction grammar; e.g., Goldberg,
2006) through DDL is referred to as “data-driven construction learning” (Gilquin, 2021).
Manabe (2025) investigated the effectiveness of DDL with an explicit explanation of the

form—meaning pairing of the target construction, and this approach was referred to as
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“construction-centered DDL” (henceforth, cxn-centered DDL). However, there is still
little research on the application of DDL from a constructionist perspective. Hence, the
present study explores the effectiveness of DDL for learning a construction. This study
also aims to explore the effectiveness of the integration of GenAl with DDL. Here, the
approach that incorporates GenAl into DDL is referred to as “Al-integrated DDL.” The
following research questions (RQs) were examined:
1. Are DDL and Al-integrated DDL effective for learning the way construction?
2. Are there differences in effectiveness both among DDL approaches?
3. Are there differences in effectiveness between DDL approaches and a traditional
approach?
4. Do Japanese learners of English have positive attitudes toward DDL and the use
of GenAI?

3. Method
3.1 Experimental design

The experiment consisted of educational intervention, pre- and post-tests, and pre-
and post-questionnaires. The participants were divided into two groups: the DDL and
Al-integrated DDL groups. Furthermore, to explore the differences in the effectiveness
of teaching methods, this study incorporated data from Manabe’s (2025) experiment: the
cxn-centered and traditional instruction groups. Since the experimental design in
Manabe (2025) was the same as that in this study, the datasets are directly comparable.

The participants learned the way construction (Goldberg, 1995, p. 199) during an
educational intervention. This study includes four types of instructional methods: DDL,
Al-integrated DDL, cxn-centered DDL, and traditional instruction. In all three DDL
groups, participants were provided with a paper-based concordance with 20 instances of
the way construction and a worksheet. The instances of the way construction were
extracted from the Corpus of Contemporary American English (COCA: Davis, 2008-).
The DDL group received only the instances without any scaffoldings. The Al-integrated
DDL group was allowed to use ChatGPT (OpenAl, 2025) during DDL. The cxn-centered
DDL included an explicit explanation of the form and meaning of the way construction.
The traditional instruction group received a teacher-centered lecture, mainly paying
attention to the form of the target construction.

The participants were L1 Japanese speakers at a national university in Japan. This
study included four groups of participants: DDL (n = 12; 10 undergraduates, 2 graduates;
M age = 21.58 years; CEFR = B1-B2,), Al-integrated DDL (n = 12; 8 undergraduates, 4
graduates; M age = 21.83 years; CEFR = B1-C1), cxn-centered DDL (n = 20; 18
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undergraduates, 2 graduates; M age = 20.45 years; CEFR = B1-B2), and traditional
instruction (n = 20; 19 undergraduates, 1 graduate; M age = 20.25 years; CEFR = A2—
B2). Regarding proficiency levels, the scores of proficiency tests (e.g., TOEIC) were
converted to CEFR (cf. Ministry of Education, Culture, Sports, Science and Technology,
2015). However, because of the random sampling procedure, there was substantial
variation in participants’ proficiency levels.

A vocabulary size test (VST; Hamada et al., 2021) was administered with a time
limit of six minutes before pre-tests to examine participants’ prior knowledge of English.
The pre- and post-tests are composed of two types of tests: a sentence production task
(SPT) and a translation task (TT). In the SPT, the participants were asked to generate
as many sentences as possible containing the way construction within five minutes. The
TT consists of five Japanese-to-English translation questions (5 min).

The pre-questionnaire collected information about speaker attributes (e.g., age). In
the post-questionnaire, a Likert scale (five-point) question was carried out to investigate

learners’ attitudes toward DDL and the use of GenAl for learning English.

3.2 Analytical Procedure
3.2.1 Pre- and post-tests

The results of the SPT were analysed in three steps. In Step 1, the form and meaning
were verified and errors were removed. In Step 2, remaining sentences were checked
against COCA, and if a matching expression was found, the sentence was classified as
correct usage. In Step 3, sentences remained after the first two steps were evaluated for
appropriateness by L1 English speakers (three Americans and one Briton for the DDL
and Al-integrated DDL groups, and three Americans and one Australian for the cxn-
centered DDL and traditional instruction groups), using a four-point Likert scale (4 =
appropriate). Sentences with an average rating of 3 or higher were considered correct.
The results of the TT were rated by two L1 Japanese speakers (including the author),

and answers receiving consistent evaluations from both raters were considered correct.

3.2.2 Statistical Analyses

R (R Core Team, 2024) was used for the statistical analyses. A Shapiro—Wilk test
was conducted to assess the normality of the distributions for the VST, pre-test, and post-
test scores. Due to space limitations, the detailed results of the Shapiro—Wilk test are
not reported here. However, the normality assumption was violated in most cases (the

majority with p <.01), and hence non-parametric tests were employed in this study.
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4. Results and Discussions
4.1 Baseline comparisons

A Kruskal-Wallis test was conducted to first examine whether there were
differences among the four groups in prior knowledge of English and the way
construction. The Kruskal-Wallis test on the VST and pre-test scores of SPT and TT
revealed a significant difference among the four groups only in the pre-test SPT (x3(3, N
= 64) = 11.49, p = .009, €2 = .142). The following post hoc test (Dunn’s tests with
Bonferroni correction) showed a significant difference between the DDL and traditional
instruction groups in the pre-test SPT (Z = 2.94, p = .020, r = .368), with the DDL group

outperforming the traditional instruction group.

4.2 Within-group comparisons

As a result of Wilcoxon signed-rank tests on the SPT, significant gains were observed
in all groups: DDL (p = .002, r = .883), Al-integrated DDL (p = .002, r = .883), cxn-
centered DDL (p < .001, r = .851), and traditional instruction (p <.001, r = .877). In the
TT, all groups also showed significant improvement: DDL (p = .002, r = .883), Al-
integrated DDL (p =.004, r = .883), cxn-centered DDL (p =.001, r = .877), and traditional
instruction (p < .001, r = .877). Based on the comparisons, all instructional methods in
this study were found to be effective. Hence, the results supported RQ1, demonstrating

that DDL and Al-integrated DDL were effective for learning the way construction.

4.3 Between-group comparisons

Since a significant difference was found between the DDL and traditional
instruction groups in the pre-test SPT (Section 3.1), a residual analysis was conducted
by regressing post-test scores on pre-test scores. A Kruskal-Wallis test on the adjusted
residual scores indicated a significant difference among the four groups (x*(3, N = 64) =
22.10, p < .001, 2 = .318). Following the Kruskal-Wallis test, the Dunn’s tests with
Bonferroni correction showed that there was a significant difference between the cxn-
centered DDL and traditional instruction groups (Z = -4.683, p <.001, r = .567), indicating
that the traditional instruction was more effective than the cxn-centered DDL.

A Kruskal-Wallis test on the post-test T'T also demonstrated a significant difference
among the four groups (x3(3, N = 64) = 26.62, p < .001, €2 = .394). Dunn’s tests with
Bonferroni correction showed a significant difference: between the DDL and traditional
instruction groups (Z = -3.864, p < .001, r = .483), between the cxn-centered DDL and
traditional instruction groups (Z = -4.747, p < .001, r = .593), and between the AI-
integrated DDL and traditional instruction groups (Z = -2.689, p = .043, r = .336). The

40



traditional instruction group outperformed the other three DDL groups. However, this
result is not surprising, given the fact that only the traditional instruction group received
a direct Japanese translation during the educational intervention.

RQ2 was not confirmed, as no statistically significant differences were found among
the DDL groups. The traditional instruction group outperformed the cxn-centered DDL
group in the SPT and all three DDL groups in the TT, thus RQ3 was confirmed.

4.4 Evaluation of DDL and the use of GenAl

RQ4 was confirmed, as the results of the post-questionnaire indicated learners’
positive attitudes toward DDL (Figure 1; for the results of the cxn-centered DDL group,
see Manabe, 2025, p. 54). Figure 2 shows that the participants in the Al-integrated DDL
group also had a positive attitude toward using GenAl for learning English.

Figure 1 Post-questionnaire results for the DDL group (n = 12; left) and the AI-
integrated DDL group (n = 12; right)
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Figure 2 Post-questionnaire results on GenAl (Al-integrated DDL group, n =12)
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5. Conclusion
This study explored the effectiveness of DDL through an experiment, and all DDL

approaches were found to be effective. However, there is room for improvement both in
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the experimental methodology (e.g., considering learners’ proficiency levels, conducting
longitudinal experiments) and in DDL (e.g., exploring ways to integrate GenAl, revising
explicit explanations, incorporating with other teaching methods and activities). To
enhance the effectiveness of DDL, it is essential to explore the experimental and

practical improvements such as the ones mentioned above, among others.
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Abstract
This study examines the frequency effects in two major co-occurrence measures used in
corpus research: t-score and pointwise mutual information. Prior studies often lacked
explicit assumptions, hindering precise interpretation. By formally specifying these
assumptions and algebraically analyzing both the aforementioned measures, this study

provides a more detailed account of their behavior.
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ff, ~ B2 /N f,/N *p()p(y)

% 1 ODERBIOx, yDtAa 7% 3.04, fHAIGHEIL 4.64 ThD, 72k, a—/ A58 TlE—
Wz, RO IEIVE BT D, p(x,y) > p()p(y) DAL T HI 7 i 2t Rl 425, &
D=, WMIEEEDL EROHR BRI LR, EERIZIE, ADMHEICHARY, ZDEXT
p(x,y) < p)p(P)DEALL TS,

PMI(x,y) = log,

3. HBUIRDLE B DR
3.1 BRI

HEOHBLRIEL T, IRD 3 % EZD,

(D foyi fo: fy NOHIZ—ET, fi, NRIRDEE

@) foyi [ fy DHENIZ—TET, fo, NRRDEE

) foy for N [Z—TET, f, AR5

(1)@ CEM LB R uf,, £V 5 B AT, u > 0D ERIE TR T, 0< u< 1DLE,

W LR DSID, u > 1L Xuf, JIE SRIIT B2 L% kT 5, JBETEOBHAROT,
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WTASR, REfE CTHDN, HEMRARELBT, e TEL TS, FE, MBI, 3T
(Tuf, &2,

RS R F 2 (1),(2) Tldfyy, OIS ZulfLILEDIRBMHEOE(E D, Z DR, Z{bLiz
B sy f 1o f'yy N DI v afb S TR, FAELRIRITH T2 BRI R IRIEE L
Yl y)eT oL, ZEY'(xy) - l,b(x y)%ottw Y/, Y EFHHE TR, FREEO L o
Do ZEMHEINIAERI TS, WH, FIRLSL TV ZER L,

3.2 Wfyy: foi f i NOIIZ—TE T, fo, NRIRDEH
RDINTHEFRNIER OB BERDPUGLIR-T5E ThD, £ 2 OEKENL, & 1 OBAKEI%

(DO FTu=10LL7-HDT, t 22713 9.60, FHAIEHREIL 4.64 L7725,

# 2 (DoyEIFE L BRE (u=10)

y y y y
x Ufy u(fy — fay) uf, x 100 900 1,000
x | u(y—fo) | uN—=fi—f + 1) u(N - £,) X | 3,900 | 995,100 999,000

ufy, u(N—-f,) ulN 4,000 | 996,000 | 1,000,000

RO ZH TN, TLRDB LIRS, 2D T, TEIZRL THD,

_ 1 <f/ _fxf y) _ 1 (uf _ ufx ' ufy) _ \/_ (f fxfy)
txy) ~ [ xy N ) - xy N =7 \Jw
[F Vil V)" Ry
HEE DAL AT DFEEEME O et (x, y) /t(x, YL, IRDEFBVTHD,

Vu fef, fef;
t'(x,y) / t(x,y) z\/f—<fxy y)/JE(ny _y> Vu

ZZ0h, (D THESUBICELTDE, tAATIINUGIC/2 D M5, F-J7 H BB X B R 1Y
IMBIEZRDT, t(x,y) > 07251F, fop, WA IUTEATTIIRIL, ZLTe(x,y) <O 725IEf, 08
W2 DLt AT ITA T THHOD, EORKESEOEDITNINT 5, L) Bl BIR N /L H
ENb, FEB, £ 2 OFAREIEE1O LA Zu = 105 L7200 T, t2a713V10 = 3.16/%127
S TWND,

WA AAG A S TR,

1L

2 g, uN -ufyy _ Nfy
f.r 2 ufye-ufy 52 fxfy
PMI' (e, YIZTC DA A G L E- 7K FIUIEIC 2D, LI > T, ZALHIZ DA LD ETHAL,
ZOWRBL T AEREBIIHE DR BEL T Z T RN DD, £ 2 OBAEFIOH A
WAL 4.64 TEELTULRUY,

CORBDEIIL, fry fi ft NOHR—TEIRZ LD, FIEIZEST2p(x, y)ep (Op () DB

PMI'(x,y) = log,
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WEDSTUWRNZETHD, tATT BRER BT, BHENERLEIH D MIRNED e
FEDNEED ) EVSTZFAMNIRZ DA EN DD, ZORIUZL, p(x, y)Ep()p(v) D EIRNS AL
FFEfy VML TWDD T, FSCEOHINTDT=D, —J7, FHENE Mo SR BT -,
MESAEZ LD, EXITRERENZFEHmT5 ) &V o 7o f RO L2700, D FED, t A7 & A G
BEOHENROILDD EFROFIIE, (D) THRKHIMSZ 521372, RifEE L TODIRILA S
IRHTEMIND,

728, p(,y)ep)p () DBRINE > TORWAEIRIE, B DI T 54412 ()7
LIVED b DHE 2155, 12&213, f'y, =100, f', =500, f', = 800,N = 100,000(%, 75
BUIRICFEE, £, 720 10 522720 DT, £, f, O AEDRIIMICb DD, LIz2-T, (1)
Ip(x,y) Ep (D) DBRBAZE IR IO —FIZIEE 220, p(x, y) Ep()p(y) D BRI oo
TN — R ORI OBEEE Y, ZZETLRBEDORIT, fimmbRTERD,

3.3 @ fyy: fr fyPHENIZ—TET, fr BEIDGE
(DIZHEARTA A=V UKD LIRS, p(y|x) DS IEUE S EI RS D> TR, IRODFE
3 OISy EIFREeD, 708, p(y|) T BN HBL - EX Ty Nk 3 2EA (S fH&E) Th
Do LB T A FEA RS L T2y E ENDEIE, LB X THEW, p(x|y)bREKIZ
G RIRNDE DS TR,

%3 (QTonEIREEMAEH (u = 10)

y y y y
x Ufyy u(fx — fry) ufy x 100 900 1,000
x | ulfy = fry) N —uf, —uf, + ufyy —uf, x 3,900 | 95,100 | 99,000

ufy N —uf, N 4,000 | 96,000 | 100,000

# 3 ORI, £ 1 OEEKBIZ (DM T Tu =105 L7cbDThD, ZOLE, tAaT |
6.00, FHAEHEIT 1.32 &£725, Q) TORIEMEDEIIL, LITLATTRFIRD L TRORIAL
ASTHEY, FiamOME 2SS ORL TR, tAa 7 OMEE D RITHEF TR, uDFHIcE->T
DTN EARY, —J7, FAEHE CIHRBEE 2 L0RHE T 220 K3 Blins,

t'(x,y) — tO, MITRDIDNZ 725,

1 ufx : uf 1 fxf
t'(x,y) —tlx,y) = u—f <ufxy - N y) - \/f_ (fxy y)
xy X

_ \/Ey(-uuﬁwaw 1)
ZIZTC, D = fofy/ (Nfyy) T Do — RAHEC 2 DD = Vusi<lvd 3 REHEL THRWCT

<7D, AT ORIHIE, ROIHITHILT HIENTED, 72720, R = (1 —,/4/0—3)2/4,
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u = NI RWZ LT H RO TRIBEZE W TN,
i D <1/3DkE, 1 <u < RTIFHM, Zn LIS Cidiid
ii. D =1/30kx, 2XH TR
iii. 1/3 <D <1D&X, R <u < 1T, LSl
1v. D > 10Ok, u < 1TIEHE, =LA Tl

EBROF A RIATHINERAEL LT, K 1133 10 BRGNS LT, illhzu, ftfhzt (x, y) —
t(x,y) THIW=H DO TH D, D = 1/25T, LR Tl i OBEAICHZ5, R ~19.6T, 1 <u <RD
X tAITIINL, ERUAN ORI CIXED 95, OFD, u > 1TV STZABIIL, Z0
OB T D, ZORWTOREED AL, p(x, y)ep(x), p(V)DBURELE X H7-8, FER, tAa
T DIRDEENTHGH TiI e,

# 3 DEARH] (u = 10) TIZ 6.00 LA T ITHIIML TWD3, u = 20TiE 2.83 &0, £ 1 D
EXD 3.04 KOHLIAD L TD, u=25Tp(x,y) = p(X)p(¥)E72D, tAa71X 0L725, X1 CTu =
25, t'(x,y) — t(x,y) = =3.043 R TEZ D, u > 25T, p(x,y) < p(xX)p(y) T, tAATXTHAD
lBELD, FFEEBZIRD, tAAT DEOKESTZT 5 THIRDI IO HR TIIRnZ &b
5o 728, p(x,y) = p()p(Y)&72HDIFTu = 1/DThHD,

1 F1ENSHT Du (L) x ¢ (x,y) — t(x,y) (FitHh)

-6}

—77, ABFREITIROIDNI2D,
Noufey o Nfoy
ufy - ufy 2 fly
= (Iog2 Nfy —log,u — log, fxfy) - (Iog2 Nf,y —log, fxfy) = —log,u
WK U CHE ALAE SR T R IS 3228030025, DFED, HEMEW TR E<R 5, R
ZIVFHI D, LWIBHER RSN,

PMI'(x,y) — PMI(x,y) = log,

3.3 Bfyy, fi, N IF—IET, f, N R2055
ORI, A, B L TOLEE (FULEE) x (I3 LTI 535 GLERE) y Lo LR L, 13
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AL ThD, ZDLX, WEFEDOy N @M EIMESEE NI D ILEREOE N E 22D, IRDLH725)
BIRTRITENTED,

£ 4 Q)ToOHFIFRLEMEH (u = 10)

y y y y
x fry fx = oy fx x 10 90 100
X | ufy—fuy N—fo—ufy +fiy N - f, x 3,990 95,910 | 99,900
uf, N —uf, N 4,000 96,000 | 100,000

F 4 OBRENE, £ 1 OERBITyDHu = 10128 LTZ0 813 T, t2a 7% 1.90, HHAEH
=% 1.32 L7025,
t AT T DEALITIRD XD,

f - uf, 1 fxfs fefy
t'(x,y) — t(x,y) =\/K<f"y I\;ly>_\/}T<fxy y) N ;;cy(l v

=—Fu+E

ZIZT, E= fiufy/ (N[ fry) CHIZIEZRDT, HENHINT DLt A7 X HM IS T 5,

FHAEAEHEITIROBEY T, (2)EFRITIEERY, wlxt U TR T 52803015,
= log, Fou fx)}y —lo le\g;y —log, u

TSI, A EDN B R FEMEAEEREN T, WRIRENEIET AN E R THD ThH-oT-,
WA EE, [HEREWE, tAaT @< eV T B NBLRHLHE, mEE DI EE
THtAITIL I ELRDIDNTE X TLEIMB LR, LDL, Eo7K#DIRLI BN EZT 2,
ORI T TIEMFERELGIC, RS DI A2 L0 & <G5,

PMI’(x,y) — PMI(x, y)

4. BDYIC

KFEFIE, RIS Tl At AT T LA B ST B A A, Eaio L BLk

WAEBEL BT, REGRIEICE ST LU, B RORY T, BifE, tAa7 A G H)
SR BRBIIET, THREEHIRA (01D Thb, IHEEASES Fhfi N bLbR T

T, KORBLA R, BRI T Chbb, 2B, MERE IS 05 DI R

ThFEBICHRNTE, M TS TETHS,

Hunston, S. (2002). Corpora in Applied Linguistics. Cambridge University Press.
K4 77(2011) MI-score, t-score Fi#& | Heih— /SR 37 [AR4.

1 EEIEFELL TOMARGREIT, ERICITE CHABRELITSEHLO THD, Afa TIEa—/SAFE TD
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The KIT Speaking Test Corpus EHRFEA ¥ —7 =—ADBA%E

H &I (REAR R R
WP AL (BRI SR/ VAR
I R (& LR)
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{yusuke.tanaka.07, guchi.a.chan7, nanou7614, rnkp43470;@gmail.com

Development of a Search Interface
for the KIT Speaking Test Corpus

TANAKA Yusuke (Kumamoto Gakuen University)
SETOGUCHI Ayaka (Meiwa Elementary School, Miyakonojo)
CHIKA Taishi (University of Toyama)
KANZAWA Katsunori (Kyoto Institute of Technology)

Abstract
We developed a search interface for the KIT Speaking Test Corpus (KISTEC) to enhance
its accessibility and practical value. While KISTEC represents a valuable resource for
language research and education, it has not yet achieved widespread recognition or use.
To promote its adoption among researchers, educators, and learners, a user-friendly and
versatile search interface is essential. This paper introduces the design and key features
of the KISTEC Search Interface, highlighting its five core functions: KWIC search,
collocation search, wordlist generation, keyword extraction, and N-gram analysis. By
integrating these tools, the interface not only facilitates access to the corpus but also
encourages broader engagement and supports research in linguistics and language

education.

Keywords
KIT Speaking Test Corpus; Learner Corpus; Spoken English; Search Interface

1. [ZCHIZ

RO, AP LS K7 RS « Ei SN o FEAE —F /7 AN Ch D KIT Speaking
Test OfiFE &7 % H\ T The KIT Speaking Test Corpus (UL T, KISTEC) Z#4EL, Web -
TABAL TS (Kanzawa et al., n.d.), HARADZER U/ GEAL—F% 0 7T AND iS5 7 &
EIR U — SISO EEATFHE T 5708 (Abe & Kondo, 2019; Ishikawa, 2023; Fl R,
2004), KISTEC (34515 H 7512 2 IO AT MEH-EN THDHEWST A ORFfE AL T
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WD, ZOUTZRFBUC LY, FEE DB RS FHIIC RIF T BA TR 7572 8, TERIZNEET
ol Tl REE 725, FEEE, KISTEC 1X9 TIZ, F#EEOIEWRGHH G2 B k5
BERT £ /L O REEEAM (Skidmore & Moore, 2023) SV o 7= MR 22 ICiE IS CUND,

ZOISNZKISTECITA HTHALDD, —f~DWE K id+453 Tid7ew, KISTEC ZiF28E ™
HIRHTHEBRE LA EHITLIEIEAL THHI 72D ITiE, 2= —T LU R =22 R A ¥
— 72— ADBRABNP AR Th D, KXFaTlE, FHO) KISTEC DO72OIZBRFE LI A 2 —
7 x=—A(Tanaka et al., n.d.) DFEEREIZ DOV THIIT 35,

2. KISTEC D#f %

FREBA LA —T = —ADFEITIZIENE D, KISTEC O E A7k ~5, KISTEC 1%, FUAD L 2 fkiE
KF TR« SN2 FFEAL —F 77 AN CTH 2D KIT Speaking Test O/ =& E X
ZUIZbDTdD, 2018 12, HIFRUHS TSl R0 1 AFATE o7 575 ADRZRLTEY, &
FCHKI 75 IRy DIRIE B O EEE I LNINERSIL TS,

KIT Speaking Test |% 3 DD/ N— a0 B3HY, TIZEI 9 RIDDRERLSILTWD, BRITZ A
JEERRE LS ATRIEE LD 2 DOBLURINOITO, B IXRENE R T HH A2 EORE
BT &2 (Task Achievement: TA), %FI1LIA1% % & O E R FANAR 2 B (Task
Delivery: TD) Z#Hli 35, £7=, ZNHOAaTIZMNA T, ZEOv o7 —CEEE, TOEIC
AAT IR E, ZRRILTEWDPT G-ST0D,

FEEIEIUIDZL, 747 =27 <F></F> R#0IRLZ7 <R></R> 25T 16 MO X7 )5S
HEN TS, ZHUSKY, BFIZIET AT =ML LW T2 RIS B G E A —F 0 7 T ARD X
a7 EOBMRE ST T HIENTED, EBRIZ, Tanaka et al. (2025) 137 47—k FAEEE 2N
WEPE DR (TD A7) IZ5- 2 D8 BT, W& OBMRITHIZE7Z2E O Tide<, #
FETR 7 47— DfE DT L AT DRl A 60 22 LA HIHANIL TS,

KISTEC 138I1E, Web H1k (https:/kitstcorpus.jp) 25 THT X AN 7 A LB TATF
ARE CTd D, LL, ZOBRMERTIIFAEFIZ —EDT —ZWBEAF LA RO BND, ZILT2
ANV EFFZIROIIIEE LB B BIMRE, FEHE TLAG TGN TELL1T, FEHIX KISTEC
HHOMBRALH—T7 2 — 2% [HE LT, IWHITIX, ZOMEZR <D,

3. MBRALH—T = — ADKHE
AFiCi, KISTEC BHHBZR AL X —T = — AD AR (KWIC #i52, anbr—ia Wiz,
Wordlist, FF8GEM, N-gram) &, ZNOIZATEET 57 V2V 7 REEEIZ DWW TIN5,

3.1 KWIC %R

KWIC (Key Word in Context) 5813, #i3&5E2 & Le1T 2R O SUIRE LS IR R T 25 EE
THD, Bl RaI ~NEZHILT, YZiEDOEAT - ERICHNDFESCRIE Y — A E R
IZHUE TED, Hl21E, B 11% at OB R TH D, Left Context (21T at DERFTIZHBLT DN
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%%, Right Context (2% at ODEZITHESNEDR RSN, FEEN at ZEDIH7e RO IE
THEHL T ER S IR TED,

X 1 KWIC D F 5 5o 13

KWIC Search Results (404 hits)

TA TD Left Context Keyword Right Context

| can't understand this conversation, but | eh
will | eh support eh Bill. Eh because Bill is
man. Eh | now not good

.Ah no I'm I'm eh I'm dislike woman so oh ou
wakarane. I'm sorry.

Kate cough Kate cough loss lose it
homework data yesterday. Kate is Kate report
submit a report

If | were Susan, | want to uh do | want study - the same time, | | do dance, and study very

tomorrow. Kate cough cough .

architecture. And, eh hard. And.

The man whe has ah the bycicle he ah left by
ah shopping mall as by

the shopping mall. So he so he left this that
so he left that bike. uh

2T DFRAEEITEIRATGETHY (X 1 13X T ZFHERICUM), FmlEE TA 2Aa7 £7-1%
TD AT |ZHEASNW T _REZDHIEG A HETHD, ZIUTLY, AaT O EWEEFH LR FEEE
ET, MBRFEOME FE A 238 DI B2 5% BRI R T& 5,

3.2 ol —I al MR
anlr—alrRRIL, FFEDRENEDIRREL LR LT VN AR T 20128 HTHS,
FlZIE, X 21% at OMBHERTHS,
2 anlr— gL O EERE R OF

Collocation Analysis Results for 'at' - Frequency

Left3 Left 2 Left1 Keyword Right 1 Right 2 Right 3

is (21) is (27) good (44) - the (84) i (47) i (25)
he (18) not (18) look (11) - first (63) and (26) so (22)
in3 the (15) eh (M) - a(14) so (12) and (21)

2 Tl, Left 1 O EE¥IZ good (44) LFREN TV, ZhUE, at OERNIRL mHEE T
BNDFED good THY, TOIERULSEEN 44 ETHDHILEZRLTCND, ZOFERD, 28 HE
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IZ good at LV )an s —Tal BB O TWDIERDND,

F7o, FREELL T trscore ZBIRTHIELHRETH D, iU, FrE DFELFEIMBIATITR
SKEFHICAH B O ZZ R oMEIN T 272D OFRIETHY, B2 TR OIR
DH T2, ZAUCEY, AL MES THIRWE O DX FF OB TE 5720, mEEE
RSN IEE AT AN T REL 72 D, R, BEE D@ WEEE T TIX R LU LR FEEE R A DOF
BRI 2404 3 D BRICA T D,

3.3 FEEEUAL
FE) AMERETIL, KISTEC I & SN A5EREEZ O HBHEE A HEIEIC —EH R T&5, X3
51, KISTEC (ICBW TR T 2381 I, IR\ T is THAZEDN R TE D,

3 FEEIARD —HHRKIROH

Word Frequency List

Word Raw Frequency
i 13109
is 10908
to 10048
and 9538
the 8649

3.4 FrgGERDH

FEGER &1L, BE DO SCEZ LLELL, F5E O SCERECHE M H SN OREE AR 3 D%
REToHD, ZOHHTIZERY, FrE D A=A 7 #5218 T 2 5 FER RS S 55 H O m 2 B 522
T&Dy AAH—T =—ATITL, FGELHIH 35729012 TF-IDF 2=a7 25 M3 D aEZ (i 2
T, TF-IDF A=771%, HEhoO BB 2Rl 4 28t IEIR THY, Bk SCEICHN DM
J& (Term Frequency: TF) &, & D HFENE ORREE A /D E 1L — KA CTh D) 7R3 W SCEHE
(Inverse Document Frequency: IDF) L& fl &b CHIHEND, TF BEWiGaIE, £05E
DRFEDLENTHEICHIL TWHIEaERL, IDF 23EW 5813, €O ERIICA D
ThHHZEEEWT D, LI2h3->C, TF & IDF O G D @GR, i THOIRDEEE O SCERE
THEITH SN0, FriehL L GRS D,

403, 1 RREE HMEAS ARE (0-39 L) | TS ATE (40-70 &) ) T3 i (71-100 45D J&7E
HLIEGAIZRBT D, (B RHEOREEER IR R A2 R L TOD, (B RBEORHEEL T, 747 —
DL DRI ND, 15 RBEDO XK HMEEITRE HETH D,
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4 FFEGEORFRAE R OB

Score Category:
gory Low Score Range:
Low Score v
0 to 39
Characteristic Words  ~ 10 Search
Mid Score Range: High Score Range:
40 to 70 71 to 100

Characteristic Words Results for 'low' Score Category

Word TF-IDF Score
eh 9912
uh 76.4
ah 60.59
want 46.61

3.5 N-gram
N-gram &0, #3725 n FHOHGETHRSNDHEDON O (2 —r ) 2857, BlAiE, M 5

1% 8-gram OFEFER THY, Zhvx AHLEBMERBEEDE W 3§EDY — AL Iwant to T
HHZENDND, N-gram 73871, FEHHE DB WD ERRBLO SO S — R8T 5
DIZHRTH D,

5 N-gram DG D)

N-gram Analysis Results

N-gram Frequency
iwant to 1352
alot of 386
take care of 373
318

ifi were

3.6 74N E) T HERE
RAH—T 2= AT, B, Voo —, FRAATZILST4NZ) T INA[HETH D, )

20X, Rt G a2 Ttk ) TTA 2278 2.5 UL EJTTOEIC A= 7 78 400 LL_E SV o725 TR
AL ENTEDL (X 6), ZORREZTE T X, Bl 2 IXFERY AMERRICB W RS RBES RS
RO FERAR M 2 LR L, SR B H W DB SC R B A T 5,
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6 TANHTHERE

TOTAL TA ™ TOEIC TOEICR TOEICL
Min Min Min Min Min Min
Max Max Max Max Max Max
Gender: Male Female Questions: Ql Q2 Q3 Q4 Qs Q6 Q7 Q8 Q9
> -
4. BHOYIZ

AFGTIE, FEOD KISTEC DDA LIZMRBA L Z —7 = — ADMERBE R LT, ARA
V=T 2 —A121%, KWIC B, ansr—yar kiR, Wordlist, FH#GEMH, N-gram @ 5 >
DEABEN DY, BHEAT OV 2 X —, WEILIDT7ANZI T H AR T D, KA F—T
= —ADTEHIZEY, KISTEC OF —#% X0EG ICHH TEA L Mfss s,

w%IZ, SBDOBEIZONVWTIRAD, BUROHREIZA N THo—77, 2 RATIEMN T 51213
—TEDHFHSCRERDMEIRE L TROBILD, B2 13X, KWIC #53E DR oI 7 — %k
HINZERAR T DHIZ1E, HOREEDIENSCE RARRSMNETHD, SHICHALST WA F—T = —
AT DITNL, BB RE 7 T7R0F ¥ —FCHRERNIRR T 5LV STt LRPILENLE TH
Do

EfRE
AWF721% JSPS Bl E 22K00736 OB A2 1T 7-H D T3,

5 | STk
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mkeiko@tufs.ac.jp

A longitudinal study of English conversational ability
based on a learner corpus

Mochizuki Keiko (Tokyo University of Foreign Studies University)

Abstract
This presentation discusses the growth of English conversation skills among two English
learners from their first year of high school to their fourth year of university.

The two English learners engaged in one-on-one English conversation with a native
English speaker once a month for one hour from their first year of university to their
fourth year. The analysis results showed that both learners exhibited an increase in
vocabulary usage at the CEFR A2-B2 level and growth in complexity from the second
year of university onwards. However, a decline in accuracy was observed. This decline in
accuracy may be attributed to the use of more difficult vocabulary, which may have
compromised accuracy. Fluency showed no growth, while a negative correlation was
observed between accuracy and complexity, indicating that as complexity increased,

accuracy was sacrificed.

Keywords
BEREXT R ) - HEWT RO ST  FEHEME: - IEREME - R - CEFR-J Wordlist

1. WF9EEHBY

ARFEFRO HHNL, 28 ORFEFEEZRRIT, S TFERFO 2018 45 11 H b K F24- R D
2023 F 1 HETOREFEX ISV T, M HFEROE D, EOIINTHE T 50 E MW 55
Mrd2Z8icdd, a8 o 2 4 05835 1%, J003, J029 L3Ritd 5,

24 DB FOREFRICER SN -5E% % . CEFR-] Wordlist & W CREEDO L~L %
AI~B2 2T 5L, LTOR LIIRT EBY L2 5,
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#£1 OB OIGENEDO Ny 7

=4 B L3RR K L3R
Lesson 1(H CfRIT) 2018 4E 11 H | 2021 4£ 11 A
Lesson 10 (AR— 2 AT A OFER) 2019 4 8 A 2022 4F 3 H
Lesson 14 (£ & fi#5) 2019 4F 12 A | 2022 427 H
Lesson 20 (AT & d4:AF) 2020 4E 5 H 2023 £ 1 A

2. fhR

FEA J003 (X, A F ORI T IO, MR IR L T, RPAERMUT AL Lo

DENE WAL, A2~B2 L UL EEEDEIS N TWAZERBIZEZINS,

Lesson 1

m zoisfE11 A

75

50

25

72

M zoziE11A

Lesson 14

100

75

50

25

) o] 1.13 [s] 0.71
I
A B1 B2
| 20194128 W 202247H
1.17 247 023 082
B1 B2
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Lesson 20

B zozo£5A I 2023:F18
100

75
50

25

A A2 B1 B2

WIT, S8 J029 b KIEEL v AL ZkGET DI O T, A2~B2 L~ULDFEFEE| & OIS
BEREND, LT D 5~8 I Bam AR L KRR RINCE L= O Th 5,

#5 J003 ERR14E 2018 45 11 H2vh 2020 4E5H  ERE34E

(&S] AS-Unit H7-0 D&%k AS-unit H7-0D token % B D%
2018411 /| 0.45 2.74 2
2019 4% 8 H 0.5 3.26 4
2019412 4 | 0.41 3.67 4
2020 4~ 5 H 0.6 4.48 3

# 6 J003 KREAARR

I53:H AS-Unit &7 DL AS-unit H7-V D token £t TR D
2021 £ 11 A 0.50 4.53 5
2022 4 3 H 0.46 6.17 6
2022 4 7T 1 0.62 6.44 14
2023 41 H 0.77 6.90 14
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# 7 J029 mERIAEREA

1531 AS-Unit H72 DK AS-unit H7-V D token e D
20184 11 H 0.40 3.11 3
20194 8 H 0.17 2.12 2
2019 4 12 H 0.40 3.87 0
2020 45 H 0.45 3.89 6

# 8 J029 KA

R HA AS-Unit H7=0 OHi%k AS-unit 720 ® token %% 1B DK
2021 4 11 A 0.32 2.49 3
2022 4% 3 H 0.42 4.10 6
2022 4 7 A 0.63 4.71 5
2023 45 1 H 0.63 5.17 13

J003, J029 LH 2 TOFREE THREN RO, FFIZ AS-Unit H720D token FEERETIOE %
ST DL BHEMED AR L T %, IEFEMED BRICHOW T, MIEDBIMR TF —213EIE 5
73, J003+J029 b2, FRVDBHDFEHOEI G TN LA 20K | AL —F 7 Ly 2 DOk
Rt E L AEfEME S8 1 D I 3AE BIME A BLEE S 720,

TEGPEIZ DUV, JO03 DYt 2~ 37 1H H OBUEO I — & Tld7e<, FgtE Rzl
7o —HHTIZE W ER, J029 ITBIL Th | TG PED T ITMERR TE20,

3. i a

J003. J029 LHIZ, RFAERFROIFERFHIE HIZIH VT, A2~B2 L~ L OFEREfE I 23N
L. BEHEMEI SRR D728 | IEREMEIR T BIMIC o7, Zhud, EE5 o @\ iEsE Al
T HZETIEMEMEN B2 DT ATREE N B D, 56 =12, i i%r?‘?af“‘ (el By (7Y = E =
TERDSTZZEME TG E Lol 5 25, IEHerE S HEVEIZIT B O AH BRI R 3 B
BEN, HEOBECEEEHATHIET, EHEENREL— T 1B M%fﬁt 2otz E %
bivd,
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