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On the Acceptability of Passive Expressions in the Complement
of Perception Verbs

MURAOKA Souichiro (Nihon University, Graduate Student)

Abstract
Regarding the use of the non-finite verbs in the complement of perception verbs, “be + -
en” 1s unacceptable, while “being + -en” and “get + -en” are acceptable. However,
unacceptable forms such as “see NP be + -en” are used in practice, for example, “I couldn’t
stand to see her be cremated. (Murakami Haruki, Killing Commendatore.)”. This study
analyzes how often these example such as “see NP be + -en” are used in reality and what
semantic constraints are imposed upon them by examining data from corpora, such as
BNC and COCA. This study confirms that “see NP be + -en” is used more often in
American than in British English, and “see NP get + -en”, which has been considered by
previous studies to be grammatically correct, is also mainly used in American English. I
conclude that the use of “see NP be + -en” has increased along with the use of “see NP

get + -en” in American English.
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1. IZL®IZ

SR ENFA A SO (D) WRT I, JRIEARE R, BT, B0 F a2 Xictd, Z0oh,
JFIEARE IR FEROEEMN A, BES IR FEROETEERBIO 2R T L3N
T (cf. Allen 19744: 186),

(1) a. I saw the children eat their lunch. (Palmer 19872 199)
b. I saw the children eatingtheir lunch. (ibid.)
c. I saw the children beaten by their rivals. (ibid.)

Z0H5b, (1)1 FZHZRKTH, HUTLRHALLT, (2) DIORKHRLFET D,



(2) a.*I saw him be rejected. (Bolinger 1974: 69)
b. I saw the children being beaten by their rivals. (Palmer 19872: 199)
c. I saw him get rejected. (Bolinger 1974: 69)

LinL, (2a) DFETEARE G ST HITHZH KB, ZL<OEITHFETIHSUER L ARSI T
%o £ (22) NIEHEMIERTRENDDIZH LT, (20) IXFRSNTND, T, IRIESZ & LE)
VEZ B DEVITEIK T 550 L8 2 5D, RIROEY, JFRAEFIEMRE FRoeibtes £

R (2006 46) (&AL, (3) X572 midBhamsfiScicis i 2k EEEI O HELE, DIREERYZ
RS IS RAERF DI T LTI F R LI A BT, BB TERNW LIRS,

(3) a.*We saw John look pretty sick. (Akmajian 1977: 440)
b. *I saw Tom still resemble your father. (Declerck 1981: 89)

FERZ(4) DXORMFIRFETRS AN, Z2HE (2005 829) IZLUE, Tl ThirEVd, L, &
ED RAEOHLDFTIE, Palmer (1968: 171) IZ&HDESNTWABD (ef. 22 (2005: 829-830) ),
Palmer (1974) <2 (19872) /DI F DLl 1 ZTHIBRS LTS,

(4)I couldn’t stand to see her be cremated. (Murakami Haruki, Killing Commendatore.)

AWFFE T, (4) DILH7e 507 BFE O JFTE A E Falfif LIS ZEHRBIZIEFERRBEINT
WHDM, £ @ioﬁ%@kﬁ’aﬁ%%fwxa%émﬂ\Za@bx BNC %3 COCA ZHWTHH %179,

2. JEATHISE

(2a) DEFBATARIZOWT, (2a) 2 ERE R T HATIE I EBIRTHY, KEEDIATHF
ZEICBWT, FESIER E 7R EN TV 5 (cf. Bolinger (1974: 69), Lapointe (1980: 772),
Declerck(19911 490), Clark and Jéger (2000: 19)). (2a) BIFIEREAHIRSNDHERITD
WX, ATIROIEY, be MIRAEZ & EL TSN W) ThdHER <7273, Bolinger
(1974) 1% (5) DIDITEHIEL R EEZRTH AT, be + en fliSlbRFBINDHEIRARD, ZilE
{8 2 OARRERY 72 S FE D3, M0 IRLOEMEEL TIE A HINDT=D ThHD,

(5) a.Ilused to see him be rejected. (Bolinger 1974: 69)
b. Again and again I saw him be rejected. (ibid.)

FAREENICRBV T, Martha saw the policeman be mammals. ORE72{E B~V ik GE
W BIEEDOFEREHTE TERWNTZOBRRBEINZ2WD (cf. Carlson (1977: 125)), A
(1999: 20) 1ZLHiZE, (6a) DIIITIRDEED LD IO REIMEN/RERD be THIVZA L IHE



HDHEV), T2 Felser (1999: 83) 1 (6b) DIHZHAT A T EIFI A EHEL, IREMATHDHT
EC, FIEARERH CIZH1TD be + -en O HBUIERIIL, T4 (1980: 147) bIRIERIZ, FEIRRE
HI7 R FEREZ AR L COAERA 2L (6¢) DENIARENIHEND,

(6) a. We saw John be polite for the first time. (B3 1999: 20)
b. We saw John be drawn into the game. (Felser 1999: 83)
c. I don't like to see people {be | being} intimidated. (P45 1990: 147)

F7- Bolinger (1974) A% (1993) 1%, HREFADSE T THAUL, FIEAE M I T
1, be + en IIFRINDHEND,

(7) a.I have seen him be rejected. (Bolinger 1974: 69)

b. I’ve never seen a man be executed before. (f1 ¥ 1993: 81)

(7) DBUETE TIZIZITE T 565 L TRRER ) D S OFRS rRE TH DAY, MEF (19931 78) 12k

X, EXRETIETIE T fRIOBEROEGEITIE, 3T Lﬂ‘éﬂéfﬂﬁl_*z@%fft%gﬁnﬂ@‘
HDOT, MiSLOITABIEDS TNDLIEILRY, FIAREFANEIZTNDLEN), ZO—F T, XD
Al 2SR REEN A C 32 SC O BYFEE DO REHI A TR | 2K 58 T Thiu, IREEE (be 25T0) %
SR ATREE 225800 (ef. HIBF (19938 79, 81)), LL, Gee(1975) 1%, (8) DfiZEZEIT,
(7) DBEIDSTFE T JDFIATIRVIFH ATREMEA B EL TVVD, Gee(1975 3TN LT, ThoFEE
DY CHEEC (B ORTT) M LIRS 2R T 581213, 1 saw a car be wrecked by the
police. DIH72PNIFRINL2NEND, £LT, (Sa)@fﬁEmTﬁ/%F%T-ﬁ%JﬁﬁzﬁkﬁﬁR
TELLAITIE, BEFD saw LIZERICTHY, [HHRFEDLHE CEBEZ (HORIT) ML
m%%%i@“f:&)ﬁ%éﬂm\zﬁ (8b) DI L FFEAEEIEICLC, BUESE T A 85k

FELEIR CE DG AL BB TSR ) 2R T 720, FiddIhdend,
(8) a.l’e seen a car #be) wrecked by the police. (Gee 1975: 377)
b. I've seen cars be wrecked by the police. (ibid.)

VL EDSATH e 2 Sl D 8, MR EIGM CIZEITS be + -en OHBLIL, be NEHERRL DX
FNREENGAOTE TN E R THAIIERIND, 2O HIZHONWT, a— 2% W THEIEL
/Cl/\<o

8. U —F T ¥ A
RNV, (2a) ICALNDRELDNEBSNIDEREIC OV T, JATHIIED FLfiRE 7L TE7e
2, BEEZERT be + -en CREREZR T MTENEDTE TR O L7 BITEERICE I EAFHE



THDNZHONT, BNC X COCA ZHWTHEZETTI, M FIEEL T, B0 L
FREDON) = — a0 2EREL, (DITRT 13 "= ORBREHAWTHEZIT 72, £
being + -en, JCATHFIE CTHRBIN TS get + -en, getting + -en i 5 Fl SCH[RIARIZ,
ZORNGEMAELT,

(9)a. {[see] / [hear] / [watch]} (ART/DET) NOUN be _v?n
b. {[seel / [hear] / [watch]} PRON be _v?n
c. {[seel / [hear] / [watchl} (ART/DET) ADJ NOUN be _v?n
d. {[seel / [hear] / [watchl} (ART/DET) NOUN NOUN be _v’n
e. {[seel / [hear] / [watchl} (ART/DET) ADJ NOUN NOUN be _v?n

4. FERLEBL

ATER C R FIELZ B LITHEEAI TR, £ 1 OFENELNIC, 2EOFIEEL T,
BT be + -en M SCIDVETIIH DA, T AV FEEIC LRSI, FHIT AV D TLZED
watch (23T, be + -en fifi3{E get + -en fiSCAEDOMAMTEFILVE mOEIAE TS
7oo ZHUZ, watch DEVMEMEDOBH DT RS % HEUFEICLAT-O THHEE ZHILD,

# 1. BNC X COCA DN EN M SIS D2 HE£BL & Z DA

BNC COCA

be -en 4 0.3% 118 0.8%

being -en 233 17.5% 1698 11.5%

see get -en 3 0.2% 647 4.4%
getting -en 3 0.2% 174 1.2%

-en 1092 81.8% 12131 82.1%

be -en 0 0% 18 0.9%

being -en 50 23.5% 187 9.8%

hear get -en 0 0% 12 0.6%
getting -en 1 0.5% 14 0.7%

-en 162 76% 1683 87.9%

be -en 0 0% 199 10.7%

being -en 71 51.1% 509 27.3%

watch get -en 1 0.7% 220 11.8%
getting -en 1 0.7% 19 1%

-en 66 47.5% 918 49.2%

FI AT CIIE B O TIACH T M BT, be + -en BAHWBLNH LIRS
NWTWen, 2O IO AT 3mtEn g, (10) 1273557 (don’t) want to X be
{glad/sad} to 72 D EESCEIG AR TR EO LB NIV LRSI,

(10) a. | don't want to see any woman be misdiagnosed and have to live with what I've been told

4



and what | know right now. (COCA, 1990. SPOK)
b. I'd hate to see them be slimmed down into fewer. (COCA, 2012. BLOG)
c. I'd like to see writers get paid fairly and the library model in some other countries actually
does compensate them for when their books are lent in libraries (COCA, 2012. BLOG)

d. I hate to see people get sucked into the idea that they're going out serving the Lord,
(COCA, 1993. NEWS)

EBIT, JEATHFFE TIEE RS T get + -en #iSCICRAL TR, IRIET AU B BEEEICD A
ERIND, Tt 4, get TENUFAFYARAFGELDE T A B HGEICE AL TZESITEY (cf.
Sussex (1982: 90)), F7= 20 tFLITIZTFLEL TKEED OFEHEFIZB W TRKEIZHW LA L
(cf. #2471 (2011:22)), 20 tHfdt4 =12 ii%:.%db%wﬂb\%néio ThpolnEEITOD (cf.
Schwarz(2017; 2019) ) , ZNHOFHEAE RS, be + -en i LD HIZHBITHIKOZEIT get
ZEICIB LD get +-en M DEENPKE L KT L TWDAREMENE 2 515, Felser
(1999: 82)H F/-AFVANPGERFFEREE 1L, be + -en iSO HZRTIAHEICHDHETH—
5T, 77)<U7J}\£E FREREE OZUTEMKE R 2528001V, SUEMERITEHLNDEN
I, TAVAHEGEEIZ TS get ENLOFENLITHE Y, FIRE I SCTHRERIZ, get + -en fifi
BN E Y AP ) Jocz)é:, FNETIEEME 2SN TV be + -en fiSCh F/-JERIFEHL
LTHRAIZHWLND IS s TEB 2 b5,

5. &

FATFRD LTI, BEZ 42K THECHMREFNIEE TR THOLOI TWAE A%
BrRUNT, FIRENGIO be + -en i SCIE—AXAICIESEM L ARSI T e, ZOZEIZHONT,
BNC X COCA ZMWCTHEZEIToI-RER, MEEFID be + -en #i3I%, 2EDOEIGELT
ITDETIEH DD, EITT AV D PGB <RSIV, FIATHIE CIEERSN T get +
-en Ml X ET A I HRFEIZO A RIHINT, TR, get ZH)IT AV A IEFED AFELRBLTH
ST DN, FRERDIZOIVTHENLL T o7 SND03, 7 AU A Je5E O M B gl SCh [AA%
IZ, get + ~en i SCOEHANEETHE, TNETIHEUENERRSIUTU 2 be + -en fililhE
IS A ERHLEL TR 2 ICHWLND IRzl E 2 D,
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"1961-2021 Japanese General Fiction Corpus"
—For a New Comparative Study of Japanese/ English Fictions—

ISHIKAWA Shin’ichiro (Kobe University)

Abstract

This paper illustrates the design of the “1961-2021 Japanese General Fiction Corpus,”
which is a collection of Japanese fiction works published in 1961, 1971, 1981, 1991, 2001,
2011, and 2021. It also includes two kinds of English translations. This corpus can be
used for a study of chronological changes in modern Japanese. In addition, when
compared with fiction data collected in the existing English corpora such as Brown and

LOB, it can also be used for a comparative study of Japanese and English literature.

Keywords
HAEE/ N, KRBT — 2N, BEAREHGER, TERERMARAT, H S8/ NGk FRAFZE

1. 1ILHIZ

SR LEBIELIOET DG, U EE T — XD 1 DLied, /INE, REDILFE
T EIBR LD, Kiax OMAEER ZHBURIC KT 26 Th b, HEEIZOWTE AT,
INERIE, LB — RXANOEN LTV vV EL THAIAFILTE T, 1964 25K LT
Brown Corpus D54, /INuE, — /Nt (7 08k 29 K), HEBR/INGH (24 A), ZefER 2]
Wt (6 A), 'HBRU/INGL (29 &), ZRE/NGE (20 A), —FT /N (9 AK) D 6 FEDOY TV /T IX
yER, KRR RSN TS, ZDH%, Brown DOREYEZFKEES LI THi4 72371 L=
— 2 RZAPMELNTE= (A)1l, 2021), 2z kv, 72¢ %20, Brown, Frown, Crown /N7 —
HEHIETHZET 1961 45, 1991 4, 2009 FO7 AU /D FiE%{L23, LOB, FLOB,
CLOB % tt#g 3 2 Z L CRICHIFRIZ BT A XV A/ NGO S REE( LA TE S,

—J, BARGEOS A, /INLD S REELZ RIC L7 TRGET 22 L1385 Tldan, 2011 4
ABOTHA B ARGEEESEY o — 2 (BCCWI) (2L EHEE ) Ur v nidb, B ARy
JHIEDT9 P NITRE T HIET, /INRRE BRI RIZT HILITTEDD, IS H



%o 1 mBEE, /NRET TR, RO FREFELCHMERE N EENDLZETHD, 2 F I, )
FROFIRL AV MEROFZ N E ENHZETHD, 3 MBI, FILOT —FEPFHISI TR
WZETHD, BCCWJ O [EHAIFES S | (Version 1.)IZE5E, 19 U o7 403 1971
EAY 2 AR, 1981 4728 16 4%, 1991 4F728 206 A, 2001 4EA% 595 RE72D, FEZ LD T RE,
ZEFI DT, WEE/NIRED AT TE D729, Frown/ FLOB OfEARMH O KHEETHD
1991 FIZBRY, BCCWJ D19 3% T E N0/ Nt A FAESE THREHL, Brown O 7 UL
ZEIRS T, IBEZ HARGE/ N T — 2y hOREELERITLIZ (A1, 2015), LL, 27
—2Z0E, DY TP L OHE R R EETHFAO M MR RIES 2, (2)BCCWJ & FR# AL
L7cTed M H OABARIE AN TERY, @ —FDT —H LR oD REF AN TERW,
(4) B ARFE/ N AEED 2721 TSGR/ NLE D RN EETH D, LW -T-fERSH 7=, £ T,
Bricipa w7 obe, 11961-2021 HARGE/NL=—/32] (61-21JFIC) #fAR T 52 LLLT-,
AFRlX 61-21JFIC ORREHEABEDMMRE, £z, WET —F & Wi AR RO—hna @532,

2. 61-21JFIC OH & LAk
2.1 AAGENHT FADINEE

H)11(2015) D 4 SOHFIZE SEZ, FLOT— SZBI%TIE, ()82 v V4K R HE
L, Brown TEI[ /Nl DA ERGET D, () Fa— S AD FfRE T, T —
HNEETTY, (3)1961 4F, 1971 45, 1981 45, 1991 4, 2001 4=, 2011 4, 2021 ELVN)H 7O
DIEARFIHRA L MR ET D, (@) KIS T DERO IR NG EDFEFLRBLD A " REIZ T
B8, TR T — 25t 5795, 80) 4 SO BIEE T,

F9, a— R2ORHEMZROAHEHEL T, Brown O —f%/ N ICEESNT-ESL O NS
AL, ENHDOELD HARTE IR LM AT A DO THHT AR LT, KRIZ,
[EEED B AGE/NLOWEED FTRENVEZ TR D72, A7 KK EE BT, EEFITTHERNC
[H AR S N TSIV CO DR DIERIR AR LT, £ORER, 72L21F 1961 FHTT0L
DIE 250 ARSI CODH OO0, KIEIHIFFRET, Wb/ N EM T+ Uk S
TWRNWZ e btz 2T, #Hilc/e 7 7 a—F LT, 1960 HFNLHLEE TRk Iz FIfT
SN TWHIEEE 3 il (THEG ], TR, [SC2R]) 2P RIS, ERED 7T 0MEOZNER 1
A BTN E AT Na (S22 m « BRRRAE ST BRE, = BAI3E D 5) ZIEXRICR DT, 7
B, 1 AEPREEIIRAROGEITHETHATLIILEL, TN THO AFAR I OGA X XEL
FTIE D [RIFE-DRI A ST — 2% HioTz,

T2 ORI, —BICIER B EEIE LT, 7272, SGSEEITE, mAUufEmicinz,
RS Z BN TNDD, #iRELT, MEMOERESRT —Z O BIA ROV TH—E
DERRMED RS NIZEE 2 D,

YT NBAZHONWTE, Brown O —f/Ni | OV T NVETHD 29 A% FHIHIEDIRNED,
FARIZOX, 3 FEREND 31 REMDZELLLT-, TORE, (EZOEEN 2 RGEISRNEITH
L CEBRICIDIEMERE LT,



PNV R A 5,000 F2EL7Z, Brown OH 7 LEMN 2,000 FET, —ARICHEEE 1 FEMNH
AGH 2~3 LFITH Y T 2SN TNDTeD THD, 12721, —HDT —ZIZOWTE, JLOMESA
BNoT20, HDHWE, TEERCH AR ST EFTE R DALV L2720, Rfka07esE
HIITETOT N1 DD,

T X AMUIZOWTIE, 244, optical character reader (OCR) Z V7= H B 7% AME 27 A
703, HOWHEEEIXIEFOAEE C, SEA BB EIXE b TR o7, 22T, X ToH 7
(ZDWT, BEPR3EE (TR 1 AICHEE) ICFEECTAN BT 22 L E Lo, 2Dk, (DE
& AEFEAL TR ITENS, QB EIHO 7 I3 EREEY, (3) CHEBFIHUSND/NR L - & F T
- HAFE SRR ST T RTCEEO TS, (D27 (228U X LT DR AT, GIEIGL 1348
A TAT, @7 V77 Xy MEFIEEATAT], (DEEZOKRSTT A TAT), QHAHFIX
1 Mra4fa, 2 HiPL EE AT AT, QIR IBEFIIH TR TH HELTAT, (10K0F
B (SSNN)ITOBRR -0 a2 TA T, (1) — 3O BREK AT SCF - [H R EF e
Unicode SCFIIHT TR LT TR TAS (B 4%, fH728), (12)7 —413 UTFS 4LH, 72l
TR $ata R LT, 7ok, EHILEZEOBM Ot —F — 2274 L7273, a8 —oRTE
T, ABE RIS AT A BN DIZ DN T, EREFRWT 5,000 74532 A 1T 5L
L, #ihte, BIEER LRnn, EEVR R &L FIEETHEAIL,

TRAMESNIZY T, 3T, ERSLERET SR T R AL T D IE B R AT  AT L TWeb 4%
FO | L TUERLUT, fENTEEE X EREAFSE T A3 B3 L2 UniDic Té%, UniDic (X ERZFF O
INBAL TN BT 2720, DR E LR RBFHNL03, 12X, TFA) 2
M58 ) TR S, TRIFFEAT A3 TAIFSE ) TAF IS, TL T2 T (975) 1T TITW(D0D) (T2 1187257
E, —RIZEIFRLVNIWBAL TRT SIS, Bl R CTIIAFT 2o 713 To TR0,

LI EOMFR AR TR EESNI= T 7 Ui, 1ESE 156 44, 1Edh 217 A, #5550 70 7
FEETRoT, ZBET— SAINER T DICH T, FVEER TN B et a7z,

2.2 FEERIERK

R AXNDHIKING, FHFRIZHOWTIIHEFIREINAEHT252LEL, R4V D DeepL
GmbH 723292 DeepL (DL) &, HADEHIBENFEHAE (NICT) 25235 T A ARD H
FFIFR@TexTra ] (MN) &) 2 FlED == —F /LA ENER (neural machine translation) CR3C
TR LT, TERO H BRI EGE N — 2D #EE B ENRR (statistical machine translation)
Toholohy, =a—J VR T, HOMUDIRARRITIRT —2 %278 LTl &, JFSUE55
TRISNDFHEE CLOERITHEY) IZEHLZ BT, ZOHBIEICEET 2RI RO L
T35, 2O, BlEie=a—7 0 Ry ML TR RO RS &2 BRI - &
e AT LTS (47, 2018),

DL 1%, V=7 EOXRT — 2 &7 Linguee &ML 92, FHMIFRA T 458 A F
J& (convolution layer) &, RNEERAEFRETHT7—V 7 (pooling layer) 2572258 1A I A
v’ —7 (convolutional neural network) (ZL> TEWEFRKEEZEZHLL TEY, 2020 £ 5



T HAFE AN RIEL TS, —75, MN (X NICT S D 2017 4R35 B 7= TFER

WD e B S5, AT IE T BRI REND R EDOXERT — 03 fikEi T

W5, MN [Ta= "=t aia=r—a WEE% SRERT 8= TR L7- A BifiiR =

VA R—=ZZLTEY, FHSCEROFIRRICHIRV, bobd, =2—F VR CIIR LD LI

REBUIRUIRRAET D, AEIIMNL LT 2 FEOIERT — X &2 HE0 D2 LT, ZORBEIC—ED X

W Boz, JeaRPERIE 2021 45 4~8 HIZFEML, Hf&icAkSniz7 —#1%, DL 2% 52
75, MN 2389 50 3B Th o7, BURF R CIEI A FICE DR DOFER MEIEIF T TV 720y,

2.3 RBFT T 74— LOBH%

PR AR C, BITE, 61-21JFIC OF —X% 474 CTART D10 DREET T b7+
—LDORFEICETL TS, EHOIFEE T TIoFEE F 2 — SZ ICNALE O7-0OHL kR
% A7 L (ICNALE Online) #/ABLCTERY, ZhUckEE N, BAGE/NGZ B AGE 9558
(DL #R32) « #5535 (MN #R30) D 3 DDOF—R THLE TEDINTTE T ETHD,

BT r—22iE, KWIC i, anrr—al Mk, HinsEEmSR GEEEH ), F%
FERRIRIRE DIEARBEREDIT, FEPRBLO HBUHE ORFRIIN 222 a w8k 4227 57 i )
BhEZ SRIET 5, CNHOEREICE > T, BEROFUGEE B EMhH LY, TBELIRESCRID
BB A TR0 T HIEN A HEI 2D,

3. 61-21JFIC ThnnhrZ L
3.1 H ARGEDIER S 34T

61-21JFIC 2L, Vv VERFICHHIL 72 ETHA B ARFEORSRINZALORA N AT REIZ/2
Do X 1-4 1%, FEFE (FIGE - 1535 - A8 OREE - IRFERE) , AFels (A - i), e i i) (BhEl 3 4
fili) , AR L ShE GRENGIZED> 7 FH) D 10 HEEHTZVBHEDOZEZR LI D ThD, 1961 F-L
2021 FALELL T 10% 2L EHPINU 720134 KEE (+140%) LGEE (+12%) D 2 ST, B L
DI (-31%), 4 (-22%), B (-15%), B (-12%) THDH, ZDHH 60 4F[H
(2T THIBHNTBHEE AL L TOWDDIISSREED AT, AR T RAVTFEFLR S e OB 1T
BELTWDHES 2D,

— 77, BARIREED B (ZE 0 iA T e L BRI N BAE N T LICE R BRBOHND, THLTZZE R,
LEMICHBIT 2 BoNIWFEICLR LTS, K 5 ITFEREE 1 TA7 L, SHEEE (0-
(Do D& T0b) EZE 2 7 AT LELU RIS T2 32 LT fE R Th D, 1961 F-~1991
ENE 1 B (F5FR 75.9%) ETEMNC, 2001 4~2021 ERLERICERENEE->TEY,
1991 4F& 2001 FOMIC A AGE/ N O BE &I H DFEO LA E T TOD RIREMED RS HL
Do ZOT —HIZRoTE ZIE, 1960~90 FRO/NFHTIE, BRE ([0 ) Ol R H (1255 )
MEMST=DIZHTL, 2000 FACLIEIZ/en L, WHIFRBL(TE)) 0, T B MLV -7 M
(I3 T Tz ) WEEFIT>TWDh D LIS,
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3.2 HFE/ NI E DRI FRISHT

61-21JFIC 1IF7-, Wik T — X EPFEOHED— S AD /N T — X5 s 52 LC, R
K& L7z B 92/ O xR ATICHME 2 5, & 113 1961 IR GAFRRAZBREL, HARD /N
(DL #£#R), Brown UX§%D T AU A/, LOB IXERDA XV AN & H 2 VDR T — 4
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LHL, BFMGEA T LIS R CHh D, MEHED 156 LLETHIZE 0.01% /KHETHE TH D,

11961 D HAGE < 7 AU « A XY 2/ Nah DR 8GE b Ok 2 ekt it & LL)

NEAL EES 7 AUA AFVA

1 1 146.64 he 57.6 her 77.13
2 my 127.42 his 36.66 she 61.31
3 S 45.35 h 30.28 julian 30.22
4 m 43 church 28.02 said 24.48
5 is 36.88 scotty 27.14 you 23.64
6 a 29.2 john 26.15 love 20.36
7 if 25.49 him 24.88 vera 20.36
8 tokyo 24.43 alex 23.83 queen 18.61
9 t 23.94 winston 23.83 celia 18.39
10 wife 21.6 watson 22.51 joe 18.08

ZZCHEMIZR N B T IS A T S T2, A ElOT —XIZR->TE 21E, 1961 4FRER
IZBWTC, BARO/PHONEN 1 AHFLTT, my), DFEAE< (s, m, t 228 OREFIEE) , E
3CGE) ABRENDDIZRIL, T AT/ T F M 3 AP (he, his, him) 23%<, AFVA/NGRIZ
1L 2 AFR (you) ot 3 AFr (her, she), F7-, 3ahEhG (said) NN ZENININZ D,

4. F&O

UL ECHEBIL7-5912, 61-21JFIC 1%, HAGEORERFISHTOERIEL T, Fiz, ReREK %
FEH L7 B K BED /NP SR OB B E L C, Bix iGN B 2 b b, BEICOWTE 2T,
SN RICRE B KT TRERER Z RIS H CE LR RITREL, RRROAE/)
U RAOND [~ AU R —7 |72 E OFFEIIHELE FREIZ /R DT2A9, ZOLTeT Fe—F i, &
B2 PEHIZ L EE o TR D ELBSUEIFEIHT LWRBZ B 726 T H D EF 2 5,

e
AWF7E1L JSPS BHFE (BRERAIHTFZE (BF2F) ) 20K206991 S350 Rz H Kk~ AL R A —7 |
0% T — A A o AE AR NRAFFEOFRAT ) DB A Z TS,

51 SRR

£ ) IME—ER(2015) 'FROWN/FLOB Corpus 33X BCCWJ 7 — X DO FAERIZ H-O< 3 B %
SEEME R /N T X AT — 2By FOREF DFA 7 : English-Japanese Modern Fiction
Corpus (EJ-MoFic) DHEEE | [ 7 HEELHFFEAT L [FATFEY AN — ] 840, 1-18.

FNHE—BE (2021) [N—2yra—"2A5EEE] & 2 . OHOUER.

=Mrf%7% (2018) Deep Learning (Z&2% Al BFHR O A/ X—av [TV R AGI2=0—
a2 ]55(8), 11.
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Abstract
This study attempts to examine the constructions with complementation (¢hat-clause or
infinitives) and the second-person pronouns in Middle English with the analysis of
ICAMET. The construction treated in this paper is directive performatives, which have
existed throughout the history of the English language. I consider the relationship
between the directive speech act verbs, the second-person pronouns and the
complementation. We cannot observe significant features among them in terms of
quantity except some verbs. Besides, with the COCOA tags attached in ICAMET, it is
discussed whether the sociolinguistic factors such as authors and genres influence the
choice of complementation. In some works, that-cl occurs with vocatives such as sir,
which implies that the finite complement represents a polite function when one can

choose from among different types of complementation.

Keywords
Explicit Performatives, Directives, Late Middle English,

the Second-Person Pronouns, Sociolinguistics

1. 1ILHIZ

PRELIZBIDED—2IZ, MiFOE\Ln’ DD, ERENOLIEERE ~DZE L, T955E
Wz EN LS5 (Los, 2005, Manabe, 1989) ., fli#5 & & W DO BRI DWW T,
Rohdenburg (1995) (2 Ui, FEERHDIEHIN coercive force MRV ENREIN TV,
Coercive force DIRSIX, command Z XU H LT DIETENGA DS HNOIR RSN, — T, [Fl
— DOEEN IR DM A NEZ DB RO 5, AFFETIX, ME 0L EZVELIZRRTHS
PRGEHICE R ZHTT, ST EROBNLE LD —>ThHD, PIURIIZEITLICEITL 2 AP
A& FADOM XSy (thou > ye 52> EABOIE X (that HiAE D) 12OV C, Innsbruck
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Computer Archive of Machine-Readable English Texts ICAMET) & H .0\ LT —#
L, AT O A RENEE R T,

2. FEATHIZE

PEEE TN T, BRI that Hin DA ER], NENOENA FA~EZ T DEMICHHT
&8 Rohdenburg (1995 1¥7)1) (20 /Rr&H7-, Rohdenburg (1995) 1%, Defoe X° Swift /XL
L7516 HhfdD 18 HALICENIAEMEZERIEL T, flif#e coercive force DREIFRIZ DU
C, command X° order #1375, manipulative verbs X RICHELIT 72, THELE
LT, B (that i) LIFERLE (RER) Z R L7286, EREIDIEIA coercive force 7355
WZEZRLTz, that FibAREF~OMEBAIL, b RaE S LA G5 2 Lk L7z Los
(2005) X> Manabe (1989) DFHEIZ LD, FIHIHSGEHNOEDLALDP I > TWZENTREN
W5,

Coercive force (%, RIAMFARELE G- T DA REMD DD, 871 MR AL, Brown and Levinson
(198N 28D 7 = A AZHLEL LI HFRZIZ LD EL T, < OBEMmAMEREIN TV, BiA7
RIARFAOBERIT, HHEFEHNITIFZEAL RO (Kohnen, 2008), T3eFEHICE FIL 722
M3, Jucker (2020) Z1EUHLL TRLEHIL TN,

1T 2 FRRENEA LR o< 2 AFRRA G OUWNT, pray, beseech (D= a—4 L Z'FEH 100 41
%312, Shakespeare DFEE|Z %A L7~ Brown and Gilman (1989) (21~ TC, beseech
IXEDIRAEPEIRD Y RELEL TNDHILATREN TS,

TSI, XN ZIICO LT HHAFEFRIER LG5, Mair (2002) 1%, i3 E
ThoDD, BT THLINDIKE, LNV VD ZEETHOWT, BIRIEGED start & begin
ERIBELUTREEIT o7z, FKREOBATIX, TAVDFZEDOIIINEN L G E L P2, Vv LD
BLETIL, LT start 1THRETHREICOVWT, D6 TIEEI4 TN EN, SRR SCTIEAER
DI ENDZ AR LT,

3. Uh—FF A
3.1 WFFE H B LHFFEaR

FEATIFZEIX BN EGE LS 2t G L Lo A CTh 5%, ARAFZETIE, BURIZRAR T AR A
DL 7o LS A EGEINCE RS2 H TH, LVDIT, RIARRARE 5Lt ALOILOAE —F -7
JRD—>Td% Directives (1T 24+8773) ITHEE 772, U, ZATL, 20, FELFLEEFORH
BOBASITHS, 1 ANHRTEEHTAEREE +2 AHBENGE, HDVNE 1 ABTEH1T4TE
SRENG TR, that+2 AFREREICIREL CGRAEZTT, 317 3X27E R $50D1%, Kohnen
(2008) HIZL- T, HHFE-FHFEHINOHOWON TR E RSN TWDTEH Th D, 2—X
A%, ICAMET #MW\5, 2, 600 B4R 5B IERL TERY, HRFEDa— SR
TR KBEDOEED—2>THHIL, Vvl L ZILHETDH COCOA X273 fHES b7
O THD,
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RO BHUZ DN TE, FHFEMICEAL C, RIA MR R T FEO— 2L THWLT, 2
NRARA G OBFR (Y ) EBUFR (T 5R) OBIREPIE-T 5 ATREMEDR B 5, TFEHNE, 2 AFRMR4
FDEILRNZHODIVTODHIE O, EE OB 2SIV TETD, BT D B
FRIZHOWTE KL RS, £72, Traugott (2012) D fEH#E<°, Helsinki Corpus,
ICAMET |Zff 5-&i7= COCOA #7 DR IHIZ, HRGEIIIH /2T v VDN B 72 R
Tbdhd,

INHOREXOFAEAEL T, EIZ ICAMET Z&EBHZ, IROBIREIZOWT, #maiTi, 1 A
HiZ, 2 AFRRAFALHIEBOBIRIZ OV TER T D, Kt T, S FRERIZER 75, 2
RBAELT, DXV EREROBMRIEIZ OWTE LR T 5, 3 i BIE, 1FH - 1B el o BRI
DONWTELERT D, SEATHIZEICIRSLEIE, RIEFDIZON coercive force 23N 2EN D, T b
OO ANCHDEHEL TED, Vv Uz HOW T, FWEREF L THAI IO~ AZRIFILH &
BV VT, BOBIFELTIZERTHD that find, — 5 CEMAEIILOHET D, HaEE KB
LT WD v LT, HILWER THD RN EFNRIRSND TR HDHE TR TED, Ee,
fifl 2 OAVEZ AR OBIU G- 2 To B DN T, 7 — 2% INET D,

9 >

$ TlE, Manfred Markus KICEVHEINTZ ICAMET ZHW5, X T, ZIWETIC
PPCME2 X° Helsinki Corpus # F7-5x15:E L, RTARRARIIH S ELBUE T M ENHHEHS
A5 1 AFFERE, Z2BONT 2 AFRDS BRYEE, HDUWNT that D T5ED 2 AHROSGE IR
T O DREIZBWT, TR TEFICOWTHEL, pray, beseech 3L HETSH
18 O ENFHZINELT-, ZNHD#EFI%, DSAVs (Directive Speech Act Verbs) &4 14175,

ks, FHEEHIC R OND, RKEEEELTO will 2857501, directives (b, fllod A —
F T 7R THD commissives (TH720I 57280, BN AL THD,

i 2 OVEFINZDUWNT, ICAMET (26 30 C5 The Paston Letters %, Z2XF L2 T FOMFE
WEIILD ET D527 B 5 &iv7z PCEEC (The Parsed Corpus of Early English
Correspondence) Z 552U T, o &ATO 7 #THLT-0, AWFFETITERIN T2,

3.3 Fi&
3.3.1 M DOFIE

KWIC Concordance ZF|HL, ICAMET 75 DSAVs #5875, 2— XA AT B TS
COCOA #7%FIHL, WFFREINCE X D120, <A>(GEFH), <B>(¥AhL), <C>(1itfd), <T>
(Tron) w45,

Hshi=7 =212, RAFTINZOWTIE 2 ABMRATIR T B2 Y Ry, #iEICOWTIE that
HIAREFDNCDOWTE T T EATH, AEFNTIE, FEFEMICAONAREF DO~ —I—Th
%, for to B XLOETH~V—I—%ETe, 7033, AWFITIZIBUNT, #2344 5 a)CRiE 1 0) Th
LHABNET — 2 BRIV D,
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# 1 ¥3Ch o DSAVs SAHs

advise ask beseech bid charge command

Y T Y T Y T Y T Y T Y T

that & 2 0 3 1 48 26 3 5 20 13 23 9
(50%) (75%) i (100%) | (62%) | (63%) | (75%) | (71%) | (90%) | (93%) | (74%) | (82%)

PN 2 0 1 0 29 15 1 2 2 1 8 2
(50%) (25%) (38%) « (37%) | (25%) | (29%) | (10%) i (7%) | (26%) ; (18%)

counsel desire exhort pray rede require

Y T Y T Y T Y T Y T Y T

that i 26 11 1 0 1 1 240 39 1 15 28 3
(79%)  (58%) | (50%) (50%) | (100%) | (75%) i (76%) | (50%) @ (100%) | (93%) i (50%)

Z(H/:Eﬂgﬂ 7 8 1 0 1 0 90 12 1 0 2 3
(21%) @ (42%) | (50%) (50%) (25%) | (24%) | (50%) (7%)  (50%)

4. REREZE
4.1 RQ1: 2 ANFRRA G EAER O RESCBEIFRIZ DN T

DSAVs D95, that i, AEFHOW S 2AHEL 28, £ LISHIEEEHITRLE 12 OF)
FZ ROz, 723, RO FIFBIEREORY) TRLL TW\D, 205D, advise X ask ZILH L
F2EENE, BEAMERN2D, BARIROT L, F72, redelZoWTIE, RNEFIAHTHEL
THRDHNE 1 HNTIEE 720,

B D= DSAVs Thb, beseech, charge, command, counsel, pray, require (Z- O T,
WO DFERERT, AFEEZL LB G EH R LA, 72820, pray I2OWT, Y &, T
REBIZ, that HiRb NI AREREMEALEIGL, AIE R BREL 5%, BRENBIELE 25%T,
2 A& TN LD E D ERITBEINR, o, BUEZ 1A ZRBRE T IZEZA, p.
<.05 DHEZIL, beseech, pray, charge, command, counsel DF-ENFIZOUWT, FLHIR0
olz, T7bH, 2 AFMRAFIEAHEBICTROMBIBIRIT AN, 2 AL FAORINE, A7
ARRAZ KL T SRR THLN, D EGBE I, iR T AR AZ R T RIS
NN THS,

—7J7, require\Z oW, p.<.05 OFEZENALNDIEND, MR BIZB W TTFELE
EBVDOFERTHD, T RORAFDIZI N AEFEAIE L THER DI LN Dol RERDIE
973, coercive force 73E 2 1%, Rohdenburg (1995) (LT ARIEEEI D43 SRS T
Do MHRFEHNZIBNT, Y REHERL T, JWRBFETRTELHE R L WNEZEZ6NL T RE, NiE
FOHE RN ENZEND, REFIZIVIR coercive force BHDHTEIE, — RO BNFIZ L i
SNDHERED,

16



4.2 RQ2: Vv /L EMHEDBARIEIZ DUV T

Dy AEH LR ERDBRIZONWT, WODORHERE RE T, Vv i onTil,
ICAMET @ COCOA #7125 HIIEL THED,

ICAMET (21, 32 DT v WVAZHFRLT-Z 7 M CUvs, Sermons Tl, T X TOMERAAR
T T b, Sermons 1L, HEFOT7 oA RLREFELLRNIDIZ, BETDLENRNT v LT
HHE RIS (Kohnen 2008: 304) , 15 4 sermons Zifi# L 7= Kohnen (2008) (2L iUiZ,
7z A MR ELRET HI2OIZ WO SFET A1 L IR EDTLA RSN TN, 3720
L, 7oA RMRELEERTDUNEENRRND, ZALOBEN OS2 LWERE R L2 L /s
5,

Ef1X, ICAMET ([Z&FEN50 v v OFTH, bobb HEDSENLEINZT Y L TH
HERIED, FlELT, BiFd beseech ZHawTT %, 118 BIHLNAHFIODS G, Ef THNLLDIL
22 Bl CHD, RAFTNZOWTL, HBIIFFFEHOEMIB WL Y R RITHY, AL
THELIARALTL, TXICTY 2 ThHD, fiiflL, that HiNRHLT, X TREFTHD,

4.3 RQ3: 1E& - TESEAIROBRIEIZ DN T

eV VT, 21T, Chaucer DEEDGEAITIAFL TORVDR, IKRWVERTOEZIZOWTE K&
5, 2CD DSAVs ZFAEL7I2E2A, WO DIEMEFIRR LT Caxton OIEMIZEWTI,
that i, 72N E DM ;T 2AHHE L TRIRL CTODEIEE A5, —7F, Chaucer D
The Canterbury Tales \Z 5 $NH56ED—>Tdh%, ‘The Tale of Melibeus’ 3 that-cl DAL
DEZ TR, counsel DTEIZOUNT, Richard Rolle Tl A EFI LR EL TIHAZ L 720
(4 %), —77, Prose Life of Alexander Ti%, 3 XTH that fik Ik 325 (4 1), require DH
HEIZHOWT, T %Ré Y REFELETAHEZEFTLTEHND 5 HllX, Merlin(2 %), Le Morte
Darthur(25), 725N Melusine(1 ) O 31ESRIZOARBIND, 72721, ZilbD 31EMITIE,
that FizRE L THAHIG Roivd, HBEIE Merlin(9 1), Le Morte Darthur(4 ),
Melusine(5 f5) , ZIHD 3 FEMIZOWTIE, that BiEAERE, EX TR LWL
ESND, BlELT, Le Morte Darthur \Z3\ T, that HizEHH11X, WT b sir & & MO
FRELILEL TWD, $70bb, sir MW 6, EXFIL that e V2 El2b, Zo—TJ57
T, REFZEELHNE, sir EOHEIT RSN,

5. &

AT, FHFEHORKBIEO T — 2 THLH ICAMET ZH\W\ T, FHEEGEH 0T 4R
ERDTEATLERMRELT, Z ANHRA T LTS (¢hat Hidy, AEFD) ORSLEARIZOWT
DEEAT>T, MZT, COCOA #7%FIHL, T VAEEZIILD & T Dt E 7B
TEIToT2, A4 G R ORE SRR HOWT, ZLOBENZBWTE, TR, Y REMH
DOFRVFHBAMEIX Lo ol — 77, WL ODDOEFNCDOWTIE, AEFE T RICHRY VSR
RSN, ZOFEFEE, Rohdenburg D7RL7= coercive force 73, HHHFEHIIZ DUV TH i
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N TEDA[EEMEA R TUND, X /I DWW, sermons CIIARE RIS K Y-THHEN T
R bz, 7o, MEEEENRIRTELYE, that §il sir IO LT HREOMNTFEN
HELTEY, RIARRAREWER TH D ARtz rg Lz,

AFRHAETIE, 2 AFMRAFIEHEROMESCEIRIZOWT, RWEN LR -7 BF 13 20
oz, LnL, ZBRRLNRPoTo WY FEFEL, BIRTDIEO A RREORS, HOHWITFEEL T
WIZFREVEARL CWDED RS2, 22T, % OBEEL T, HmliE B L, #La3E 15
HIFHE L E R EATOI L HT D, £, BEDRFHILIITOWTY, ML TW<EEE Th 2,

AT
ABIFEI, ) R R G 0 BRME S R LR A A SR 7 0 T DB A T T2 b D
ﬁ’c“é‘o

7| STk

ICAMET= Markus, Manfred, ed. The Middle English Prose Corpus of the ICAMET.
Innsbruck: U of Innsbruck, 2003.

Brown, Penelope and Stephen C. Levinson. Politeness’ Some Universals in Language
Usage. Cambridge: CUP, 1987.

Brown, Roger and Albert Gilman. ‘Politeness Theory and Shakespeare’s Four Major
Tragedies.” Language in Society, 18:2 (1989), 159-212.

Jucker, Andreas H. Politeness in the History of English: From the Middle Ages to the
Present Day. Cambridge: CUP, 2020.

Kohnen, Thomas. ‘“Tracing Directives through Texts and Time: Towards a Methodology
of a Corpus-based Diachronic Speech-Act Analysis.” Speech Acts in the History of
FEnglish. Ed. Andreas H. Jucker and Irma Taavitsainen. Amsterdam: John
Benjamins, 2008. 295-310.

Los, Bettelou. The Rise of the To-Infinitive. Oxford: OUP, 2005.

Mair, Christian. ‘Three Changing Patterns of Verb Complementation in Late Modern
English. A Real-Time Study based on Matching Text Corpora.” English Language
and Linguistics, 6 (2002), 105—131.

Manabe, Kazumi. The Syntactic and Stylistic Development of the Infinitive in Middle
FEnglish. Kyushu University Press, 1989.
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Abstract
This presentation presents a 20-month longitudinal study on the development of
speaking ability observed in Japanese high school learners of English who participated
in online speaking lessons. Students were divided into two groups: an experimental
group who had taken 20 lessons, and a control group who had only taken 3 lessons.
Speaking data recorded during the time when students took the Aptis speaking test was
transcribed, and the duration of pauses and speaking time was measured. Then the
transcribed data was analyzed from the point of view of fluency and complexity. The
analysis showed that fluency developed significantly, especially in terms of speech rate
and pause time to speaking time ratio. On the other hand, complexity did not develop as
much.

Keywords
Longitudinal Learner Corpus, Fluency, Complexity, High School Learners, Aptis
Speaking Test

1. Introduction

To understand how lessons of spoken English can help Japanese high school students
in acquiring speaking skills, a research team from Tokyo University of Foreign Studies
organized an educational project in collaboration with Sankei Human Learning, Lingua
House, and two high schools.

High school students took 20 lessons in spoken English and had free conversation
with teachers from the Philippines using Zoom. Students also wrote essays on the topic
of each lesson, and filled in surveys to evaluate their progress after each lesson and

record what was most difficult for them. Each lesson lasted about 25 minutes, and 32
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students started the lessons in the first year, November 2018, and completed the 20th
lesson in the 3rd year, July 2020.

To understand the contribution of the lessons, it was proposed that a 3-lesson control
group consisting of 22 students who only took 3 lessons (lessons 15-17) in the 2nd year,
January-March 2020, also participate in the project. Both groups used a textbook written
by members of the research team. Two research questions were posed:

Research question 1: Do online lessons of spoken English held monthly for 20 months
positively affect the development of fluency and complexity in Japanese high-
school learners of English, and which aspects?

Research question 2: How different are the fluency and complexity of English spoken
by learners who have been taking the online lessons for 16 months in comparison
to the English of those who have not taken such lessons?

Data was obtained from video recordings of 25-minute lessons. Video and audio data
were transcribed manually, and the transcribed texts of selected learners were divided
into units of speech. The ELAN software was used to measure the free conversation time

1n each lesson.

2. The APTIS test
Data was obtained from video recordings of 25-minute lessons. At the end of the
project, all students took the APTIS speaking test in September 2020 in the 3rd year.
The APTIS test is a test developed by the British Council, based on the Common
European Framework of Reference. It consists of 4 parts:
Part 1 (A1/A2 level), in which students answer three simple questions about their
background and experiences. 30 seconds to response to each question.
Part 2 (B1 level), in which students describe a photograph and answer two questions
related to it. 45 seconds to response to each question.
Part 3 (B1 level), in which students describe and compare two photographs, and
answer two questions. 45 seconds to response to each question.
Part 4 (B2 level), in which students answer three more abstract questions.
1 minute to prepare a response and 2 minutes to answer all questions in one go.
Students’ speaking and grammar & vocabulary skills were also evaluated by the
British Council and average scores were calculated for the two groups (Table 1).
The difference in speaking score was greater than that of the grammar & vocabulary
score, which may indicate that the main effect of the lessons was on speaking skills and

not on language knowledge.
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Table 1 Average APTIS scores of the 20-lesson and 3-lesson groups

Speaking Grammar & Vocabulary
20-month group 32.19 36.38
3-lesson group 28.27 34.41
Difference in score 3.92 1.97

3. Data elicitation and method of analysis

8 learners were selected in each group (the 20 lessons group and the 3 lessons group)
to analyze fluency and complexity parameters in the APTIS speaking data and compare
them between the two groups.

Speaking data was recorded and manually transcribed using ELAN. Speaking time
and pause time were measured. Next, the texts were divided into AS-units, and analyzed
for fluency and complexity using Microsoft Excel.

An AS-Unit 1s a single speaker’s utterance consisting of an independent clause, or
sub-clausal unit, together with any subordinate clause(s) associated with either (Foster
et al. 2000).

The following parameters were measured to evaluate fluency:

a) Speech rate: words/min;

b) Ratio of pause time to speaking time: pause time/speaking time;

¢) Number of pauses per minute: number of pauses/speaking time;

d) Ratio of fillers to unpruned words: number of fillers / number of words including
disfluencies;

e) Ratio of repetitions to unpruned words: number of repetitions / number of words
including disfluencies;

f) Ratio of self-corrections to unpruned words: number of self-corrections / number of
words including disfluencies.
For complexity, the following parameters were used:

g) Mean utterance length: number of words / number of AS-Unit;

h) Overall number of words;

i) Ratio of subordinate clauses to AS-Units: number of subordinate clauses / number of
AS-Units.

4. Results
4.1 Fluency
Fluency is a complex property of L2 performance related to speed of speech, pause

phenomena, and the impression a speaker leaves on a listener (Segalowitz, 2010).
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Figure 1 Pruned Speech Rate Aptis Speaking Test

Pruned speech rate Figure 1 shows that the 20 lessons group displays

a higher pruned speech rate than the 3 lessons group.

60

40 In part 1, which corresponds to CEFR A1/A2 levels,

20 the 20 lessons group showed the best performance,
0 but in other parts their performance was lower and

Part1 Part2 Part3 Part4 . )
comparatively did not change much. In contrast, the

20-month ™ 3-month
performance of the 3 lessons group clearly improved
between part 2 and part 3, which can be explained by the fact that to describe two
pictures in part 3, the learners used simpler constructions with a higher speech rate.
Figure 2 Ratio of pause time to speaking time

Figure 2 shows that the 20-lesson group produced

Ratio of pause time to

speaking time fewer long pauses than the 3 lessons group. Their
2 ratio of pause time to speaking time was below 1 in
1 all tasks, which indicates that they spoke more than
0 they kept silent. In contrast, the 3-lesson group

Part 1 Part2 Part3 Part4 . .
ar ar a a produced more silent pauses than speech in all

20-month 3-month tasks.

Figure 3 Number of pauses per minute

Figure 3 shows that the number of pauses in both
Number of pauses per

minute groups was almost the same except for task 1, where
25 the 20-lesson group slightly outperformed the 3-
20 lesson group. This means both groups tended to
15 produce the same number of pauses in more difficult

Part 1 Part2 Part3 Part4

tasks, but the length of pauses was significantly
20-month 3-month

shorter for the 20-lesson group.
Figure 4 Ratio of fillers to number of unpruned words
Figure 4 shows that the filler ratio is higher

Filler ratio
among the 3-month group in the first half of the test.

40

That illustrates that the 3-month group produced
20

more filled pauses, which contradicts the pattern
0

Part 1 Part 2 Part3 Part 4 observed during dialogues with teachers when both
90-month  ® 3-month groups showed the same performance. This may
indicate that the effects of taking lessons for 20

months showed up in a more predictable environment, where students were more
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relaxed. Also notable is the fact that the performance of the 3-month group improved
during the test, and they produced less filled pauses in the second half of the test.
Figure 5 Ratio of repetitions to number of unpruned words

. . To a lesser extent one can observe the same
Repetitions ratio
920 result in repetitions ratio, as figure 5 shows.

10

, mn HR ull ®

Part 1 Part2 Part3 Part4

® 20-month 3-month

Figure 6 Ratio of self-corrections to number of unpruned words
Self-corrections ratio However, the self-corrections ratio did not show

10 clear correlations, as figure 6 shows.

5 L 1

Part 1 Part2 Part3 Part4

® 20-month 3-month

4.2 Complexity
Figure 7 Mean utterance length
Figure 7 shows mean utterance length among

Mean utterance length . . e
& the two groups. It is relatively similar for both

10 . . 4. .
groups, which may indicate that the lessons did
5
I I I not have any influence on syntactic complexity.
0
Part 1 Part2 Part3 Part4

H 20-month 3-month

Figure 8 Overall number of words

Mean utterance length However, the 20-month group tended to produce

100 more words, as illustrated in figure 8. This

0 I indicates that while word production rate and

, | [ | B therefore fluency increased, students did not gain
Part 1 Part2 Part3 Part 4 the ability to build more elaborated utterances.

®920-month ™ 3-month Finally, analysis of the mean subordinate
clauses ratio was conducted. Subordinate clauses

were quite rare except in part 4, so it was decided to analyze subordinate clauses only in
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this part. Analysis shows that the mean ratio of subordinate clauses to AS-units was
0.48 for the 20-month group and 0.57 for the 3-month group. However, this does not
illustrate that the speech of the 3-month group was more elaborated. Absolute numbers
of subordinate clauses were between 3 to 5 in both groups, and the types of subordinate
clauses were rather limited: they were introduced by the words “I think” and such
conjunctions as “when” or “where”. That means students in both groups used a similar
limited inventory of syntactic means to express themselves, and the 20-month group did
not tend to use more subordinate clauses than were minimally needed. But as the
number of words and AS-Units in their responses were higher, the subordinate clause

ratio ended up being lower than that of the 3-month group.

5. Conclusion
The comparative analysis of fluency and complexity of the two groups of students

showed that 20 months of English conversational lessons had positive effects on students’
fluency. affected, and effects were observed the most in speed and breakdown fluency.

All three components of fluency were affected, and effects were observed the most in
speed and breakdown fluency. However, the effects were less evident in repair fluency,
with less significant differences in the ratios of fillers and repetitions, and an absence of
any correlations in the ratio of self-correction. At the same time, lessons did not have any
significant effect on the syntactic complexity of students’ English.

Therefore, we may conclude that students who had taken additional lessons of spoken
English once in a month became more confident and could produce more words with less

hesitation, but their English did not become more elaborate, at least syntactically.
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Abstract
In this presentation, we will give an interim report on the progress of Parallel Link (Ver.
1.0), an online analysis tool for Japanese-English and English-Japanese parallel corpora
that we are currently developing. First, we will review the Japanese-English and
English-Japanese parallel corpora and analysis tools that have been developed to date.
Next, we will report on the progress of Parallel Link (Ver. 1.0) under development,

especially focusing on rebuilding and refurbishing the existing parallel corpora.
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2. TUFR) "Z 1Ll 7] (Ver.1.0) OBAFEIZIANT T
INETOHRHFE - AT Lba—s"2 (Bfg0) ORWAE=ZT, BEE TICAR S Twn
D AYE JFEHNRT L3 — 2Ll LIRR TE D24 0 T A Uiy — b [ (RFR)
N7y 7] (Verl.0) #H FRBEH CTH L, KEiTIZZEDOT 1 h ¥ A7 L7225 Ver.1.0
WCBLT, BCHEHTEDa— SR LT XA ML B0 BEEEIC OV THRIET 5,

2.1. TU#R) ~Z Ll 7] (Verl.0) (ICH#ETED/NT L a—/R 222N T
AR —/v (Ver.1.0) OFIFEIZINL S, BEIFD/RT LV a— 207 —2 8 LT,
BIES T, fRE LA AT L a— 2% [AEY 7 % A fLa—/3Z Japane
se-English Subtitle Corpus (JESC)| (https:/nlp.stanford.edu/projects/jesc/index_ja.ht
ml), [HIES%FR =2 — 3% (LAW)] (http://www.phontron.com/jaen-law/index-ja.html),

KRB A—7 > Y — 2 A gkt =2 —/3Z2 (OPENSOURCE) | (https://www2.nict.go.jp/a
strec-att/member/mutiyama/manual/index-ja.html), v+ % —BIZLFHORGAHTT —
% (REUTERS)] (https://www?2.nict.go.jp/astrec-att/member/mutiyama/jea/reuters/inde
x.html), TSCoRE Hffl==—/%2 (SCoRE)| (http://www.score-corpus.org/), [ HHxfFRL
sty —4% (TAIYAKU)] (http://www2.nict.go.jp/astrec-att/member/mutiyama/alig
n/index.html), [Tatoeba H#ZxtFR =—/32 (TATOEBA)] (https://tatoeba.org/), [TED T
alk H3E=—/"2 (TED) (7=z72L, B 7 U ARAMATIER *FHT 7 A L(ssa BT 7
A W) HAERR) | (httpsi//amara.org/en/teams/ted/videos), [Wikipedia H #mU#] B E# U3
®fER 22—, 2 (WIKIPEDIA)] (https://alaginrc.nict.go.jp/WikiCorpus/) Dt 9 FETH 51,

# 1 BT L L a— S 2Ot sH & 55z T

T—RRA4 KRR EH (AAEE g (3EER)
JESC 330,102 2,736,837 2,222,329
LAW 262,448 9,264,891 9,608,555
OPENSOURCE 505,780 6,927,281 5,018,603
REUTERS 70,120 2,068,681 1,740,428
SCoRE 10,459 160,337 101,562
TAIYAKU 110,909 1,905,586 1,399,650
TATOEBA 208,013 2,080,831 1,601,860
TED 518,233 4,657,169 3,247,654
WIKIPEDIA 443,849 9,132,894 9,806,199
=i 2,459,913 38,934,507 34,646,840

L a— R« TS UNOIEEE, OB E TIZNR Y ON—RARH LT, MEiEa— R L8
NT L A= NADRFERE K, ZOIERNZEIE 10 FELTIEZTRIE EEATHWRVWRRTH D, Lo
T, BHEONRT LV a—R252—BRRTED LOICHRE Lz TURRR) 7 LAl 2] i3, BFER
EREDIEHT LV RTERRES A S,

26



728, KT =737 L)L a—/3& JParaCrawl (1000 55xf) (http//www.kecl.ntt.c
o.jp/icl/lirg/jparacrawl/) HINERTHZ L EMRFFTLTEN, /A ANRZNWZ oA EITED
TWRW, £77, THTFI v 7080 /RF L)L a—,3Z Asian Scientific Paper Excerpt
Corpus (ASPEC) (300 J5%}) (http://orchid.kuee.kyoto-u.ac.jp/ASPEC/) DUk AxET L
T, ARG — LTI RABZBIEL TS Z 0D, FFEHMICIRE STV 5 2%
T—RABED TRV, — 5T, {ZF (2020) TIIMER KT ~DH K - S A5 R —
NRAZGOLHEMAECHN TN 22 &b, /A ABRZLNLOOLENL JESC 2505
$HEE 5T, E72, TATOEBA 22—/ S 2AD LI/ o - HP o — 3 2%, AR S8 7%
AL EBHEDT T L7/ 16 RN D720 a— /S A TH DD, Rt UNRIED 40% % &
WHIENLEDDZ LIT LIS,

7%, BB B TIL SCoRE Ml 2 — A ZIEH T2 Z L BRETH DN, SiEFHRD
HriZBI L Tlx SCoRE < flt 8 FD /(T L b a— 2 &N E & hh Ly (F,
2020 ), £z, T — /SRR THEGHT (Vv b LY RZ—5047) ZH[REICT 5720,
Ba— AP A ARELHZEHHRL, 33— 2T 212 100 HiEbh- 0 OAREE LY T
TN N TRRTOMELFEETETHDL, LR, SEEHTED 9 o a—x
ATZTTIE, BB LT2WEE « A+ 2 BFRBIMG DR WATREME S & 572, Ver.2.0 LA
fETIL, A& EZ Rk -7z JENAAD (H BB F RIS 7 — #)X° ASPEC (Asian
Scientific Paper Excerpt Corpus), Hiragana Times (HZExaR 2 — /R A5 — 2NNz T
HIEa—XZ20BMELHHL, TNHDOT7r—~ v FEHEH -T2 TETH DL

2.2. TUFR) xZ 1Ll 27] (Verl.0) OFT XA NI -7 )7 —a v
BNTVUNA—=NADT =~ bt —FT 57207 A MLBLZE L, SEEICILM
P, HARREICIIERERIERZ 5 L=, £ L, BlackLab query tool % f\ T2k
KOA T v 7 AEAER LT3,
P, FUAMBEL LTF VA MDY V==, v a—F 4 v 7Ofi— (UTFS),
Ty O, BT A ID O 5EHE L, B, $HRT 7 A LO¥ T (T
ED) Th %,

2 NEFIAITBELHEBTHLZEnD, —BARAD 37 L) v 7 Jicnax <, ERFEERE LR
e o [/37 LY 7 PROJ OBF G FIREARR Y D2\, KR, #%EFD [/XZ LY 7 PROJ
T, Bl 2, AREOHE _ZH N PO E 2> TMBITHEET ORI AT LLa— 22 EHTHZ LT
i 2 O SFEMF RIS, FrEREE COEAN BRI,

3 TEMEIZIE 146,784 LS HAGE L WEEOM T TENPNTE Y, BnE T U ARKY:, BXOE I NFEYE
TT727E, IR T45 3B L OWMENH D (http//hihan.hatenablog.com/entry/2019/01/20/070254) , ¥ 7=,
AT ADHTZY 300 HOXEEZFR LI &b, FEREDSZEIFET 52— TEED AR ANKFAENH
R7aycy MIBMULIZTOBERNRES > TV A AEELH Y, BWMEETERWVENI RENH D,

4 7272 L, JENAAD (ZREICEERA DK T LT DT, MHAZFECEANEET S (JENAAD OFE
At ARG T 50 FRETH 5), [FEEIC Hiragana Times HEXFR T —R2AF—Z DT HF I v
7 a— AT KD 40%3] & D 150 HFEE TR ARETH 5,

5 BlackLab query tool {Z- 2V TIXLL T 22 M https://inl.github.io/BlackLab/query-tool.html.
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WIZ, ShEafEw - IhERmiE R a5 Lz, £, %3S L T3, Stanford POS Tagge
r (https!/nlp.stanford.edu/software/tagger.shtml) %\ C, E£JEE, L~, maie L
BT DA G Uiz, £70, RAAGEICE L CIIERESRMNTE: Janome (httpsi/moco
beta.github.io/janome/) ZfEH L, £JEF, fh5HR, el BT 2 EEREREZ 5 L,

WSER7 7 ALY > 7L (TED)

TED 00001 0000000001 I'm going to talk to you tonight S BFEL T 5D

TED 00001 0000000002 about coming out of the closet H I > 777 MZDWTTY

TED 00001 0000000003 and notin the traditional sense W3 [HI> 77 k]

TED 00001 0000000004 not justthe gay closet. A7 &FTHRBIF2Z & TlEH Y FHA

TED 00001 0000000005 | think we all have closets. F#L H/0MCBEEE->TWE T

TED 00001 0000000006 Your closet may be telling someone ZD#%AICENTWLWSDIE

TED 00001 0000000007 you love her for the first time HENHDTEDEREZTBH I &

TED 00001 0000000008 or telling someone that you're pregnant #E4RL 7= &

TED 00001 0000000009 or telling someone you have cancer > THd I L %EmAD I e LNELA
TED 00001 0000000010 or any of the other hard conversations MIZHF7= BN AL TRERT 52—

2.3. TUEFR) "Z LU 2] (Verl.0) ORIRRA VT v 7 ZADVER

D%, BIXEA T v 7 RAAF LT, 3EL<IL, ERRomEER, BEmiERE S
¢» Blacklab Query Tool (https://inl.github.io/BlackLab/query-tool.html) @A > 7R— k=7
7 AN LTz, 7 7 A NVERIL XML TH 5,

al V= k77 ALY 7L (TED %)

<?xml version="1.0" encoding="UTF-8"7?>
<docs>
<doc corpus="TED" subcorpus="" fid="00001" sid="0000000001" type="en" counterpart="5k% &
ELITHDIE">
<s id="TED::00001:0000000001">
<w p="PRP" I="I">I</w>
<w p="VBP" |="be">'m</w>
<w p="VBG" I="go">going</w>
<w p="TO" I="to">to</w>
<w p="VB" I="talk">talk</w>
<w p="TO" I="to">to</w>
<w p="PRP" I="you">you</w>
<w p="RB" I="tonight">tonight</w>
</s>

</doc>

a Vv R—FrT77A40LY > 7L (TED BAER)

<?xml version="1.0" encoding="UTF-8"?>

- <docs>
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<doc corpus="TED" subcorpus="" fid="00001" sid="0000000001" type="ja" counterpart="1&#x27;m
going to talk to you tonight">

<s id="TED::00001:0000000001" corpus="TED" type="ja">
<w p="%45A,BIFARIBE,* " |="S " > S </w>
<pu> </pu>
<w p="&F, P EERE " I="BEL >BEL</W>
<w p="BhE, B **" =" B ">TF B </w>
<w p="Z&,IEB I, I="D">D</w>
<w p="BhEA,RBHEA,* " I="12" > ld</w>

</s>

</doc>

2.4. 7 7 A VEEH

WG DT 7 AN T 7 AN EREL ST T 3 D7 /14 (formatted; annotated;
blacklab) = & Z#FE L 7=, formatted 7 # /L Z121%, /XT L)L a— RAOEE I LI 9
oY 77404 (JESC; Law; OpenSource; Reuters; SCoRE; Taiyaku; Tatoeba; TED;
Wikipedia) ZHE SN TEY, = a—7 ¢ 713 UTF-8 THt— L T\ 5, annotated 7
F 20, formatted 7 AV FICHEHE—T H—~ v FDOIT—RAF—H|ZT )T —7
NEREMG LI 7 7 A NVEIIL TS, 77 A NVD 7 +—~ > MI XML 77 A /LT,
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FEFED XML 7 7 A VD HE ST 5, blacklab 7 #+ /L 4121%, BlackLab Query Tool &
AT I AT 7 ANDBIIS TN D, BERY — N D/Ny 7 2 FORE Z R,

3. S DORE
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IVEEGT B ENAREL 2D,

7k, KV —v (FfBIZIE Ver.3.0) OSERIZITN 10 FFRRELZ T 52 L4 RIAATE
D, HAHL LCHBIEAR SN TSR TOHRE - AT L a— 20 A BT,
T2, BEa—RAOEHLHMF LIV, T LT, VI TnTdr AT —Larya—4F
Y —OmRBEERE D EE Lo, ek, R - 7T x s b - A9F (2014, pADIZ KL
X, VX anTdarrA )78, TN LOREINTERBERHESINT, 3 —
AMOEER IR ZA T Danlr—va COEREME Lo R %, SOERF—0 T e o
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Ver.2.0 9fE+ o A3 (LXTWLT LX) SUESZ V¥, SCoRE, fito =
*2027 FEH YEEIARLRA mTUyAT—),koH YmTyA4 HEFERRK, — N R IF
\ZBHFE T a—_2ETe (Vv aLrunzy F— ParaConc @ Hot Natural Reader
A7) Words #fg72 & ZIEMT 577 L
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kIS, —Ma—F =Rl b T, FEEFRECSORER - MER (), MREEEY, 5
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EHFHNZE L TR 2o s L7z,
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Visualization of Topic Models Using Multiple Measures:
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Abstract
Textual analysis using Latent Dirichlet Allocation(LDA), a generative probabilistic topic
model, is recently applied in various fields including literary studies; however, it also
requires much effort to mine meaningful topics from huge output data. This study,
therefore, aims to develop a simple but interactive visualization tool. We also attempt to
reflect various diagnostic measures, such as 'document entropy', 'coherence', and
'effective number of words', in the displayed graph to make exploratory analysis much

more easler.
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1. IIC®IZ
1.1 HHEDH =

AR, BMEE 7LV RLO—>2THDH M v 7 ET /L, R Latent Dirichlet
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Auxiliary Verb Use
—The Case of Will—

NEWBERY-PAYTON Laurence
(Tokyo University of Foreign Studies)

Abstract
This study analyzes use of the modal auxiliary wi/l in writing by L1 Chinese and
Japanese learners of English using data from the International Corpus Network of Asian
Learners of English. Lower proficiency L1 Chinese and L1 Japanese learners overuse
and underuse willrespectively. Chinese learners’ higher frequency of use can be partially
attributed to their use of will to express non-future meanings, analogous to functions of
the Chinese modal auxiliary hui. Japanese learners, who lack L1 functional equivalents
to will, exhibit underuse as well as omission in obligatory contexts. However, these

trends are restricted to one of two essay tasks, suggesting task-related factors.

Keywords

learner corpus, auxiliary verb, modal verb, L1 influence

1. Introduction

This paper analyzes use of the modal auxiliary will by Japanese learners of English
(JLE) and Chinese learners of English (CLE), using data from the International Corpus
Network of Asian Learners of English ICNALE). Analysis reveals significant differences
between JLE, CLE and native speakers (NS) and suggests that the presence or absence

in L1 of functional equivalents to wil/ may be one cause of differing trends of use.

2. Literature Review

Nakayama (2020) reports that JLE overuse can, should and must, but underuse wil
and would in ICNALE’s written component. He suggests this reflects the greater
difficulty of epistemic modality markers, but does not consider learners’ proficiency levels.
Nakayama (2021) finds that JLE at A2 and B1 levels underuse could, might, would and
will in spoken language, and use modal verbs to express deontic modality more
frequently than epistemic modality, contrasting with native speakers. However, the
analysis combines multiple modal verbs so the findings are difficult to interpret.

Xiao (2017) compares data from learner and native corpora and reports that CLE
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overuse must, should, will and can, but underuse would, might and couldin their writing.
Xiao’s analytical framework, which groups will with other “middle-value” modals, would
and shall, cannot adequately explain the high frequency of use of will.

Yang (2018) reports that modal verbs appear more frequently in learners’ academic
writing than in published academic papers, and that learners overuse can, will, could
and would. Yang (2018, p. 127) suggests that one-to-one translations of modal verbs in
course books may cause pragmatically inappropriate uses of shouldby CLE. The current
paper considers the possibility of a similar process occurring in the use of wil/by CLE.

Newbery-Payton and Mochizuki (2020) explore this hypothesis in their analysis of L1
to English translations by CLE and JLE. Errors of omission of will appear exclusively in
JLE data, while errors by CLE are characterized by inappropriate use of wi//in habitual
senses. Newbery-Payton and Mochizuki show that while Japanese lacks equivalent
auxiliary verbs, potentially contributing to errors of omission, the Chinese auxiliary verb
hui shares similarities with will, so CLE may equate the two.

Tsai (2015) distinguishes 5 uses of Aui as a modal verb: ability, future, epistemic,
dispositional and generic. While future and epistemic uses correspond to uses of will,
dispositional (1) and generic (2) modals are less typically expressed using will. The two
are referred to below as “non-future” uses of will. If CLE use will analogously to hui, we

expect increased or even infelicitous use of “non-future” wil/by CLE, but not by JLE.

(1) Waijiaoguan changchang hui lai zheli. [dispositional modall
diplomat often tend.to come here

'Diplomats often tend to come here.'

(2) Shui hui wang  dichu liu. [generic modal]
water HUI towards low.land flow

"Water flows to lower places.' (Tsai, 2015, p. 278)

3. Research Design
3.1 Aim and Research Questions

The current paper develops the analysis of Newbery-Payton & Mochizuki (2020) by a)
using a larger data set; b) conducting statistical analyses; c¢) using a different task
format; and d) including comparison of learners at different proficiency levels as well as

NS. The research questions are as follows:

RQ1: To what extent do CLE and JLE differ in their use of the modal auxiliary verb wiil?
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RQ2: To what extent does the use of willby CLE and JLE become more native-like with

increasing proficiency?

RQ3: To what extent can the use of wil/by CLE be explained by reference to L1 forms?

3.2 Data and Method

Data is sourced from the Written Essays module of ICNALE (Ishikawa, 2013), allowing
consideration of Li1-, proficiency- and topic-related factors in the analysis. The two essay
topics, “part time job” and “smoking”, are abbreviated as “PTdJ” and “SMK” below. 48
essays on each topic were randomly selected from the data sets for JLE and CLE at A2,
B1-1 and B1-2 level. B2 learners were excluded from the analysis due to data size

limitations. Data was processed using AntConc. Table 1 gives a summary of the data.

Table 1 Data Summary

PTJ SMK
A2 B1-1 B1-2 A2 B1-1 B1-2
CHN 10923 11972 12287 CHN 10713 11203 11438
JPN 10933 10540 11057 JPN 10423 10349 10850
NS 10774 NS 10626

Total Files: 672 / Total Words: 154,088

4. Results and Discussion
4.1 Quantitative Analysis

Figures 1 and 2 show adjusted frequency for JLE and CLE on the PTJ and SMK tasks
respectively. Black dotted lines show the performance of NS on each task. CLE display
more frequent use of will than JLE on both tasks, but the two figures otherwise show
different characteristics. There is greater variation in the SMK task and an apparent
proficiency effect. In other words, learners approach native-like frequency of use as
proficiency increases. In contrast, there is relatively little variation between learners
and NS in the PTJ task, and little apparent effect of proficiency affecting frequency.

A Kruskal-Wallis test (df=6, »x 2 =57.334230, p= 1.563306e-10) revealed that the
groups were not homogenous on the SMK task. Results of post-hoc tests (Dunn method,
adjusted with Holm FWER for multiple comparisons) are reported in Table 2. A Kruskal-

Wallis test on the PTdJ data found no significant difference between groups.
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Figure 1 Adjusted frequency (per 10,000 words) of will in “Part Time Job” task
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Figure 2 Adjusted frequency (per 10,000 words) of will in “Smoking” task
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Table 2 Dunn adjusted p-values for pairwise comparisons (SMK)

CLE_A2 CLE_B1-1 CLE_B1-2 JLE_A2 JLE_B1-1 JLE_B1-2

CLE_B1-1 2.89E-01

CLE_B1-2 3.52E-02* 1

JLE_A2 5.93E-09* 0.000535* 0.014145

JLE_B1-1 5.98E-07* 0.011524* 0.120829 1

JLE_B1-2 1.10E-05* 0.051651 0.364192 1 1

NS 1.86E-02* 1 1 0.027439* 0.207126  0.537358

The significant differences (shown in bold) can be summarized as follows. CLE at A2
level use will significantly more frequently than almost all other groups. CLE at B1-1

level also show significantly higher frequency of use than A2 and B1l-1 level JLE.

40



Comparing learners to NS, A2 level learners show significantly higher (CLE) or lower
(JLE) frequency than NS. No significant differences were found between learners at B1-
2 level or between these learners and native speakers. In other words, non-nativelike
frequency of use was limited to lower proficiency levels. This provides answers to RQ1
and RQ2: CLE and JLE differ significantly at A2 and partially at B1-1 level; from B1-1

level onwards, the frequency of use by learners becomes more native-like.

4.2 Qualitative Analysis

RQ3 asked the extent to which the “non-future” uses of the Chinese auxiliary hurs
might influence CLE use of will. Instances of will were considered “non-future” if they
expressed current states of affairs and could be replaced with present tense forms with
minimal change of meaning, as in (3). Contrary to expectations, A2 level JLE showed
similar uses (4). However, as proficiency increases, non-future uses of wil//become largely

limited to CLE (Table 3), providing partial confirmation of the prediction for RQ 3.

(3) There are many people who like smoking, even in the public places they will take a
cigarette in hand. W_CHN_SMEKO0_289_A2

(4) Especially, in the restaurant, many people will enjoy eating and talking with friends
or families. W_JPN_SMKO 344 A2 0

Table 3 Frequency and proportion of non-future uses of will

A2 A2 (%) B1-1  B1-1(%)  B1-2 B1-2(%)
CLE 20 0.178571 18 0.2 11 0.152778
JLE 5 0.208333 3 0.085714 1 0.02439
NS 1 0.017241 1 0.017241 1 0.017241

Finally, omission of wil/in conditional clauses — where Chinese uses Aui, but Japanese
requires no overt morphological form — are largely limited to JLE. The presence or
absence of a (partially) equivalent morphological form in L1 may lead to increased or

reduced salience of the L2 form for JLE and CLE respectively.

Table 3 Omission of will in obligatory contexts (conditional clauses)

A2 A2 (%) B1-1 B1-1 (%) B1-2 B1-2 (%)
CLE 3 0.037037 3 0.058824 2 0.05
JLE 10 0.138889 12 0.173913 13 0.168831
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4.3 Task-related effects.

As already stated, differences in the PTJ task were not statistically significant. While
neither essay topic discourages use of will, SMK is arguably more conducive to writing
about hypothetical future events. Adjusted frequencies are higher in 5/6 learner groups
(the exception is B1-2 CLE), but for NS, frequency of wil/is actually higher on the PTJ

task. More thorough analysis of task-related effects will be required in future.

5. Conclusion

This study revealed significant differences in the use of wil/by CLE and JLE at lower
proficiency levels, and has suggested one cause. Analysis was limited to L2 writing, so
spoken data from ICNALE should also be analyzed in future. Online processing demands
during speech may cause higher rates of omission, particularly at lower proficiency levels,

though how this relates to LL1- and task-related effects remains to be seen.
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Developing Classroom Corpus Tagger: A Spoken Language
Tagger to Compile Classroom Corpora
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KATAGIRI Noriaki (Hokkaido University of Education)
OSHIKIRI Takao (Toita Women’s College)

Abstract
This study introduces the Classroom Corpus Tagger (CCT), which automatically
generates tags for transcribed utterances by lines. The construction of a classroom
corpus requires tagging of speakers, languages, and activities according to the
annotation design (e.g., Ohashi & Katagiri, 2016). The CCT uses JavaScript and
automatically determines the language and assigns language (Japanese or English) tags.
Multiple types of speaker tags can be set as desired in the CCT, which will also be
attached automatically to the transcribed utterances. As a result of an experiment
examining the validity of the CCT tagging, the errors seen in manual construction were
not observed when the CCT was used, showing that CCT was more accurate and less

burdensome.
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PR — X, I, reflective practice
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SRR E A — N AOHEEIL, RELRVIRY | g~ LE < reflective practice DAL &
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FL,MOBREL T D 2 & THEIMATOME L b2 V155, R¥Ea — /S AREITITH
Rip%—07T, A—/SAEITES LR A OREIRAFHL TE TH7wy, FEITo=—
INAEFITS T ETOI A BRI DTV, £ 2 TAIETIE, RET— " AREL RS
(2T D7, FEEEE LHEA SRS T BBV Z 5 — L BRAFEIZHL D MLA T,

2. FEATHIZE

RET—NZAOWEIL, IC La—F—FOMM TEFzaE L, EIEZ LE1T 9,
T RADN D MBI ET 2 X T 7 v a a5, #Ea—x
A% XML (Extensible Markup Language) - A% > A (LLF XML & Z5d) CHEfE S
IZCTHEEET 5 L BRI THH XML 25 2 & TAEHAZ Y 7 2R ERIIS U TER L,
SRkt wmAE TEW) & TR T TRk T 562 &nTE 5, il LT, Katagiri &
Kawai (2016)i% XSLT (XSL Transformations) % F\7=ikafii& sl b D= D A F—~
IR L, XSLT " bR ENTORFEZ ML T 2610, #¥E a3 — 22 S50 TICFINT 5
TEEFEIT LTz,

TERL L7237 — /R AL XSLT %° Perl A7 U 7 b7 ETHMT —Z Ot 2175, AA
RO EX R Z LORE, HEFRAKL LY &5 LT LT OB ERHEBLL, 77 AV
ZDHLODOFHHIY DEFEENRKITDHZENH Y, Perl A7 U7 N TF—4 i+ 28
DIEEFE LD 55, ZDd, BfFa— "2 THEMAT 23— FEROFRRE L LT,
Unicode 5z O A HERE 72 (A - KiG 2016),

BEE CICHARTORGEREL R, ESEZ LTENEPOBELRE T — S Z2Df]
& L C. Ohashi(2015), Ohashi & Katagiri (2016)23%(F 5415, Ohashi (2015) CiE3a6
OFEFEICEOE T 24 FEEO R DX Va5 Uiz, 8BNS, HEDA 7y M, FHE
DT Y Ny b M OEREICET MR X I3 ESnTWb, ¥ 7 5IEFEThH
O EINIETH T EAE LT, R T a— SR T A AT I ERE AR E O R D
FENE LTS 2 E L, Uy 2 UREe £ Pl ME RIS T2 2 R O xR
Z % L7, Ohashi & Katagiri (2016) T3kl O BURAGFLT 23538 F OB IC & OFR R
A HZDDONERD D, HETD3EEE Z<explicit></explicit>& 73309 5 ¥ 7 2 5L, ¥
AhA R, BdE b5 2 & THOMNCRIA L7z, X113 Ohashi & Katagiri (2016) X ¥ i
H L7235 TH %,

1 #Z3a—/ 2D %55 (Ohashi & Katagiri, 2016)

<st><eng>Please stay here.</eng></st>
<st><eng>Please stay here.</eng></st>
<hrt><j>> TE>T5H4, 1T\, <f></hrt>
<explicit id="1">
<hrt><j>Z L E I VI BRLRDON-TZ LTI, T, <4>
<G>STEND ZZITFE T TEKR T, <f></hrt>
</explicit>
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¥ — A TFERE L -VIAEICEA T 5 Z £ L AfETH D, Ohashi & Katagiri (2020)
TlX, BARTONEGERZEICB T 2B HICES 2 H T, /NERIGER ¥ o — N A 5
%, ZEHORFEO B Z4hH L, CEFR-J wordlist T8 S5 55555 L ~ULICH Y D FEHED
HRHRERAE Lz, 23— RRACEENT 4 7T AORET, M THEAZHERES LT
% Al LoULEREEOM FERITFY) 11.8% K<, RENTORBEMEA LT Z L RE
S,

TOEHIC, REa—NALEL, RENTORE, FBEOFT—4 2581, Tt
THZLETHNOEEE U CHATLZ ENREL /oD, Mk EOENT —4Th-T
b, FEEOHMICEN D RFHEED DY — 2L LTHHTE 5720, BIED 7= 0I2i%
AT&D—FHT, FEITOX /HEIIRKEDOHRZEL, THHLRKEIW=D, BHITHERET
SR s SV TN

B IR GOFEEICL 2T — 2R/ NRICT 2720, ESERHZFIN L@k X
DX T DI DRELY A N EAR LIKIEIED, 2016), BMWE#EIGEHE O 772D OB
PEI LA N T 3 — A B LT, ERERHEARFRA L X 702 raaftkds2 &
a— ARG O NI R ISR NS b DD, BT % a— R 200G Ul AT
HIEBRBOEBE B 2T 25 2 L0, FERRIEFEICKT 5 % 7 51213013 0 FEC°fF
B3 a0 BENH5EOMBESITE SN, £ 2 CTRIFETIE, ¥ a— AL E TR S
TR AR X VL SHEX 7R BEINICR#R L, BEOBEICA DY CTCEAEETX 7 MM
ENDHY—VITE VAT,

3. Classroom Corpus Tagger

3.1 Classroom Corpus Tagger #I| HER 1%

B, a— " AEEO OO HEN X 715 — /L JavaScript 2 L CHI¥ L. Classroom
Corpus Tagger (LAt#%. CCT) &4 ffiF7-, Windows/Mac i 5iZxfii LT\ 5, CCT IZ4#
voa—RRTHY, 77 7 TEIET S (Google Chrome, Firefox, Edge (2%, IE IX
FEHEDT)

3.2 CCT #IM ik
CCTRIMTEZ LU TIRT, X 2 1TEBROEHE TH 5,
1. GEE X T AR 7 A

FEE X IIEME E LT Thrtststs] 23y h&TW% (hrt = homeroom teacher, st
= student, sts = students DE), FEE ¥ ZIHMLEICHENHETH D, Bl 2IXFEHE 2~
T 7 ELT Tst) TR, Tstl) Tst2) EXBILIEF ZITRETE D, siB #7133, 2
HZ&EHT 300 XFETAY, 300 LFEBA LT IULY 7 DEOHIBRIZZR, 2T H
T BTG B0 X ET, 2T D 100 ¥ T ETHRENAREL 725,
2. BERZILIXANR Y 7 R
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RUICHESEHILXEZANT 2, b LEFEZEILTFA M2 at—&—A T 5,
XML 1k L 72\ E<body> & </body>THe £ 7= U TICA ST 5, & 50 UdIERK LT-
LEEALY T D0, XFEEEITHIAA TN, 72720, AlEiEO XML O17%27 U v 7
LIZU b, ZAHEO [FEEILXANR Y 7 A IEBEEEZNZAD Z EIFTERY, 7
Vo35 LdEZT7NBT_RTY Yy hEND, HFEEI LXOITIE 1000 17LLED AT
MA[EETH 5,

3. XML % 7 A 84k

2] Ry 7 ZZLFNANESND EEEANZ BEIRIZZ 7 & D XML A A H A
DAEREIND, FlziE THello)] & AJ13 % &, <hrt><eng>Hello</eng></hrt>& R 3
REIND, B XN NNGEEZ T ANTIR v 7 A QD CFFNNFR R S, Bk RAT
VU 73T 5HE hrtostosts—hrt... (FOMBELTLF V) LU0 KDL, SiEF T
WZOWTIE, HARGEDOFEGEITIE<G><j>, FEEOFHE T II<eng></eng>, HAGE & HEENRE
EF 256 1E <mix></mix>7 HEIFIZAH 53 05, Bl TZAhid) EARD &,
<hrt><j>Z AZHIE<j></hrt> & LW O FERNBFE RSN D, HGE L HAGEDNRA LIZCED
6. Hello ZAZHIZ] 2# AT % &, <hrt><mix><eng>Hello</eng><j>Z A2 H 1%
</j></mix></hrt> & F/RS LD,

4, [EBEREZ 7 ) v 7R — RiZae—)

AIMEERT %, TEEREZ 7 ) v 7 AR—Riat—] R¥ o z242LT, XML A~
AP A AE—TELID, TORIMEBEDOT XA T ¢ X7 EAQED (T TREFEN
AlRE L 72 D,

X 2 CCT CT/REILA M

Classroom Corpus Tagger (CCT)

TEOCANMCF VEIBETD TRMI LS 4

lmnm 1 l

«Pxmi versone"1.0" encoding="UT
<l Now XML gocument created witgElassroom Corpus Taggor (CCT) 1.0 «»

Do

I ERRRE Y v Tal-piiae

“/foooy
e WY T E2TIT7E. SATHERSNTHTANENR AAHR-19K009240 MR %
G XY TH22TOERMEONTIE. SRBORELCEHVTER LAY, XY 7 -5

l ERREE D)y T Fr Ot

1EEEXTANTIR Yy 7 A 2EBXE I LXATIR Yy 7 A 3XML #7 (4 A% A) ARk
ANR—Z 4 VEREREZ 7 ) v T R—FlZae—] RZ
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4. CCT D7l

AEITIE, BEEOREOEXE-L (FL—rFF 2 8 #HV= CCT OB ERER & f5
RO ZT 5, LT, BEBXEZILTXA b, FEICLZ X 7RO (4.1), F
B2 7 HHEEF IS X AR EE S W BE (4.2) [ZHOWURICFEET 2, FHGE R
ELTHBEFERELE FHEHRBCREN KT 3HFE) 2 NOFFEFRE (T 1HFE1 7T A, 248
17TR) 2EXREZLEVOZRALE,

4.1 CCT L FENC LD/ F
BEFRELEOMFRIRED 2 7 FAOEZR LT L—0TF A MWV, GE5¥ 7 (#
Al & AEfE) ROMERSEEY 7 (HARGE, 3558, BEDOI v 7 R) OB 7 LT X 712D
WCIEMES 27 L7z (£ 1,

1 FEh&Z 71T & CCT TOEEHETE token D il

FEAMNIREL R 7 L
FEYTOH TS CCT TDO X 7 ftif

267 203 64

2 145 117 28

# LICFINCEL27 L CCT ICLA2 7 FOfERA7E T, FHik CCT TOXI L THED
NIRRT ZENEL TS, ZRHDEIZHOWT HRCTHER 2L, LU RO/ RS-,

1) 7ARANaT 4—() 72E DIELFRTEANRK 1 SARCFECEM) THOREXEZAE 2 (2
NA R CFTAN LTEESGE EHEREDN A ARG ><>) & CCT 23 L, 720 IR 5,
2) HARFBOEALFASEAZ 154 FCF (TA7 7y b)) it LEBEASIMEH S5E095E
(<eng></eng>) & CCT WM 5720, EALAFIOERR I AIRRIERNCENR D,

4.2 BE5%

AWFFETIE, RICEEOFEZR UKL T, H— AIcLD, ACEsFE# 7 4 CCT I
FHTFEEATO, WE OFERIEICHOWTT o — MR E{ T o7z, ZORER., CCT OFmEL
T, XML #iEZFI L= O g (A1) IC LA EMESP RSN D 28, ZHUckh, ¥
I ORI EAESNAZ LA MR LT, FHEH T X7 D56 mix #7 & 592557 )0
I EREE AR O R ZE T BT,

LIE CCT MBI 2 REZ#E T 0L, WEEDRFET— " AEHGLT DB CCT 244
FTHZEE, EfESET - B0 BT, FENCEAZ T el L T ThD T LAV LT,

5. &
PR — N AEEEA D56 CCT 2HMMT0ZLIC8Y, FETH /a3 oL il
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CIEfEPEL R BLRE I C LD 97 7 DR s TN Ch 2 &% fm Uz, ARHiTlix CCT FIH D
HREAHBOYR RERL ., AFFROELDET D,

CCT FIHDOHEER L LT, SlOHMMALDIENRZEIT bD, 2 /S FIUFEAESG>,
1 31 R XXFA~T<eng>% 5 LTCW5, T, i 234 hXXFOEFETH 5 PIERE
RMEEFEEZ AN L TH<>ERRT D, FERIZ, 1 A FCFETHLINED, RIZT7 TR
FER KA VEEE AN L Th<eng>t ForEN b, Lo T, Y, CCT IE A AGE & WFEHMAD
V= ThHDHEITER LR TIUIR LR, o, RY—uid, =7 4 XTI, # 7+
B2 b3 570D Tagger THHI-H, =7 4 ¥ OEERITBIER LA DT TR,

CCT DE#HDN—Tar Ty 7L T, SUFAA MO RARFLI2WME - S35 7 14 5- 571k
ZRARLC, BARGE-HGELUAN O SEEICRHIGSEHREL, =T 4 X 2> TIRELEZEILTD
BEBEN DO 2 T BRERE T A AT T2,

HIEE
AWF721% JSPS BHFE 19K00924 DOBhRk #3521 7-8H DT,

7| STk
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Use of English Causal Expressions by Japanese EFL Learners:
A Quantitative Analysis based on ICNALE
—How do Japanese EFL Learners Use 34 Causal Expressions in
their Essays?—

SASAKI Kyoko (Kobe University, Graduate Student)

Abstract
It is pointed out that Japanese learners of English (JLE) overuse ‘because’ in English
essays (Kobayashi, 2009; Sasaki, 2021), but this has not been sufficiently verified with a
quantitative analysis of a wide range of causal expressions in English. For this purpose,
this study investigates the use of causal expressions by JLLE comparing to that by English
native speakers (ENS) on ICNALE. The data are from 5 sections: JLE at CEFR A2, B1-
1, B1_2, B2 level and ENS students. Focusing on 34 expressions from the findings of
Altenberg (1984), Biber et al. (1999) and others, the obtained results are: (1) Significant
difference of ‘because’ frequency by JLE is not observed on the corpus. (2) The way of
expressing the cause differs between JLE and ENS. (3) JLE’ s use of causal expressions

does not show linear development according to increased learners’ proficiency.

Keywords
BEEEIR KRB, because WL, HANTEH, FEEX

IZLDI
A PR 72 CFE A ELS ETHRIRE LA ROBREIHTMET 22 LIIMATHLN, ZOEE, £Bl%
FEPEICHDIEEZ IOV EN DD, HARNFEFHOF/EIZIBWTIL, because D FEfE A A AL
B SN TWBLEZATHD UK, 2009;# 4 K, 2021), because LSO FIK R O Ak
DLARAE, FRIC P EE OB BEBIEOEWE B EICANCRE, WEEHIATHhI TR,
T TAMZETIE, BhEd 19 fE (allow 70L), Bifia 5 FE (because, as 725), 445 3 i
(reason 725, HijiE 4] 7 ff (due to 72&) 35725 34 MO R R ELATY LT, FEHEOMH
FREAFEMICRA T 5, A ICHTc>TE, AARNKFAELIGERGEGEE (2L DRI R R/ a
LT BEFa— A2 AL, B ARNFEHEICLDIRRZRBE A OREEZHHNTT D,
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2. SEATHRSE

PRERNZHOMMAITEBKR TH Y, IFIERMAETERETNICER DRIV £
FonTnsZ EBE0, iz, BBV T Quirk et al. (1985) (3 causative verbs
Z, < ANEFE DGR A R T EE & EFROT, cause, drive, get 72 9 B A %S T
WD, ZDOZEND, FEEMERMSRKE 220, BERRK L FEREECERET D2 L3
M5, Biberetal. (1999) (%, causativeverbs (XA « MY NHREITH 7272 REEZ A L X
W 5®)E & ER L, allow, cause, enable 72 & 8 ®iF A fl/x L=, Girju (2003) 1%, K%
RAfRZ HEhE & LT lead to, make, bring 25 60 D causative verbs Z %17 T\ 5, B
LIS ORI FZRBLUZ I T Altenberg (1984) IXIKIRFH Y X M &ERk L, & S 556D
i LAEF O EENZFAE L, A. so, therefore 2D FEIFFES (20 fE), B. because of 2D
AlEFAS A (15 7)), C.because,as FO#Hi#I (11 fE), D.that’s why ZDAFARE S

(45 ) OEFHII AT TV D, Ll EDORRERFREOBEIIME~ 168 Fi L 72 5,

3. Uh—FF ¥ A1
3.1 WH9E H B LA gtak
AWFFED B, REEaEE & AARNTFEFICL D 34 O YFERKERBER 2 ik L, H
ANFEEOFRREHMERAOBEELAOLMNCT L2 & Th D, FEHEMEICHTZ>TL, H
RNFEEH DM % 5 F 2, Common European Framework of Reference for Languages
(CEFR) I2H:3< A2, B1-1, B1-2, B2+® 4 SOEHEEEMAZ X4+ 5, ZhalE x,
3 DOWFFER M 27X E LTz,
RQ1 REEEEE KO AARNFEEROM CRRRZILOBBE « SbEEICEZR S DD,
RQ2 HIEAEE L OV H AN FEEFEOM CHEEICENH D HNERIUL Ehuh,
RQ3 HNRIUTKB W TGRS MOV H RN FEEEFRETE S S DD,

3.2 FHARG

9, Quirketal. (1985), Biberetal. (1999), Girju (2003) 73 causative verbs & 7
LHEE 74 fERAE (EHELZRS), £0%, SRAEDORERE~DISMZBEL, M
- m$<mw)®$aﬁaf)xbf5&ﬁ¢4u¢ﬁn9@_&oto%ﬁu%®%ﬁ
& LT Altenberg (1984) (ZaEIG (20), iz (15), #&kekdl (11), HikBl (45), it
91 AT T\ D, AFRITRRRED 9 B, HE L RBRREESEZRE, 3 34 ATHA
*fGL LTz,

#5a (19 FE) : allow, bring, cause, contribute, create, develop, drive, effect, enable,
force, get, give rise to, help, lead to, link, make, produce, relate to, require
- Hfean (5 FE) : as, because, for, since, so that
- 45 (37E) : cause, explanation, reason
- BEFAEH (7 FE) : because of, due to, for reasons, for the sake of, on account of, on the
ground that, owing to
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3 7T —X

AWF5E Tl International Corpus Network of Asian Learners of English (ICNALE) @
Written Essay Module (Ishikawa, 2013) (Z& £ 5 B AR ANKSA & geiERRERRE KP4

(ENS) O¥ANEXT — X 2T D, ZOa— A TlE, bE Y72 [RPETANAL bO
I L TVA NI U amEBEORIE] O 2K SN TWDD, AR TIEEOW L %
SIMTRIG LT D, THESCDR S13200~300 &, BERFHIT 20~40 57, FEEMEAITEEESH
TW5%, ICNALE TlE, #E¥FIX TOEIC EDO¥GERE T A M 7135558 A X7 A FD
A a7 &2, CEFR @ 4 BLpEIZ Xy T b, RIFSETIE, ZOERERNCY 7 a3 —/3&
AR LIRET 2, £V 7 a—R2A0H A X%, A2 A 68,529 7, B1-17% 79,591 3, Bl1-
2 78 22,390 §F, B2+3 8,532 35 CH D, F7z, ENS W7 a2— X2 TlX 45,028 FETH 5,

3.4 Fik

RQ1 TiX, ENS 2514 5 BHEOEX FITHOWT, 34 REOKRMEEE L, @hE - %ﬁ'ﬁ%ﬂ .
&5 BTEFARISEE 2RO D, HHELEO-O, HEIT 1 HEHI 0 ICHET S, 2B,
KEOHBBHOFIIIRRRBELUA b EEND, T2 T, KRERHTHDL L HHR 5 %ﬁ

(because (of) , cause (n,v) ,reason ) LISZBEHREL, JRKRH L INTHDDA
b9 %, BEOZEOKEIZIL Fisher O EfEfERRELX A5, 72, MREDOKEDI=H

Eﬁk@%%l Z T, a=0.1%THE %175, RQ2 TiX 34 RBLOK ~ & ENS ML % ik

, FEENABEICENS L0 %L, 3 EHT2RAEZFET 5, RQ3 TlX, #

%?ﬁ%%l?%TA(5ﬁTﬂD,ﬁ@%ﬁ% 2T AT (34T 3Y) LT HHEE
FACKI LRS- Eha L, 0758 1+ 5 2 ot TYERR L 7= WA [ A2 BRI %

4. FEREBE
4.1 RQ1 FRAASE LS FRI B
34 FEDJFRFHUTE U CTRIREE & MFRIBHEAZRHE L2 L 25, X1 OfRERT,

1 ARBHEE - dheBlBE (1 DREHTZY)
ENS 61.3 409100 8.7 120.9
B2+ 36.3 o887 258 12.9 113.7
B1-2 29.9 - 326 42.4 21.4 126.3
B1-1 35.6 co384 0 2286 9.9 106.5
A2 31.8 X 42.6 9.9 1272

0.0 20.0 40.0 60.0 80.0 100.0 120.0 140.0
By mike m =

WEE (77 7 OfAEET) BEOWmGFENS, FE FHNOBEZ LKL, 20 H0015
NEIZFENE T, D%, BREF TREEZITT 7L 25, ROMEERT,
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F1 EXFRHMONANNE & ZOAHE (FEIERIR)

T 1] JEA7 BAFR & BREE O = O T 1] KRR S CENH - TR
EENIN A2=B1-2=ENS=B2=B1-1 EENUN L

EE! ENS=B2=B1-1=A2=B1-2 5l B1-1,A2, B1-2 (4H)
Bifgizi  A2=ENS=B2=B1-1=B1-2 Pefoian L

45 A2=B1-2=B2=B1-1>ENS 4,50 A2, B1-2, B2, B1-1 (%)

FifEs Bl1-2=B2=A2=B1-1=ENS i 3 B1-2

ZI T, BARNFEBENOIGMEIR L, HEEEEE & ORBRRO 28RN EREEZ1TH, £
PTHIE T, A2~B2+ D 4 B CHEMBEOHEEN—ET 5 b DIERho7, 2L
BHEEWOERE LA L, FREBHOBENPLT LB L TWReWnWZ &2 Rled 5, /k
%ETIL, FEE (O—H) PEFEGEE LV ZHT 20132 TORTO4E] & B1-2 TORH|
&, VAT B2+ LN TOEBGE Th oo, 2D &iE, FEFILREMICAF CIRINSE
L, BEEaGE 0N AT 2850 IR AN RS L AfREIC 2D Z 2R T LV D,
LLEX 0, FNEHOBRBEEIZOWCITRGESS - FEEW, %””%OD%JQ%I“FEJM\?“
AUZBWTHFEIANCZN W &, F7z, Sl RS - FEH oA 1 Z8E,
&5, BIEFT, FEEOBNER TIEETIZTBWTHEREN RN &N Eﬁaﬁaémto

4.2 RQ2 FEHENZH-PHT LB

AIETCIE, 34 FOFRINEHRZ2IKE LT, HH0ITMANICE &5, HiEiss -
FHEM, FEHBEORMER TLT L HREIREVRRNEREI NI, Hil T 34 FEO A
FKEAMEPNCRET D &, BEEEE & OMTHEIZEDH L RE L LT, L TFORREEH,

*2 nDD£%$ﬁr—k;€7b)E§)éE.§ﬁ

?503574’7 Bi1-1 B1-2 B2+
%2 H reason reason reason, because reason
of
v H allow, help, allow, help, allow, help
create, develop, create, develop,
relate to, as relate to, so
that, due to

F9, BHARADBRSZHTAIERIIZEL T 2 AICHEEBT5, 1 SHITTRXTOERERET
reason NEZHINTNWBHZ L TH A,

(1) The first reason is that smoking is harmful for human. (JPN_SMKO0_085_A2)
(2) T have two reasons about that. (JPN_PTJ0_031_B1-2)

THOLERBITHT I v I TAT 4 T OERIER L U CERERITEECEHEM 72 &
THHIRIND (KK, 2005 72 8), FEHEBFIZZNALIZB EEI N, FE %<7 BRI reason
EZMLIbDEBZEZBND, 2 881E, FATHIE THARNTEEIZ L BRI HE S
LT E 72 because NABIDOFHETIIZHE 2L o122 LTS, luuuﬁ%&’_ﬂ;’%?ﬁx
A CRAETR CHBIZOWTERL AT O filil 2 — <2 ZFH L2 2 & T, BAANIZ
because DAL L GBI TIXR2WZ &R TE T2,
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wIZ, ARANDDRARIUCEL 2 RICIERT 5, 1A B IIRERFE ISP S 2K
FILOEN A2 725 B1-2 12T THA L, B2+ TIEREEN R 222 & Th D, ZhlT
HRE LF & &I TE D RIRERENHE X, B2+ TIHIEZRENET 5 Z & 277,
AT, Bl-1 & B1-2 MICRERENEL D Z L b ERAZ G <, JRKRFHO LMD EE
TiE, A2, Bl, B2 OFEBEOTR LIFHIC, Bl WETHEAZLE U2 THEMEA L,
2 /HIZ, allow & help 23 B2+LSATHAND RN L THD, 22T, LT ORGERH
® help OMBIERL &, FEENEFL SNLBEYNTFHEOM L THL Z LITKOL,
(3) A part-time job can teach you to be responsible, help you make new friends, and
help you meet people to network with. (ENS_PTJ0_009_1)
MRk EE 1T allow 2 (A3 AN%) T§F97, help & (A A%) [B1IF 5] &Wvorofhisg
TOHLELXTNDTY, 9 LIZEBEMTWICS W, =T, BRFEE, S OICRkEE
FiZehE, 295 LERHAZRILS 5 £<M- T, FKRARADRY 2MHTE DL 212725,

4.3 RQ3 HfEaEHE L EHE DA
xﬂt THTIC XV, UUTOREEZST-, & 1IRIC - 5 2 IRICORBEHFGHIL 86% & 2 T
TTELDIE DL T OBAK CEHTETWDH EWVWR D,

2 SIS IS < B X

4 owing to
3 enable require
for_c ; as_¢
make o B2 .get bring
—~ Bi- since_c
X1 effect Cauf)eroduce
3 0for reasons hacaise lead tog force
:HO/ ) beca%sa%%fé_n A9 ENS S%lselp allow
. late t
"E 5 reason gy.9 develop rere o create
2 due to so that_c
-3 for the sake of
9 contribute to
link
-5
-2 -1 0 1 2 3 4 g 6

wot 1 (71.79%)

ZITIH4ARICERT S, LABRIL B 1ko () CREESEE VAN, FEER
WEMAAE SN TWD Z & Th D, Ziud, EHx OJRRRBMEN T, BEiasd & 7 EH
a:*&ﬁﬂ@%@;‘%zﬁﬁﬁﬁ“é xRt 2 8 BIE, B2 Won (ki) BT, A2 & B1-23F
i, B1-1 & B2+ ESICHESNTNDZETHD, F 2 WnITHAE EH 2R3l &
FRFRC X 273, E%rﬁc L%, B1-2 & Bl-1 OfIEDANEY TH D, RKREHOEET
%, Bl N THLIFEOWIRNEZ > CTWDAREMENH 5, 3 MBI, FEHEFOHAE L5
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DT U EEEFRE~OITEEERL TV RWZ L Th D, HAE LR IO EE~D%
Bl L ORSNDY, BEEEEIE 1 MOAMICKSY SN TWADT, BURTIIREERSS S

L WA R E 2 W ATREME SR R & D, BT 4 SBEIE, SREKEBRN
BLZ, ENS Z4HESIT 58 1 55 4 48, Bl-1 & B2+ 2445155 2 4R, A2 &
B1-2 ZRHEOIT 558 84 RD SFEICK A ENDH I &EThDH, TIH LT —# %5 ELMHL
X, BBBEOFEFITRA LNV DORRERBZ R THEROMNAS AREIZR 5008 Lt

5. &
HEND, AARNFEEENDATDRRERIICEREZ YT, HERENNLITICE LT,

£ 3 AARNFEEOEMNE - Shiapl b HEK R

DHFRBO S HRE Pefoianl EED HIT I

(a) A2, B1-1, B1-2 allow, help

() A2, B1-1 develop, create, relate to

(c) B1-1 due to, so that
(d) A2 DI as

# 3 o (@) ~(iX, ABEBIS TR AT ART, DRARRIT S THENED &%
THHBRENWZ DD, TOLIEMHIZEENRS D LEX NS, @QbD)OERBUIEKL ~ LT
FHTET, BRNFEERSEROBEIZ LB ONHT20, BENICHS ZENEETH D,
FRZARNFEHEDZ S BMEZX R WRIREREBLTH 5 allow, help 7 E Q&G T, AW A
FEICIE < JEEERA ORBBEA~OEROEEN 2R L, 2R THEIZEBEE D reason Offi HIZ
DOWTH B ZHWTIEET 52 & T, WERORNTFERESRERZ BETHLERH D,

7 | 3Tk
Altenberg, B. (1984). Causal linking in spoken and written English. Studia Linguistica,
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of spoken and written English. Pearson Education Ltd.

Girju, R. (2003). Automatic detection of causal relations for question answering.
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/INHREE—BB(2009) T H AR NSGEFEFEDOHRNESLIZI51TD because DFRALHT) [RERH(E
RERAE PRI ] 25, 11-21.

P A2 - KA (2009) THEHLER 8000 FEIC DT O FERIE DA | THE SRR R
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Developing a New Autonomous Learning System
for Graduate Students of Engineering Using the ERAP Corpus

ISHIKAWA Yuka (Nagoya Institute of Technology)

Abstract
This study introduces a Japanese-English parallel corpus, ERAP Corpus, which is
compiled from engineering research abstracts. The study analyzes two subcorpora of the
ERAP Corpus, the computer science abstracts and the chemical engineering abstracts,
aiming to develop a new online autonomous learning system for graduate students of
engineering. The results suggest that keyphrases rather than keywords extracted from

Japanese abstracts will help learners understand the overall structure of the abstract.

Keywords
ESP, JSP, H#/ TV La— 38R, T %% 30, Hob %

1. IZL®IZ: ERAP 2— /X ADOHEE

EFHOMIETIE, LPFPAE (FELTRFERAE) ORGER SCHEL TR - 57 —20Y
— VORI ET o CND, ZIETIZ, RO I — S ADOS R4 S FEX T LR iE e
UAN A, 2017) ZBRFE - NBH L7213, BITEIX, LW XOT 7 AT 7 a2 gL LT
Engineering Research Abstract Parallel Corpus (ERAP) ZFH¥H1 Th 5,

WD IEETR LR, ZEDOT T ANT TNy T — AT LTea— R AT TILE AL T 50
(77223, ERAP DR ROFHITE R 2 SFEOT —#%NEL TWDHILETHD, wXis, HHH
HNZLD AARGET T ANT IR JEGET 7 AT E IV CWOEGE AL, W Z2a— S A&7,
Eo, FEROHDT 7T AT ZMTOW TR LT B ARFEO M REAESE, 2— SRR,
[FERIZ, BARGEDHDT 7 ARNTINIDOWTHIEGED X R AT — /S AL TS,

T T ANTGINDR—AZ 725 TNV —F )V OFERIENE L 72T 7 AN 7 MOREITLL FoL
BV THD,
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# 1 ERAP IWET T ARGV ORI LY — A (FIEET)

WyER b5 T &
24N 100 100 100 300
ENEE 100 100 100 300
] PR e = i 10 10 10 30
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Abstract
Using a corpus based on move analysis of experimental medical research articles
(approximately 1.5 million words in total), Ishii and Kawamoto (2020) focused on the
behavior of adverbs and successfully identified 26 lexical phrases for the three moves in
the Results section: (RM1) Introducing experiments, (RM2) Announcing results, and
(RM3) Commenting on results. However, although cycles of these three moves were
1dentified, no clarity was developed as to how the moves start and are connected. In this
study, to identify the n-grams at the beginning of the three moves, we extracted and
examined the first sentences of each move. After Imao (2021) extracted the first
sentences of these three moves, using a wildcard, we copied and pasted them into an
Excel document to divide them into independent words. Imao (2021) then counted the
frequencies of n-grams. The observation of the n-grams led to a description of highly
frequent phrases for starting and connecting moves—for example, “to determine” in
(RM1), “we observed” in (RM2), and “taken together, these results” in (RM3). The study
provides new insights for investigating a corpus based on move analysis.

Keywords

move analysis, n-gram, move cycle, experimental medical research articles

1. Introduction

The flow of discourse in research articles (RAs) is accomplished by moves, which
contain several steps and typical expressions. To establish a narrative in a RA, writers
must understand the typical expressions specific to the function of moves. Until now,
move analysis has qualitatively revealed the functions of moves and steps in a particular
discipline, referred to as “discourse units” and “rhetorical strategies,” respectively (Gray
et al., 2020: 139). In contrast, corpus studies have quantitatively examined the language
patterns in a particular area. Using a corpus based on a move analysis of experimental
medical RAs, Ishii and Kawamoto (2020) defined the three moves in a typical Results
section and described 26 lexical phrases with adverbs. Figure 1 summarizes the

functions of the moves, steps, and examples of lexical phrases identified by Ishii and
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Kawamoto (2020).

Figure 1 Summary of Results Section Advocated by Ishii and Kawamoto (2020)

RM1: Introducing Experiments RM2: Announcing Results RM3: Commenting Results

Step (1) Describing aims and purposes Step (1) Highlighting important results Step (1) Generalizing/interpreting results
e.g., We first set out to e.g., Interestingly , we found that e.g., Collectively, these findings indicate that
Step (2) Making hypotheses Step (2) Showing additional or adversative results Step (2) Emphasizing relationships

e.g., We therefore hypothesized that e.g., However , we found that e.g., bind directly to

Step (3) Listing procedures or methodological techniques | Step (3) Describing quantitative data

e.g., First, we examined the effect of e.g., was significantly higher than

Because several experiments are conducted in experimental medical RAs, there are
cycles of the three moves. However, it remains unclear as to how these moves start and
are connected. Although moves are cycled, there is a slightly different function between
the first round of (RM1) and the second and beyond round of (RM1). The first round of
(RM1) was examined based on the hypothesis of the previous studies, while the second
round and beyond round of experiments were conducted in response to the results and
interpretation of the first round of experiment. Therefore, to understand how to make
move cycles, it 1s necessary to investigate n-grams at the beginning of the first round of
(RM1) and the second and beyond of (RM1) as well as (RM2) and (RM3). Thus, this study

sought to answer four research questions (RQs):

(RQ1) What n-grams are highly used at the beginning of the first round of (RM1)?

(RQ2) What n-grams are highly used at the beginning of the second and beyond of
(RM1)?

(RQ3) What n-grams are highly used at the beginning of (RM2)?

(RQ4) What n-grams are highly used at the beginning of (RM3)?

2. Method
2.1 Corpus Data

To investigate experimental medical RAs with an Introduction, Methods, Results, and
Discussion structure, we excluded four articles that contained the Results and
Discussion section from the corpus data created by Ishii and Kawamoto (2020), which
included 300 RAs selected from 30 journals and published in 2014 (in total, 1,526,552
tokens). Moreover, the files of (RM1) were divided into those of the first round of (RM1)
and of the second and beyond of (RM1). The corpus data of the Results section are show
in Table 1.
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Table 1 Corpus Data of the Results section

Corpus name Function of moves Tokens Types

The first round of (RM1) Introducing experiments 29,256 6,195
The second and beyond of (RM1) Introducing experiments 237,778 18,778
(RM2) Announcing results 369,723 22,985
(RM3) Commenting results 80,786 8,789

2.2 Procedures
To answer the four RQs of this study, the following procedures were conducted.
1) Create text files for the first round of (RM1), the second and beyond of (RM1), (RM2),
and (RM3).
2) Search the wildcard * using Imao (2021).
3) Arrange the concordance lines based on L1-R1-R2.
4) Copy the concordance lines into an Excel document.
5) Use a text import wizard and set the separator to space.
6) Delete the table and figure numbers.
7) Copy the vertical columns that contain the necessary number of words into a text
file.
8) Produce the list of n-grams using Imao (2021).

9) Categorize the n-grams based on parts of speech.

3. Results
3.1 Answers to (RQ1)

The first round of (RM1) was defined as extending from the beginning of the Results
section until the end of the first paragraph or the first round of (RM2). Of 300 RAs, four
did not include (RM1), and 17 did not start with (RM1) in the Results section. Thus, 279
RAs started with (RM1) and were analyzed to produce 1-grams to 5-grams at the
beginning of the first round of (RM1). The following figure summarizes these findings.

The to-infinitive and the pronoun “we” were important signals for starting the first round
of (RM1).
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Figure 2 Summary of n-grams at the beginning of the first round of (RM1)

3.2 Answers to (RQ2)
To answer (RQ2), we analyzed the 4565 first sentences at the beginning of the second
and beyond of (RM1). As shown in Figure 3, in addition to the first round of (RM1), to-

Grammatical Expressions | Tokens | Examples | Tokens Grammatical Expressions | Tokens Examples Tokens
Category Category

To investigate 15 We first 7

To identify 11 We performed 4

To determine 5 We examined 3

To examine 5 We used 3

To 82 To explore 5 We analyzed 2

Adverbial To address 3 We 62 We investigated 2

Phrases To evaluate 3 ) We measured 2
- Subjects -

To gain 3 We previously 5

To study 3 We have previously shown that 2

In order to 4 We set out to 2

Using 3 We sought to identify 2

Given 1 Given that 1 Our 6 9
Adverbs Previously 2 Previously, we 2 It 4 Itis

Previous studies 2

infinitives and the pronoun “we” were important signals for starting the second and

beyond of (RM1). Since the experiments of the second and beyond of (RM1) were

conducted based on the result of the previous experiment, the phrase “Having

established” or the conjunctions “Because” and “Since” were used to confirm the

interpretation of the previous experiment.

Figure 3 Summary of n-grams at the beginning ofthe second and beyond of (EM1)

64

Grammatical Expressions Tokens Examples Tokens Grammatical Expressions | Tokens Examples Tokens
Category Category
To determine 185 Because 117
To test 105 Adverbial Since 49
To investigate 73 Clauses Although 39
To confirm 67 If 19
To 58 We next 291
To examine 47 We also 106
To identify 34 We then 106
To evaluate 24 We used 37
To validate 20 We further 33
To 1135 To understand 19 We therefore 26
To explore 19 We first 21
To address 18 We investigated 19
Adverbial To ver!fy 17 We 994 We tested 19
Phrases To gain 17 We performed 17
To extend 16 We examined 14
Todirectly 15 We hypothesized 14
To better 12 Subjects We analyzed 13
To further 152 We reasoned 12
In order to 36 We focused 10
using 17 We previously 6
Given 63 Given that 31 We have previously 5
. Having established 15 Our data 12
Having 38 Having shown 5 Our results 7
Based on 18 Our 57 Our observations 4
On the basis of 11 Our finding 3
. In addition to 18 Our previous 3
In addition 33 In addition, 14 It has 13
Next 128 Next(,) we 113 It 34 Itis 11
Finally 69 Finally(,) we 55 It was 7
Furthermore 21 Furthermore(,) we 12
Adverbs Therefore 17 Therefore(,) we 14
Thus 13 Thus(,) we 7
Previously 12 Previously(,) we 7
Moreover 11 Moreover(,) we 8



3.3 Answers to RQ3
To answer (RQ3), we analyzed the 6026 first sentences at the beginning of (RM2). As
shown in Figure 4, the pronoun “we” was followed by past-tense objective verbs such as

“found” and “observed.” Moreover, adverbs modifying the sentences can be seen as the
signal of (RM2).

Figure 4 Summary of n-grams at the beginning of (RM2)

Grammatical Expressions Tokens Examples Tokens Grammatical Expressions | Tokens Examples Tokens
Category Category
As 25 As expected 86 Indeed 93 Indeed(,) we 16
As shown in Figure _ 58 Interestingly 95 Interestingly(,) we 17
Consistent with 137 Notably 55 Notably(,) we 10
In contrast 66 In contrast, 31 However 84 However(,) we 16
In contrast to 25 Strikingly 29 Strikingly(,) we 3
Adverbial Inagreementwith | 15 Importantly 28 Importantly(,) we 3
Phrases In line with 10 Remarkably 25 Remarkably we 9
Using 64 Adverbs Moreover 23 Moreover(,) we 2
After 51 Surprisingly 21 Surprisingly(,) we 6
o In addition, 23 Similarly 18 Similarly(,) we 2
In addition 40 In addition to 17 Consistently | 12 | Consistently(,) we 5
Compared with 21 Conversely 10
Compared % Compared to 14 There was no 9
Although 93 There 32 There was a 8
Adverbial When 72 When we 16 There was an 4
Clauses While 32 and found 100
Whereas 20 Conjunctions and 237 and we 14
We found 282 and confirmed 13
We 585 We observed 81
We identified 42
This analysis revealed 22
Subjects . This analysis showed 4
This s This revealed 8
This resulted in 7
Analysis 34 Analysis of 33
Figure 29 Figure _ shows 19

3.4 Answers to (RQ4)

To answer (RQ4), we analyzed the 4565 first sentences at the beginning of (RM3). As
shown in Figure 5, when the result was interpreted, -ing forms or non-defining relative
clauses with the verbs “suggest” and “indicate” were used. In contrast, when the
Iinterpretation was based on several results, the adverbial phrases “taken together” and

“in summary” or the adverbs “together” and “collectively” were used.

65



Figure 5 Summary of n-grams at the beginning of (RM3)

Grammatical Expressions | Tokens Examples Tokens Grammatical Expressions Tokens Examples Tokens
Category Category
. Taken together | 166 Taken together(,) these results 49 These results indicate 60
Adverbial Taken together(,) these data 40 These results 265 These results suggest 57
Phrases In summary(,) our 6 These results demonstrate 21
In summary 25 | 5 These dat " P
T . St:mmi:]yo v(viet 60 These data 1% These data ?liig'gets 36
Together 160 - ngh er(,)th ese alat 2 - es? de?am icate t =
oge. er(,) these results These findings 68 ese fin vmgs s.ug.ges
) Collectively(,) these results 24 These findings indicate 11
Collectvely | 78 ™ olectvely() these data |21 These observali t] o
Adverbs ollectively(,) hese da Subjects | These observations | 24 ese 0 serva.mns _sugges
Thus 289 Thus(,) we conclude that 6 These observations indicate 3
Therefore(,) we 7 This suggests 59
Therefore 88 Therefore(,) our 5 This indicates 15
Therefore(,) itis 5 This 43 This is consistent with 14
-ing participle | |, suggesting 442 , suggesting that 326 This result 33
clauses , indicating 299 , indicating that 230 This observation 19
) , which suggested 27 This finding 14
Non-defining —
’ ) , which indicated 27 We 56 We conclude that 3
relative , which 112 -
clauses , which suggests 14
, which is consistent with 8

4. Summary

Using Imao (2021), we have shown the n-grams at the beginning of the first round of
(RM1), the second and beyond of (RM1), (RM2) and (RM3). These n-grams are used to
create a story for the Results section of experimental medical RAs, referred to as moves
cycles. The following examples show a template for the cycles of the three moves.

(RM1) To investigate

(RM2) We found that

(RM3) Taken together, these data show that

(RM1) We next
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Academic Word Lists for Biological Chemistry
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Abstract

Although studying English presents considerable difficulties for Japanese university
students, in this time of globalism, students are expected to read and write academic
articles in English. In order to solve this problem, we have made academic lists of
organic chemistry and physical chemistry. In this study, we compile a corpus of a
biological chemistry journal, made an academic list of biological chemistry, and discuss

the characteristics of biological chemistry terms.
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DYAEGHECT: BT DY AN D LB AT,

2. Hik
PR RYANARRR T DICHTZN T —F =R L Ta— SRAEAEK LTz, (L5 B D7)
D, ELFEEND FALYEFICHRAE LT, 2016 4EICRITSNIZ AL FMSGEN D LET TN
100 AV, 1—/~ 22 AER LTz,
INHOT—RZNG TRTOFEOR 7 %L ~{bL, dhFBlI 7 RUTZU AN H B
WA LTz, W=y 7o =713, Schmid (1997) @ tagger. Charniak(2000) ® Charniak
Reranking Parser Ch5, ZDOVARNNG, LU T AN FTHIBRLTZ,

1) FEA4 5 Shape. University 72&
2) TNT77_yh13XF b, c/ed (a lXBish)
3) TNA77_yh1XF+. p..S.. Epr
4) TINT7_ob 1 T gl

5) FIAEZTT s

6) 7IETHF 20,0.05 7L

7) HAFES kg, mm, Hz

8) M%iE log. pH, DNA, HIV 72&

9) st Fe, Na7zpd

10) i (5 =0 %, el

11) html #7° &#8211, 0x830xcam 72&

FeoT=b DG S 1004 A KL EE DS 20K Db D& FRE | AL FD T2 DA FEHEY AR,
JBC2016% ERk LT, FEAGFELL T, JACET 2200055 (K7 GEHE 7o FEAGESUE R
ZE2:(2015:3003 i, EERIZIZ21885E, UL FHEAGE) OV —R 77V —2 W\, A7
A% (JBCE AL D ¥AiiaEl U TER TR E OB ER) 12 LT, L FORGERHLHL D%
Fzv /7L THBHo7,
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3. fES

JBC2016 1%, A7 #08 1880, WNaRIX. 47 919, B 320, E4&F 387, ElFd 146, =D
ftti 108 TH->7=, JBC2016 Da—/NADIEM—2 AIHEER 38 J7THY, 1880 XA 7 DFENKI
92%% AV 77— HEVIFIEE R T, OBEATEL 776 FETHLN, 2O FeED
HMHFETHLLOHK 50 fha £ TN,

445 EAT 10 FEIE, cell TR 1 (6555 h—22) | protein! #2778 | (2778). expression| %
Bl (1674), activity [{E 1| (1127), mouse ~7Z] (991), substratel 2'Z | (968). study [ #f
%¢1(927), antibody [ H1{4 ] (918), effectl#& 5 | (888), complex/ &1k (844) ThHDH, DI,
cell . antibody. IZ£EMFD . protein, activity. substrate. |34/, expression [T {n5
DHEMMFETH D, mouse [FEEFICHIHFELFLRS AL TRV AW, A0 FOER
TEHOWENALD T, [TEFFHFE) LIESZENTELNL LR, [NV BRI JEFRS T,
[ R | EFRT ODPMRILO OEDTH S, Study. effect 1T AWL (ZFEHZ41 TV 5, expression |
activity FEARFEIZVANT T ENTODR, AL FOFMZEIL, ALFOFMAFEEL TR

LMLz, ZDIDIT, HAFE T, AL FOHEMEBMET:, AL FREDFELRELIZHD
(= f@ 50 A7 8%,

Hh5i EAZ 10 351%. contribute %5345 (2017 b—2>) | indicate 759" (629). inducel (¥
VORI R ) 58T 5 (586), regulate [ HET 5 (2778), express! FHL T 5 | (524),
reduce [ 3#7.9°% | (492)., incubatel (K - flifa72 &%) §5#8 775 (445), analyzel % (GuF/e
EN2) 53R 51 (444). inhibit! - O SUSZ 3% ) (439), demonstrate! -+ % (FE i - 12
KRB LICE-C) (BRI @A T2, Bl [FIFE] 32 (388) TH 5, incubate,
demonstrate |38k analyze. inhibit Z{b*%. induce 13415, express. reduce IZEMD
B HEE L TREEICREHISIL TS, demonstrate (X AWL [ZUART v 7 &3 T5,

FEAGA FAL 10 3%, humanl A9 (634 b—22) . mutant[ 229 (2% ) (495), binding
[FEA ] (405), specificl fEIZHFA D | (298). cellular [#li o | (289). endothelial I i N FL
D] (246), activel i5 172 ) (243). consistent 7§D | (243), endogenous! WEMED | (205),
molecular/ 7y 1 ? ] (179)T& %, active . molecular IZ{L5%. specific. cellular., endothelial,
endogenous TP, mutant [31E{5%. binding [Z##5-, consistent ILHFHFDHFEEL
THEEEIZRLHEHSN TS, human (FHFHGELILE 272008, E(LFOMF X GO— 25 K
THHIH, Zivh, EHRAHGELFESZEDNTEDLNE LR,

B O BT 10 F51%. significantly [ A & 121199 h—27>) . further [&5(2 ) (164).
furthermorel =™ EiZ, X512 (181), in vitrol KA D | (97). specifically 72, L0IT ]
(100). similarly[E#£(Z] (67). overnight!—t 1| (67). briefly FEIZ S 1% (64), stably
(%2 L CJ(64), prior tol - XVHIIZ, 123> T (61)THD, in vitro IZEW . stably 131k
FOHEMHAGEEL TEHEICFEH I TS, significantly | further | specifically .
similarly . prior to % AWL (ZFE# &4 TV 5, furthermore, briefly 1% AWL (ZFt#i 41T
V2U, overnight 12OV T, BEMFEND, TESETIE, 12 BEREILLEIZREE ISR D DB X
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72K, TDIXH7REFIT overnight LEKFL T2, HEIMEONLIHFETHD, JEVIAA ML LT,
YR HGELIESZENTEDNH LIVRN,

ZOMTHEREENEWHDIZ, whereas(368 h—22) . such as(330). in response to(221).

due to(220). according to(210), as well as(205), because of(171), versus(143)3% %,

THAUTH LT, ARG STV T, 4w B2 10 513, figure X 1(1064 h—22)
datum [ 7 —% ] (742)., protein! %> /X274 | (722). molecule /71 | (495), complex [ #{A |
(480) . substrate [ 22 | (459), pH (438) . NMR (426) . spectrum [ A7 /L | (425)
mechanism [ AT =X 1| (419) TH 5D,

5 EAL 10 §51X. observe [ #1239°5 (595 h—22) , support! ZFi95 | (519), determine
lfam% T (425), containl &2 (419), bind &S5 (415), suggest[7RI1£3 % ] (405),
form 2535 1 (378), obtain[ ~%12% | (377). providel #5395 ) (364). indicate /K9 |
(335) T,

B4 EAL 10 351X, experimental | EBR D | (480 h—2) | binding [ & @ J (362) .
molecular! 43+ ] (346). structural [##i& ™ | (298). catalyticl il | (269). solvent7AHl
? ] (251), significant! A E D] (223), consistent #EFJ& D | (211), available F%h7z ] (205),
radical 50 | (179) T2,

@lE A7 10 §EUX. respectively [ 4141 (199 ~—2 ) | previously [HiiZ] (164),
significantly [ A & 2 ) (346). appropriately [ i 1] (2 | (298) . relatively [ LL#E#1Z ] (97),
typically [ #it B /9 (2 1% | (251) | furthermore [ &5 (2 | (67) . readily [ & 5 12 | (64) |
experimentally [ Z5&)IZ13 ) (64), negatively 5 ERIIZ ) (61) Th D,

Z O 1X . whereas(101 F—27>) | such as(198). in response to(20). due to(280) .
according to(88), as well as(144). because of(78). versus(75) T 5,

B AN R S B W TE, A AL 10 FEX, figurel X 1(1697 F—22) moleculel />
1 (1319), atom [ J5{-1- ] (1062). particle k71| (892). calculationl 5 | (890), datuml 7
—% 1 (889), spectrum [ A~<XZ7 kL] (810), interaction i A{EH | (778). simulation! 3=l
—3aL ] (770), parameter /X7 A—# | (754) TH 5,

B EAL 10 FEIL. indicatel 7R 77 1(658 h—22) | occur E£Z2% | (506), definel 3%
(284), bind & X5 (270), coordinate kG5 ] (249), assumel HEE T 5] (234),
yield[4:U% | (198), compute [ 715 9% | (184), associate % (- &) X EH S5 (364),
assign| (B - BE ] 4 PR %) (-0 FFo QD ET 51 (175) THD,

& EAL 10 3513, experimental [ F2E2 D (894 F—7>) . molecular 4y ® | (596).
constant! — 72| (476). solvent VAED | (446). initial [®JHAD | (409). consistent [ #E 5 &
® ] (367). significant A &7 (333). corresponding %)i9% | (332), electronic! &1 |
(299). vibrational [{RE)D | (264) TH 5,

BIFA _EAL 10 581X, respectively 211241 (444 h—22) | thus( ] (415), significantly &
(21 (217). appropriately 1% | (188). slightly [1>3 /2] (187), experimentally [ 2B 1
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(21 (182). typically [ #7842 | (142). strongly [ 5%< | (139), hencel L7273 > T (110).
essentially [ AKE1IZ1 ) (86) THh D,

Z O fth 1%, whereas(164 F— 7). such as(255). in response to(11). due to(393).
according to(118). as well as(170). because of(156). versus(121) TH 2,

4552

EARFEDID . zoo, diary 72EDFEN, AL OFANRR SUTAEK L2RNZ LT TR DL,
AL T CTHAERLRWEDNRHDLZEZHEMHL Tl &2, 1 AREE 2 AFR, 3 APREEL
BV, LT KA LR, Fo, FHIRA4L I, itself ZFRVTAER LRV, EAFEDS
B SR 325801, £ 800 F5TH L,

AL, BHET DB LF O FIFERY ANE LR LT, TR 28I, AL, ¥
BULFOFIFEREY AT TS DR LT, AL PO FATRERI AMIZ NS LD Bis DL
WHZETHD, BlZIE., AT WE L O P FEREY ANO 45 EAL 10 FEIC flgure
datum. molecule, spectrum 233U TAS>TWDHDIZXIL, ELFDOFIrREEY AN, 3

BT HHODR, £, A AL 10 55T, experimental, molecular, solvent\ 51gn1ﬁcant\
consistent N ILIFHL TA->TWAHDIZX L, AL FO R FEFEIANTHE T 5L DX
molecular & consistent ® & ThH 5, G L7 10 75 TlX, respectively. significantly .
typically, experimentally 233 TA->THDDIZRL, AL FEGHAL FOFfiaERE) AR
THIETHHLDIL, significantly & furthermore DA ThH 5,

AL 10 FEOBRLDVRT ZENTEA o720, ZOMEIEZENZE LD I FEREY AN EIRIC
RO THD, FCALFENI 8T AT AT Wb FClE FE0ZA7 |k
— VISR D, Fio, AL FEEMELFO TN, AR LFEEALE ML FRE A L0,
AR EEIZ B W THEIL TV EWH I b g,

5. £

VLl D 4 AN, B CTEPNIFINGR CE it BT 5282 HE LT FIleE
ANEAERR DT, AL F i CREDT— S A% R EEL |, A5 IODK&DOD%WT%%)XI\%VE
B LTz, £72, AT SL OO OFHTEETEI AN, WE LR DT DO F g A&t
W, AL IR SO F R LR A IR U T, A PITGEEI AN EERIZE DB THD
DMRGET BT, A 22— EBREITW, T2, B LS5 SGEOT— A% R EE, i
i LT DFTFHR) ASDIERL ATV,

B
L, (LT CT R S oo, BRI BRI T2 S/ IR T2
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R BEEE R E I T A ATEh R DOF
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Phrasal Verbs in English Teaching at Senior High Schools
A Corpus-based Analysis of Textbooks and National Center Test

HORIKE Risa (Kobe University, Graduate Student)

Abstract
This study investigates phrasal verbs (PVs) presented in English materials for Japanese
senior high school students. Six series of high school English textbooks and the last 10
years of the National Center Test were analyzed. The analyses showed that (1) textbooks
and tests do not present sufficient number and types of PVs, (2) among 100 key PVs, only
12-69 types are presented in materials, and (3) textbooks deviate from standard modern
English corpora in terms of the use of PVs.

Keywords
FEEE, AARNERAE, BEZRE, KAt 72—l

1. (ZLHIZ

AIENEAS, HEEEEE A IS oo TRICEBEDNEE R EHHA O 1 > ThD, JFK (in press) T
1, BEFORZPARELa— " REAEO@mRERELm— 22 v, BRANESRE, BAK
ANKRFAE, JEEERERERGH O BTG HZ LR L7, Z ORGSR, 53832 om)EhE i H &I 3 055E
REEREH J0 D7, S BN OFERS HlKI SV TODZENR BN a7z,

T, DOUIERITMNTER T DD THAID, JRRD—2IF, FEEIZL>TOEEAN T
~, DFEVE, FEEMEAL T LB ONEIZRIEN RSV TWD AREMETH D, 20D mHAa R
AET D720, AMFFETIE, MEBFFEL 7 —ilBh (055E) Za— AL, Zib% 2 FOBIR
e 55 2 — X X (British National Corpus : BNC, Corpus of Contemporary American
English: COCA) &t $ 528 T, M OTEHEZHAGNCL, BRI R L TW SR EE O HE
DffERRZ BIET, b, B2 —lBRiE, Ak, EMEZERLIZLOTIIARNA, 4)11(2019) D
FERICHHDINNT, BRETTHEE T NENAPENSNLTVDLIEE, Z<oEK TR Z—K
BRETEA R LT H 8T O TSI LA 5 ER, AR TIIBRF LI Tothrt5e T2,

2. FTATHIFE
ZITIE, A7y NN o AYEhGIE ] FERESCEAR I C 5 2 DRI HOWGRAELTZ 2 o
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DIATHIEEFAIT LT\, A BRI B AL (2 5% 2% T/ Negishi, Tono, & Fujita (2012) OHF
FECIE, BARNSRABLIORFAELRGLL, Aj#hE] 100 FEOPRAFERERA Ei L, 0 Th
FRIGEHFR Ea— SAD 5T E1THZE T, English Vocabulary Profile (BL T, EVP) 2318}
N LT 5423 —ry "EREE S A (LLF, CEFR) L~V DZ U PEDRRREDM T
TWD, [AINFZETIE, BRI T THEBUREE 2MEY Va) G (1 :leave behind) <2, Zk
EFTH OO Y 212 BFE 32 A)EhE (6 : split up) 72E1%, EVP 23+ 53% CEFR X
WL RIS E BN THLH— T, AF I TREMGEEL TEA L WA A)E)E] (] : knock out)
SO RO B DS E VBN S L ER R S O A IR0 TN EAVRIBE LTS,

FH(2018) 1%, AARN EFL FEFOFEL S Ea— AL @R Gh AR Ha— A%
MEL FOR E OB Y, SEEE RN kL~ (CEFR:B1.2, B2) O EEF O
LSBT A8 A& LIZITRFREED, BN R L5738 F L HFRE O B
e iﬁ%ﬁﬁ)ﬁ%ﬂé\_k%ﬁaﬁﬁb“@ D,

3. Uh—FF ¥ A1
3.1 WF5E H B EHFZERR

AR O I, RIFFEIE, ZRIEBIOE 2 —ilBia— L, BURGGEa— SR(ZH1T54)
FEA O BRI A L, @ADL Ty MBI DR R OREEA RSO LA BR T, 72
B, ZZTHETA&IT, BEARED, Bisteha, UM - - BfHENY 3 B X
PFETHIETHD, T, FROFEFILLST, B —lBREREICHAL Q2 5E6D, £
ITIRWNGEUIFAET Do OFY, BRAENEAS DHFEAL T Y MIOWTE, (a) WIFkBFRED
., (b) FRRBFED 7, (¢) LMBFRED A, (d) Lk#EFREFEL 2 —RBROIH, L) 45k
2RI Cigim T A2 ENBEEIIRD, ZNbaSEX, IO 3 DO ek AT 7,
RQ1:4 FOAL TG CIRRSNDMBFAD & (h—272 -2 A7) 1%, BURIEGET— 2L

LT, 0N,
RQ2:4 FED AL 7Y NEAFIZIWT, EEAJENG 100 FEIIE OFLE IS —ZHTD0,
RQ3: A@hFAfE DR T, #BFE - o —ill - SRR L E D IO RBERICH L), o, £h
ENERHEDT DA B A0 ),
2 TR A EEE L D3 — R

Kﬁ} Tl¥, Gardner & Davies (2007) OFsHA% © &2 L, @5 20 ff (go, come, take,
get, set, carry, turn, bring, look, put, pick, make, point, sit, find, give, work, break, hold,
move), AZLFE 8 fE (out, up, on, back, down, in, over, off) DFHAEHOHEIZ LV K X
N %EF 160 FEOMENG 2 95 & LT 5, FNFEICWT, Ziubid, BNCIZHBLY
LRMEE O EA HO L Z ERRE SN TWND

BAGEE & LTE, LEREDA XY 7\9%55:1~/\;< BNC & 10 fEEOBURT A U Ay 4536
a—/3Z, COCA ® 2 EZBRT D, HxDOT ¥ L IUERIZEAR DS, ZZTlE, W#HIC
R THEESHEA VYV (T 47 v a s, HEE HiM, ) ORrE gt E 45,
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BRI E SR OWTE, 2 SDOHEE GERERE, =A%) BTHITT 2008, H#%,
FfeD ala=b—a 3 G5 1~J, 3 6 U —X (¥ All aboard, Vista ; ¥k
Power on, My way ; E#f% Prominence, Crown) ZZp#rxtgé Lz, FOARILDOH%E A
FEPAE L, MAICE L L THEE L 3 MO L-ULBIEERE o — S A DRERIT, Ik
23 10,842 7, HRkAS 28,184 7, EifkS 53,620 FE L fe o> T\ D,

T g =il o — ROV T, #E 10 44 (2011~2020 42) OAER I L ONER
BRohc, RIXMBEICHIZ55 5, 6 MERtRe LTnd, KXDOHEEFLL, HE
L7ct o # =il o — "X OieiEHIE, 51,1175 & 72> T\ %,

3.3 Tk

£9°, RQ1 TlE 160 FEOAJENFIIZSOWT, MHEBMEE (F—7 %) &, EEICHBL
TWDHERER (24 78 2HET D, b—27 VEICOWTIE, FERIOMRGERNRERD 2
LD, 10,000 FEY 720 THIET 5, A 7HIZHOWTIE, MIEFATH20,

fe< RQ2 TIX, 160 FED 7 BEF D RHIREN U 72 88 TRy L 7z B EE 100 fi4
IHTtSRET 5, ZiE, BNC & COCA DK 5 Vx v GELSHE, 747 val, M
G5, BT, N ISR A HBUAE (210 F) ZEofafb L, 55 7 100 FiA A
HDOTHD, 708, L5 FEIE, goon, setup, pickup, comeback, goback TH5,

%12, RQ3 TIE, {17 A7 LamEiE (£2100F), F 2744727 F A MFA
7 (HRE3HE - o #—itBR - BNC - COCA O£ 6 ) LI A#EREZTEL, o5y
Hrasiht L, %o cidmXaEmIciRyT 5,

4. fEREEL
4.1 RQ1 AJEhEEADFETIRIL

FEEBEAIZBWT, &I FE (incidental learning) % AIHEIZT D121, JEERY
W REOHMER 2R OMERDH S (R, 2010), HARNFEEZFE OGS, MU OIGE
PR NEE AL RN L ESER DL, R TIE, BNC X COCA 2472 < & & FE G
IRV OMEIFE SRR SN TS ZENREE LW, Z08%E5F 2, 160 OB O
HAEIZOWTIHELZEZA, LT RES,

1 160 O AJEFAORHBSEE (F—27 40

COCA I 0.5 O
BNC s 33 ()
EHRERIES &2 —RHE e 31 .6
R E 24.8
kAR 19.5
WIFRBFE 18.4
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2 AJEhE] 160 fiD 5 LI L TWh o fh1IE (X1 740

COCA s | 60
BNC s | 50
ERRERE+ R R eeee— 7()
BB —5()
kAR E  — 29
WIARZFLE  —12

F9, b= EKicoWT, M@ AENS LY £ BNC 2% L L, Fisher O IEHERE
FRREEZHANT, 4FOA Ty NEFICBT2FEAE LR LT A, ER#EFRIEL &
=R E i TR LG A 2 RE, MEElL oy NERD W EER S

(¥ p<.05, OR=0.56 ; F#k p<.05, OR=0.59 ; L&k p<.05, OR=0.75, L+t % —ik
Bk p=0.44, OR=0.96),

WIZ, ZATEHIZOWTIE, BNC/COCA 2B\ T, &R O 160 FOIZIE T TH3
B B HBLL T3 L, BRI HBLT 208 O XA 740E 12~70 SJEBIRIZHIFRAYT
HHZED RSN, HTFEEE ALV Z U COCA ZHLUEZENi L7~ Fisher O IEMEMRIRE T
b, A FEOAL TV IEET R TOHAICBNTARL, AEENSEDLN,

LI B, BRCEORSNAMENENL, 4 ST HROEA TH->Th, #MEE ROV
TUZBWNTH AR THHZ LN FERIES,

4.2 RQ2 =HEAJENE 100 FED A /N —HK

AITECIE, FxAIARBEE OB OL E T4 160 FOAEFI DD, Hbt THrSh 5 A)@hE O
FERIHD 12~70 LIEBHN DTN ERSNT, T, BIRIEGEDORE % 720 v L TIRIAL %
AESNDEE 100 FICRH->THRIZSGE, FRRIZEITHAIN, ALY, LT O RE2157-,

F 1 BEEAJENE] 100 D A S —fR3L & HEL 722 L oo 2 A

A7 v b HE FEHEL FEHBLOF (FEEEZ > 7 AL 5 )
VIR BT E 12 Ff 88 fil set up (27), goback (517), point out (6 i)
come up (7 /7), find out (8 /i)
R R 28 fi 72 Fli come in (10 fi7), turnout (12 /7), take on (15 {i)

come on (18 {if), go down (19 {ir)

kR 50 fii 50 F& come on (18 {i7), sit down (21 1), get back (24 fi)
go in (26 /i), come down (27 fi7)

kR 69 fl 31 ffl come on (18 /%), getback (24 {7), go in (26 /i)
o —ilER come down (27 {i7), work in (29 i)

RAE T AL, EEAENE 100 FEICIR-S T, Hb T RSN AAIENE OFERIEIL 12~
BIITEEELTENFERENT-, ZDOZLIE, ZLOEEAEEAD, BATO @AM IZBNT,
FolKHBL TWRNWZEERIE TS, b HAA, THERHARE T TITIRREL THHENDH)
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Wr DB LT ZNBBUERS IV TR NEWD FTREMEIEH D03, RIR D EHIZ, FEHECHFEDOE ST
BWTAU T YNEPR AR THHEE SFEZNUL, WDDLHFL ~LDEDTh->Th FEiRE
M CREDIRL TIRARSN TWADZENLEELNEE R D, bobb, MLV O BLENLE 2 UL, 7
e LU SN ARNIIREEIZ 7 4 —< A Rb DR KB L TWAZ T4 L RS

WR RV, — 3, B ARG TEHEND AL 7+ —~ ViAo O K HEIT L0 Kk &7 RERE! :iﬁ@?
L1259, 2T, KELCODEENGFE DT 4 —~UT Ml 52 L0,

RTR DI, FEH 1L, 100 FEo E A A R E T OIS B T a1 T o703, 8 1 15k
DINEBEBNZ T TAD AN B E G2 DB TEIETHT=DIZRIL, 5 2 ERSIFFi v e
Tarvar LS ES YV EDIT DN, DENET A —~ VT4 DO EIROE SRR ST, 22T,
H 2 TR DAAT 74—~ VT AR (5 BePE) L7098, & 1IRUISEHBIN S EEED
VAN 20 B (RAEZBRLE 15 1) D7 +—<VT AL~ FD XI5,

£ 2 A7y MZEWTCIEHBOMAEGENC OGNS 7+ —~ U T 1 OFFHK

T4 —~VT 4L ~L (5 BEFEREA) %24 A
= (L~ 5) set up, point out, turn out, take on, work in
(L~ 3~4) ALY
KL~ 1~2) find out, go down, get back, go in, come down,
go back, come up, come in, come on, sit down

FERUTRLIEL DD, 2UT, T4 —<UT AL L DIRNEDIZHOWTIE, I EOBIBTE
KA > T ZEN NI TH A,

4.3 RQ3 TF AN AT D BELR M

KT E EE LTz & 2 A, 5 DOWITNIRY HEh, B2 oo TRARZERk L7z &
A, UTOMENRTONT, 2B, H 2R TORBETERIL6T.3%THY, ZO8
R TIHDOGHOBENER SN TN D

X 3 RIS < Befi X

3 takein
give
& Rk
2 bring back br l?g out
R talke over
bring:in SetkuP AN break down
— Carry-on-iiifake AN
o\°1 3 g‘tlnaQUp fg“ gﬁigk
S come down X ) .
N get % gﬁ% P D work on
S0 erL nﬂooli dO\EVIlple ouL 50 out% X o ll‘gﬁ%:};lﬁ%umn com bac
N ¢ LI over SibUp - moer RS Carryout Hhake G Gk
put ?ff el %ovel ut-u
I8 i, CORRS Ut e
-1 1EoH & turnfqut - look back S S get:over
K @% ﬁ)ulta oﬁn t kl 'f{to g take on
e ou
Pl
¢
2 (‘ome o;f tul(r)qnovlgx(1)mf< 1 b’l(‘k break up
ein hlzam‘
take ]bmlﬂn dowtidow Aifl%;(, down'si i ik
-3 COme over - -go-o sit-on
-4 -3 -2 -1 W1 ((45.3%) 1 2 3 4
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%7, BNC & COCA OBRMEICEH T2 &, #mX O THiE 2 & D TUTVWLE AT
BINDZENMER SN, 2D &I, & KT, BTREFRICIW ThEIR D & 51
ELZERN RS FENERED Z L 2RRT 5, RIZ, 6 FEOT A b & A TORRIEIEH
T5 L, B ETHERE Wik - Bk L ERDADBELIIGEISND Z LMD, HRE
WBUREE & 1T, ERIZ R D8RR 2T > TV D AREERE X b, — 5T, %%
DEMOFTH Y 7 —BRITBRIGEICE WV LEIC D D Z & DB S L7z,

¥, BAINE 4 SOLRRXFFT S &, BNC, COCA IZWTILHEE 3 RRICEENT
W5, DEVIL, B 3LROMEENL, BREELRFEOTLHDOT, o, HRESEY
Z =B EN TV RN D Th D, & 3 RIRITAHE S 7o AEhE 71 Ff 4 fik
D7 H—<VT 458 EH LIy T5HE, 1K38% (come on, go on %), H51% (hold
up, turn over %), & 11% (turnout, pointout %) &7¢V, TFREIIRT L HIZ, HERY
i CE ] S 2 AJEDE S 20,

(1) "Come on. Don't give up so easily.” (COCA_7 1 7 3 2 > 2019)
(2) Plant collecting has been going on for thousands of years. (BNC_JE3E 1991)

LLED &9 Zam@hElid, BARNERAEICHELEMICIEETXE b0 THY, 4%, HRFE
72 EICHFEMIICERA T A Z L ERFTT OMERH LA D,

5. &8

AW I, SRAENRER, BRI R S RAEE AL 7 Y MR LI TODERRGET L,
BEAToT, FRIGEAL T Y NZBWTC, MBE~—2 8, 247 HITTHIRATHY, £<
H & M5 m TSNS 7+ —~<U T AL~V DRV E G OB T E 72> T D A HENE
DIRBEITZ, B H OB O LT 5720120E, LA EoA)ENGA L7y MO RS
K&k SEITIZT, REEMOENE, AEEOLZIECHIEEZFEENRA ORI TE5107%
FREIZORT QKB ERDLHEH), 51, TO— KL TF — & BREHRI 23 LB g A8 ) Ak
ZOFR LI 3808 EEH BRI A, BFEEREGEL 720,

q o

-
—

51 FHCER
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Abstract
This study aims to provide an in-depth investigation of 66 epic and lyrical poems of the
Victorian poet, Alfred Tennyson, which are over 1,000 words in length, using Latent
Dirichlet Allocation topic modelling (henceforth LDA). Emerging LDA results have
detected the latent topics hidden behind the prominent elements of the poems in the
corpus, and the topics that appear in some works in common; of further interest are the
latent connections between some works. In addition, this study discusses the possibility
of detecting rhyming elements when LDA is run on poetry data as well as the issue of
part-of-speech (POS) tagging on verse texts, suggested by the results of LDA in hindsight,

and conceivable future approaches for addressing the issues.

Keywords
Alfred Tennyson, LDA, Topic Modelling, Poem

1. Introduction

Topic modelling is considered a promising approach in text mining (Meeks & Weingart,
2012). A number of studies have examined prose texts using topic modelling (Tabata,
2017; Kiyama, 2018; Huang, 2020). However, the application of topic modelling to poetry
is still developing; few studies, apart from Rhody (2012), Navarro-Colorado (2018),
Henrichs (2019), and Okabe (2019), have investigated the possibility of applying topic
modelling to poetry. The use of the method still has room for improvement with regard
to its application to a corpus of poems. This paper attempts to report emerging results of
running Latent Dirichlet Allocation topic modelling (henceforth LDA) (Blei et al., 2003)

and aims to provide an in-depth investigation using LDA on Alfred Tennyson’s poetry.

2. Literature Review

One of the topic modelling algorithms, LDA (Blei et al., 2003), is now popularly used
primarily for the examination of prose texts. In particular, Tabata (2017) and Kiyama
(2018) both employ LDA on English texts, Dickens’s novels and State of the Union
Addresses, respectively, while Huang (2020) applies LDA to mystery fictions written in

Chinese (to name but a few). On the other hand, few studies have investigated the
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possibility of applying topic modelling to poetry. Rhody (2012) uses LDA to investigate
whether the topic modelling method can detect the figurative language in 4,500 English
poems. Navarro-Colorado (2018) and Henrichs (2019) apply LDA to sonnets, of which
tokens lengths are approximately 100 to 200. Okabe (2019) uses the LDA on Emily
Dickinson’s poems. However, previous work in the literature tend to deal with short
sonnets or lyrical poems, while Tennyson wrote a large number of epic poems that tend
to have a larger number of word tokens in comparison with lyrical poems. Thus, the use
of the topic modelling method still has room for improvement considering its application

to a corpus of poems.

3. Data and Method
The data of this study is 66 epic and lyrical poems of the Victorian poet, Alfred
Tennyson, which are over 1,000 words in length (Table 1). The corpus data were pre-

processed as follows:

(1) Extracting only the body of the poems

(2) Separating the poems into 1,000—1,999-word files

(3) Renaming the file titles as the abbreviated poem titles and file numbers

(4) Removing function words and already-explicit items of which occurrences are

limited to particular poems, including character names and honorific titles as

stopwords
Table 1 The list of Tennyson’s 66 poems
Year of Year of

Publish Titles of Poems Token Publish Titles of Poems Token
1 1847  Princess 26,772 34 1829  Timbuctoo 1,903
2 1850 InMemoriam AHH 19,155 35 1842 St Simon Stylites 1,874
3 1859  Lancelot and Elaine-Idylls of the King 11,959 36 1833  OEnone 1,818
4 1872 THE ROUND TABLE Gareth and Lynette-Idylls of the King 10,851 37 1892  Akbars Dream 1,803
5 1855 Maud 10,280 38 1880  The Voyage of Maeldune 1,795
6 1864  Aylmers Field 9,461 39 1855  The Brook 1,790
7 1833 THE LOVERS TALE A FRAGMENT 8,738 40 1880  The Village Wife or The Entail 1,774
8 1857  Geraint and Enid-Idylls of the King 8,035 41 1889  Owd Roa” 1,729
9 1857  Merlin and Vivien-Idylls of the King 8,024 42 1833  The Millers Daughter 1,728
10 1869  The Holy Grail-Idylls of the King 7,663 43 1885 The Spinsters Sweet-Arts 1,672
11 1862  Enoch Arden 7,531 44 1885  Tiresias 1,669
12 1857 The Marriage of Geraint-Idylls of the King 6,951 45 1880  SirJohn Oldcastle Lord Cobham 1,635
13 1871  The Last Tournament-Idylls of the King 6,298 46 1881  Despair 1,563
14 1859  Guinevere-Idylls of the King 5,802 47 1880  The Northern Cobbler 1,555
15 1885  Balin and Balan-Idylls of the King 5,090 48 1842  Dora 1,504
16 1869 Pelleas and Ettarre-Idylls of the King 5,043 49 1842  Will Waterproofs Lyrical Monologue made at The Cock 1,488
17 1869  The Coming of Arthur-Idylls of the King 4,313 50 1827 THE OAK OF THE NORTH 1,480
18 1869  The Passing of Arthur-Idylls of the King 3,889 51 1842  The Vision of Sin 1,480
19 1889  The Ring 3,752 52 1833  The Lotos Eaters 1,433
20 1886  Locksley Hall Sixty Years After 3,355 53 1889  Romneys Remorse 1,383
21 1842  The Two Voices 3,199 54 1862  The Grandmother 1,370

o . Supposed Confessions OF A SECOND-RATE SENSITIVE
22 1842  Morte dArthur 2,519 55 1830 MIND NOT IN UNITY WITH ITSELF 1,360
23 1880  The Sisters 2,357 56 1870  The Window or the Song of the Wrens 1,327
24 1842  Locksley Hall 2,326 57 1879  The Defence of Lucknow 1,311
25 1842  The Gardeners Daughter 2,282 58 1885  Tomorrow 1,298
26 1833 A Dream of Fair Women 2,272 59 1885  The Flight 1,289
27 1868  Lucretius 2,238 60 1889  Happy 1,282
28 1885  The Ancient Sage 2,173 61 1880  The First Quarrel 1,277
29 1842  OEnone 2,090 62 1878  The Revenge A Ballad of the Fleet 1,272
30 1832  The Palace of Art 2,069 63 1889  Demeter and Persephone 1,268
31 1880  Columbus 2,007 64 1851  Edwin Morris or The Lake 1,228
32 1885  The Wreck 1,979 65 1880  Rizpah 1,221
33 1852  Ode on the Death of the Duke of Wellington 1,937 66 1833  The Lady of Shalott 1,060
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The Machine Learning for LanguagE Toolkit MALLET) was installed to apply LDA

to the Tennyson corpus. Before the number of topics was settled to 20, some experimental

trials had been repeated with the number of topics changed from 10 to 200.

4. Results
The results of the LDA show that the topics hidden behind the prominent elements of

the poems appeared in some works in common and the latent connections between some

works were discovered.

Table 2 shows the hyperparameter alpha (a), the labels of topics, and the 20 keywords

of each topic. The label of each topic is represented by the first three most strongly-

contributing words to the given topic. A higher a value indicates a greater prevalence of

the topic in the corpus. A very low a value shows the topic appears in a small number of

texts, more often than not in a single text only.

Table 2 The list of topics with their keywords (20 keys)

alpha labels keys (1-10)

0.09065 0_men_woman_florian men woman florian iron duty honor laws college spoke common
1.79663 1_said_came_hand said came hand made heard face left rose man saw
2.28222 2_love_heart_life love heart life day let light man see night death
0.29520 3_sea_night_battle sea night battle war land hollow curse roof dying die
0.42260 4_answered_said_rode answered said rode horse court name shield maid noble spake
0.00564 5_es_wur_says es wur says niver er squire owd ma ed night
0.23551 6_holy_hall_saw holy hall saw city heaven seen fire earth spake son
0.10374 7_fool_red_neck fool red neck wood hell kind oak shore broken peace
0.14303 8_fame_charm_boon fame charm boon letter answered smiling use trust south fine
0.26351 9_spirit_light_life spirit light life place hope memory  stream soul seem'd sound
0.11458 10_brand_bold_clothed brand bold clothed barge spake hilt wind mere lake sword
0.08154 11_god_flesh_bread god flesh bread worst, sin saved hope heresy priest mercy
0.16291 12_ring garden_brook ring garden brook seems lake rapt whispers fresh hue genial
0.24222 13_earth_human_sorrow earth human sSorrow faith race grave doubt nature lives use
0.07544 14_isle_spain_sail'd isle spain sail'd chains blue ocean singing bells blaze murmur
0.09022 15_mother_die_gods mother die gods paris mountain power hearken  harken cloud white
0.21823 16_mother_ring_boy mother ring boy gone wife child turn'd children  seem'd poor
0.05924 17_fill_drink_fools fill drink fools cup fat conscious empty ancient waiter pint
0.07209 18_knave_kitchen_star knave kitchen star arms mere lead stone bridge hearth follow
0.10308 19_dress_faded_town dress faded town arms hawk hall sparrow  gay wine eat
alpha labels keys (11-20)

0.09065 0_men_woman_florian crowd soldier kind boys girls stir talked follow grand gained
1.79663 1_said_came_hand good went men father child knew found lay eyes fell
2.28222 2_love_heart_life god know come time world make dark voice old eyes
0.29520 3_sea_night_battle glory faces thunder  death fight human children day ship blew
0.42260 4_answered_said_rode turned called seemed let table asked saying know ride looked
0.00564 5_es_wur_says theer mun thaw taail odn oop ud thowt upo Roa
0.23551 6_holy_hall_saw vision grail brother quest christ crown people sware pass madness
0.10374 7_fool_red_neck music fools moor swine innocence white marriage run trampled passionate
0.14303 8_fame_charm_boon palace take mood window careless  strange wrought  pleasure wise grant
0.26351 9_spirit_light_life lips tears change brain green dim thought sense look'd dew
0.11458 10_brand_bold_clothed ridge black wonderful winter bring samite wound act lightly answer
0.08154 11_god_flesh_bread lead friend saints pillar charge body foul crowd heaven church
0.16291 12_ring garden_brook east rhymes brown river bridal dance spire walks tremble  roses
0.24222 13_earth_human_sorrow feel wisdom eternal earthly spirit frame truth nameless noble bloom
0.07544 14_isle_spain_sail'd merrily tower'd broad shriek moor spray colour'd paradise slain throne
0.09022 15_mother_die_gods happy golden pine river vine came spake dark fairest beautiful
0.21823 16_mother_ring_boy years loved look'd year answer'd ask'd wait kiss'd house grave
0.05924 17_fill_drink_fools talk'd head heiress grapes runs painter pleasant measure theme random
0.07209 18_knave_kitchen_star sun morning  knowest  life sweetly scorn knaves bow dog hall
0.10308 19_dress_faded_town wheel fall bandit pride gift host horses bridge mowers dwarf

Figure 1 shows a heatmap representation of the outputs of LDA; 20 most prominent

topics are arrayed vertically, and the 66 poems are arrayed horizontally. The heatmap is

81



drawn by the word-weight values of the LDA runs. In the heatmap, greener cells indicate
the greater density of the topic in the text in question. Conversely, more reddish cells

show that the significantly lower density of the topic.

Figure 1 The heatmap of LDA topic modelling result (no. of topics: 20)
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While the keys of Topic 2 include present tense verbs and nouns that deliver abstract
1deas, Topic 1 is characterized by past tense verbs and concrete nouns, especially about
body parts. A more careful investigation is needed, but it can be said that Topic 1 contains
the narrative elements since Topic 1 tends to appear in epic poems and contains past
tense verbs. 10 out of 13 poems of the Idyls of the King series are located as the nearest
neighbours. Topic 4 appears most generally in the ten works of the Idyls series, and topics
6, 7, 8, and 19 are also prominent topics in the /dyls series. The graphological variants
in past tense verbs can be seen: for example, answered |answerd, seemed |seem’d, and
looked |look’d (see Topic 4 for —ed; Topic 16 for —'d in Table 2). Tennyson primarily used
—ed in the Idyls series while —'d appeared in non-/dyls poems.

The Passing of Arthur (1869) and Morte d’Arthur (1842) have one particular topic in
common, Topic 10. Though Morte is not included in the Idyls series, these two poems

were composed of a striking number of duplicate lines. The first prominent key of Topic
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10, brand, describes a special sword of Arthur, called Excaliburin the poems (Figure 2).
The second prominent key bold only modifies a male character Sir Bedivere, primarily
when Sir Bedivere acts in response to other’s utterances or acts. A plausible
interpretation is that the voiced plosive bilabial /b/ is used as alliteration, and the
consonant /b/ and the diphthong /ouv/ can be interpreted as revealing Sir Bedivere's grand
attitudes, while the bold does not appear near the lines, which express Sir Bedivere’s
quick move with voiceless consonants.

Some words appear in multiple topics: for instance, God(s), mother and ring. Godis a
keyword of Topics 2 and 11, and Gods appears in Topic 15. Topic 11’s keys have religious
connotations, while Topic 2’s keys represent general human-being aspects (Figure 2). The
word mother appears as the primary keys of Topic 15 and 16. The difference between
Topic 15 and 16 is the usage of the word. The motherin Topic 16 is described as ‘a woman
in relation to a child or children to whom she has given birth’ (OED s.v. mother), while
the mother in Topic 15 is used as a vocative with figurative meaning for a mountain (and

the mountain is called /da in (Fnone (1833/1842), quoted below).

‘O mother Ida, manyfountained Ida,
Dear mother Ida, hearken ere I die.’ 1. 33-34)

In (Enone, the second line of the excerpt above is repeatedly used, and mother does not
exactly mean a woman nor does it modify a human being, but it refers to an
apostrophised mountain (and rhyming with 7 die). The plural Gods only appears in his
poems about character(s) in Greek mythology or stories based on Greek mythology since

Christianity adopts monotheism while Greek mythology adopts polytheism.

Figure 2 The word clouds of Topics 10, 2 and 11

TOpiC 10 Topic 2 TOpiC 11

Some words, such as, ring and rose appear in plural topics. LDA showed different part-
of-speeches of the words in question belong to different topics. That is, ringin Topic 12
1s mostly a verb, while ringin Topic 16 is predominantly a noun. Insight into this finding
was gained by reading the concordance lines as well as a perusal of words in context. To

prove that the word ring belongs to the different topics according to its part-of-speech,
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assigning POS tags to all the words in the texts, can be one of the most applicable
operations. However, both TreeTagger and Stanford CoreNLP tagger do not put tags with
high enough accuracy on raw poetry texts. The biggest challenge is how to cope with
poetic conventions, including the use of upper-case letters at the initial position of lines,
which tends to mislead the tagger to assign wrong POS. In addition, since abbreviated
words with apostrophe (.e., o’er, howe’er, thro’) are not included in standard dictionaries
of the taggers, it is necessary to amend raw text poetry files (modification of line breaks

and replacement of capital letters) before tagging to avoid these errors in future research.

5. Conclusion

This study has reported on the emerging results of LDA and has shown the latent
topics undiscovered behind the prominent elements of the poems in the corpus. Future
Investigations are necessary to optimise the number of topics less arbitrarily, and to
suggest how to make the best use of LDA topic modelling to analyse poetry with no less

exactitude and granularity than applied to prose studies.
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The effects of DDL on learning verb-noun collocations in English

SATAKE Yoshiho (Aoyama Gakuin University)

Abstract
Although collocation knowledge is important, Japanese English learners' vocabulary
learning tends to be word-based, and collocation teaching and learning are not
sufficiently conducted. Since the effects of data-driven learning (DDL), which is corpus-
referenced learning, on vocabulary learning have been examined in various ways, this
study examined the effects of DDL on verb-noun collocation learning. The subjects were
19 Japanese university sophomores who were intermediate learners of English. Once a
week for 10 weeks, they learned two verb-noun collocations by searching example
sentences in the Corpus of Contemporary American English (COCA). The results of the
pre- and post-tests were significantly different with a large effect size by Wilcoxon's
signed-rank test (z=3.63, p=.000, r=.59), suggesting the effectiveness of DDL for

collocation learning.

Keywords
data-driven learning (DDL), collocations, Corpus of Contemporary American English

(coca)

1. IIL®IC

anr—ar SIFHEER L ORB N ORAEFEOBOEN>EXTHS (Lewis, 1997), %
<OHFEIZanr—Tar O THASNST-® (Sinclair, 1991), AMEFEHF BV Carnlr—
TarFEIIEETHD (e.g., Lewis, 1997), LHL, HARDZELFGFEHT IZB\W CREREfRE X
BrHEECR S H T HRELZ OB RER 2D ECEFLALTHY (I, 2013), anr—i3
VR CFE T UATON TS EIEERT, A —ia T B RO RGEFEE Lo THL
WIHHThD, 2— A& R 57 —XEREN S (DDL) OREREEE AT 220 Ri3kk«
IZHFESILCUDT728 (e.g., Boulton & Cobb, 2017, Satake, 2020a), A#f%E1X DDL D5
Kl — a2 T DA RGELT,
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2. FEATHISE

DDL ki3, “#EENa— A LELNDREOAHOT —2 | 2filn, BEMICSFEEZR,
RE—=VEHERT 57 A THS (Johns, 1991), & S8 (SLA) OBLEDLIX, 8
FNEFET — X TEHA 3% DDL L, J##5=E (Tomasello & Herron, 1988) %3
ZLFHHL TS (Chambers, 2010), ZDANMECHOWTTIEFHE 2 il & 23 723 TERY,
DDL G SO AX 3 M 3 DA MWEE R LT D, Boulton & Cobb (2017)1% 2014 4= EY-Hic
HIRE7Z 64 A DDL OJE3ER 2315 DDL OAZRMEIC OV T AR EATV, EBREEE
HIEE, AT FHTALO “H R HEICBOTO TR R ERFEEL L ThHo7228n5,
DDL IE5 S BICRE NIRRT Ll w2 b, iz, Mizumoto & Chujo (2015)
1£2007-2014 F RSN FHE D7 NV —T12 55D B AW IEFEFHE O I a5t 595 14
0 DDL #2815 DDL DA IS DWW TAZ ST ZATV, Fhil - 1% T AROREN ELilgic
BOTIRETRE ChH-7-280 0, DDLIE H RO YLIGEFE B OF — SibF 8 TP REE
DR B BTl TS, DDL D BARRYZR EZEMFIEE L CTUE, 23— A2 32580
EIEXC (e.g., Satake, 2020a, Tono, Satake & Miura, 2014), a0/ — al D iEtgEFE Y
230 (e.g., Flowerdew, 2010, Satake, 2015, 2020b), 24572578 1H H (231 54 2D s
ST,

B -Asan s —va Al onTE, FEHEOERITELWET R E 1R H D, Laufer &
Waldman (2011) (3/V—_0 RFGEEEREFEREF 71—/ SAD 220 OB A Gl DV N CHhF -4 5
anl—arEL, ~7 A EREERE S N E R OB -4 ian s — g gL
FER, TR LGRS ISl Can s — a7, BRI _IZ o ThH
FRODNRHZ LR LTz,

a—ABRanr—al el O = AL SNTE T L — R OB BITENL O Z LIRS
TW52 (Flowerdew, 2010), H RO S FEFZEE %5552 DDL O@F-4fanr—ay
FENKT DRI OWTUE, AT D7 BRI BRI FIEAATH D, 2— " AS
S H ARDBEREFEFH QBG4 Fanr —a HRO 18 IR THENEI DRI 512
I, SORLEFEIIER LI THD, WU, ROV —F VT AF a0%, 2—/ XA TH)F-
Aglanr—ar BRI A biTans —ar EZET 5 ETEM, 15,

8. U —F T ¥ A
3.1 B+

ZNE X, 2021 FRITENCEFE DY L TCWDEGET A 7 1 v 7 ORELZVETZH L
19 4 DOKRFAETHD, 22 LOZHEED H B ARIFFEIZ OV C OB % E R CHIZES IO
BEERNZ 19407 —% 2 Uiz, 403 13 BREABZECSM Lz, B O%GE
%, 83— v XFigmEs g (CEFR) @ Bl 2o B2 72572,
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3.2 #RJ

ZMFIL, FEMGanr— g oLl U O B DR W B4 5 O & ot &
ETe L TS EER (B “T do a habit of taking a walk. FAIZEAST 5D &EFIEIZL TV E
T ) BEINET—7 — M EREA SN, BT A Y B HEGEEa — /XA (COCA)Z S L T
15 73 C M4 L LT 2 8E 20, Afloara—2 o254 2B BLTEVH
R AHEE, ZRUCHFIZEE L TR Lc, a— " 2EHEZEE L -yE D4, K
MOEAIZ L VI3, 83 TEM LT, 74— K w7 L LT, BEHGanr—r 3
VR LTS A EE N T AR LR WG E Lo, f5ansr— 3
N, PEEE English collocations in use: advanced (O'Dell & McCarthy, 2008) 12U
ENTWHEE4Fansr— 2T, COCA TAFO 3 §ERTE CICEF A M3 2 85
-G DG DO D L ERER B 9 NIt an r— a U RHBT 5 H 0
#1930, COCA #Z M L CTEE NI L FERZERR L7 (FRifFg T 2 MHEE S
JIE{Z, 1) “make a contribution”, 2) “make a habit”, 3) “make a living”, 4) “fit the
description”, 5) “stimulate growth”, 6) “play host”, 7) “broach the subject”, 8) “declare
independence”, 9) “reach agreement”, 10) “propose a toast”, 11) “grant permission”, 12)
“dump waste”, 13) “heal the rift”, 14) “heap praise”, 15) “make a change”, 16) “bring a
halt”, 17) “provoke an outcry”, 18) “miss the point”, 19) “take exception”), FREEHIE L D&
EXIR OB, FOEROBEII ST D BRI SL D45 & OFAA T EM
BEEE MRS DA RAT,

3.3 Za—/ 32

COCA 137 AV B FEZED KB 2 — X2 ThH Y (Davies, 2008-), FDA X —T =
A RIEABHEAIH R TH D Z L nbB M a— 2 LT L7z, #lEIDZ 227 OFi
[CEFIBINEZ 2 —/RADMENFHIZONT 20 /548 L7z, EHIIAFIO 3 FEATE Tl
MBS B F OMA G DR ORETELE A a—F AT A4 OOV THL
BHL, & 368 (“It is a good idea to do a comparison between American and
Japanese culture. 7 A U 1 & BARD AL % LT 5 DWW E 2T, ) ORHEKZRE)
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Abstract

This paper is aimed at presenting a new smoothing method for what appears to be a
disorderly distribution of frequency of text data. The target data were 25 major
grammar items in the six junior high school English textbooks. Instead of simple
observation of frequency per time unit, the occurrence was accumulated allowing non-
linear regression analysis. The four coefficients of the cubic regression formula for
each grammar item were collected as the raw data for a factor analysis intended to
seek a pattern of distribution among the grammar items. The result clearly
demonstrated a contrast of how the items are exposed. Some attempts of interpreting
the learning/teaching process follow.

Keywords
grammar item, junior high school textbook, nonlinear regression, factor analysis

1. Introduction

Learning at school requires repeated exposures, attempts, and evaluation — in any
academic subjects but particularly language learning. However, in the Japanese junior
high school (JHS) context the beginner-level grammar items are linearly arranged in
the curriculum and occasional reviewing of past items seems to be neglected; once an
item is introduced with a certain set of practices the item is regarded as complete. Ifin
doubt of the mechanism and use of a particular item the learner has to refer back to
the lesson where the relevant explanation is found. In all the six textbooks authorised
by the Ministry of Education (MEXT) the syllabus is constructed in a Structuralist
fashion — unlike the cyclic syllabus in the early days of communicative language
teaching. It is this aspect of item reappearance that our strength lies in, stepping
forward from counting the total frequency (cf. Hayashi, et al. 2016; Ishii 2016).

Take New Horizon, for example. Figure 1 indicates the density of occurrence
frequency of 41 items conducted in a separate study (Amma, 2018). Within each item
(horizontal scale) the relative frequency rate was converted to the darkness of the cells
corresponding to lesson units (vertical scale; ‘1U01’ means Book 1, Unit 1, for example).
Whereas the first five items #01 - 05) and two more items #11, 12) show a relatively
diffused distribution, the other items appear most frequently on introduction and are
seemingly forsaken in the rest of the learning period. The 3rd Person Singular #07),
for example, is introduced in Unit 6 of Book 1, halfway through the first year grade as
the primary peak, but the next time it appears with some density is about a year later
(Unit 7 of Book 2). Even worse are Progressive #09), Be Going To #17), Modal ‘have to’
#25), Modal ‘must’ #27), Existential ‘there’ #31), and Relative Pronoun #43).
Although some items appear even before a formal introduction (such as ‘Nice to meet
you’ for To-Infinitive Following Adjective #37)), others are typically one-off.

Apart from the distorted distribution of reappearance the frequency of instances to
reappear per unit is unpredictable and disorderly. The purpose of this study is to seek
the relevance of application of a nonlinear regression, namely cubic curves. It the
method proves statistically practical, it can be used to generalise the occurrence
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frequency of what appears to appear at random. New to this study is the
exhaustiveness of data; unlike the previous report (Amma, 2018) where New Horizon
was the only source of texts, we have included all the texts in all six textbooks,
including 53882 sentence lines and approximately 317 thousand words.

As an extension of this method we conducted a factor analysis, though in progress.
We extracted coefficients of the first-, second-, and third-order terms of the cubic
regression formulae as well as the intercept and used them as new independent
variables. The factor analysis revealed a two-dimensional space where the grammar

Grammarftlems108_CeliPiot_inv.jmp;: Cell Plot
Cell Plot

items are distributed, thus enabling the generalisation of reappearance patterns.
Fig. 1: Cell plot of frequency density (from Amma, 2018)

2. Data

The present data was taken from all the junior high school English textbooks
authorised by MEXT, published in 2016: Columbus 21, New Crown, New Horizon,
Sunshine, Total, and One World. The database includes:

+ all the text printed in the student books

+ audio scripts and keys to exercises printed in the teacher’s manual

+ expected output, written and oral, in the exercises in the student books.

In other words, all the amount of written and spoken text input/output is contained.
Where the exercise specify repetition, the corresponding text is duplicated the number
of times for repetition. Where the answer is locally dependent, a generic answer was
provided. If the instruction is ‘Find three classmates and introduce yourselves’, for
example, then the pattern ‘My name is NAME. Nice to meet you. is repeated six times,
where there are six instances of BE verbs (Sentence Type II) and six instances of to-
infinitives following an adjective.

The raw data was sent to Wmatrix and had all the words assigned parts of speech.
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Japanese proper names (persons and locations) are assigned <NP1> (proper noun
singular) and Japanese words are assigned <FW> (foreign word).

Grammar tags are added to the text manually, using text editors and Excel. The

following sentence (1) was taken from Columbus 21 Book 3, p.93 and was tagged as (2).

(1) 1think boxed lunches are better because you can choose what to eat.

(2) 8353 I_<PPIS1> think_<VV0><V3N> boxed <VVN><VAM> lunches_<NN2><NPR>
are_<VBR><V2B> better <JJR><CMP> because_<CS><SCJ> you_<PPY>
can_<VM><AX1> choose_<VVI><V3N> what_<DDQ><WHN> to_<TO>
eat <VVI><INF> . <>

The list of 25 grammar items for the present and future analysis is shown in Table 1.

The code number was based on the average order of formal introduction in the six
textbooks, slightly different from Figure 1.

Table 1: Grammar items — codes with examples

Code Kxplanation Kxample
#01_V2b ‘be” as copula in SVCU Here’s your change. / 1 was surprised.
#02_PRK preposition 1 look forward to you mail.
#04_DKF article ‘the’ She likes some of the players.
#05_NPR plural -s How many CDs do you have?
#06_ADO auxihiary ‘do’ Do you play the piano?
#O7_IMP 1mperative Kxcuse me. / Let’s try basketball.
#09_3PS third person singular simple present - Sakura has a guitar. / Does she like 1t?
#10_AX1 fnodal auxiliary ‘can’ We cannot ride a bike.
#11_PRG present progressive -ing Kevin 1s playing tennis now.
#14_VGM ‘go’ V-ing 1 went shopping with a shopping bag.
#15_GNG future (be going) How long are you going to stay?
#16_V2C non-be copula in SVC You look happy.
#17_AX0 future (will/shall) 1 will show you some pictures.
#19_SCdJ subordinate (when, if, because, etc.) If you are interested, please call us.
#20_AX2 deontic modal auxiliary ‘may’ May | ask your favor?
#21_AX3 deontic modal auxiliary ‘'must’ You must wash 1n the bathtub.
#22_AX4 deontic modal auxiliary ‘have to’ Do | have to eat everything?”
#24_KXS existential ‘there’ There are many cherry trees in the park.
#26_GRD gerund Making plastic bags causes global
warming.

#27_INF  to-infinitive (inclusive) She was made to appear.
#30_AX5 deontic modal auxiliary ‘shall/should” Shall I take your picture?
#33_PSV passive voice Tickets are sold online.
#34_PRY pertfective aspect How long have you lived here?
#38_VPM postmodification with participle T'his 1s a food made from cacao beans.
#39_REL relative pronoun This 1s the message he lett for us.

3. Analysis

For each sentence its location was calculated as the relative position in the entire set
of sentences within the textbook. Further, the point of formal introduction was set to 0
and the end point (ie., graduation) was set to 1.

The occurrence frequency was accumulated each time an instance was observed. The
cumulative data was normalised so the value would take between 0 and 1 (which is the
end point).

These conversions were introduced to enable the comparison of grammar items of

93



different introduction points and different magnitudes of total frequency.

The normalised data was put to analysis by a statistical tool JMP (JMP 2021). For
the entire set of textbooks and individual textbooks a cubic regression expression was
applied. Cubic regression was selected instead of quadratic regression because the
overall squared residuals indicated a 3.3% improvement for the former (Amma, 2018).

A cubic regression was applied to each item. When the regression formula

y=ax®+bx*+cx+d (3)
was obtained, the four coefficients a, b, ¢, and d were turned to a new set of variables
characterising the cumulative distribution of the item. 25 sets of coefficient values
were collected as the new data for factor analysis.

4. Results
4.1 Regression

Table 2 summarises the squared residuals with observations (total frequencies) after
cubic regression was applied to each item.

Table 2: Squared residuals as a result of application of cubic regression (sorted in the
descending order of RSquare)

Code RBSquare adjusted Observations

#02_PRE 0.997004 52606
#01_V2B 0.993585 52715
#04_DEF 0.99182 51720
#05_NPR 0.989752 51141
#07_IMP 0.976432 49010
#06_ADO 0.975956 51294
#09_3PS 0.975693 46724
#17_AX0 0.960601 43360
#27_INF 0.9592 27477
#10_AX1 0.956443 43360
#11_PRG 0.955507 41377
#19_SCJ 0.942701 43049
#34_PRF 0.934153 15583
#39_REL 0.931075 7758
#26_GRD 0.910087 27243
#33_PSV 0.90934 19601
#15_GNG 0.862849 33286
#24_EXS 0.837404 29732
#16_V2C 0.809846 37265
#38_VPM 0.794032 8558
#20_AX2 0.74826 30259
#21_AX3 0.72966 30912
#22_AX4 0.629177 29418
#14_VGM 0.622372 37354
#30_AX5 0.5292 26471

Most of the items were fairly well summarised with high squared residuals. 16 items
out of 25 scored more than 0.9. Figure 2 shows the item with the best score,
Preposition #02).
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Fig. 2: A cubic regression applied to Fig. 3: A cubic regression applied to
Preposition #02) Auxiliary verb ‘should” #30)

In contrast, the item with the worst squared residual score was Auxiliary verb ‘should’
(#30), as shown in Figure 3. The coloured curves represent individual textbooks.
Judging roughly from the distribution of items in Table 2, high-frequency items with
young code numbers tend to be stable with little variability whereas auxiliaries with
codes AXn (except for ‘will’/’shall #17_AX0)) and post-verb modifying participles
#38_VPM and #14_VGM) resulted in a wide variability across textbooks.

4.2 Factor analysis

Using the coefficients of the cubic regression formulae a factor analysis was
conducted (Maximum likelihood, Varimax). Individual items were assigned factor
scores and plotted in a two-dimensional space (Fig. 4).

i .
* #04_DEF *#27_INF
*¥02_PRE “¥17_AXD
#05_NPR *#00_3PS
* #30_AXS
“N22_AX4
@10 AX1
*#26_GRD
907 V28 *#06_ADO
*“4724_EXS
433 Pt
f11_PRG %oy
“H14_VGM *MS_GNG 38 VPM
*x19_SCJ *a34_PRF
“021_AX3
- 407 _IMP
“¥16 V20
*¥#39_REL

Fig. 4: Two-dimensional distribution of items after factor analysis
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represented by Figure 2. Towards bottom 02
right are items in relatively old numbers,
displaying regression curves in convex
shapes, as represented by Figure 5. The g 02 "'L;wmf{“ aa 1
contrast in shapes suggests how the items

reappear. High-frequency items, because of Fig. 5 A cubic regression applied to
their universal nature, tend to appear more p_.1.tive Prananm (420)

as the learning stage develops with more opportunities of exposure. In contrast the
items that appear in late stages do not have sufficient opportunities of exposure in the
rest of the school period. As a result, the items are introduced with some intensity
followed by a short span of reviews and exercises. It is items of this pattern that have
a potential risk of neglect unless sufficient follow-ups are provided. High-frequency
items are structurally simple and have relatively few problems. There will be an
increasing number of exposures as time passes, where the learnt rules are applied to
comprehension and production, thus this success experience is enhanced, hopefully.
However, should one fail to use it properly in the early stage the crack might enlarge as
the exposure is accelerated.

The variability of distribution in some items seems to suggest that these items are
topic-dependent. Deontic modals are usually directed from the speaker to the address-
ee in the discourse. The use of the item may reflect more directly the discourse plot the
textbook writer has in mind than semantically neutral high-frequency words. Another
possibility is the false recognition of the zero point. In the case of ‘should’ #30) three
textbooks show a low-rise pattern with a long initial dormant span (Fig. 3). In fact
three of the six textbooks do not present the item with a formal introduction. If the
true starting point is recognised properly the distribution patterns will converge.

This survey is time-consuming especially due to the correction of errors in text
recognition and POS assignment. Although the textbook revision is faster than the
pace of the survey, the statistical procedure should remain valid across all versions.
Further attempts, including addition of grammar items, are sought for increased
precision and validity of accountability.
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Abstract

Although DDL is becoming more widely used globally, there are very few studies
conducted on introductory-level students. This is due in part to the lack of suitable
corpora and user-friendly search software. We developed a teaching-oriented corpus and
a web-based DDL tool, called hDDL, to address this lack, and in this paper, we report its
development and the results of a pilot study. Two groups of Japanese 7th graders
(N=139) learned SVOO structures using hDDL. Both groups were given an error
correction task; only the treatment group was given a noticing guide. Both groups
improved their scores on the error correction test. However, the number of occurrences
of noticing the SVOO sentence structure on the worksheets was statistically higher in

the treatment group.

Keywords

data-driven learning, teaching-oriented corpus, introductory-level, secondary school

1. Introduction
1.1 Background of the study

Although classroom applications of DDL are expanding worldwide, Wicher (2020)
points out that DDL usage with young learners is not widespread. He lists three reasons
for this: (a) a lack of appropriate student-friendly corpus resources, (b) teachers’ lack of
awareness of corpus applications, and (c) the lack of empirical studies testing the actual
effects of DDL. Concerning the lack of resources, one notable exception is called the
Sentence Corpus of Remedial English (SCoRE: https://www.score-corpus.org/). Although
SCoRE was created for lower proficiency-level university students, much of its ideology

and structure was used as a basis for creating a similar corpus and tool for secondary
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school students called hDDL. This study was conducted to address the lack of
appropriate corpora for young learners by (a) developing a teaching-oriented corpus that
matches the English proficiency level, developmental stage, and interests of secondary
school students (junior and senior high school students in Japan), and (b) developing a
web-based DDL tool, called hDDL (https://h.ddl-study.org/), that is used to search the
corpus. Then, (c) we used hDDL in an English class of 7th graders (first grade of junior
high school in Japan) to examine the effect of DDL on these introductory-level young

learners.

1.2 Development of hDDL
The process for creating hDDL is shown in Figure Figure 1 Process to Create hDDL

1. First, we developed a “source corpus” consisting of

approximately 24 million words. The data were collected
from government-authorized school textbooks published
in Japan, China, Korea, and Taiwan, reading textbooks
used in U.S, graded readers used for ESL extensive
reading, and ESL material found on the Internet.
Second, native English speakers and Japanese
English teachers collaborated to create a sentence corpus

by referring to this source corpus. Each English sentence

\/‘

1 source corpus

2 sentence corpus
with L1 translation

for secondary school

W

3 DDL support tool for
secondary school students
and teachers

appears with its L1 (Japanese) translation. The corpus
currently consists of about 12,500 words and 2,350 sentences, and new sentences will be
continually added.

Third, we created a web-based DDL tool called hDDL for secondary school students
to learn vocabulary and grammar. hDDL has three sub-tools: (a) a user-friendly
concordancer which displays search results either as regular sentences or as keyword in
context (KWIC) and allows for sampling and sorting (Figure 2); (b) a simple pattern
browser so students can view sentences by grammar item (Figure 3); and, (c) a fun word
arrangement quiz that automatically makes and marks word arrangement quizzes. It
was created to motivate students and detect their weaknesses in grammar. hDDL also
has additional special functions for its target learners. The students can listen to the
pronunciation of the searched sentences; they can search for English sentences by
specifying the number of words included in sentences, for example, three words (e.g., “I

enjoy camping”) or four (e.g., “I enjoy doing housework”).

1.3 Objectives and Research Questions
This study introduced hDDL with 7th graders whose English grammatical
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Figure 2 Concordancer of hDDL Figure 3 Pattern browser of hDDL
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knowledge at an introductory level. The students had almost no experience with DDL.
In addition, the students’ base of grammatical knowledge was not sufficient to discover
the grammar rules on their own. Therefore, two different types of scaffolding were given
to elicit students’ noticing and allow them to learn autonomously and inductively. We
examined the differences in the acquisition of grammatical knowledge depending on the
scaffolding.

RQ1 Can hDDL be used to lead 7th graders to inductive grammar learning?

RQ2 What differences in grammatical knowledge acquisition does different scaffolding

elicit from 7th graders?

2. Methodologies
2.1 Participants

Four classes with 139 7th graders who were affiliated with a national university
participated in this study. Seventy-one students were in the treatment group, 68
students were in the control group. They met for one 50-minute DDL lesson. All students
began learning English in elementary school from the fifth grade at the latest, while
some had begun from the first grade. Explicit grammar instruction started in the 7th

grade. This study was carried out in March 2021, at the end of their academic year.

2.2 Learning targets

The learning objective was for students to acquire the grammatical knowledge of
the SVOO structure of a verb show, and to notice and correct its incorrect usage in a
sentence. Students will learn the SVOO structure in the 8th grade. The target word was
show. Since teachers use show in the classroom (e.g., show me your answer), it can be
assumed that the students had a hypothesis about the usage of show. Therefore, it would
be interesting and informative to see if, as a result of using hDDL activities, students
would be able to transfer their implicit knowledge of show to explicit knowledge. This
change in knowledge corresponds to the process of transforming “input” into “intake” in

the second language acquisition model.
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2.3 Procedure

The DDL performed by students included individual, pair, and group work. Prior
to this study, students had had a session to familiarize themselves with hDDL. All
students were given a supplemental worksheet for the DDL class that contained an error
correction task (see Figure 4). All sentences on the error correction task worksheet
contained the word show. The sentences on the hDDL screen were not identical to those
on the worksheet, but were similar in sentence length and vocabulary level.

In addition to the error correction task, the teacher provided the treatment group
with “noticing guides” to how and what they could find in the hDDL concordance lines.
The given guides included three questions (in Japanese): (1) Looking at the first word to
the right of show, what kind of word or words are common?; (2) What is shared among
the word or word groups (e.g., the book, her sister) that come second to the right of show?;
and, (3) What word order do you find in the sentences? The treatment group completed
the error correction tasks with the guides, while the control group completed the error
correction task without the guide.

2.3.1 Individual Work

First, all students were directed to an hDDL “start” webpage. They searched for
show by entering this word in the search bar. They were asked to observe the sentences
and compare the sentence on the worksheet with those on the hDDL screen. If there was
an error on the worksheet, they corrected it. They were next asked to write down any
rules that they discovered about show on the worksheet. Figure 5 shows examples of

students’ notes.

Figure 4 Error Correction Task Figure 5 Students’ Notes

I wont to show my 700N YOI, &4 ASALKOBEEIRYAVTY,

reom

Show your-ID-we, pleose, wiAuaoIDsReTINI,

The show wos great, sose-ur=cieh,

Con you show Niko your cot? asresssiscastarsners?

She didn't show her olbUS B8, AXLAC, AHOTAALIRYTCRIVATLA,

2.3.2 Pair Work

Next, students compared their answers for the error correction task with a partner
and exchanged opinions about the findings that they drew from the activity. Pair work
was conducted before group work because Japanese students are shy. They exchanged

opinions in small groups to get a sense of security before moving on to group work.
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2.3.3 Group Work
After the pair work, the teacher and students reviewed the answers together. The
teacher also elicited opinions on the sentence structure of show and other findings from

the activity, and shared these as a group discussion in class.

2.4 Measurements

Pre- and post-tests were used to measure learning outcomes for the ability to identify
and correct errors correctly. The format of the test was the same as the error correction
task. The task was to find errors in sentences and change them to the correct forms. The
post-test was administered in the next English class. The pre-test and post-test were
identical. In addition, the students wrote down their findings from observing the

concordance lines. These notes were collected and analyzed.

3. Results and Discussion
3.1 Pre-test and Post-test

Table 1 shows the results of the pre-tests and post-tests. The Cronbach’s alpha
was .645. A two-way ANOVA showed that the score increases between pre-tests and post-
tests were statistically significant. (7 (1,137) = 142.44, p < .000, generalized 2 = .50).
The effect size was “large.” However, the difference between the student groups was not
statistically significant (#(1,137) = .273, p <.602, generalized n?= .00). Nor was there
any interaction effect between tests and student groups (# (1,137) = 2.88, p <.092,
generalized 2= .01). From this, we can understand that the use of the hDDL activity in
the classroom was effective for the acquisition of the grammar knowledge of this new
SVOO structure. Regarding the first research question, since both groups increased the
test score statistically, we can conclude that hDDL can be used to lead 7th graders to
inductive grammar learning. However, we still do not know to what extent hDDL works

without error correction tasks.

Table 1. Means, Standard Deviations, and 95% CI of Pre and Post Test (Full mark=5)

Pre-test Post-test
Group N (Sj%) 95% CI (gj{)} -
qu‘]iiﬁt;fgg n (?:é(l)) [1.75, 2.45] (i’:gg) [3.41, 4.00]
WS A Gmam (9 oaam

3.2 Students’ Worksheet Notes

Students’ notes on the worksheets were examined, and the number of students who
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described the SVOO structure or its word order was counted (Table 2). Fisher’s Exact
Test showed that more students in the treatment group (with the noticing guides) found
and described the SVOO structure explicitly than the control group (without the guide)
(p=. 000). Since the treatment group with the guide increased the test score significantly
higher than that of the control group without the guide, for RQ2, it can be said that a
direct guide that indicates how to analyze the sentence structure will help introductory-
level learners find grammar rules. Thus, we can see that some scaffolding is needed to

elicit inductive learning like DDL for introductory-level students.

Table 2. The Result of Fisher’s Exact Test

Group With Memo Without Memo
Treatment (with guides) 44 27
Control (without guides) 18 50

4. Conclusion

There are few examples of DDL applied to young learners in Japan and abroad.
This study shows that DDL could be effective for young learners using hDDL with error
corrections tasks and guides. In the study, error correction task and guides for eliciting
findings were given to the students because their English level is not proficient, and they
do not know how to interpret the concordance lines on the screen. Through hDDL with
the error correction task, students were able to acquire grammatical knowledge to help
them monitor errors in English. It was also found that they were able to elicit noticing
of sentence structures if they were given an appropriate guide. It turns out that with the
right DDL tools and the proper guides, teachers can implement DDL to secondary school
students who begin to learn English grammar in a formal setting. In this study, we
focused on a single grammar item, but in the future, we would like to conduct DDL over
a more extended period to verify its effectiveness. We would also like to examine the

effects of DDL on a variety of grammar items.

Acknowledgments
This research was supported by JSPS KAKENHI Grant B Number JP16H03441 and
Grant B Number JP20H01277

Reference
Wicher, O. (2020). Data-driven learning in the secondary classroom: A critical evaluation
from the perspective of foreign language didactics. In P. Crosthwaite (Ed.), Data-

Driven Learning for the Next Generation (pp. 31-46). Routledge.
102



[ — AR R TRt 2021) (ISSN 2436-6447)
Proceedings of the JAECS Conference 2021

FEA DO EWRILIE 7B HER TED DN
— P EEOENGE run ZHIC—

A EFE CAEIUNTLRY) 7 ¥ BTG (BIRKY)
n-kiyama@kitakyu-u.ac.jp / y.shibuya@staff. kanazawa-u.ac.jp
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Abstract

How do people understand polysemy? Various studies have addressed this question.
Among them, corpus studies based on cognitive linguistic theories have argued that, in
addition to the collocation of words, a great number of factors, such as the
morphosyntactic environment in which words occur and their semantic types, can affect
the understanding of their polysemy. An area that has yet to be fully explored is the
relationship between topic and polysemy. In this study, we discuss word polysemy using
a topic model. Here, we report the results of analyzing the polysemy of the English verb
run using the biterm topic model (Yan et al. 2014). The data was extracted from the
NOW corpus (Davies 2016). The results suggest that the topic on which runis used has
an effect on its understanding. This implies that there may be an inseparable
relationship between the meaning of a word and the topic on which it is used. Based on
the results of this case study, we argue that it is useful to conduct research from the

perspective of topic in polysemy research.

Keywords
% Fenk, M7, biterm topic model

1. IIL®IZ

NIFZEGEEZ EDOIHITHEEL THDOD, ZORMBEICEVMT <L, SEF TIIINETHA
IR RN 2SIV CE T, FD 1 20, a—RZABELNIZFEHE AW Cansr—sar2hhit 35
W Ths GEMIE Hunston 2002 F2ZM) . 207 7 v —F LOLHGHAICHEMS - HE
Fa =073 Stefan Gries DAFZEICARIND &N — RAFEEFOT 7 a—F Th-oTo, £
T, ZREEBOEWIX, aur—a Iz, ERBNLFEET H WS, A, /), TAY
FNOL—RIZEDDRER 2 E DR A RBERNEDLLZENFH ELN TS (e.g. Berez and
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Gries 2008; Divjak and Gries 2006; Gries 2006, 2010) , AAFFE TlL BT — IAZFEFD
MAVE RO, FERBNOIN Y VL EFREDERERDD 1 DOERK ERDHTLETH D,
AFROWBITIRD LBV THD, £7° 2 FiCIIAF L H T 28R 2l 2, 20,
ARG DPGREE AL, ZFOIERERFEST D7D N2 — SZASR W FHEE R 95, 5 4 i
TITAAER R WE U E ERET D, IERICATRDOELD LA BROMEERT,

2. JeATHIIE

WEERSHEFOBRERSEY (ERSUERE) TiE, FBOEWE S ENBLENOHL
ETHIENL, ZEII BBIC, BREFRAERR T, FEEDFEHIWIIERITH LT
oMk DE#E CHEOEW A ET5 (Croft and Cruse 2004; Langacker 1987) , i F5
BB KGR CIE, BI20E, RFEREERSE 1L photograph E\W) HEEIZH LT, D7edld () R
RNOHEE, (1) HARIZIIARICEB S, TOMOBRTRIESND, LW ol ikaFFoL
E 2615 (Taylor 2002, —#HFE) , 2D HEEDBMRZ R HEF LT, Taylor
(2002) 1X FROLOEZEIT S,

(1) a. The photograph is torn.

b. Tll send you the photograph as an electronic attachment.

(1a) T, BEMRICBBINDIBDO THLZLEMLTIZ T EEMND | EVHTT A5 BT 52
LITTER, (1b) T, BEORFIEZDLENDY, ZZTE @) AFibshs,

(1) IZRHNDIDNC, ERFEFHRAE G T, oP A CIEFERAmIERE L CTilbiLT
L DOLIEOERDO—HEL TR, FEE M FEHD NI ST U TR D FEk 2R L D BAFRIC
HoO%, FEOEWRIBIESNS (Croft 1993: 336f) .

3. Uh—FF A
3.1 #F7E B B FEa% R

3R Gries HIZED—HOIETIE, FEOEWA ST S LCTHIESR, Hish, WEFEOEK
ZAT, MEEE N ST E S D BER DD EDREINT-, Gries HLOMFIRIT L FMEDOIFIEIZ
RUCHEERM AT 2O THAZ LTINS, AfE Tl — DRI O S 3
PEORIEE R U, TIUT TR B Y 7 OBLS LI LHZETHD,

B SURMEAF CTHHZ LTI Z T ANLILTND, UL, SUARICIFAR 2 b ORE £ T
Wb, RIERTIE, IRO—HEHERTHTHAIN 7 OB EZFEER U, BT
AARGED FATE T ) ORIERIZIE, D2t @) ARG Ic@< s @) REIZAD)
D2 ODEMENDD, KERIHON Y7 THNLNLHAITIE () OFERMEEShDEAIL,
RIREON Y7 THWONASH AT () OFERSEESND THAY, 26O B FF o
HICH, FEOEMENN Yy OFRE BT 2L TES,
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3.2 7—H#

A7 TlE, News on the Web Corpus (Davies 2016, UL F, NOW zt—/,%%) Z /=, [A
T—/NAITIE, 2010 FLARRICA Y T A ETHIRSN 2 F =2 — AL HENINDH TR,
2021 ££ 9 H 5 H DK AT 133.5 [ERENINERSI TD, AWFFETIE NOW = — " RIZE END
2013 FEOKEY 7T a— AR M LTz, 2T TOARFERITEDH LK 8,500 HREMINERII
THY, British National Corpus @ Written ¥ 72— SALEIERIZEDY A X THD, AifF5E
TlE, 2OV 72— RAJVEGEOENE] run EEOTERAEOEFHIZHHL, Ny 7ET VO Tk
ZRAWTHMT LT (@hF run D54T1E Gries 2006; Langacker 1988; Tuggy 1988 )

3.3 Fik
3.3.1 Y I7ET IV

MY ZETNVETL, XELSETHFIETHD, [Ny 18k, AARGEOFEE B Y+
Do Tel 21X, ZOHISITEY SN ALTE0, IEEA DRI 1TH o LER Y, | LW A FiTe
&, ZLDONTTRE BT EHRE T 57250, NISCERMNZEAL TEMNIZHLO THD
D BRI 2 RE /1 AR50, ZD IR CES AT ETHINATIONR N Y 7 ET L Th b,

Y7 BT MZBIFAIE Y ZIXFED S5 HiICk>TEEND (Blei et al 2003; Yan et al.
2014) , JeDOBITIBWT, [RF Oy V2L R TEIDIETE VL TRIL S ) 72 E DF A7)
DOBNT ThHA), "V TET L, NI 2K () IZEDLI7EE (w) BETUIE BN
Zheg (P(wlk) TET, AR THEMATLFETIE, ZOEE o EEFES,

L HORE Y ZET VT, EIENT 47V Ed 431k (latent Dirichlet allocation, LDA) (Blei
et al. 2003) 2 E7ZA%, LDAIXAT) T —#MEWEE, Ny 7 ORISR F 35 H
% (Yan et al. 2013) , TZCTAHFIETIE, Yanetal (2013) 242ZL7= biterm topic model
(BTM) %AW Cii&%1T-72 (BTM & LDA OB MHEIIAIL 2020 ZH) .

3.3.2 M OFNE

ARIFFETIE 5 DO TR a2, BIM AW T L7- GEMIZAIL (to appear) &
Kiyama and Shibuya 2021 2/) , £7°, 8.2 Hi Cill _/za—/ 20, WFEOBF run 20
EHIEOEFIZNE (LR 10 58 Lz, £0%, EET -2z, AbyTT—ReZ—5 vk
FREBRANLTC, T D%, b EEARIM SR 0T T — X &R, Py 78 10 123 EL BTM 2T
FHREITIR o7, 7ok, AFZETIE NOW a2 — ~R(IZff G Tnd POS #7 &R LT,
AFa CTHEHZ R T BRI Z SO DT DI Z T 13RIV T 5, £, BlCERRTHERITIE, 3
AROBFEOLLTSEZEL, T CHEA LIz a—X U AT IV ROIZEREL TR TND,

4, FEREEE
4.1 BTM % Fu 7= 5
AIET TR A= R DELNTERAE 1 ThD,

105



HK 1 FEZHERL, FEY2E run DEH

[ =4 MYy 7 KRG (¢ H) O _EA7 10 G5 [ = run D =R

Topic 1 people, time business, new company, way, day, world, E'Z %X BET 5
really, system

Topic 2 water, power, gas, energy, fuel, natural, oil, electricity, T F/L ¥ — R
plants, battery

Topic 3 police, away, man, house, people, toward, away, ran, JE5¢ WET 2
saw, old

Topic 4 run, running, marathon, miles, run, race, shoes, ran, EHi#tE E2

running, runners

Topic 5 president, office, campaign, senate, state, election, &% 532
party, governor, former, candidates

Topic 6 home, home, game, hit, season, league, runs, baseball,  ¥FEK E3
games, home

Topic 7 school, schools, business, program, health, organiza-  $H#% HilzRET 2
tion, medical, government, company, news

Topic 8 government, money, percent, fund, million, dollars, BfF & &4 )3
security, deficit, billion, federal

Topic 9 back, ball, game, yards, back, quarterback, football, 7 X 7 k 7E 3
field, team, players

Topic 10 software, android, system, applications, devices, ver- 1T AT LEEHT

sion, operating, server, data, computer, device
PUR T, MEORE L, —#HOR Y7 D22 BT, Topic 4 13, TOMHKREL R HiHE
EINE YT THHIENR DD, Ky TEND run OBMREIZRLE, THTHEO@mEBH)
(fast pedestrian motion)] (Gries 2006) DOEM THEHIL TS,

(2) I'm training currently for a marathon, and I'm taking it pretty seriously, running

sixty miles per week.
Topic 3 1% police ° away, man, =L CENLE AW BAKEH /28 % RHE SR w7 ThH
HZEWIDND, ZOLHTRSNROBE, (3) DI run XK ETHIOBERTHA),
(3) ... there’s the man whose picture you've seen countless times on TV over the past
few days running toward your house as he returns fire to police officers in pursuit.
Topic 2 ZHER T DaED FALIZIZT=RAF—ITFET Db DNRL N, MY V2l 25845 7,
PO TR —BEO RIS TIR D IR D038 2,
(4) Ordinarily water power would run the machines, but when the water wheel would
not run on its own a steam engine would lift water from the stream ...
(4) IR EDPEBAE BB ST DLILA2IRRTEY, run XA BT OEERIZE DD,
UL ED I, FEOEREFENBIND Ny 7 ORIZIE—E DRSS bbb, 7o, WELRYR
Bia® I T EOmEBE) ) LIEET DB EBISTWD LD, run DRENR=27 A
D7% BTM TlE (—ELLT0) 20N T ERDbILD,
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4.2 BRI DORR
AIEICIE, FEYZA run OFBREBEEL CWDHIEE R, T T, BEWRFE-LORIZIZE
DIHRBAEN RONDDTEAID, KNI run DEREBBIZXILL TWAIEND, 0 fEH
DOALE PR E RAZETEMBOREMBRN R 2 T, ZZTARTIX o % Jensen Shannon
Divergence & F 53 Hr CIRITIERME LT, ZOFERNIK 1 TH D,
K1 2 (run DFH) FDF

0.2-

O campaign

o

fast ped. motion

N
c -
i Topic 1 to become used up
b Topic 3
g o0.0- %9 ) to escape
£
@ to execute/function
_-Toic 7
-0.1- % to manage
-0.2- ——~
Topic 51V

-0.3 -0.2 -0.1 ) .00 0.1 0.2
Dimension 1

B 1 o4 (0.15 75 0.2 D) (IFAR =BT DIy I N ELED, [HTHO mEBE)
ERLTCND, T2, ZOFEEEVITIL Topic 3 DIRETD INEEND, KD B2, 77/00—

R FNF—ITET DY I BMEL, HRAEI T | OFER TEEESTWD, /£ FITITNsE
(ST T (k- 2tE2) BEH T2 OFENELESTND, ZORBLELY, HHlIC ifjc%
WYOEE | OFEWE, x fil Eo 0 (BT 0.015) KOAMNZIEMEREZ GO OZBhESE
%Z & (to cause to complex entities to work) | EWOFME 72 B R ZfhH 352 &R TED,

5. LD LEF

AFTIL, Z2EBEBOBREZIE Y 7 DHERITDZENTELONEVOI N DL L, HKFEDOEE
run W THAL., BTM CTld run D2 ZMIMERIEZ Hiviz, £72, BTM O #rfE R4 X
AT HZETEY, run 5FiD 2 DO REPIRERI T AL T 2L TET,

HEHAA, RTOEREOEERENI Y7 LT HLIFROT, 72e20E, maCaiE i, Hou
(T—EBo@hEE (ERBIE D make/a ) 13Ny DEEEZZITITKOWI LA TSNS, 4%1%
N7 DA ZTRTWVEDEZITIT WS D DEWEZ A T HUEN DD,

e

AWFFEITEE 21 B H AR E B RS ICTTRARREK (ESZEZENFZET DU -E W3 A
R REL TS, SEL TG L BT 5, AFgEiE JSPS B2 20K00667 DBk ZE 21T
77
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Abstract
The study aims to build a logistic regression model which explains/predicts the
occurrence of subject postposition in intransitive sentences in contemporary Spanish.
Previous statistical researches, such as Brunetti & Bott (2011), employed variables like
'generic' feature of the subject, based on a traditional idea that information structure is
a critical factor (Contreras 1976). However, given our corpus size (two billion words), this
scrupulous methodology was not a realistic option for our large-scale study. Because of
this, we utilized 25 variables, all of which are formalistic (e.g., 'definiteness' of the article).
Our model from over 20,000 samples was generally better than previous one (Brunetti
& Bott 2011: 28). Also, coefficient values might be a clue to the correspondence between

surface variables and the information structure, which is of cross-linguistic interest.

Keywords
ARA G, ERRRIE, FEEE, RIERE, 027 v 7Bl

1. [IXC®IC

BRANALGE (LU, ARA58) O BB S0 ClE, LIZUIEREEEL (RIS C CREIE
A UTZE TR EN ) (2R L T H5E GREEENR & AP - B0 — By b o4 5 h) MR EISND, H%iE
DERGHTIZIBNT, FEATHFFEITENE I DA A2 RO RE T 2 A0S (A IE) ([
ZEBZ FUTANIZEIR, E'mONT s EFERNT T u—F 2l i, BRI, &0
TE AN E P 22 E DR E N BAFO N D TE IR i am F 72 R D AR AL E 2 il A I 2 BB e 7
VORERA HIE LT, AR T, TRIET VL TrU AT o7 Eli a3 5, 20
RGO NT A= — (RIEIFFRETRE) 2 NS SRR AR A TR T 228 T, AXAUERIZBT
HEFBRED A=A LEHALNILIHET HRATHD,
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2. SEATHISE
2.1. HEVFRE USRI EE % E
TFiR (1982t 106-109) (2L AUE, ANALEECTERERENEBITRZA00T, (1) 2R AEhE,
(2) I R B A R W5, (3) FHIRMESC, (4)HIEsLD 4 D ThD, ZOIHLARMIEN K G LT D
DIX (1) ThD, iU, aED) D1 EMEFORENARIZE KA TWRWTHAI FHY %
REEI BN T DB = AR oEhE] (< H #8hE) 2469, UL R IchlZ <7 (SFlF 1982: 102-103)
Empezo la resistencia.
MEED RIS NPREEL i a. M R PRPTER). o ME AL A
MEPLEEN D EE T CEER)
ZOBGUZRLTIE, BRI E o@hEE N TR R BB G I2E END0D, EiEHEOAFEN
IXE DRI DL, BERZR m3 D 5307 - PRICD R H D 2,

2.2. FeATHIZE OB

ANRA L FRITEITHEDTRL, B OFEIED EFED AWRFD R TED, ZDT2D EFEDE
W& - B D /N—RLDMENEF 2, FEIRIELT B BER Y TERT ) LW DB 2 DB RLSEBHITh -
7= (Contreras 1976: 15), L%>L, Hatcher (1956) 23 Bi4h (beginning) |, 384 (occurrence) |
REDERFEMEZREL, FEHRENEIVLT WESNDBEIZ AU LI L2 22 IR LA
ME-7-, 1970 ARICIE Contreras (1976) DX :5E (theme) —iE E (rheme) | DI
22 E DOIEBREE S OE Mbesnbdo7oT,

IR D X7 RE T F RIS 2 ARIL L 7= REEHRIBT 7B D 802, FRIEZ IR L TR 280
DR CHREBRINZe DX 1 (1984) Th-o7z, 2010 HARITIT, FIEERIRDHTE BT 5
FZSH7z, Brunetti & Bott (2011) X° Rivas (2013) 23%3% 34 L, Wb MEROFIH I SCTHOE
RPN 708 DR F RV A 5O TN A2 Sz, LoL, Wb FHIEN /ML, £
% B R ORERE (O BAILRERELDOFTAE R L) D72 SIUTUNRNRE, FEFH PRI Z S D RRFED
RSN TORWER DS,

3.V —FF 1
3.1. WF9E B B AP FTE
SATHRIEIE, HERE MBI AR L TOAT012, OIS HERIE D /NS0,
OB —T 4 T ICREBEER AN RNV EE L C0D, T CTARIFZE T, HEEE
TR E AT X THREL, RELLELNLIEROLEF AL T E €TV 7 (7
AT Ay EF) ZATHIZEE LT, BRE LTCAFERR IZLL R CTh D,
(1) AXAUBEOEFBEME IS ADNDME RIS, RKE RO EBIIZHP - TR TX 50
(2) AALEEREREGRE D3 B SRITEL ) LU LRBIED T 4 O E R
(3) FJEFFHEHERE L AVBEE (I HEIE) 1X, DI RL TV D7)
FHRAAEOT Ll AT BRI ERYR) Kb TR e TV 7 (@A T v 7 [BlF) 217

110



AZET, TR RAIC (1) T2, ZhUE, T0—fRAVRRIVTHS (2) 52 (3) ~D B0 &7
5o X} 54% 30 (3.3.2 IE)J%/\@%I“ FTTCUVKZET, BT NVEHATL, (2) DEIRARA L GEFH
7R, (3) DI S FERIE T CEAMEEHI LRI IC AN TV,

9 T

Cristian Cardellino X232 B (Cardellino 2019, Accessed: July 9, 2021) L C\5%, 20 {&Eq5
F— A GEFEEL: 20 & 2495 75 9560 7, $E720FRH:915 77 7394 §8) M 7o, v The
Open Parallel Corpus Project £\\), FEL S #E - FHE S HEW G DU —/~RAT —H(Z,
TNE T OIEERER B TR EL ML TEK LT — 2 Th o,

3.3. Bk
3.3.1. T — X DOEREE

TI—RAOILT —HXIE, T VIORLIZEY, fiax 7728 O\ TSV EXTh D,
£ 1 7 —F0—4HF

0 Reglamento Reglamento = PROPN WSP ZDOF —H5, Pythond @
1 de de ADP wsp | oo T

9 Ejecucién Ejecucién PROPN  Wsp | WP 07T LTRIERE

3 . AT 117 1 jtﬁfEODT

FAMIEL, xT%'é’f%th T%E&Dﬁu‘_o BB, 5 uimch@E%E%m X, AR
FRTELLHIWTL CTHIBRU 7=, AR b ey &, 13255 T B 8hE) T nEE ﬁjﬁ‘%fcﬁéﬁ
LEBWERLTCND, D72, stk 545 - B4 5 - 18 5 - BIGREN - 2B R - SEFF A 5 Do 30 L
JRGMEE S - BER SUUIIBRAN LT, FT, IR FEZBEAFFCRWFRIRC, 5628 1, 2 AFRROFEHNIERIL
720 1, 2 AFRCOBRIFEIIAERAFD AT/ >TLEN, W20 ThDd, 29
L7 2% C, Soférylc 28,396 EDOHEFIAINELT, 7ed 3.3.1 1A, 3.3.2 HOALIRIZ|X
Explosion #1:7% Python3 [Ai}IZ#2H4t7% spaCy 7477V (3.0.6) D es_core_news_lg E7 /L
(3.0.0) ZfEFHL7c, ZDFET VAKX, FESUENT 72 E O IEMESEHERE A 9 FIF[#4 (spaCy, Accessed:
August 20, 2021) &, {FHMED EV,

3.3.2. /3T OTIA

AALERGE DT — 22 bhnh, HIZEEE 25 O ZRE A dihitL, 7—4% 3:1 (G
T —5 Gl T — )2 BILTz, BRERIY, FiE%REOHETL), ATEOEEITIEN01EW)
R EL T T, B (32 2) ©O5, PrevPresence (4% LD EFED, BT 3 3LDH
BASTIZASG L Cuedy) & PostRate DANEIVAETHY, DML, 34 IFICI1], &H72<
Z101DF =25 L CHfioTz, 728 PostRate 1%, T —4 OO RE T HZETINRET
—ELRHI T — X2 ~DITE R 2 BT,

LR BT, scikit-learn 0.24.2 ZF|H L Tl T — 2o AT o7 [BIFE T )L A ST
L7c, 2 DOMAERMOZ AAEREGEELIZDT, IR 325 (Zeo7z, EHNRIL, #H
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* 2 AR

B 5
[ECHT 3 SLORBL PrevPresense
FEEDEEL Plural
FFEAE A 4 Proper
FEED NP4 FA Pronoun
FEEDME R (25 Te) | Demons
FEEDER (2 ETe) Genitive
ERE b (25 2p) | Quantifier
FEEIE DY DetArt
FFEICAE DY IndArt
LSO TE SC Negative
T FE ) A 70 (LA Indicative
N IV 5 T ATA Subjunctive
R FEEN AN BUAETE T PresPerf
INEEEhFR W ESE T PastPerf
IR FEEN A A TS T PresProg
IR FEEN A A3 BT PastProg
IRFEENE S R 5 SimplePret
SN UEEI VA ST Imperfect
TR FEE)FA S AR Future
WEEBIRAD LA S | Past(SBIC)
T FEE) A 73 2 AR PosPret
IR FE B AN LR Present
SCERIZHITE Rl )0 InitialPrep
SCEAIZEIIER (R)) &Y InitialAdverb
WEEENEA O FFE#E SR | PostRate

BRI D L2 JVACERIEE N b D%
SHIEETHIETEITLZ, ZOLE, EREDW
¥ C Offiz 1.0X 102 (n= -2, 0, 2, 4 ,6) DEFET
BALSH IR LIz, TDHZ T, £ET MTENT
FEAl 7 — 216 U CEFENLE O Tl (5 FE O BE
1% 0.5) ZFRITLI=,

4. TR EELR

F9, WEL-ETAOERETT, £ 313, F
T 5]« BEAM S Bk B MR R -5 A 38 - PR BLR
(B2h&s 347) Tdhd, HERLIDIATHIZEEL C,
Brunetti & Bott (2011: 28) A& L 7= E AR D A
arb el & 413, &BEHRET LV (C=1.0
X 101 D LX) DA H I ZEE DR AR R B (0%
T 3 M1, [&NIFILZHAEM) ThD, Ml DHE I,
EDOfE - ADEZENZ I AL 4 D AREZET T,

4.1. RQL: [ AA L FED LFENL B IZ A B HMH A
PE%, KGR E B - THITED0)

# 3 LMY, RIGFEE W TEGERE
ATEZ TRILODJARMETE N E S 25, JEATHFE
(Brunetti & Bott 2011: 28) LLELTH, IFEALED
BT ERloTWAL, EHFH SEITAFZE TIEFI
T DT — 23BN THOITHRNO T, FEIE
DEFEIIANIEE TEHEE 2 D, HEIEF
HIATAVEEANET L, FHEAHE 0T T35
NEZ EMEIZTRILYDZENRA LN IoTz,

— 5T, AT —Z LR T — Z & D TR
ZENRNENZ LR, BRI AR LTz L& MEREDY L
DIRAE [ 2 RAEDZEDD, A RIOET /VIdiHE
BRRTIZEEZBND, WILEIERLTD, T ¥ L
THVANREDT 4T 4 7 DOIRNET V258
L7eWL T, SHICHENERRZ RO DL LN AIRETE A
Do
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# 3 BELI-ET VOFEIEEME

FATHFSE AT (Ff 1% 21297, FEAHEEHI% 7099)
(F 5%k 1200)
C=1.0X102 C=1.0 C=1.0X102 |C=1.0X10* [C=1.0x106
(IERbA &) (IEAERAR)
< Gl > < Gl > < Gl > < Gl > <Gl > <R >
Bk 838 EfEER: 803 EfEsR. 811 | IFfE%R:.812 |IFfER. 812 |FfEK: 812
WA 736 WAEE:.T72 WET:.764 |EAER:.758 |WAHEFK:.758 |EER:.758
HIER: 349 HIE: 638 HIHE: 681 |[HIE: 696 |HIHE:696 |HHFE:.696
<FFAM > <FFAMG > <G > <FFAM > <FFAMG > <G >
EfEsR: 815 RS 815 | IFEfiEf:.815 |IEfER: 815 |FfiF%:.815
7L WA :.789 WAER:767 |EAF..760 |[HEAEF:.760 |[#EEF:.760
IR 641 HIER. 676 |HHE 685 |HHE..686 |[HBIE:.686
4.2. RQ2: TARA L FERGEREE [ H IR | LR U ZFENEO W % OB 1307
# 4 REFRBOMIHENKEVFHAZEE (C=1.0X10¢DLX)
BIEEAE fmElRtREL (IE) | |FiH A%k fmElRte %k (B)
Past(SBJC) & InitialPrep |9.91 Pronoun -8.24
Demons & Quantifier 6.88 DetArt & PastProg |-7.64
Demons & Subjunctive 6.56 IndArt & PastProg -6.44
PastProg & InitialAdverb |5.48 Genitive & PastProg [-6.39

VAT o7 [EFIE—ACRRIZE T L DO—FETHLHND, & 4 OINTHALET LD RblF
BREDOFF 5 LM HEAR RAHZET, FFBMEDOSFUICBIT DAL RN EDZLNTED, K
4 TlE, IEOE (FFERE DAL /3TE) TD AL 4 DT F bR BAEHHEE 7, mEET
(PastProg) °f/~5i (Demons) 72 78 FFEL E ~DA L/ T MRV ATREMED D, 72721, &0
DI THEE | ORBUCFHL TT U ART AT SEHECAOATE T Z AL (R 2 ZR) ZFF>A
NRAVFERICBWT, W EEITIRILEGEIZE BB D20, D EOFHINOIRO LT
TWDAREMEL WO T, FEAMEZ2E %80 THERA M IR T LE DB D,

A (FEFERTE~DA L /TR T, IREL TR BT ORERRND, — ST TABMA
il (Pronoun) X°/E i 7 (DetArt) , B A% (Genitive) 728 23 EREATEIZ/EHA L TS A HEMED A
THUD, FHER L, B (1994 94-95) 2L AHNDHED, TTEMOETIHNZISITH IR H
IRV T HNDEMIC DD, 2O LT SEATHIFEL D Hi R F 2N L2272 A9,

F7z, #iE = (PostRate) DfEIL, Hatcher (1956) 50 [EhFE D EBREME | &0 Ll FRET 23 AT EE
TH%, Hlz1E Hatcher (1956: 8) 1X[BAth (beginning) | LD AL T, ZOFHEMEFF OB
X EFEREDNEREICRLEEMUI, L, RFRICBNTULIEED | LW EREZFF O
empezar x> comenzar X\ T iLh 2 BIRTHZORZIESR (LI 2.43x101 & 1.94x10°1) (2&E
FoTND, ZOMRIZHONWTIL, A% T 2LENDHD,
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4.3. RQ3: [ & FHE LA RE T2 AL S (FFHAEIE) 13, EDIDITHIEL THDHr

4.2 FiCRUIZIEY, KEWLeE &0 a#% T, KERHH (ERFA O B2 L) Mo TEROHT
IH 1728 OSHE £ AL S ICED AREME N DN Ao T, FTo, ARBFFETIEEER 228 D
T, ZAFEHAELBEL TWDOT, BIZIXNERH & BER ) ETIREHR ) O RE# 4 %542
T 572D, KNEHMPNSHT 2T HZ LD " REL 72D, SHIZ, Contreras (1976) HD ST
W, REEFEETRES |- DHEW) SRE T 57201, & FFISCORF OB E S~ ML E BN
BELOMTAV AR T VAT EATHRENLY, THBIE72 E5EM% EA% SO O Z L, [
BRI R B RS A E O B AR R D 2D TEXHEAD,

5. &8

AL, AAFEO BBFAR SR D HFERE DA = AL, KT — 21 b0 88
BT EGL, OB ERE RO SR PRI CIa A L LT, BFFER D (1) ~ (3) 1221 T,
fERNG, (1) TIXEFENELRBRENO TR TE LTI L m W EH Lo 72, (2) T,
FATIRILE D—B - A —B O B RNz, (3) T, [ERREORHEMNMEROHIH ] 72
E LR T DEVHIEIR A AT HETH 72, AT, BFH (19941 94-95) H0D AAA L REF R HIFRIC
AL TS, )7, DEOEFD LR EEZIT COA LRI TEAE b b o7, EANLT
B, TVIVZAOEENLELD, £T2, (3) %l S FEMICEAT TEE, — I SFEFW
WZHIRTZD 25,

IR

Brunetti, L., &. Bott, S. (2011). Subject inversion in Romance: a corpus-based study; Handout
distributed at: Quantitative Investigations in Theoretical Linguistics QITL-4. <available at
httpsi//edoc.hu-berlin.de/bitstream/handle/18452/2021/brunetti.pdf?sequence=1>

Contreras, H. (1976). A theory of word order with special reference to Spanish. North-Holland Pub. Co.

Cardellino, C. (2019). Spanish Billion Words Corpus and Embeddings (Published: August 2019),
<https‘//cs.famaf.unc.edu.ar/~ccardellino/SBWCE/sbwce.tagged.tar.bz2> (Accessed: July 9, 2021)

HOESE (1984) [ARAUFEICEIT A E5E - BhE - B AUREOREIRICBE 2 EA95 %% [Estudios Hispanicosl
CRBRAMERERF), 10, 1-17.

Hatcher, A. G. (1956). Theme and Underlying Question: Two Studies of Spanish Word Order. Word 12,
supplement 3, 1-52.

PP SE (1994) [AAFELASA L GROMERSL) [ HAGEEASA LR (ESCERERTFERT), 1, 83-103.

Rivas, J. (2013). Variable Subject Position in Main and Subordinate Clauses in Spanish: A Usage-Based
Approach. Moenia, 19, 97-113.

spaCy. spaCy Models Documentation: Spanish < https://spacy.io/models/es> (Accessed: August 20, 2021)
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