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The pre-processing of YouTube transcripts for corpus-based
spoken language analysis

COOPER Christopher Robert (Rikkyo University)
cooper@rikkyo.ac.jp

Abstract

The pre-processing steps taken to prepare YouTube transcripts for a multi-dimensional
analysis are described. Examining the texts and keeping the goal and purpose of the
study in mind is essential when deciding what elements of texts should be edited. The
specific characteristics that needed to be cleaned are outlined, solutions to the problems
are addressed, and the accuracy and suitability of the solutions is reported.
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1. Introduction

Recently YouTube is extremely popular and has potential for language learners to
increase the amount of time they interact with the spoken form of the target language.
The problem lies in identifying suitable videos. This paper is a preliminary report of
extracting YouTube videos for EFL learners based on criteria such as register analysis
as well as vocabulary demands. The process of preparing YouTube transcripts to be
tagged with the MAT Tagger (Nini, 2019) for a multi-dimensional analysis is described.
With the MAT Tagger, basic tags are assigned with the Stanford Tagger, then more fine-
grained tags are added based on the linguistic features used in Biber (1988). The corpus
design and multi-dimensional analysis will be described in more detail in future papers.
However, to give some background, a near random sample of YouTube transcripts was
downloaded using Python with the YouTube Data API
(https://developers.google.com/youtube/v3) and the YouTube Transcript API

(https://pypi.org/project/voutube-transcript-api/). Automatic Speech Recognition (ASR)

transcripts were chosen to filter out non-English language videos.

2. Literature Review

2.1 Corpus cleaning

According to Kehoe (2020), web-based text can often by ‘noisy’, featuring a lack of
punctuation or whitespace, and irregular spellings. In addition, he points out that part-

of-speech taggers can be less accurate when tagging web-based texts, as they are usually


https://developers.google.com/youtube/v3
https://pypi.org/project/youtube-transcript-api/

trained on well edited, written texts.

2.2 Part-of-speech tagging accuracy

State of the art part-of-speech taggers generally have around 97% per token accuracy,
which is similar to human annotator agreement (Manning, 2011). According to Jurafsky
and Martin (2022) most part-of-speech taggers are evaluated by accuracy, and specific
annotations such as named-entities are evaluated by recall, precision, and F-measure.
To calculate precision, it is necessary to know the occurrences of a feature tagged as a
feature (true positives) and words other than the feature that have been tagged as the
feature (false positives). For recall, true positives and the occurrences of a feature not
tagged as the feature (false negatives) are needed, and the F-measure combines precision
and recall (Picoral, Staples & Reppen, 2021). If any pre-processing is likely to affect the
accuracy of the part-of speech tagging, its accuracy should be evaluated. Two research
questions were posed:

1. What features should be cleaned in YouTube ASR transcripts?

2. How accurate are the proposed pre-processing solutions?

3. Methodology
3.1 Identifying features for cleaning in the corpus

To identify features that should be cleaned, the YouTube plain text file
transcripts were examined manually, and regular expressions were used in Python to
check lines that had punctuation, to check if there were any upper-case words, and to
check the words that included square brackets. Examining punctuation is useful to check
for sentence boundaries, and other text features such as hyphenated words and
apostrophes. It was found that there were no full stops, except occasionally following
whole numbers, such as i'm 19. my name is...’, ‘no that's 2018. it's not 2018...", meaning
there were no sentence boundaries. The transcripts were basically all lower case, except
for occasional occurrences of ‘T’, and some other exceptions such as one occurrence of
‘Messi’. Upon checking, the MAT Tagger tagged lower case 1’ as a foreign word, which
also appears to have caused tagging problems in other corpora. For example, in the Open
American National Corpus (spoken) which is available on Sketch Engine

(https://www.sketchengine.eu/), 93% of the occurrences of the word ' were tagged as a

proper noun. Non-capitalised proper nouns were also not tagged correctly, therefore, it
seems that capitalisation substantially affects the accuracy of tagging. Finally, YouTube
ASR transcripts feature words in square brackets that do not represent speech,

specifically ‘(Musicl’, ‘{Applause]’, and ‘[Laughter]’. In addition, the following characters


https://www.sketchengine.eu/

‘ __T represent words that are censored in the transcript, but not in the audio.
3.2 The cleaning process

The following features were deleted using regular expressions: any periods that
followed numbers (excluding decimal points), and words that did not represent speech
(e.g. ‘Music]’). The following features were amended: ' was capitalised, and censored
words were amended to the pseudo word tamn. This was chosen based on the word
‘damn’. Although damn is not censored in YouTube videos, it has the function of a swear
word. Using the EnTenTen20 corpus in Sketch Engine, it was found that damn was
tagged as an adverb, adjective, interjection, noun and verb. Two other frequent swear
words, ‘shit’ and ‘fuck’ were only tagged as a noun or verb.

To capitalise proper nouns, the English caseless model from the Stanford Tagger

version 4.2.0 was used (https:/stanfordnlp.github.io/CoreNLP/caseless.html). As the

MAT Tagger accepts only plain text files, all transcripts were tagged, then the proper
nouns were capitalised, then tags were removed from the transcripts. This process is not
perfect, for example, ‘U.S.’ (United States) appeared in the original transcript as ‘us’, so
following the process, the word was restored to ‘Us’. This process took around one hour
to process 4.4 million words of text. The final problem was punctuation. Several tags are
only applied following punctuation by the MAT Tagger, such as sentence relatives (e.g.
they are sugar free, which is nice). In addition, having no punctuation in the text could
cause problems for the part of speech tagger syntactically. To overcome this problem, a
punctuation prediction model (Guhr et al, 2021) was used to restore full stops, commas
and question marks. Hyphens and colons predicted by the model were replaced with
commas. The process took about 10 hours to process around 4.4 million words of text.
3.8 Calculating accuracy

The accuracy of the Stanford Tagger English caseless model was evaluated by
randomly sampling 20 transcripts (38,394 tokens) from a corpus of YouTube transcripts
containing 2,682 texts. All occurrences of proper nouns and instances of a proper noun
tag being applied were searched, and true positives, false positives and false negatives
were recorded. Then the accuracy, recall and F-scores were calculated for each text.

The accuracy of replacing censored words with the word tamn was evaluated by
checking all of the tags applied to tamn by the Stanford Tagger version used in the MAT
Tagger in a random sample of 20 transcripts that featured censored words (196
observations of tamn). The ‘gold standard’ tag was the tag that should have been applied
to the original word in the video. The metric of accuracy was used by calculating the
percentage of words that had the correct tag applied to them.

It is difficult to evaluate the accuracy of punctuation in texts that did not feature


https://stanfordnlp.github.io/CoreNLP/caseless.html

punctuation originally, as punctuation is used somewhat subjectively. However,

examples of how one text was punctuated are reported below.

4. Results

4.1 Proper noun tagging accuracy

The mean F-score for proper noun tagging accuracy for texts that were tagged with the
Stanford caseless model was 0.67 (SD = 0.18). The distribution of mean text scores for

precision, recall and F-scores is shown in Figure 1.

Figure 1 Proper noun tagging accuracy by the Stanford caseless model
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4.2 Censored word tagging accuracy

Correct tags were applied to the censored word replaced by tamn 66.3% of the time. For
individual texts, the mean accuracy was 55.7% (SD= 34.2), but this data was skewed by
texts that only featured one or two censored words.

4.3 Punctuation prediction

Here are some examples of how the punctuation restoration was applied to a portion of

one video (https:/www.youtube.com/watch?v=_iRxeX5PL9I). To begin with, only full

stops were applied. However, this meant that many sentences started with fillers or
interjections:
um just ask how how frustrating that was. uh you know that you dominated
long periods but you had to wait until the end to get something out of the game.
Here are some examples of occasions where hyphens and colons were restored:
we- we didn't show any signs of a hangover
it's as simple as that: to give us ourselves the best chance of qualifying.
It was felt that as hyphens and colons are used inconsistently, and to a certain extent
subjectively that they could be replaced by commas. The following is an extract with all

punctuation restored and hyphens and colons replaced by commas:


https://www.youtube.com/watch?v=_iRxeX5PL9I

um, just ask how, how frustrating that was. uh, you know that you dominated
long periods, but you had to wait until the end to get something out of the game.
yeah, really frustrating. um, i think we started the game well.

Question marks also seem to be restored accurately: ‘um, does that give you cause for

optimism ahead of tuesday?

5. Discussion

The accuracy of the Stanford caseless model at tagging proper nouns might not
seem particularly high (F-Score = 0.67, SD = 0.18). However, when we compare it with
the MAT Tagger F-Score (0.01, SD = 0.03), it seems that this process is worth doing.
From the box plots in Figure 1, we can see that the mean accuracy scores for individual
transcripts are quite highly dispersed. This is probably due to the wide range of textual
domains in YouTube videos. For example, the texts with the highest accuracy scores had
topics such as Christianity and basketball. These texts may have been more similar to
the domains of texts the tagger was trained on compared with texts with lower scores.
One example of a video with a lower score was a video about Pokémon cards, which
contained many names of Pokémon characters that were not recognised. On other
occasions, acronyms were tagged as proper nouns and other mistakes were caused by
ASR errors in the transcripts.

Similarly, the accuracy of replacing all censored words with the pseudo word
tamn may not seem very high (66.3%). The most frequent error was ‘fucking’ tagged as
a noun (e.g. ‘my fucking NN eyebrows_NNS’, ‘the fucking NN drink_NN’) when it
should have been tagged as an adjective. Other errors were caused by the morphological
properties of the word, such as plural nouns tagged as singular nouns. An alternative
solution would be to manually check all of the censored words and amend the tags
manually. However, this would be time consuming, as the only way to find the original
word 1is to listen to it in the video. Censored words occurred fairly frequently. In a corpus
of 2,682 videos (4.4m words), there were 2,222 censored words in 237 videos.

The suitability of the punctuation prediction model has only been evaluated by
checking a small number of transcripts and judging whether the model should be used.
The following F-scores are reported by the model creators (Guhr et al, 2021) for full stops
(0.94), question marks (0.89), commas (0.81), colons (0.58), hyphens (0.43), and no
punctuation (0.99). The model was trained on the Europarl parallel corpus, which
contains multilingual transcripts from the European Parliament Proceedings, therefore
accuracy could be different in domains such as YouTube videos. However, as the short

examples in this paper show, the output seems to be suitable for spoken texts, where it



is not always clear where punctuation should be added.

6. Conclusion

As part of a research project to choose appropriate YouTube videos for EFL learners, the
steps taken to pre-process YouTube transcripts were summarised. To further improve
the tagging of proper nouns, a caseless model could be trained on YouTube transcripts.
However, the performance of the caseless model ‘out-of-the-box’ already greatly improves
accuracy when compared with the Stanford Tagger version used by the MAT Tagger. The
problem of censored words is a difficult one to solve, and it seems like there is no simple
solution, unless the researcher can check the texts, and audio manually. The difference
in the performance of the MAT Tagger before and after punctuation restoration could
also be evaluated further by comparing texts with and without that form of pre-
processing. A number of concrete methods have been described that will hopefully be
useful for other researchers interested in doing research with spoken language and
specifically YouTube transcripts. The Python code used in this paper is available at
https://github.com/cooperchris17/YouTube transcript preprocessing.
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and English-Japanese parallel corpora: About the interface,
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Abstract
This presentation details the interface, search functions, and application research of the
online Japanese-English and English-Japanese parallel corpus search tool "Parallel
Link" (Ver. 1.20). Nishina and Akasegawa (2021, 2022) detailed the specific procedures
applied to nine existing parallel corpora. This presentation particularly describes the
follow-up procedures: dependency analysis, content word patterning (nouns, verbs,

adjectives, adverbs, and collocations), lexical profile database creation and so on.
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On Manner Adverb Placement in the Passive

NISHIMURA Tomomichi
(National Institute of Technology, Ishikawa College)

Abstract
The basic position of adverbs in the passive is considered to be in front of the past
participle although they can also be positioned postverbally. According to previous
research, modified noun phrases, such as a carefully examined donor, affects adverb
placement in the passive, which leads to a preference for the adverb-initial order, such
as be carefully examined. Through an examination of examples from COCA, this study
reveals that some manner adverbs are frequently placed behind the past participle even
in the passive. It also shows that the influence of modified noun phrases on adverb

placement is not immediately clear in some cases.

Keywords
FRRERIFA, 28 3L, EfEs ), IR E)

1. [IC®IC

RRRERIGA I A, (1) DBEEIL, (2) DZEXDOEHLIZB W THEIFEORIZICAETLHZE
INATRE T, REEN LTI (1a) DIIZENE D 1% AU EARZRALE LS, BT (2b) D
DITIE L5y FA DB AR ZRALE THDHESND, LU, IS OMGRITEHR 2LD,

(1) a.In January of this year, the North Carolina state attorney general examined

carefully all the evidence. (COCA 2007: SPOK)

b. Drew carefully examined the body of the young boy. (COCA 2013: FIC)

(2) a. But it needs to be examined carefully as a last-ditch alternative to the dangers of
living with an Iranian bomb. (COCA 2009: ACAD)

b. Kai was carefully examined and measured. (COCA 2002: NEW)

FBFR O MHBFR LR DERRBEIFNT, B SCTIIEE ORI AR 2 RSN D LW R A

13



22 (2005) 23 T4,

(3) *She was treated badly. (‘ZZf% 2005: 525)

ZNOOfERiIZ A DEDL, BB OBEZARERGIMEM T 258 1 XBEE OBRAAN AR TS
Z&, X OLA TEFE ORI AR T LIERERTHLEVIDITIRDLE DRWVEED LD
(ZHEZ D, FRABRIGEIZ RS "Rl 5 2352 B 3L CH AL E IS @ OBEEE TELNDDITHFED IH72R,
BE L EFA O A B DI L > TEOHE LR, (3) TIHL LSS be treated badly & F2fi
TITHAEND, AAFZETITZE U BIT DRIG O EI T BT RN EL T, (BlFE 4@ %5
FJE + 44 50) DFENEN B A 52 TODEWD TR MBLL , 2 MREBRIGTIZH Y TIEED
DRFTL, WO ORRRERI G LB O G D TIXE OB IR CERWERRTT 5,

2. FEATHISE

Pijpops and Van de Velde (2016) i, fEIAIZ/ N =— a3 D58 A XL T, DXL
DFENEANY =500 1 D& EFRCFENEZ R ORI O B 23 m\WEE TEIND GG, 13

FENEMESC B ORBNRIC B A T HIENHDHILE A T A FEORESCTHIREL T, 24

%%aumxihjcmal FADONLE 2 L7028 Hilpert and Flack (to appear) T 5, 513 (Fl
A+ 18 F5 53 F T + 44 F) ORENAAN 5 B S BT DRI 1S4 CONE IZ 58 % 52 5 v REME A1
REL TV, (2) Dl W T ERINZIR R5725, 80 TIE be carefully examined & be
examined carefully OFENENHVHIDH, ]z 13 a carefully examined donor ®XH724iZ
B AZ LTI, ZECTY be carefully examined DFENEIZ /2 AMH]|H] 23 %iéc‘:b\ﬁ@fﬁéo
Hilpert and Flach (3% D972 BN HH L) T EEFFHIITRL TS,

ABFFEIIHE RV FHEI TR, <EHIJEJ+ 87553 Rl + 44 5R)) O FENEDN 2 8 ST
BIFA ONLE BT D AT REE 2 B D mUTIEE L TWD, LU B STl B4y G A3 457 &
FIRENT, (EIFE 4 E 5 u7ﬁ4+%uj>@%%<‘:%@f£<5' FADENEADORNZAEL D FTREMED B D,
2 (2005: 525) 1352 B SCTORIFADFENAD (FlG + R4 ) LRICFRIAE /25 2L b, @5y
RS BERE RERR AR B (S o TR R LIRIRRICZ T DN TWDZED — D DRELL 72D | L3~ T
%o X ILIZBIFDED LI £ 5552 RETTBEFA L AL T NI ONTIR A R ERDB DD
0, DI EHZ B SN EMEZ B LR RBS B CIBIRIC R D58 030 ZLITFE TH D,

(4) The window was broken. (Huddleston and Pullum 2002: 1439)

(DI EESNT2 I EWAT R Z R T HE LT T LWDIREZR T A 130D, Bl 2 ITHRRE
] [ N S N e 7N o BB Y R 5 TN

(5) *He likes them skillfully. (M 1985: 44)
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REBN SCCILBIFI OB AN AT 2O DB EAROEERERIFNL, KEZEBO UIIAERTHILEX T
=7, (EIlE B+ 4 ) OB T HE TH2RL, BB HRIGHO A KA E X
BFDOFHNARD, ZOIINCHE 2 DL, A YO B TO (FIF -+ E 05 + 456 O %E R
A AT, BEZBIOLEORIGION BB THLENRD S, B EIEZ 82 E
NDHDIE(6) DIDNTEMETZ /R T by AIRDHHLER, (T) DIHICEIEN kiss < kick, hit 7L
DIRREEALH RS NMEZNTENF OSE (1L 2007: 73), F7-(8) DLIH72 get ZH72E DY
BThHDHESND,

(6) The kitchen window was broken by the thieves.

(Huddleston and Pullum 2002: 1436)
(7) The man was hit twice. (COCA 2012: BLOG)
(8) The window got broken. (Huddleston and Pullum 2002: 1441)

FE7 (RIIEH 8 E 55 + 44 5) O 52 3 Hr 3572010, REEN SO GEIZEE D% AR A
LT 2D M IR THLERAERFA D O 72 R OALE 2 JVFEHICBIE T2 L ERHH I b
%, 213 also <° often, only 72 E DO FEIFILREEN SCTHENFADO RN LKA LD, ZELTH
BB FR ORI AT DTN RIS, (@IF 4 £ 558 + 4 5l) DR DI,

3. UVh—FF ¥ A

ATEIZIVNT, 2B 3L (BIF + i B F) & (BIE -+ £ 505 + 44 560) O BfRZ L0
(2T 27212, BIESBNO U W TCRIFANE DA EIZAE T 500>, F-ReBh LTk
FhFA D% AMNERL T DONIEARTHHEIFANZE L TEZITERTHO0EHET DM N
bHZLEIRAT, T TEWEZBIOMRIZ /2D ATREMEN REWEE 2 HD kiss, kick, hit &3k
L2 EIG, EARRBRIGIDOMIR L) ES D IR RERIE (Schifer 2002) @ loudly,
tightly, brightly &L 4 28FAZ 2N EIVRE T2, 2B ST TIEXEFEORTMANZAE DR
ESNDHEVHTERIDR DS treat & badly OfEAGDELIEELT D, ZOFEDTHIZ COCA
(T4 Wz, EFIEF—7 v eZes8hEE 3 75 (kiss, kick, hit) FF 3 75 (loudly,
tightly, brightly) D747 1 FE&FHOILEFEZ MR L, bk 2 S EE O RilG - Bhwi 4%
ATZ, TeIZ LRGNy BIFANOER DY, SOICHEZRTRIFIREGERIN Tz, T DXt 5L T 558
DI A DEEDPDHT=0OE, #il 21T kick & wildly DA DETHIUE, [bel wildly kicked,
[bel kicked wildly THZZL T B SCORIFIDALELZ D¥i%, £7- wildly kicked THZZL T
(Rl EH] -+ 1 25 50 3T + 44 5) DA, Iet&r9Ic B AL CRERR LT,

4. FEREZLE
BB TR 21TV, kiss, kick (ZDWTILL FO LS55 R/ »7=, hit IZOWTiEdH
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BRED ARSI BRI SR THEL Tl 72-ly BIF o7 BIE T 2,

# 1 kiss, kick &L 921G D A AL E

Bl EE AT BT + 5y &5y 5 4 Bl FA BT + 55y + 4 5
passionately kissed 0 1 0
gently kissed 0 0 0
lightly kissed 2 0 0
wildly kicked 0 0 0
violently kicked 1 2 0
furiously kicked 0 0 0

REEN LD kiss <° kick (21X passionately, gently, lightly (Z& 2O HEL T 5208, =8
SCCIEE T DHIEFER 1 OEVIZEALE D) -T2, £ lightly kissed D 2 iz 5L, (9) DI
kiss 1X[F 2% 925 ) OFEKRTIIZ2L, F72 lightly T3 EVIOREDOEWRZLE 2 5D,

(9) The rich crab is supported by a layer of lightly seasoned, ripe avocado that is lightly
kissed with Meyer lemon juice to prevent the avocado from darkening.
(COCA 2004: NEWS)

F7= lightly <° violently |ZREE)SCTH W CEIFAO RN AETS720, B SCTHEEIO
AN AL ZEIIAEGEETITR W, ZRHD DT DG D IO E TEARNAS, BlFE D52 8)
SCCTOARLNLENTREEN S CTOAEENE LRV BAGRDNDY, (RllF + 18 £ 435I + 44 50)) 2350 B
B2 TWHEFE X DTZTOFEUTZR Y,

RIZ loudly, tightly, brightly &3&iE 4285, L bO R LRI E O E AR O#E Rz H
THED, ZIENDRIFIE said OILEHFIN L RONTZD, FEIED R DTSN T2, £7-H
Bl O FHEN FTZE SLOBIAIERF D72 i 555 (sighed) & loudly OFIBERINLTZ,

7% 2 loudly, tightly, brightly &3t 328G & RGO A4 A7 E

RIE| LEESAET] FRIIRA] -+ 108 25 43 3] &% 5y 5+ Bl BG4 18 25 4y + 44 6

loudly laughed 0 0 0

loudly complained 0 0 0

loudly called 2 0 0

tightly controlled 111 16 206

tightly held 6 22 23

tightly wrapped 14 31 28
brightly colored 29 0 1227
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brightly lit 66 2 411
brightly painted 10 1 185

%9 loudly (2L T, laughed & complained &353R T&7a) o7, called L3t
32855 1E called ORI loudly 23 EU L6153 o7, (loudly +called + 44 5l (3 722>
B2 TeD T, ZOBNZ I T IR + 18 550 5 + 44 5) 232 B SCORIG OB B %
B2 125135 2780,

WIZ tightly S 3 28EICEIL T, £971% controlled LD AE L35, £HZ tightly

REEh LD LXTE 2 @5 control DRIMANZATLONEETHY, ZE L THLEFORMNZAL
HZEIIAREFETIH2 ), tightly 73 hold <° wrap St 325G 1M EERRRIEA R L T
WD, control EHE T DL AT IV IERAVZRERLERD, s — K> TREBI SCTH B D
AMANCACHEE 2 65 (FFS 2020: 188), Lo T tightly 73 controlled L4228 4, @)
IOGA B FADOFHANC LV ZLETDLINTR-T2 e EZDDITRAN T, REEI L EZ B LDE B
THENEORMINFEEADNLE 2D THD, (tightly+ controlled + 4 7)) DFEE N EH DT, 2D
FENEDAFAED 52 B LI F1F D (be +tightly + controlled) DFENEZ TR L TUWND AIREMEIZH D73,
2 H) 3 (be + tightly + controlled) DFENAZ IR E T H—FEDHERKEF X H0IF A TH L, —
J77C tightly 7% hold <° wrap EIHL T DI5A IXWERRIERREA KL, X512 held X° wrapped 3
EZ @I ERTEDRHH7-8, held tightly X° wrapped tightly OFEINESMEZ D2 LE 2
N5, tightly EEFAOIALIZBE L CTEEDDHE, tightly ARG CEMESZ B SCIZALD
DA, BEO%RAMNZAECDMENHD, £ tightly PSHERERREFE TS, b ZHREE)
LIZBWCTHENGF ORI ZVAE TR S5, (Rl i £ 5 + 4 5) OFEIED &
BAZTHETHRL, ZETB W THEIF ORMIICAELHEE 2 Hivd,

WIZ brightly (ZBAL T, HE T2 ELFUIIEEAEDIREZ B THD, IRAEZ BT E A
(228, brightly AVtKAESZ #hil £ FORIMNIAETHZ L1322 TH D, brightly DIHIC
T AR RERIF ChoTh, IRIEZ B O AR T 2L X TEFAORTANZEN LD ENDZETH

%o (brightly +i %435 + 4 5l) OAEEBNIEF T2, ZOFEIRN B LD brightly @
MBI 5.2 COHATREMEIIE E CTE72WAS, 8 SCIZI1T% brightly O EZROS
FRZLHEE 22V EEbND,

112 badly & treated DILEIZE T D5 R THDHFR 3 & AL THLD,

7< 3 treated &IL#L 9% badly DAL E
FillFA 1825 57 ) BRI -+ 18 25 43 5 I8 75435 + ElEA FIITA -+ 18 25435 + 44 5
badly treated 45 91 0

FATHFEDFRRIIZ LT be treated badly DAEEDIFON LW EMHIALT-, FEBELLFDOX
(2, LEMNLSEDH)Z TOMEEZLED badly 25 treated DEAIZARLL TWHBHIN L5 DD,
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(10) A circus employee at a recent performance denied the animals were treated badly.

(COCA 2010: NEWS)

FREERIGIE N LD MAETE THAO LD AL, BEZBIO L TITIME S F D% AN A
CAMHA DD DHEE 2 HD, £z (badly +treated + 4 5) DB ZFR IR T HILIL TR ->721C
B 5T, BT (be+badly +treated) OFEIEL HAREE DA RN B D, ZZTH (El
+IBESFIE + 44 50) 1 I B RR D BIFIOALE AT D DI TERRELR LILE 2720,

5. &

SN BT HEIFIOARRALENZBIL T, SeATHFIETI3aH 2545 3 O R 23 EA D A e (7 &
THLESN TS, E7 (R + TR R + 44 5)) OFENAD 5 8 3B DRIFA OB B2 5
A2 ATREMED R S AL TS, Ll COCA TR BN TR DU O DR RE Rl R 0 A Ed (7 & A
AAELZRER, LT LR ES ORI AECDBEND TIZRNZED A LT, R
PERORRRE 2 R T RRRBRIG D B EZ B O U AT 813, eLABE ST DB AMIZEIDZ<D
RSB S DZ eV RS, E7 (RIFA + TR A + 44 50) O3 69 LO L TIden
BHRSNT, 4B IVEL ORI LEFEOMAEDOE LA T OMLENDD,

7 | Sk
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On the Relation between the Syntax and Semantics
of Inchoative Expressions
—With Special Reference to Start NP—

KURAZONO Kazuya (Kobe Gakuin University)

Abstract

In this paper, we investigate what kind of nouns frequently occur in the complement
of start and consider why certain kind of nouns are chosen as complement noun.

First of all, the previous research on the choice of noun in the complement of start are
previewed and a theory about selectional restrictions on its complement is constructed.
Secondly, the validity of the theory is tested by conducting a quantitative and qualitative
survey on the complement nouns of start by means of the British National Corpus and a
comparative analysis of start NPand begin NP1is provided.

The result shows that startfrequently takes the nouns such as engine, company, team,
and business expressing the entities which autonomously move or develop after someone
or something made them activated. It is safe to say that the causality and instantaneity

of start have a great effect on the choice of nouns occurring in its complement.

Keywords
FLEhEY A, BRI, 445 OBIR, FEHEO B REHGEE

1. IZTHIZ

AL BB XD SR FOBRIAE £ T B O TY start MEESICA T E LD A (LI,
start NP EFES) IS, B Oanr—a NGNS, FATHFZE T, R EhE)E begin &
L TAHDE, MEBIZIVT (1) DIORAFIRRDIE NN AONLZERFHBSN TS, $72,
/NP () (1980) 1% (2) DIH7pamr—ab iR T start 23 (FERE) ZEZ TR T5])
MRS 2 Vol B AR TZEATIL TVD, RFEFRTIL, start OHIEBIZE DR 4 FD
LBNZEL CEIF DO ERO BN B 51T,

(1) a. Bob started/ *begin the car. (/N7 (#i) 1980: 1492-6) (Freed 1979: 80)
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b. When are you going to start/*begin the fire? It's getting cold in here.

c. If you keep at it, you are going to start/*begin a fight.

d. Do you have any idea who started/*began the rumor? (ibid.: 80)
(2) a. He decided to start newspaper. (HriZz#a8H5)

b. He (=Freud) started psychoanalysis. &3 Hr2DRIEE)

c. start a baby #4321 (14 (W) (1980: 1493))

2. FEATHISE

Freed (1979) TiZ, start 1% (1) (2) DXL (causative) ZFF DENFI THLHZ LMD, (2¢)
R (3) DIDERE L TOE VIR NFATRET, (3) DIIRMEE AL LDIHTITH L, 22T
thinking @ EFEN L EFEERL->THTHLWIE, (1) start 23 (5a) DIHICHRLZ U
(motor or moving part) D EHE) | OFEEAZFR T L, EHIZ(5b) DINTHEHEE DEETHIRE
DBHAAT DB (causative onset of an event) NFINHZE, (iii) (6) DIHIZE 4 G LB IR
EAFDIFENDEVHOPEE N RO E, (v) anls —a Al 206 Tar%EI2iE, §54(1)
L2 (2) T/RULIZMFZEDIEN T, The Corpus of Contemporary American English (UL, COCA
ERES) R LT R R 21T 72 A (2018) N RBNA, ZOWFSETIE, start+a/an (214
ft 324 FNIE(T) DEI7Rb DN, start+the ([CHEKET D4 FITIT(8) DEIRLDN, £hTh
BT WEE D, £, NERFZ LG Llaa D56 Th, start NP (TS 244 5
ITGRK, aaEh) ETHERE, 2, 7 —7 1T 200 THD (TFF 2018: 55) L5,

(2) a. He started the painting yesterday.

b. The painting was started (by him) yesterday.

c. He got the painting started yesterday
. (Cf. *He got the painting begun yesterday.) (Freed 1979: 78-79)

(3)a. Joe got me started thinking about the problem.
b. Joe caused me to start thinking about the problem. (ibid.: 80)
(4) Joe started me thinking about the problem. (Cf. *Joe began me thinking about the
problem.) (ibid.: 79)
(5) a. Bob started/ *begin the car. (=(1a)%f54§) (Cf. Bob made the car started.)
b. The explosion started/ *began a landslide. (Cf. The explosion made a landslide
start.) (ibid: 80)

(6) The district attorney began/started the questioning of the defendant. (ibid: 83)
(Cf. The district attorney began/started questioning the defendant.)
(T)a. fire 2% begin EDZAERARTRILT, HAXLPHICHLIGEISE LI KT 4T
(fire, car, car engine)

b. M7 N —T EFERT L4 R (team, band)
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c. FHESFHMEL TEEOHHNLFEH (company, business, agency, shop, factory 72&)
(8)a. H-CHEMRIZES 53 Hl (engine (s), car, motor, truck, machine, ignition, jeep, van)
b. ignition! (=2 P12) JHKTHZE ) LIl T 5T HUKT 5O EWOERB (fire (K - i fid -
KKDBEDOYESBETe), blaze)
c. MR F A B M9 54 5 (company, foundation)

3. Uh—FF %A1
3.1 WFFED HEY

INETOMIEZIRVIED L, start [FAENITAR % T4 i) 2 L0, SRR RFEDOBRGE R T
ZENG D, HHRFZIE, EOZDOEN I ThoH = PN ER) VBN X G LR KL,
IREIZK (fire) DR X BRD HER T2 F T, Fio, HORFIITEMELCH (fight) A E-720, 18
(rumor) 25 AV AED HEE - DR BLESND, ZO IS4 AN start OMEHICHFHFEN
FATHFFE D TR DHER TEIZD, MEIIZE DI E DL G AN ERTE00, VL
Lk, EOLRE R R oA G RN T 0OV COFIR T+ Clden It Bz 5,

Bz X, /N (F) (1979) Tl start the fire/a fight/the rumor &) & Z N2 28T C
R Oan—al TRADBEMNERT ZEEZRLTODLN, TRENOFENE start NP (2
R DHOD, FRENE DI E D ILE T HO0ETAT 5LV -7 28I T T,

ARFERTIE, EEVEG start OFEBIZAER 324 5T HNOILEMEIT R ONL00, =6
(ZZ O FAZITEF start DEDIHIREIRDPBIRL TODDONEIHLINNTT 22 HIEL, =
— 2% T start OEICAR T 2FEO BB IOVENRHEEZITo7-, 2L T, AEDRER
DORONT-T — &% HITHEmR A ED TS,

3.2 7—X

F7, start NP ([ZAEE T 24 5 A]0 R CH AP HEn 24 anr — a2t 3%
72Dl REBA T — S2Z R A LTz, 23—/ A, KEFEE=F—a—/ 2 COCA ZFIHL
T (PR 2018) BBEICAFIET 2L, SHICFEKDHEFEIZISUNT start O CHAAYIF]
RENL4 AN DN TRV DR H ST H BB LT, AFIATFEOFF L SHEBLIUOEXSHEL
1 (EREZIE L2 KB = —/3 & The British National Corpus (A%, BNC &FESS) %
FRALCT —2Z2INELT, MFRIZiE, Sketch Engine Do —/ RAMi%E 578 (CQL) HEHEZE FH W
TiT->7,

3.3 Ik
3.3.1 7 —HXDOHHTLIEE

B I2IE, R X (lemma="start"] [tag="NN.|Ad.|AV.|DPS|PN.|ATO|NN1|NN2"]
{0,3}Htag="N.*") ZFIH LT start ®F7 3 FELLNIZAEE T 24 554 LTZ, 8 FELANELTZD
1, Q0D INTHEFARLTE A FA 2R E DL FADHNAT LN DFENL DA %% B L THHIZIL
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LT D7D THD, BBRDOERZ, (11) DEH7e start NP LIERRZRWHIL & £ Tz, £
SO FAEE TR, LR BA7 20 FEETOHGEZE 1ITELDT,

(10) During the same period Mr Benson got up at nine, read his mail, started his office

work at ten, and worked through till lunch at one. (BNC)

(11) a. Housing scheme starts </s><s> WORK has started on a major business and

housing development in north Essex. (BNC)
b. Her account in effect exonerates her father, who was now starting a life sentence
for shooting her husband. (BNC)

3.3.2 T OFIE

I FNEIR, FeATRFIE CHRAT 47 AL = —3 start OFFERIZ V25 A IR FBPENR D
BT 4R A BIEEL, DL LE MR RO DB AR R LIRS, 23—/ RO T —
Z% AT start ORI AR 24548530, £ ORI YN EIDERFLT,

5% 1 BNC IZA 5877 start DI AL 754 77

NEAL g BE EAL e BT
1 work 480 11 campaign 60
2 life 242 12 job 56
3 school 127 13 game 53
4 family 116 14 season 42
5 day 111 15 programme 41
6 career 110 16 war 40
7 engine 109 17 proceedings 39
8 business/fire 102 18  conversation/operation 32
9 course 76 19 project 31

10 process 75 20 year 30

4. fiREELE
4.1 MBICL DA FILZ DR LD HE

# 1 &/ THDLE, R4 D4 (conversation, operation) [V HIR TH D, 4w KEN
WL THDE, D)EFERFER, EIEICE T 558 (work, life, school, career, business,
course, process, job, production, programme, operation, project), (ii) & HASHLC% 3212 B
%5k (conversation, proceedings, fight, war, game GREIZHES) ), Gil) k"% D —5%
#9755 (engine), (iv) HIMIZEIF %55 (day, season, year), (v) ZDOM (family (35— 73 EE
%), fire, campaign) DX HFATE LI, LoL, ZOHENBA G OIEMHEZ BRFES 50
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THEELS, start SAFEICESR T 24 G OB I OWTER THLUERHDHIIITEZ D,

4.2 WA A nr —ar X DOME

Freed (1979) TH £ iE Td 2 begin @ i #8 TI1L & 78 4 2 €\ start the
car/landslide/fire/fight/rumor L\ )amsr—I al ZiEMICBIZL TADHE, BEIH (car) 1=
vV (engine) WAREN T HE = VU E IEHDHETH NI TEKEWVOIMEE RS D, RIZ, D
(landslide) 1%, LW ERE ORE A FHICEDLETE ) DI EZIT THED TOKEWHIPEE N
b, EHITK (fire) TR KT HEZDRZRITIARRLHANRZIREDLETH ) TRAFETHHDTH
%, MEHE (fight) IZ DWW TH R P IEEDEZ DENEH L THERLN TIRENEESKDVE I Z S
LD THD, HZIZ, M (rumor) LD DB ND ANEZDY, FENGINDHETIRES T
BHEFFOL4FITHL, ZIETIRZEY, Freed 232817 T D start ORESIZS DR D4 RO
PEEZ X THDHE, RO DIZ IR ML ET, ZD%, MEDD S 2072 s (LT
TUIREDIINT) BIITENNZY, KIRE DI AR LI, EHED JHIZRBALTZY, DL
[ZINELMEE, DEVAFANKRTLONHLEEZH X D TENNZDEBL TOLSHEE R AL
%, Freed 7° start |d causative onset of the event #3& J £ 5955912, start |47 TEIND
T DMAIODOFEET (=ML, FHORELLENNTWDIRIE~EZE(LT 5 (=BG D E )
B2 D, ZDIINT start DMERDEKREBLA RO BEWA R TR EREZR > T2 0
T, start NP 235175 car/landslide/fire/fight/rumor Offi D BZZEMER EWH D EE 2 HND,

4.3 B TR SN D4 5 O 5 42 L BEam O MEE

AR D EDIT B A7 HORF O RN T TED ) LWVOMEIE, start O AR T 51370
DALFNTHIE TS, S THFSE T start EO5fE DX DR EEX 415 company, shop, team, band
RETNT NS AR E L) — & — LU THRHZ 3D, ZORE B LT — AN ORRDLTRFH

HIZE P LU THBRIIREL TOKEW ST BN TR TE 450 Th D, WilkA R 4 7
t, — H (day) 2MEFIURTRZ7ZLGEE EoTu L, F72, fLE°H 2 (work, career, business,
campaign, job, project 72&") D FE ST FKL (school) IZAFTHEAHFORE, FROREN
KD ETHDBILI=2—A (course, programme) ZHE A TVKED THD, IHIZ, A (game)
[CHSE LIt H 7 — AR L T EWVIOMEE DO H SR E RN FNL TR TED, 1272, Al
FTHRFORIENORHETEZEHRL TRLTWDOTIHL, FMORESEZRTIEN, —AH
DFHINAEFNDZ ERUEIR UG 722 L% 3T start a family/baby EVVHERBNOEHENTXS,

4.4 begin NP LD e 6 RO LKA D EREanr —i gy

fi B (2021) Ti begin NP O AR $ 245 O THARME AL 10 FHIC<H5EZ il
7 L, work, life, career, process, series, campaign, operation, investigation, study,
discussion 72E DA FANHIEN 3D o1, IBIT, 11 AL6 20 ML ETOREE AW TR

5L proceedings, tour, talk, journey, visit, task, search, programme, descent, day,
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sentence, preparation 72E DA N RHNTZ, ZOFERE start NP (24 95445 AL 20 fir
ZHT 58, Fil2 1% (12) OFINTRESNDEINT begin NP (23— &SIk 2 i kFa 3k
T4, SDEVHORFEOBREL EHSE 4 58 HENS (i 2021), ZOZLR, £/ 1H)
D HEROBAME RIZHE H T 5 start NP SIZERR0KF Danr —a P RBNHRE 7R EEK
Lo TNDEB ZBND, (12) 134T (2021) 23%(F TV % BNC oD I TH %,

(12) a. However, brief mention should be made here of the Indian press. The first
of these papers was Indian Opinion, which began its long career in 1906, launched
by Mahatma Gandhi.

b. A team from the human rights organization Amnesty International arrived on

Dec. 4 to begin a two-week investigation into political killings.

5. &

ARFEFO BN, BB start OFHEBICE DIIRMEEO4 TN AER T MOV TR
M- EHFRAS 21TV, start the car/mewspaper/a baby D LH72Ra Davr—Ta BRI

L RN E R IR Z R T 22 Th o7z,

BNC Z MWW CEBIEDL start NP (C@EHE CAER T4 302 BI0ICHHAEL, SHIZERH
TELTHITRIZARL 3245 OB WA SFEL, IEMEIZOWTELRETo7z, ZOFER, start
ORI NI I B ARMNICEIX, BRETLE /| 2 F T FANRRENLT VLN o7,
Fo, ZOXOIBYED I AR T 24 5 RO DT 5T, start 23517 2D B4R R
R A Y THMEE (instantaneity) S (causality) SRS BIFRL TWAHZEATRBALTZ,

B[R
SAFZEIE, JSPS By JP21K13029 OBk A2 1T 7-H D Th b,

7 | Sk

Freed, Alice (1979) Semantics of English Aspectual Complementation, D. Reidel,
Dordrecht.

ik B AHHL.(2021). DECEN BN R O AR (2 B T~ 208 —Dbegin NP Bl L T— [ A AJEGE=32=
r—var Rl Bl 30 &5 1 7, 37-51.

/NP ARG (). (1980).[ 55 3 B A B Fal f i SO - A

HRRS SRS (2018). [ 20— SR HE S <HA FERE /0 AT —start/begin+4 5l &2 12— | [AE R K — %

HALE % 23 &, 49-61.

a—/N A

BNC: The British National Corpus (2020 & 10 H 2 FR)
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The Use of Take by Japanese Junior High School Learners and
Practical Suggestions for Vocabulary Teaching

SAWAGUCHI Ryo (Kansai University Dai-ichi Junior High
School)

Abstract
Different senses of the verb take are introduced early in the Japanese junior high school
English learning curriculum. However, little attention has been given to the teaching
and presentation order of the senses according to learners' proficiency. Hence, this study
explores how Japanese junior high school learners in the JEFLL corpus acquire different
meanings of the senses of the verb take as their learning progresses. Analysis using EVP
showed that (1) learners acquire a wider range of senses as they advance in their grades,
and (2) they have semantic preferences for senses of the verb take. Based on these

findings, I propose practical suggestions for teaching.

Keywords
CEFR, EVP, FEAFROIRE,

Op
i
jusliy
&

=118

1. 1IZLHIZ

PREICBU D EAGENSLHETLHD take DFEHROEITHF AR THASNDLN, FHE
DEAEIIEC TEDERPETHFERLIER R E T RENT D ITHRFISN TR, FEEIRE
XHVX 2T AR - FEEE O EBLHHINT T CThed, FEBEOFAES=— R MR LT
NH_RETHH(Tono & Aoki, 2000), ZZ TAMFFLTIE, HFEFEF T — A Japanese EFL
Learner Corpus(A F, JEFLL)(# 8, 2007)0 24 2238 8 Ml F 45 take DFEFRAIMERE
AE /1181 CEFR(Council of Europe, 2001)L~LRI[EEFK T —4#X—2A English Vocabulary
Profile(LL T, EVP)(Capel, 2015)I2E>TH¥EL, H5 140D 34FEETORFHETED CEFR
VUL OREFRDMEH AR DN TRE T 2282 HIET D, Hi T, HHDREFEFE RO
HiEEEZ R UTGEROIFEIEICOWTEET S,
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2. JEATHSE

FEEIREIIANNERE BB B W CEHERHE O 1 DTHY, FEEDOFEEEFOIREAMIIL,
O R A FEE ORI TS 28 &3 E £ T b (Hawkins & Filipovice, 2012), £,
% 2Bl L T EORKEFEOERICEL T e Ra iRt L T\ b0y EVP(Capel,
2015) T 5, EVP (31 REEHD F7e% CEFR LUV O EE DSBS CREDOE Db
DME AT RBIZ 2 D D EFLIR L2 T —# X —Z2THY, #l 2 ILX[FL make THh->TH, make
lunchUREZ1ED)LVHFEITITV L 2B KR ThiuE AL LV 3 fERE) DB E M)
il AT BE725E#% T, make a difference(Z{LAHLZ9)EVIOIRERER THILIT B2 L~L (5
FRYE 1 ARFR D) DB Ml Al RBeEE R ChHH LN DD, ZD X578 EVP OFe%IL, 538
H DI FEFEATROFEZOBLITHL TNDHEF 2D,

Barker(2015)<° Lenko-Szymanska (2015134 [El O3 5EFE F O - 55EE EVP % g
L, FBEOFHREZ TN, FHIT22LERA D, LaLiesid, Zhb0iE Clid B ARICE
T take DFEFDFEHEAMANCEALET D B ARNPFRAEFEE D take OFEFRAZLNIZ T
STERY, ZOFEEMFRNFE OMEITEIIZEDINTHEEL QUKD EWI R EFTERDE IR
IZOWTIEELIR AV 700, Take 1FEEIZHB W CRBEDN O ZRREER AT OFETHY, HARAN
FEFOFEFRE S EVP LUOOYRBIIN A TRk T AL IXHENERDHLEE 2 HND,

3. Uhr—FF %A1
3.1 BFJE B LR R
AKBFZED BB, HiEEEEa— % JEFLL OB E N MEM % take DL
EVP ICE-THHEL, T3 1ED SFEETORFETED CEFR L~V OREZRMEH FHEIC
RHDDONHETHIETHD, RIEDTATHIIEOMEE S F 2, AFTETIILLT 2 SO IERRH
ELIZ,

RQ1: HARANPRARGESEE D take DREFRM N RITZELLBIZEDINTLLT D0
RQ2: AARNHFAGGETEHEZDMEM T2 take DFERITIZE D LI ERAIEN 238 57

3.2 7=

ABFFETIZ B ARATPAETGELEED take DFEFMETICTHIT DRI FHAINGRO R EA
B DI, FEEFE A — 32 JEFLL 2 3%, JEFLL (ZHAANF&ELE 1 TADT —X
FROTIBEFEBRH2—/SATHY, AARNPEAEEEH ORRBFEMAE EOBIA 282
TLOIHMATHHEEXOND, £z, N7 bR OE L E RO AR EMRILS, FEED
FRECRILTERD T EITL B AGEOBINETRO TDIzd, K0 B FERYRFEE B DR RS
HIEROMEHZAR X DLW ATREL IR AR O, Y7 2 — SAORGEHIT P 1 2% 51,149,
I 2 48 159, 736, T 3 AEDN 117, T66 s CHD,
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3.3 Tk

JEFLL OIH7a— R2 BRI K> TH AT R EJ1-J2-I)NCT —ZWELTREL, L~
{ELT= take & ST D0 a—F U AR ICE-T, HENTZ take DOFEFHM A ETHET D,
INAEL7-5EF+ D CEFR L ~L~D53FEIZIE, EVP 25, 728, EVP ([ZI3AFY) A 5E
(British) &7 AU B JiE(American) DFEFR RS TVDAS, EIZIK@%#%EE BTIETAY
AHFED TG CTHDHID, K THT AW IFEDOFERE SR, #Eima D, 2 BTk~

Y, CEFR 1 A—>B—C s 777 _oNEICEREN FRT20, Fl—DOL~UL T 1 L0 2
DI REBREILm N EEND, LTeD3> T, Al Kbh A2 O 573, Bl L0E B2 O 23E BE R &
W X 11X EVP @ A1 L~V D take DREFM KRB H TdhDH, JEFLL OH A FEHE R () D
JORFHRAFEHL QWA 207 HEILN 1 0FEE GO WITH SOMEONE 23M# i w§E
THHEHWT 5, anr—al 7B O EVP IZRE#N 720 o 7o 2 ICLVFER DR E T& 72
Motz take DEERIT W MNBERIIL, HFE14ET 15, 75 2 fﬁ“( 198, H1%% 3 4T 269 D
CEFR L ~LVRIEERAZFRE LT, £, FHBEOMHEHTHEROITFTETH A1-B1 OFPHIINL
BEL TV, 2 3 DOERE T4 E LIz,

(1) I want to take them to [JP:hinan_basho] If I can do it. (j2_earthquale_01778)

1 EVP OFEFFR K

take: verb i1 @) rens

+ Word family

+ take (CARRY)

) to get and carry something with you when you go somewhere

= take (GO WITH SOMEONE)

3 to go somewhere with someone, often paying for them or being responsible for them

Dictionary examples:
I took the kids to the park.
I thought I'd take her to that nice ltalian restaurant

Learner example:

She takes her son to school (Skills for Life (Entry 1); A1, Turkish)

27



4. FEREELE
4.1 RQ1 “HAEZ LD take DFEFHM FAROZEAL

52 1D 3 HFEFTOEEFD take D CEFR LV RIRER N 2 TOERICHDIEI &%
K1z Ah, K 2 OFEREFT=,

2 AR R (%)

J5 S 174 E—

J1 T s s e

0.0 20.0 40.0 60.0 80.0 100.0

FERAELEIS, LD 2 SE2EET 5, 1 M BIT, @BEOMAN AL L-VUZIFERES, Bl
LAV DFEFRME AN CTHAHF 1FEOFEF LU, e 2452 3 fﬁ@%g”%‘ $Al
LUV OFEROHE AN L, A2 LV OREROMHE A OBMELHIZ, FEREAEOBLZE Y
B Bl LV ORERD EDDINTRDENIEThHD, ZAUTFHED EFI D, FEENIY
mf” ﬁxo%ﬁ%iﬁ; %%ﬁﬁﬁ?‘éio 720, FEECAERANVERNTIRIEL QO ZEERIEL TVD, 2

¥, FEEOHEATIERIIIFONH LI R THD, T 2 F- 5 3 FOFEHIT
B1 L~V OFERE R TR %EPTH%%’?«%H%LG% 57, A2 L~ULDFEFR DM ERIL 3 o
FERTPTROIEWEWHIHAN LN, ZOZ LT FEEEOMEAFER ORI EZEL TD,

4.2 RQ2 FHFOFEFRMH OE RAIER)

152 100 BEETOEEEMMEMT25ERDOID, BEO®mWED% CEFR L~ULII E
fir 3 FEHFETH ELIEFRRNE 1 ThD, ok, 7 a— SR A XN 5 FH O gD
78, FABROMERMEIL 10 HiEHTZVICHHE LI, & 1 DFFEROLFNL EVP O4 B
SL(—EBIE

1 SFER] 10 FEEHT-00 mE A S

J1 J2 J3

picture 12 take out 68 take out 103
CARRY 10 CARRY 19 TIME 31
GO 4 TIME 10 CARRY 30
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BLEZRORUE, 77 1AFEOFE BN RO BRI T 25E8IL AL L~ULO take a picture
(BEERD) THLHOIZKL, H5 2 4 - 5 34EDOFHE L B1 L~L D take out (WA FFH
PIEVIFERE L ZHHL TNDEWVS 1THDH, JEFLL (21N KHIEN & 754 Ff> T
WEET 200 | VORIV E AT, ZH3 S 2 4F -5 3 AEDFEF D take out DE
B IS D72 072 B2 BN, OO PR TO S B A BRI A2 FRETH
L(#eHF, 2018, p.160)Z LA B [ET 5L, AR LR take DF %%1%)%75 SHEEThHDHEF 2572
A9, Flo, H5 3EOFHEN 2 FH -3 FHICEM AT L5ERITUTTR —DHET A2 L
D TIME(AIDZATH DIZRE A T 5), A1 L~LD CARRY(%%%OTU\OT‘&)D BEHH
HoE 1A 2 AR D LI CERARR AR R A /N TV AL L CAIENH 2 D,

RFECE Y RHEOBUEE OB TIL, BFELFE—CIEEEZIRS ) EERATREZ take a
picture X°, H ARFEIZIRBEL CWDIT AT UM B FEEFEOBRBEREL TODRTEEERH D, =
HLT-f#H[H]1E Negishi, Tono & Fujita(2012)Th 5 &23H D,

F7z, take out \ZOWWTIE, A FTREREIC — ED#IPHZFF->=m/— 3 (Nesselhauf, 2003,
p.226)(take/do/sit an exam 72 X) &0, take & out ([ZH\WTREEAE R IED TR take out 13,
FRFN LS THELSINT T v ZELTAZ N L F L ar ~OINE S Th o rl it 2 R
L5,

EFROEESFEZDE, TEERIZEITS take DFEFRFFE TIIFEHE OB AL L UT-FERD
AP EARGNTDIENMELRDIESD, B 21F, TR OB E K KB HFE
SUNSHINE ENGLISH COURSE 2 TiZH*# 2 4T take a look &) B1 L~V O HE)E]
HIREZR DB AZIVTODD, ARFEDOREFNG, FF2HEOEDOFEFILEOERPIERER
ELTHETEDIREMENEWEHERITES, 20 fx5E, HEAROBRNELE - T,
INTANTRR M FER A T D, SBREAERTORB MR T DI ODT 7T 18T 54T,
WFFEEEL CEESEIDDOIEEE B LT HZEINRTHAY, BB OBAATIE, F
QAL 3 EICB VLTI Bl L-ULORERAEATH—T5, 20 1 ORDEBFET
% A2 LYV DOFEROFTLIR S AESE, PR THEAIND take DFEFRD BRI EE XX
HIEMBEETHDLEE ZDILD,

5. £&
ARHFFETIE, HZIK)\EP%EH%EE.? %@ take DFEFDOME N FEEEREELLIZEDIIICE
fEL T DD, FEFOFEAIZIZE D X7 B WAME 3D D0 2 oW T, EVP #H

WCRAE LT, EDRER, %ﬁfj S EXDL _oﬂ LB EITIVEHER CEFR LUV OFEFAME
FIREICZ2 D3, T 2RERICITERIRO R HDE N ZEBRALNE /o Tz, TAESLRE Y7 D
SEDPMFAET D120, ROMPRUNTIEE R BN LETHD, LoL, AWFEILTEHE DS
HEROGEES% EVP @ﬂﬁéﬂifﬁﬁzéku\oﬁf FERCE RIS HT A TR R L, FEEE T

X EE OB AE S U R LB R O FIEE MG T 272D O —BhE e 5 T LIRS LD,
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L1 Influence on the Acquisition of English Noun Phrases
—Analyzing Part-of-Speech Sequences—

YAMAGUCHI Ichika (Tokyo University of Foreign Studies,
Graduate Student)
TONO Yukio (Tokyo University of Foreign Studies)

Abstract
This study analyzes the part-of-speech sequences of English noun phrases in learners’
corpora with different L1s (Japanese and German) with the aim of obtaining insights
into the L1 influence on second language acquisition. This study especially focuses on
noun phrases used in subject position. By attaching information of syntactic
dependencies along with part-of-speech tags makes it possible to take the syntactic
structure into account. The results shows that Japanese learners tend to underuse
articles and overuse compound nouns, and the learners whose L1 is German start to use

prepositional phrases at a very early stage of the acquisition.

Keywords
Second language acquisition, crosslinguistic influence, learners’ corpora, Part-of-Speech

sequences, noun phrases

1. IIL®IC

S B RBITONFEO BT ML, TN ETE S EEAHRICEAD <D
WFEE OB LOHILETRY | SIS FZREMF T2 03 T CTE 7z (Jarvis and Pavlenko, 2008),
WA, FEFT— A E0H LWV FIEROMENLIZED 5 ETIITIZEDTE R T2 KB
MOLZIINZRE BT AN ATREIC 7RV FE F O pEH S 58 (T S 58) OIR R ELRAT TR 3T
bidEoz7257= (Granger, 2017), TS FEO K ENLRHEE IR T A0 O FEDO—DLL
T, FEET— RANTHERA SN TS 506 (POS) %7 OHEFHA R~ D03 % 1T Hivs (Aarts
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& Granger, 1998, Tono, 2000), AHFIETIL, ZOIIRMIETHLNIZREEZE L, RERED
BB CSBRomBaS 5720 | M aEE &2 M U7 St 3 884 0T 32, FFlS, APPSR
A AGE - N AV EEZ 2 NE N REEIZ R D JEEE AR ~ Tk D FEFEOALE T4 5 A)D
b ESHIZ A B L2 2179,

2. FEATHISE
2.1 fhEiE A W EEgE

FEFOTMEEO BB ENRME N E DT BTG (POS) #2708 §H % F] 7= S BRI
72RFZEE LT, Granger (1998) 232817 HD, Granger (1998) Tld, et UKD/ 8T, {EE
HEEDT=DIZHNWOI TN VA E & T D FIENLERES T, 3 EOFHEa— AL
REEBEE B o — SR 2B A2 7 D 3 (trigram) Ol 21T -7, fEBEL T, KFHES
N—T DR EFECIL, FEE I OE B S FEREEY. L1 F78 O 5 BRBO G R RENEG
ZEDODLTEBRHABINI 2572 (K 7% vs 20%) . Granger (2017) Tl&, ZOBFEFIEDOH AT
ZIEFTHEILIT, K BRI SRR E B LI e o s 1 2 MR L 7= S 572 858D
WEPERTRARBI TS, SHIZ Tono (2000) Tik, RS EREMEICWAFEFO T SED
FLik A B WIIZ, B ARGEAREE LT D8Ik~ E 2 O E L RO FIEZ AV ToirL
Too FEREL T, mFal BBl oMl F7p 8 2815272, £, Granger (1998) & Tono (2000)
ICHIBEL TALNZAEREL T, FEEO T S FEICB T DRIE O E AR ST 5, R
(4 T E % SR T DRTE MO O REEMEIL, L1 ICfb6T, FEFICIEEL THLND
B CHDIZENTNDDOIIEIC L > RSN,

3. WHE L
3.1 #FgE H R LHFSERR

AHGED HIL, REEED R 5GE B F o — S 2% VT, R EME 32 5 g4 4
SHTL, B SR ERCBTANEEO R EICEL TR AL L ThDH, ABFFETITRRZ, FA
VREREEREE L B AGE AR E O 4 s IS E B Lo T &7, £i2. A ENXEE 8 0
HUL7= S50 D4 5RO A% IEREICHIIN 2 BT, XO FFEEL THWOIA A Gl &% 4T
SINTEATO, A e AE R OEELSIZTNETOMIETT TITHLMIZSNTVDAS, Z2 T, FA
VEED L T ARETE D, FREE L AERIL QOB ZEE L CREV, LT T, JEE
RN A RITEAE A L 7= 40 3 ) | (2) T, RiTE A 234 il & 14 EHE AR L 7= 4 3l h) . (B) CIITEA
A, AITE R )70 & OB R4 ST I T DM A B Dl 221 Tnd,

(1) diese schéne Blume (this beautiful flower)

(2) eine Katze unter dem Tisch (a cat under the table)

(3) viele schwierige Biicher iiber das Land (many difficult books about the country)

NHE) TR LA AT _C, FORFEREERITFEIANS —EL TD, ZOZEMNDL, FA
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Vi RERE LT D IGETEE AL o T MR A WA O ITE S THLRENEN S A 615,
INDEPNER, T4 RIS 2 RO & £ DR FRFRIZRFEDORBIIA BN D L
IWFFERR AR B LT,

3.2 T—H

AMFFETIZ, B AGEZ REE ISR D RGEAIR~ ik 78 H L LU CJEFLL = — 3 X (&HEF, 2007)
% RAYVEEE BRI DB EEAIR ~ kB & & LT ICCI =—/3Z (Tono, 2012) DA —
Z MY TH T a— 2 & T %, JEFLL 20— 8% L, IE 1 5 AD BAR AT E LN pE
HL72BAREET — 4 % 10 FHU EORBIFICOI > TEK L2 b D THY . 77— D
FREROE, K960 HEEICKSS, ICCI 2— &%, JEFLL 22— %% L Dl RIS, %4
EEDOMOT UTKE - FH - I — 1y O~ PR BB AT T EERR A o —
NATH L (FHF etal,2013) . AL TIE, ICCI a— 2D H RA Y NEEEFEDT —
RSN T VRN, R YVEEERGEE T4 — X M) TEEOFEE Y7 2 —x
2EERT 5,

3.3 /T T
3.3.1 T —X DRI
AWFTE T, 7 —FOFRLEEE LT, ERBEICH =24 5O 2SR #2725 2572 3¢ Gk RH
SCRREREA B ATE S, EUA RDBRT TD ) b U HIBR LTz, 20 T, Python @
HIRS BB DT A7 TV ThD stanza (Qi, Zhang et al., 2020) ZFI FH U7=#& SCARHT 21TV
FHEEBEBOSHEENT —2% ., Mk ERRESFFERE R T #7 OB LT, 27 1%( )
T, THGEEKAFBILR (DEPREL) (it Gl #H (UPOS) | Z5edi L7z, EML7=4 2 B L OV
—EIR1DOLEBVTHS,
#1 HL-#7 'Y

nsubj:pron B4 (K44 5) nmod:possipron 44 FAHESf DA F
nsubjinoun B4 (44 F) det:det LA
nsubj:propn FaEA G ([E A4 E) amod:adj [REAH

explipron WERE (RFFED it <° there) compound:noun A ZEN G D4 Fi
flat'propn [FIMAEEHFERDL : [EA 45 nmodinoun 44 FlERfD 45
caseladp BhFHERF O HITE F

cciccon)  SENLHEREA

3.3.2 HTOFIA
FRHFR AT T2 T — 206 Al & L CEH S Wb EhE 2 L %Elc, FiElchi=d
LA O 21T o T2, E OB FFETH D4 AT HIE T 5 i s b/ Fl A1, FaEHK
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FRAER A b L IZHI

bRU72, 72, oW & e
Blfa 2R H T2 ERHIBR LT, 0O LT, FEEFEORGELFET L

I LD kT D AT, ZEE

Tz rT 27 OEBHOBEL IR . B 10 ETETF 7T LT,

it R B 4%

ARHWFGED ST R G T2~ T2 SLDORER & A G ADRFESITIFTR 2L R 3D TH D, £7i=. BLE

ERTH TR
2. AR RALR L dh

PRI EOBEIZHE SN AL 10 AL ETOX 7 OEEHEZLL F DO 4 (H ARGERGEGE) £ 5 (8
AV FERERERGE) TRLT,
%2 JEFLL 21—/ S A0 SRR EHE
J1 J2 3 S1 S3

T ‘/Ziﬁt 3949 13027 9982 7165 16099 3060

B R 5142 17508 13173 9969 24651 4782
73 ICCI =2—/ A JEFLL =1— /X AD FEAEHE G5 i)

G5 G6 G7 G8 G10 G11
T A 365 742 1243 1151 1000 498 413
R 525 1078 1869 1655 1648 751 826
# 4 JEFLL 2 —/~RCEBITHEGELA KT A aog 7@ (A7 10 A7)
1 M n M J£] M
nsubj:pron 3037 nsubj:pron 9657 nsubj:pron 7568
nmod:poss:pron  nsubj:noun 206 nmod:poss:pron  nsubj:noun 620 nmod:poss:pron  nsubj:noun 416
nmod:poss:pron  compound:noun  nsubj:noun 124 det:det nsubj:noun 298 expl:pron 250
det:det nsubj:noun 93 nsubj:propn 227 det:det  nsubj:noun 24
nsubj:propn  flat:propn 71 nmod:poss:pron  compound:noun  nsubj:noun 226 nsubj:propn 157
nsubj:propn 64 nsubj:noun 187 nsubj:noun 133
nsubj:noun 46 nsubj:propn  flat:propn 157 nsubj:propn ~ flat:propn 82
amod:adj nsubj:noun 26 expl:pron 148 nmod:poss:pron  compound:noun  nsubj:noun 74
compound:noun  nsubj:noun 16 amod:adj nsubj:noun 111 amod:adj nsubj:noun 7
expl:pron 15 nsubj:propn  punct:punct  flat:propn 48 subj:propn  punct:punct  flat:propn 64,
S1 M 2 M $3 M

nsubj:pron 5214 nsubj:pron 10970 nsubj:pron 1962
nmod:poss:pron  nsubj:noun 303 nmod:poss:pron  nsubj:noun 601 det:det nsubj:noun 143
nsubj:noun 198 det:det nsubjinoun 501 nmod:poss:pron  nsubj:noun 120
det:det nsubj:noun 166 expl:pron 491 expl:pron 9%
expl:pron 158 nsubj:noun 368 nsubj:noun 85
amod:adj nsubj:noun 85 nmod:poss:pron - compound:noun  nsubj:noun 188 nsubj:propn n
nsubj:propn 81 nsubj:propn 185 amod:adj nsubj:noun 36
nmod:poss:pron  compound:noun  nsubj:noun 68 amod:adj nsubj:noun 170 nmod:poss:pron  compound:noun  nsubj:noun 35
nsubj:propn  flat:propn 53 det:det amod:adj nsubj:noun 77 nsubj:propn  flat:propn 15
det:det  compound:noun  nsubj:noun 21 vocative:propn  punct:punct nsubj:pron 68 det:det amod:adj nsubj:noun 14
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ICCI =— A2 B TZ)EEEI %%—%‘j‘% uj/—‘]@&y

HEH (A7 10 A7)

G5 MM G6 MR G7 M
nsubj:pron 251 nsubj:pron 544 nsubj:pron 901
nmod:poss:pron  nsubj:noun 51 nmod:poss:pron  nsubj:noun 79 nmod:poss:pron  nsubj:noun 60
det:det nsubj:noun 17 nmod:poss:pron  amod:adj nsubj:noun 23 det:det nsubj:noun 59
nmod:poss:pron  nsubj:noun  cc:cconj  conj:pron 8 det:det nsubj:noun 17 nsubj:propn 21
nmod:poss:pron  amod:adj nsubj:noun 7 expl:pron 6 expl:pron 20
nmod:poss:pron  nsubj:noun  cc:cconj  nmod:poss:pron  conj:noun 3 nsubj:noun 5 nmod:poss:pron amod:adj nsubj:noun 17
root:adv 3 obj:pron  nsubj:pron 4 det:det amod:adj nsubj:noun 12
det:det compound:propn  nsubj:propn 2 nmod:poss:pron  nsubj:noun  cc:cconj  conj:pron 3 nmod:poss:pron  nsubj:noun  cc:cconj - conj:pron 8
nmod:poss:pron  nsubj:noun  cc:cconj  conj:noun 2 nsubj:pron  cc:cconj  nmod:poss:pron  conj:noun 3 nsubj:pron  det:det 6
det:det nsubjinoun case:adp nmod:poss:pron  nmod:noun 1 nmod:poss:pron  compound:noun  nsubj:noun 2 nsubj:propn  flat:propn 6,
G8 MM G9 M G10 M
nsubj:pron 890 nsubj:pron 683 nsubj:pron 371
nmod:poss:pron  nsubj:noun 47 det:det  nsubj:noun 50 nmod:poss:pron nsubj:noun 18
det:det nsubj:noun 31 nmod:poss:pron  nsubj:noun 40 expl:pron 17
expl:pron 23 expl:pron 25 det:det  nsubj:noun 13
nmod:poss:pron amod:adj nsubj:noun 10 nsubj:propn 19 nmod:poss:pron  amod:adj nsubj:noun 6
nsubj:noun 8 nmod:poss:pron  amod:adj nsubj:noun 13 nsubj:noun 6
nsubj:pron  nsubj:pron  acl:relcl:verb 8 nsubj:noun 9 det:det amod:adj nsubj:noun 3
det:det amod:adj nsubj:noun 7 det:det amod:adj nsubj:noun 8 det:det nsubj:noun advmod:pron 3
nmod:poss:pron  nsubj:noun  cc:cconj - conj:pron 5 nmod:poss:pron  nsubjinoun  cc:cconj  conj:pron 7 det:det nsubj:noun case:adp nmod:propn 2
nsubj:det 5 nummod:num  nsubj:noun 4 mark:part 2
G11 MM
nsubj:pron 179
nsubj:noun 37
expl:pron 33
amod:adj nsubj:noun 24
det:det nsubj:noun 22
det:det amod:adj nsubj:noun 6
nmod:poss:pron  nsubj:noun 6
det:det nsubjinoun case:adp nmod:noun 4
advmod:adp fixed:noun nsubj:pron 2
compound:noun  nsubj:noun 2
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Are English and Japanese abstracts in a research paper
written for the audiences?

ASANO Motoko (Osaka Medical and Pharmaceutical
University)
MATSUDA Noriko (Kindai University)

Abstract

AAFFENE, FR IR HIEGEE H ARFEOT T ARG I NN 2 DA T Bk LT 5 n RS
BT DMEIMELRR LT, 2020 F 1 55 OFE LEFHIERE (EP) 30 #é B ARNRAT MG
(JPH) 30 DOFELEHARL DT T AN 7 Mea—s 2L, [EFEDOED (Move-step) ZHrL
7z EP & JPH ORGEEITISCHHY 6,000 55& 11,000 75 (CasualConce), HAILITHY7,500 &
14,000 7&(WinCha X' CasualConc) ThH-7-, EP @ 12 ff& (40.00%), JPH ® 17 #
(56.67%) 13 HARSLOFRILDOE NI ARNBHY, EP IR LEIBARLELLNDOHRT
AFE % Move-step (2L TR A2 B, FHIHFIED TNAZ T SCCTRER T~ HE A 23 F 5
iz, JPH 1L, iBROENIEN DAL, RBIRAZRAE S - E R e EOFLl A H AR ST 0
BB BTN, e TITEGEE B ARGE CHULIE RN RSNSOI AT,
K2 DFt T Bk L TSIV CWAIENRIB ST,

Research articles published in Japanese journals tend to have English and Japanese
abstracts. This study investigated the linguistic features of English and Japanese
abstracts written for articles published in two Japanese journals: the Journal of
Educational Psychology (EP) and the Japanese Journal of Public Health (JPH). Corpora
were constructed using English and Japanese abstracts of 30 articles each from the two
journals. The EP and JPH corpora had approximately 6,000 and 11,000 words in English
(CasualConc) and 7,500 and 14,000 words in Japanese (WinCha and CasualConc),
respectively. Swalesian move-step analysis revealed the differences in the occurrence of
move-steps between the English and Japanese texts in 12 (40.00%) and 17 (56.67%) of
the EP and JPH articles, respectively. The findings suggested that the descriptions in

English and Japanese texts are fine-tuned for the audiences.
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1. IZC®IZ

Dy, BZER o UiThbhdaia=r—arOfEHEVbTHY (Hyon, 2018), 1
WMOZT FIISUTIESNDZENIBIVTA LYY (Swales, 1990), W5t LD T 7 AT 7k
(LLF, #4884 2)1%, “part-genre” (Swales, 2004, p. 239) DO—2&EN, i LT 7 AR
THHD, fidh, BERESEIFIIHREN TE- (Hyland, 2000), IT4E, [[@—Y ¥ L DT 7 A
FCHIEMOZ T FR ML T 2332 =T OB ZENEELVESNS (Connor, 2011),
AHFGENE, Rl SIS N 5e5E L H ARGE OGN, & % OFt A FEEML THELNLTH
BHNEINERTTTHERT, T7AND S BRI T LT,

2. FEATHISE
2.1 L—T 55

L—T 811X, Swales (1990) IZEVIRBINIZT ¥ VT OB A D TR E 23T 7 A
SINTFET, Swales (1981) #diift &9 2, WFITHR L OFE S HIZB W TEHEEFORERNEIRZ LT
DOEFEDFEODFEFESIL, move (A—7) EFpasiiz, A—7 3 [a3a=r—var Lo&kElx
I REE EIZIHEREDO HAL | (Swales, 2004, p. 228) ThHd, L—7 OHIZIE, TEHIZ, F2iTH
HEDETL—TERTITDD step (AT V) EMEHINDT IV ARNBHYD, AT 71X EIC L—
7O HM &R 720 IZHERE T 5 | (Biber, Connor, & Upton, 2007, p. 24) ., [Move-step 34T
(Swales, 1990, p. 142) IZBWT, ATy 7 LULDERIL, L—7 ORI BARH)THD,

2.2 T 7 ARD % RREFSE

T ARD AL B BT B LI BRFEIC Lo C, T/ AMERIT S 3B bic k> TRARD L
DRENTET- (Kaplan, 1966; Hinds, 1983; £, 1978), LInLITHE, 77 AMERIZITZRIG
H O JEAE R O BTN Z THAM, B2l O b N EHEICE 53 5L3i2 1% (Connor,
2004), 723 Th, FMT IV ANL, 1947427 DL | “writing culture” DA =150
(Moreno & Swales, 2018, p. 50), [T LA FED i i CILHEFEOMRE A FF DR F B L7256
MR ESTVD (Swales, 2017, p. 251), Fliam 3LT7T 7 AMI BT HREEO B HRAT 512
VLA T T DAEFEII2 AR R E T 5 1 28N HF R EESND (Moreno & Swales, 2018, p. 44),

2.3 iR S EERIFHRIZE o015

PEIIER SCOAR L ETRNZ a2k E BB LT ShbZenmbing (Bazerman,
1984, p. 58), E i L O EkA A L 7= Salager-Meyer (1990) 1%, H, ik, fER, i
W) 4 DDL—T THERSNDETEARLT L, A—T OIEVODR M T 5L G EIMEDITL72D)
EHRFEL TS (p. 370), 28k 800 fiz BEFIFE O 11245 CToMr L7z Hyland OFfF%E (2000) T

38



1%, JefTHFE (Salager-Meyer, 1990) [ZXAFEMICHL 0 OLT, 55, B, Hik, MR, &
FEVOL—T DIENEFEHL THDEDOND LRSS,

3. Uh—FFH A
3.1 W98 H R EFEE%
AWFFEO BB, BARGEMSICBIT 52958 L A ARGEOWEN TN ENDOFAF L Bk L
CERENRBE R T AN E O ERETHETHDL, LTOY—F 7 =xF 3 (RQ)
ZRRIE LT,
RQ1 PEEE H AFEDIERIZ BT D4 % D Move-step DAL RIT[FE L THAIN,
RQ2 755k & HARGEOIFKIZ I T 5 Move-step DIEWNLIF U TH A 9 D>,
RQ3 JFEE A ARGEO PRI FHBHI72 S5 OB Ld2 Th A7,

3.2 =—/ A

2020 1F 1 5y OHE LIPS (EP) 30 OTEEE & HAGEOEL, B L ORFEDH
ARAFFAMETE (JPH) 30 SOOI E AR OWEFRAZ W Ta— " 2AEEE LT, a—-
AMRETEE LTI “representativity, reputation, and accessibility” Z % E 95 &9
Nwogu (1997, p. 121) O& 2 (ZHSW T, AAREWNGER %5 & 35 Google Scholar Metrics
mEEZE LT,

3.3 FE
3.3.1 T —XOHEFLIE

EP, JPH &b12, V7 W Ah EO AARGEOX A ML ESERAat — LU THW ., JEEICBIL T,
XD PDF 77 A%, K¥DFABVEHDZH, [Google L R | ZAf H E7-1XHI) % A
Fr LT OCR &FRL, CFbITHELZ B CHERBLARDDAT L YR —NMIATI LT, 7235, EP
IS LSNP EkT7e<, JPH TR B B, ik, R, mciEbsh e,

3.3.2 ST OFNA

ek, BEEO14 5 EP, JPH DA, $514 2% JPH, EP DA TT 7 ANDAEFER 2 45%
(Hyland, 2000; Salager-Meyer, 1990) (Zi£H LT Move-step (Z/33EL, —%* (Rau & Shih,
2021) #HRHLT, —ERIL, EP O 0N 96.19%, HASH 95.59%, JPH OFECH 77.31%,
H AN 85.88% CTdho7=, Move-step Id Zoom &g CH[H A L CRELAWNZ I EEIL LT,

3.3.3 Move-step =1—/ S ADAES L4547

a— /3275 Move-step 77 AN LT, BASUE, & B iP5l KPR e i @kt
EARIERL B AR SRR R (I ARRFTEE) OIREFRMENTA: WinCha & W CE-ERIZY
7= (fa H /K, 2013), Move-step 727 A%, CasualConc (Imao, 2021) ZHWCEELT-,
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4, FEREBLE
4.1 RQ1 HFEE H AGEOFERIZI51TD Move-step DAL
T I AN A LIV Move-step %X 112, EEFEEX 2 |TRLTZ,

EP X Move-step 13 231 (EP025) %R\ 41 77 ARTZ MBS M
TFSTOPRICERL, RALEZLNE, W o
Move-step 21 {Z2WTHIH EHIZ 8 EILL L, s 1;:

Move-step 22 IZDOWTH I 8 EPL b, HAEE  Methods 2
7EILLE, Move-step 32 (Z DWW TIH H &HIZ jj
FILL LRI B, KA Movesstep  »
12b, 34, 42, 44, 45 OEREIL 1 EILLFTho .
Too 42 1ZFEIL 1 MMOIHTHBILIZAY, 44 (g g oo
EBITR OB > T2, Move-step 22 [T# LT i
1% 257 (83.33%), HASLTIX 227 (73.33%) 4

50

IZAERL, TS HBLT A m N AL,

JPH %, Move-step 13, 21, 32, 41 731> (PH023 (281} 13) ZRW\TT N TOEIC
L, %EEEZ LN (X2), Move-step 23 (2 OWWThHEH H E612 8 EILL Eodbskic LT,
*FZ Move-step 34, 42, 44, 45 OAEFLFHT 1 FILL T CThoTz, 44 1353 1 H, 45 (X H AL
1 MRORIZHILLTZA, Move-step 33 ILH L TIiX 14 fm (46.67%), H AL TIL 17 W
(56.6TNTAERL, HAICE B2 mARLNT,

[X2 Move-step D/
Move-step 11 12 12b 13 21 22 23 31 32 33 34 41 42 43 44 45 50
EP EN 1667 13.33 3.33 96.67 86.67 83.33 43.33 26.67 73.33 20.00 6.67 56.67 3.33 13.33 0.00 13.33  6.67
JA 16.67 13.33 3.33 96.67 83.33 73.33 43.33 30.00 73.33 20.00 6.67 63.33 0.00 13.33 0.00 10.00 6.67
JPH EN 43.33 36.67 26.67 96.67 100.00 36.67 83.33 73.33 100.00 46.67 10.00 100.00 3.33 50.00 3.33 0.00 0.00
JA 46,67 33.33 26.67 100.00 100.00 40.00 86.67 70.00 100.00 56.67 6.67 100.00 3.33 56.67 0.00 3.33 0.00
EN: 25351043, JA: P AGER iR

4.2 RQ2 #EEE A ARGEDOIEIZI51T5 Move-step DIEDY

EP TiZ, 12 @ (40.00%)1Z23 T Move-step DIENTEWIIADIZ, TELHH A LDOE
HLEMDDIAZARL TS Move-step DIFENFFAITHY, #1720 B (Move-step 13)IZBIT%
LA E L DRI IRTHHEL T, “The performance of the proposed model was
evaluated both in a simulation study and when applied to data from an actual math
achievement test.” (EP028) 2351 Hiv5, £7o, W50 E/0fER% A RSO AT H0R ﬁ“é{ﬂ&
LG, TELERY, RS DL EMEICRREITIR DD DO, —EREEE O 2 VL E M RS
7z, J (EP013) »3biFHhd,

JPH T, 17 ff (56.67%)Z33\ T Move-step DIENIE WA O, [ERFEA AR 21 (5

ZR)D BREER LT D720, & BIRERITEERGEREE A EUICEHMEL, (RIEFEOUGEIZORITD
ZLERDOLNTWD, | LW HADRIEZ H AL DI T 241 (JPHO02), “Odds
ratios (ORs) and . . . were estimated” &\ HT HIEAFSCCIEAE, AR TRV
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A OEENC. L Ay RHA R LTRER, ... JEEE#RT 201 (JPHO006) 728 3 AbitT,

4.3 RQ3 J&ik& A AFEOIERI A2 E 7R O B

EP Ti%, APA (American Psychological Association) style Z{#HL THEGRL T 5729
Dy, TSP ERIZIE we lZ BT, 20 #WIZ the (The) present study 7™ 23 (N 21 {FI3HF5E
H iz ~<2% Move-step) CTHELLTZ, ZDOXFREE 2 DD IAMZE |1 27 MWl 344 HFLL,
ZDOWND 18 1123 the present study DXFFRET2>TU N,

JPH TI3, S3CHik 19 MRl we 23 49 fRIHBLL, E¥ 50O S B RS & L2 e T e
(Nwogu, 1997; Salager-Meyer, 1992) O SLEFARIUT-FFEDRINTN, Fid FEBZIAL
72 we (Hyland, 2001) % 11 (JPHO19) O Th-o7z, FLITAHIZ we DRFFRIZ, [AMF
FENT I EIUTIARRFIE TIPS 6 1, THe2 13128 14k, TEFOIZIN 1T, ko HBUE 1 b
720 1 DA Th o7z, Flo, AR TIRNSRMERET ), [EX RS, TR
DEH7RBEFIZ LD FFERENRAE L THBLL, XS T 550 CIESERR S VA BB DT,

5. &

TIAND Z RO EATUIZRE R, EP [ZBITHFR—f B S - 958 L B AGEO )
BRI, BLEITAARLE GO R TAER TS Move-step DIBLEA, FRICAFED FlEZE
YL TERR T AEE A ST, Move-step DIXITITFENHY, Move-step DA FLRLIE NN
TEVDFED LNz, FEICIDZDDOENEITHLHEEZEZLNDN, & % DfiHFhEiklL T
EDPNTWBATREMERHDEN 25, JPH 13, 18 EHICIV T Move-step DIENITIE R AD

AU, BIREYZ056E F - RIE A2 E DOFLIR A A AU M T o728, 45 % DI ERBIR ThDE
PeEL A ARGE CHBILI AR RSN D IO AT T, 5Bl ioffﬁ$§®Tmr®ﬁﬁ%I
RKLTWBEE 2 BT, BHMGEREE B AGE CIIKELC, TRETIES W CRlak 3 A [ 23
ORI, FEEIDECIITD we 13 B ARGE CIXTANFSEI iJiﬁE@xﬁRZP 1 MR-V 1IEHELT S
DIHTHoTo, WTIDOFENFED, — DDOWFFEIC DN THGEL H RFETHEICELD LRI,
H X DEBEDTEH T B L THERORL G ETEL TODIENRRINT,
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Development of the Ballet English Corpus (Ver. 1.0) for Art Major
Students

USAMI Hiroko (Tokai University)
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Abstract
This study aims to describe a specialised corpus, the Ballet English Corpus (BEC Ver.
1.0), which contains approximately 1 million words that make up written texts in 10
different categories related to classical ballet that adults and children are expected to
use. This study provides a description of the corpus design and analysis of the word lists
and keyword list in the BEC. The analysis of the BEC indicates that the category for
‘people’, by far, contains the most data. In addition, the word ballet frequently appears,
as well as articles, a conjunction, prepositions and beverbs. Furthermore, the word ballet,
the lemma DANCE, French words, repertoire names, role names, and dancers’ ranks

occur as keywords.

Keywords

specialised corpus, ESP for art, classical ballet, word list, keyword list

1. Introduction

English for specific purposes (ESP) analyses English used in various fields, and
specialised corpora containing specific fields of English, for example, analyse frequent
vocabulary and grammar. However, studies examining the use of English in classical
ballet remain limited, although classical ballet has been enjoyed for different purposes
by people of all ages in Japan. This study aims to describe a specialised corpus created
by the author, the Ballet English Corpus (BEC), which can be applied to the study of ESP.
The BEC (Ver. 1.0) currently contains approximately 1 million words of written texts
used in 10 different contexts related to classical ballet (ballet techniques, companies,
studios, history, schools, theatres, people, narratives, repertoires, and miscellaneous)
that both adults and children are expected to use. This study provides a description of

the corpus design and analysis of the word lists and keyword list in the BEC.
2. Literature Review

2.1 Textbooks and Specialised Corpora for ESP
Among the ESP textbooks, which have been published by 11 Japanese and overseas
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publishers for university English textbooks and are available in Japan in 2022, the
popular genres of ESP textbooks are science, medicine (including nursing and dentistry),
and business. Actually, some ESP textbooks for art and music and a lot of ESP textbooks
for movie have been published. However, most of the ESP textbooks for music teach
English in restricted contexts; how to understand song lyrics.

Besides the ESP textbooks strictly available for university teachers and students, a
couple of ESP textbooks for music were published and can be accessed by anyone
involved in or is interested in music, such as music majors in high school and university
(e.g., Kubota & Orui, 2017). These textbooks help those interested in learning English
conversation in music learning contexts, such as through music lessons, accompanying
musical instruments, and concerts. For dance and theatre studies, especially classical
ballet, only a few ESP textbooks for dance have been published. In particular, only one
textbook for learning English in classical ballet situations has recently been published
for children interested in learning classical ballet overseas. The textbook aims to help
them learn English they can use in various contexts related to classical ballet, such as
when attending classes, watching performances, shopping for dancewear in ballet stores,

and participating in school activities (Ito, 2021).

2.2 Popularity of Classical Ballet in Japan

Classical ballet has been especially popular in Japan across age groups. Approximately
256,000 people learned classical ballet in Japan in 2021, and more than 70% of classical
ballet studios teach children in elementary school or younger and adults in their 40s and
50s. (Showa Academia Musicae Ballet Research, 2022). Moreover, approximately 13% of
the classical ballet studios have students who belong to overseas classical ballet schools
and companies. They start their career as professional dancers in their late teens or early
twenties (Oyama & Umino, 2022, Showa Academia Musicae Ballet Research, 2022).
Actually, the number of Japanese classical ballet dancers working in overseas classical
ballet companies has gradually been increasing from the 2017 to 2018 season to the 2021
to 2022 season. Regardless of age, most classical ballet learners enjoy classical ballet by
watching performances and taking lessons. However, only a few classical ballet teachers
have learned or are learning how to teach classical ballet formally, and many do not seem
to conduct research concerning classical ballet education (Oyama & Umino, 2022; Showa

Academia Musicae Ballet Research, 2022).

3. Ballet English Corpus (Ver. 1.0)

Based on the situation of ESP for classical ballet, the popularity of classical ballet in
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Japan, and the increasing number of Japanese classical ballet dancers in overseas
classical ballet companies, the author conducted a specialised corpus—the BEC—so that
English used in the classical ballet contexts can be examined and analysed. Based on the
book Ballet: The Definitive Illustrated Story (Durante, 2018), written texts from books
and websites based on the 10 categories were collected: ballet basics, company, dance
studio, history, narrative, people, repertoire, school, theatre, and miscellaneous. All the
words in the books except for their contents, index, glossary, and photos were manually
typed into text files.

By far, the category ‘people’ has the largest number of words and accounts for almost
half of the total. Most of the words were obtained from websites for adults introducing
classical ballet dancers. The second and third largest categories are ‘repertoire’ and
‘company’. Most words were obtained from books for children and websites for adults,
respectively. The categories ‘ballet basics’, ‘school’, and ‘miscellaneous’ are small, and the
categories ‘history’ and ‘theatre’ are even smaller. While the ratio of each category is
biased, the result is a realistic representation.

At the moment, the BEC (Ver. 1.0) currently contains approximately 1 million words
from written texts used in classical ballet situations. In the future, the author plans to
expand the BEC by adding more books and websites, which can be bought and are
available online. In addition, more books on classical ballet should be made available
overseas, as well as pamphlets and leaflets in theatres, dance schools, or dance studios,
which can also be made available for purchase by those buying tickets to the show.

The software package, #LancsBox, which was developed at Lancaster University, was
used to analyse the BEC (Ver. 1.0). The Words (for wordlists), Ngrams (for n-grams), and
KWIC (for concordances) functions available in #LancsBox were used in this research.

Using the BEC (Ver. 1.0), the following research questions are addressed in the
following sections:

RQ1: What words frequently occur in the BEC (Ver. 1.0)?

RQ2: Which 2-, 3-, and 4-grams frequently occur in the BEC (Ver. 1.0)?

RQ3: What are the keywords found in the BEC (Ver. 1.0)?

4. Results and Discussions
4.1 Word List in the BEC

First, in order to examine which single word is frequently used in the BEC (Ver. 1.0),
a word list was obtained. According to the word list, articles (the, a, and an), a
conjunction (and), prepositions (in, of, to, with, for, as, at, on, by, and from), and be verbs

(was, is, be, and are) frequently occur in the BEC. In addition, second- and third-person
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pronouns such as you, your, her, she, he, and his, with slightly more third-person
pronouns of female (herand she), appear more frequently than the first-person pronoun
I Of course, words related to classical ballet occur; ballet (rank 7), dance (rank 18), and
dancer(rank 27). Besides English words, the French word de also appears. Words related

to ballet companies or schools were also found; royal, school, and company.

4.2 N-grams in the BEC

Next, in order to examine what phrases occur in the BEC (Ver. 1.0), 2-, 3-, and 4-grams
were obtained. In the 2-gram list, phrases composed of a preposition/conjunction + article
occur frequently (of the, in the, at the, to the, and the, with the, for the, as a, and on the).
The word ballet, which also occurs quite frequently in the word list, appears in 2-, 3-,
and 4-grams and collocates with other words as the names or part of the names of ballet
companies or schools (royal ballet, ballet school, national ballet, the royal ballet, english
national ballet, royal ballet school, the royal ballet school, new york city ballet, of the
royal ballet, at the royal ballet, the national ballet of, national ballet of canada, and
school of american ballet), as well as dancers’ ranks (corps de ballet, the corps de ballet,
corps de ballet in, dancer corps de ballet, and ballet dancer corps de). Moreover, the words
dance and dancer appear frequently in the word list but do not frequently collocate with
other words. Furthermore, second- and third-person pronouns (you, your, her, she, he
and his) show frequent occurrence in the word list but do not directly and frequently
collocate with other words nor appear in 2-, 3-, or 4-grams. The French word de is used
with other words as the names or part of the names of steps (pas de and pas de deux)
and dancers’ ranks (corps de ballet, the corps de ballet, corps de ballet in, dancer corps
de ballet, of the corps de, and ballet dancer corps de).

Although the word age does not appear in the single word list or the 2-gram list,
phrases indicating age occur in 3- and 4-grams (the age of, at the age, and at the age of),
especially in the ‘people’ category. Similarly, although the word member does not appear
in the single word list, nor in 2- or 3-grams, phrases indicating membership occur only
in 4-grams (a member of the, member of the corps, and as a member of), especially in the
‘people’ category. Furthermore, phrases indicating ticket information occur only in 4-
grams (more tickets & info and tickets & info july), especially in the ‘people’ category,
specifically dancers’ biographies in one particular ballet company. However, the word
member does not appear in the single word list, nor in 2- or 3-grams.

Phrases more specific to ballet used as the names of part of the names of the repertoire
occur in 2- and 3-grams (the nutcracker, swan lake, the sleeping beauty, and romeo and

juliet). In addition, the phrase was born in occurs in 3-grams, followed by the place
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dancers or staff were born in. Similarly, the phrase was promoted to occurs in 3-grams
followed by the dancers’ rank, such as principle, soloist, or artist. One more characteristic
phrase, under the direction of, occurs, followed by teachers, mothers, directors, or

choreographers, in 4-grams.

4.3 Keyword List in the BEC

Finally, in order to examine which single word is characteristically used in the BEC,
the keyword list was obtained, comparing the word list of the BEC with that of the
BNC2014-baby containing 5,024,072 tokens stored in the #LancsBox.

Table 1 Keyword list in the BEC (Ver. 1.0)

Rank Word Stats. Rank Word Stats.  Rank Word Stats.  Rank Word Stats.
1 ballet 160.87 11 pas 13.79 21 written 11.32 31 artist 9.58
2 dance 34.71 12 prince 13.19 22 romeo 11.17 32 dancing 9.50
3 dancer 34.40 13 giselle 13.16 23 juliet 11.17 33 repertoire  9.37
4 royal 19.32 14 corps 13.11 24 fairy 10.97 34 theatre 9.34
5 nutcracker 19.20 15 roles 12.19 25 ballets 10.74 35 la 9.25
6 de 16.68 16 website 12.18 26 beauty 10.56 36 deux 8.87
7 principal 15.13 17 lake 11.97 27 danced 10.16 37 classical 8.78
8 dancers 15.07 18 opera 11.90 28 performed 9.93 38 role 8.49
9 swan 14.89 19 company  11.89 29 sleeping 9.83 39 featured 8.30
10 soloist 14.35 20 joined 11.42 30 cinderella 9.80 40 school 8.27

The word ballet, by far, appears the most frequently, approximately five times more
than the 2nd word in the rank. Compared with the single word list and 2-, 3-, and 4-
grams, the lemma DANCE (dance, dancer, dancers, danced, and dancing) appears, which
indicates that it is a keyword used as different parts of speech and verb forms. Similarly,
more varied words related to ballet companies or schools (royal, opera, company, theatre,
and school) and more French words (de, pas, corps, Ia, and deux) occur as keywords,
although some of the keywords do not appear in the single word list or 2-, 3-, and 4-
grams. Furthermore, various words used as the name or part of the names of a repertoire
occur as keywords; nutcrackerin The Nutcracker, swan and lake in Swan Lake, giselle
in Giselle, romeo and juliet in Romeo and Juliet, beauty and sleeping in The Sleeping
Beauty, and cinderella in Cinderella.

Surprisingly, words that do not occur in the single word list or 2-, 3-, and 4-grams occur

as keywords; those related to roles or characters classical ballet dancers portray (prince,
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roles, and fairy) and those related to the rank of classical ballet dancers in the company
(principal, soloist, and artist). Finally, verbs such as, joined, performed, and featured,
occur characteristically as keywords, although the verb phrase was born in and was

promoted to occur in 3-grams.

5. Conclusion

This paper described the corpus design and analysis of a specialised corpus, the BEC.
Reflecting classical ballet situations in Japan, the author constructed the BEC to
examine the English used in classical ballet situations. Currently, the BEC (Ver. 1.0)
contains approximately 1 million words grouped into 10 categories with the majority of
words found under ‘people’.

In future research, the BEC (Ver. 1.0) can be expanded by adding more data to each
category or including more categories. Once the BEC contains enough data, it can be
used to teach English to art majors. Characteristically, the BEC contains texts for both
adults and children. Therefore, the texts should be analysed separately for adults and
children for different purposes. In addition, the BEC consists of 10 different categories
and each category should have specific features. Words or phrases that are frequently
used in each category can be identified for different purposes. Based on analyses of words
and keyword lists, vocabulary lists and textbooks can be compiled for children who learn
classical ballet and those who intend to study abroad, as well as professional dancers

working at overseas ballet companies.
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Abstract
This paper defines criteria for determining how unconfirmed English expressions that
can be distinguished from incorrect ones can be specified as non-standard or standard

<«

usages. Focusing on phrases such as “got me to doing,” “got me done” and “all you want,”
the following hypotheses will be derived. (1) If the proportion of the frequency of an
expression to that of an corresponding correct expression is 15% or more in COCA and
its certain uses are attested in the TV/Movie section, it is classified as non-standard (but
frequent) expression. (2) If an expression is approximately as frequent and productive as
the corresponding correct expression in COCA, or if instances of an expression that does
not have a corresponding correct expression are detected in 200 or more cases in COCA,

it is identified as standard (=correct) expression.

Keywords
COCA, FEIBHEFIA, FEes:

1. IIC®IZ

COCA (Corpus of Contemporary American English) (3HA/EDHFEHFFEDT —XE LI EL T
JKHPIZAEH SN TODa—/SAD—2TH D, £ 10 {H7E1572% COCA 1E, 8 DDV F/LT
RS, BT AV D EFEDOMIEH AL L 2 55 s E B> T\ %, Davies (2015:26) 1%
COCA (22T, LomhEL7z (robust) , /N7 ADET- (well-balanced) 2—/SALFKHIL T
5, Davies (2015) THI S C% COCA L. Spoken, Fiction, Magazine, Newspaper,
Academic @ 5 DDV LV THERLSILTUEAY, 2022 4F 5 A BIfED COCA (TITHT721Z Web
(General), Web (Blog), TV/Movies ® 3 DDT ¥ /LB BIISILTND,

JEEED INEZ DB JEFEO IEMIERTA S RERDO N —KAITHY | £ D& T — 1%
EREDOHZTHERSNADN B IR THD, il 21X, FEEOS M MIIEAEZ MR T8k
TIRIETHY | G5 b HERZRE R > TWD,

COCA ZHURT AV A FGEOREERIEL THWESE A, 10 ErEa 257 — 2B HIEHRAED
HAMEIEL OEHESNDZ LD, 72721, COCA TEDME MR TEIoeE | TAUDEEH]
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BEELTRETEZINEINIEEEZETH, FIZIX [ ~T DI85 1 V) JEFEFR BT,
become to do IXF% 1% T, come to do 72 E N IE AL D08, COCA TIXEBDOEZA, fAHE
45 become to do DF N JHo05,

#1 COCA IZBiF5 become/come to do DIHFE

become come
~ to believe 2 (0.12%) 1730 (99.88%)
~ to know 3 (0.12%) 2420 (99.88%)

[become] to believe % 2 il 7270, [become] to know 1% 3 filfkHENDH, EMEES
[come] to believe X 1730 i, [come] to know % 2420 B RHENDHOT, EHESND
become to do O ff ] tt= X [become] to believe 23 0.12%. [become] to know % 0.12% T2,
FEEOME A FIY COCA TS 7z& L Th ., become to do DXHIZFEH ESNDHBIE HL-2HZ
LB, COCA AT DB3ZIZH O TS COCA MIEAE I THARSNDT—/ XA TldZen
R BIX TELERHD,

AR T, SUERRIDGENL RSN LG5 ER KBS COCA IT—EHFZENTWD
BUREH E 2 2o, R BIOMEE 2 KREL LRl> TS QD IEERE R RO BEFER BT S
BT %, EAETIERWIED D, SEE PRI OMHITRET o _RELmfESND03, HEIC
ZOMANBRSNDRBEAZ RGBT EHE T MBI BET H281%, 5578 b A
RMIZEBZBND, RFEFEE D IEMETITRWERGERBUTH SV, EOMIRA RO B
DRIV HTed Th D, EMELANORELN G END COCA ZRExtgell, BFFEI
JEEESEFE D IAEAER IEO GO W52 HE T 2B HEIZ OV T, 2 Bl B LR E1TI,
FIRTHIIEANE LI DR O E LI OV TH B O T 2.

2. get A to do/to doing ##%C

get A IZHe<ENFIZIL to do 2V IELL, to doing ITF2H B2V, COCA Tl get Atodo D A
W ADERIIA TN L, e 325X do, talk, stop, come, go, say 72E TH5, get A to
do 1XENA G A E R SEDHIENRNLT 7223, COCA Tlget] me to *2 %9 5L, got me to
thinking 2% 150 Bl H SHU, 3 20 get me to go D 2 fFIEE DHEE TE DM FFIN o005,
(1) ®EAIZ got me to thinking (X[ B X HhH DI /272 | EWVIERTHWOILTNDZEND,
ZDOFBLT got me to think 7>HDYRAE TIE72<, got me thinking 23 LR BLZ/ D EHELLTX S,

(1) I guess that got me to thinking about the widow Audel.
ZOZETRFIREADH T NS BN ETE DTN ot LIRVET,
Chocolat[=2=7](2000) <00:42:50>

7 2 COCA |Z81F% got me thinking / to thinking DO#HE
| | got me thinking | got me to thinking |
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| L a | 800 (84.21%) | 150 (15.79%) |

got me to thinking %, /R RFIFEHCFEEEIC I CREE RIFHER TERV, 21 ThH
COCA T 150 # (BLOG:50, WEB:40, TV/M:20, SPOK:14, FIC:11, MAG:2, NEWS:8,
ACAD:5) 23 iS4, IEAREITH LT 16%E WD R TEOME A o030 E- AfeTF =
7% TRV SIS TV/IMovie DAZUZRT 20 FIOME A HER TELIEND, FFEREDOE
RELTRETHI TR YT EEZBND, TV/IMovie DIFELEHEa—/ AL 0H L0 OFEN
(colloquial ) T . XV A # B (core ) | ( httpsi//www.english-corpora.org/coca/help/
coca2020_overview.pdf) LS HFFEN D BUR O IR ER KB AR T T 257 — & BEL T
TV/Movie Dt7 L a ATHEERIZ A E & RT3 EHER T IEANELDEEREIKL DD, kD
R 2L LT LTz,

(2) 1 IEHEEDHEN 156% %82, TV/Movie T—EDM DR TE5 HEIT, FEiE
Eﬁ/ﬁkb“(%@fﬁ:%mﬂifé’éo

COCA 1ZT7T A B FEFEDOT—RATHAHIEND  AFXVAFEEEOa— LS TREL, &
HARIIZZ S TUI(CK)) B DN H((FEITKR)) Vo= — UL S R3MBEL 70D,

3. get A done #

get A BhFADORE LTI get A to do, get A doing (212 T, get A done DA SUFEIET 5,
get A done O FHUT, FFnFriiCIX[fE&%], 52 T). BEElD 3 SOXA TSN TS,
got me killed/confused/kicked/elected/mixed/pegged/laid 1T Z L E I ~ZH25 | EVVHEBRIC
R OO BB IZIZ T RAR ~ SN D INTE T ) LV O RBEX L 72> TEY | R RL%
~L72 1 EWOFERRIZ 2%, got me killed 1E[fE8] (52 TIHEE]D 3 ¥aCIixlfERNITE T 203,
ZNENDOEROEREZERFT DL, BIOFT Xy ~D R R 2B ZBND,

# 3 COCA |Z51F% get me done 5 3C

it T4
GOT ME STARTED 93 GOT ME KILLED 71
GOT ME INTERESTED 86 GOT ME CONFUSED 33
GOT ME HOOKED 68 GOT ME KICKED 22

GOT ME FIRED 57 GOT ME ELECTED 19
GOT ME EXCITED 48 GOT ME MIXED 18
GOT ME WORRIED 47 GOT ME PEGGED 15

GOT ME INVOLVED 33 GOT ME LAID 14

#£ 3 FHHNOFRIBHI R A ~S T2 ) TR, TR~ L7z LW ERRIZ 7225, get A done DI
7 T E]D 3 53 EFRNC T AW 53 %30T IRDINTFLR T DT ENFTRE TS
éo
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(3) get A done

(172)] <ADSA<ASZ... T2 (FFEITAHE T A ITEEL - ARELERT)
“You got that man killed.” “I got him killed?” B RHDBEERLUIZAT | HENFELIZ 2 |
He's got me confused with someone else. % (XD E%HID NEEEWL TN,

T2 I BaS D got me killed (355 3 237K 9 L9IZ, got me started 72 & ORfIFL[FHE#] D
TN —T LERREOHEETHWLNTRY, TG5O ERBFEIITEEENRDOND, [TA]D
got me done L2 OWTE, IROIFFENZ Y THD,

(4) i 2:COCA (T TIEMIELRIFREE D SHE LA PEVED S HERR CE O MIAIT, IEMITEEL T
ZDFEERIETED,

SCERTAPEMED RONLDERBL THLHIENG | IEJELL TIRVRO ZENTED, 2720, HMEE
BLOPERDFLIBFTIT Y TTESRND | B2 H THRORO NS RBREL 2D,

4. G072 R B all you want
K& (2013) 13X, £l HEDBEIFT E~O SGE L TA EN all you want (4FE727217) 238
HE M TFOBLRTHITL TS,

(5) a. You can use it all you want.

b. You can inspect it all you want, but it looks perfect to me. K% (2013:166)

DRI MRED all you want (33— =7 AR RFEILICEEIR N RO HRFERI TH D,

(6) all one’s wants [Ell] (B .L2Pp< FE T (to one’s heart’s content)
You can daydream all you want. F13EF0 2RI ST HIENTEDHL,

COCA TIKR®D all you want R 9 5E, 625 BIBMHESIL, TDOELNBEFERTHWSHILT
W5, ZiuE ready when you are (232 f51) | I couldn’t agree with you more (220 i) . Not
that I know of (462 ffi]) LW o7 fOE AR SEERBLIOE BB Z R L CVD, BRI HTE
134G ENDRE U2 O7275 | BllGa L L 40 5l VAT GA 8 7R 57280 | A di ik e DR %
BIFREOFRERMEICHNDZ LT TERW, Z0%4E, COCA TOMELAEE CHIETH2E
(27325, BIFAHAED all you want (ZOW IR D FEHELZ R ITHZ LIV,

(7) it 3:COCA 128 T 200 LA o ABIDSHERR S, IEFEED RN WNEBIZ DU T
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1, IEESRRIETED,

5. COCA (T3 HHE H 7

i 3 13, COCA IZFWNT 200 FILL EEW) EEHEES LITHITEL T3, 20 200 EWVDHEE
EHRFET H— LT, absolutely A G KD HEARH [R2TE L CTH 5D, /N () (1989)
@ absolutely DI H TiX, IWHRFEEMT 555 12I1E, O EM R EO W fRiGIZ<AHH DD I
{EAfinfE& L, *That is absolutely good [badl. / That is absolutely wonderful [terrible].?
BIAERESNTND, ZNENOSEEREORE AR 4 17T,

# 4 COCA |ZEIiT5 absolutely +/E 2w DO#EFE
* good wonderful * bad terrible
absolutely ~ 35 318 12 148

RBINZ20 absolutely good <° absolutely bad %7141 35 #l, 12 BIAKHEL/2>TEB
0. 200 OEMIZITSZITIROEERL72>TD, — 5 TIEHIE®D absolutely terrible (% 148 fi]73
BHIN TS, IEHELRESINDHEILT 200 (2@ vEliE COCA IZB W TIEERIZ S 5L
FEL TS, ARG TOEIRITHTRIEME, HOWITIFERE T EL L TR IR TR
IR BEHEL B LRE LI O T, BAF O IEEN ARG ORG24 LSl BB RE
RN TRETVY,

T, T4 X AEFIFEHIZEEIR OB D IEFEREH 150 what do you got (3 COCA Tid 1922
Bk =4, 1IE 5O what have you got (1509 #1)) & _E[R1A 5572 AHIE RS 5, AKFETOI
AT 72 9 SRR BLO LR 2SR A I SRR E AL  FEEF I TBRL SN TV ZEN S BB iR S
2o

6. £&

AFETIE COCA % FVWCIREEE VA L ONE LA B R E 2 Il R HE I DUV TR A
1Fo770 XINLFTDIEENFET DRI EHUZ OV T, HARMIC SRR E R TRk E
NDZENTIRND AKFE DGR A 7= R BUZ OV, BIRGOHE I E SV Cith&En sz
ENEFELWEIEGR DT D, 2 EROMERANHERINDO T HREIT OV T, HiEFEHEN
FEMLEE T ARD AREME 5050 . IERET T TR MEED MIELBR 52 L1308 58 F
BRIZEEZOND, Afa CTHA LT —ZI8E5<E, COCA IF IR EL TEFRR IO 5
L CH IR W E2HRMEL CNDEm 2MA 25, COCA ZEH T HE0E. AT ROIGERBLL
KT HRBERUER 2NV RO HIEREEZITOZENIFE LD,

H £ (2010,2019) 1. FEEMREICIB T Ha— 2 JEH O —REOF HEL TR OLOEFERL T
Wb, KR CoOiEmmlt (8a,f) LEHE T 5,
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(8) FFEIRELCRIT D — ST H O —RAF| 5

a. ATHFFEIC W ERE R FEIZ OV TH TR S ATREL 722D,

b. W ANBDAL T 4 —~ U MR TIERET D2 LD TERNAL T+ —~ U H H O N %
WL CTED,

c. REEFE OEEROSFEHEHE I OXRETHIENHE,

d. FEEGEE IR WA CONHT 2 FTEEICLIZD, B AR NGRS B H 220 T gM AL
BEA DI FEIL LR N AT REL 72D,

e. —TEDOHTEHOLEITHEESNIZa— " AEHIZET, PEF DK EZBES L IHEBD
ST —HIE DSV TRLR T D ZEN A EEL 72D,

f. 2= SRERANDIETIENE ML TER2ND, — KRB THLNE9DTHD
PR AN CE D,

F—NADPNEIEDFE Y RIADD-T2L L Th, TORBDNIEMIENE S WriE TER0 R 1
iR A THLHD . UEFH N FEAERITB N THEA S TODE DT — S ZG A
IMBEDFEAELAFHIENTED, T ETRIB SN TRV ARIGERBLOREITIE, R
B3 — /N ADHREG LS D05 AR TR UIZARGEA (86) (2B 92 BARRYZR I I e L U TRk iE
THIET AT RIEMIEORBLIHEER B OB ERNAT DI 0%,
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A Preliminary Study on the Effect of Split Infinitives
Appearing in the State of the Union Addresses

FUKUMOTO Hiromitsu (Osaka University, Graduate Student)

Abstract
The present study attempts to analyze the effect of several examples of split infinitives
found in the transcripts of the U.S. State of the Union Address. We have examined the
actual trend and the effectiveness of the construction when used in the political speech
register. The examination suggests that the split infinitives sometimes function as a

discourse strategy, emphasizing the Presidents’ thoughts and claims.

Keywords
OYBERNER, —MRBET, RE, TAAT A AT TV —

1. 1ICHIT

T AV AERE (CUFKE) KREESFEICIT ) EEREBO—> L LT, — B
(State of the Union Address) #3% %, KETTENFOR 7= 2 KtEI HERAH S 26 L TITH
FEBOTHHEF D Z L A fR L, £ 2 TIREICBE—FOBURSLBUGIRE R G S b, K
PO B R HIE, BUEEMOT X TE— DDV AL TIRZ DRI TH Y,
O TUIBEIC Lo TEDONIRENDIE T2 b DD, 5ITBHMHESPHEB 21T 5
TeODIFRIZLT, BHODHNZOWTORTHKRIFOEL THLH D, —77, EIHHERNG bR
HOREIZOWTREMZMD 2 ENTE L EERBENO DL HEINTWD (Shogan
(2015:1) DFLik % FEID),

AWFFEITEACKE RFTEIC K D —RAFE RO Z2 2 — "2 L LT, 228N
M w (split infinitive) O FAIEDOERERW LMFICOWCTABIZ MR LN 555 Z &
RHD, BERETNL to NEFORNCEIE (FHYFEM) A SE7omE (HEI) S
TH Y, TOMEAOAEHIZONTIIS Zedoikin 2 -5, HEHIBLE D, HELRIIZE -
TEOEMITHIREND Z &b H DD, AWPTEAE L CTolirEmd —REEREM &V D
B DERDOFTED L S RIROINEZ L TE 7DD, TO—IRICE Y 120,

(1) We are working to finally end America’s longest war and bring our troops back home.
(Trump, 2020)
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2. JeATHISE

STBEREFNCBA T2 EFERR BRI TR E LTI, AR S Kk @ erY - LRFy = — /SR & 0
A L7-% % (Fischer 2007; Mitrasca 2009; Calle-Martin and Miranda-Garcia 2009;
Perales-Escudero 2011; Calle-Martin 2015; 1 2021 1E73) 21z, ITE TRV bH AR
%35 (World Englishes) ~DRILAE E0oobb- bbby, 7T EAILL® L7 3E3EHE L
SO THERAISNTWS 0 BEREFNICBE T2 A THD (Spakorn 2012; Calle-
Martin and Romero-Barranco 2014; Gonzales and Dita 2018) , ZIHDOAFFED FikIZ B L
ZLESTZbDNEL, BEDIKAE (ol DHUEFE) T 7 AN v )V TOME DL, to
NiER % 1815 ) EHETHORIFITE B Lo, Fl—a—/S2 IR 55 BEA E R &%z b
FTRESLEDBERHI G D E 2 L L LTe BTl TS,

BRCIIINETHME T — &Y —RELT R E R R R Z LA E AL LRI T2 8D,
i GEAR 2022) CTIEKE—BBERHGN LT —X LT BERER ORI a1 To70, &
CTITERD ST 1960 AEAREARED KHEFED W BN 3 T B E R L e 3 2R 8L &
HL, oK EREL, 10U FHE O —Dolo Tt and LT WIERESE
BB LTZ,

3. U —FFH A
3.1 WD Ay

AT — R BEER OT — X ZHEE L TER LTz 2 — SR 2D &, “splitter” (0 R
iz [E% ) BIFIHEYEER), LUT splitter) 28l & U -CHBIOSTHRE 734T L, & OHE0%)
BOFEEO—HEX YT, TLUTHIG LY AZ =B THBEREmZHH+T 52 L
Lo THONLIAMEIZONTT I —F2ilkA, 5%OFHEXEFRIBLEIZEIT LS &
THLDTHD,

32 7—2-Fik

HEICBNTE, AT A > EOT—H_X—2Th D The American Presidency Project
FOAZ V7 b7 7 A b5, —fREEEDLO R GO b O3 R AT TR S
NTHEY, —FOBLHa— 2L LTOREEBRIET BN, oI RERDDIT,
George Washington (Z & > T 1790 FIT 72 SN W) DO — K EEH 7 A B Donald Trump
IZE 5T 2020 4EIC7R SN2 b DO E T, 44 4 O KK, 230 44 (1,825,708 78) OS5k
EEThD, ZhHE—2FTO7TF AT 4 IV T, EN6H 0D o +EIFIF Y
AN+HFEIEEN ] D 7 L— X &< Brill's Tagger (22 CT—2>F DfaiiEik 25 L
72 SER U727 —% % > F% AntConc (4.1.1) 1Z/2F T “o_TO *_RB *_VB*” “to_TO *_JJ
* VB” “to_TO *_IN” & W o 7o MR A TR 24TV, 0B E RS o 6 & & ORI
B9 2 SUIRAE fH, L7z, FRICHE 2 DO TIE, 5 607 BB BN EFIZi% S T 5
MNeonWTara—Fr 274 2AHL, FEETHEEIT- T,
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4, FERLEL
4.1 —fREEFICBIT D0 BN E A DB
X1 KRR K D — MR BB O 0B R EFBEE (per 10,000 words)

-

18th Cen ]
8th Century 21st Century
5
4 =
\
rg \
92
1
/|
L 1
. =L
SryZEES TLEoEroRe FOFEERRLE goers
EERLSO0 SZEESSITS s PEgE P 5=
S5 SR> 53228z 38 e S =
ERLE3EEE FEEETAEEAE 2 g 2B
7o S 5 s ) s 3 & B ° Q 2
= g 5 2sa g =
= 7 =5 © g
()
=

B 13RO —RBCEER T — 2 7y MIEENDERKHEIC L 20 EREFD 1
YT ) OREMEE R LT b DO ThD, 19 HHACEE E THMERERIEHBLIA TR &
NTEY, BFEN to REFEEMT HHAITIEARNIC [SUEMIZHEER ) (LEIZE LT
W72 A3, Lincoln (1861 4FbfT) LAKE, 20 MHALHIEEE CIZHME L2 IZIE 2 C O KHREIT
REFZFHHN THN TS 1 HAEM), 20 HAERPECIZE OB AIEHO T AR b,
#2214, B Lyndon Johnson FEAER D 1964 4= LI I 4A T O AN D0 Bt &5 2 £ N D
EHICEH TS (K1 HAM), 207 T 7 HITNBEREFEHICE LIRS L, b
HWVNIANMT E OBEORENITH D OO, BIRHINCRE D & —REEHTIZBNTHL—E
B ENTWD Z ERb25s,

4.2 —fREEFGRICBITDBEREF O I HONT
AEITI, —REEHHRICBWTOBERTFROEREEZNSE NS ETELNDL RIS

S =

W, X 1ICCTHTHo7- 2 SORRIZEL TENENS T AT,

4.2.1 KEAERHAND 20 HACHITEIZONT TO KFEIZ I D00 B E Rl O ZhH:

%7, Washington (1789 45t{T) 2>5 Taft (1908-1912 42) ETOMMIH W SIIZ /0 BER
EF AR, ZZTRYIoToDNE, RN WHEn o B AR E w2 R CE M 07 Th D,
FEEMITIE 1860 FHARLARED HBIANZEA L Z DD, I LARNZED 236 FI 23 S 4
Tltd, FNHLIIITED TV, £ 1IZZOHIEICEE A SN splitter O TH5, 4K
HE 724 211 Bl 113 B3, ZoHIFIcB W TEbIL TV D,
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# 1 20 HEACHIEEE TO—MREE U 1T D0 BEAE R splitter (I yaNiZh—2%0

so (10x); further (8x); fully, seriously (5x); properly (4x); again, at once, carefully, earnestly,
especially, personally (3x); adequately, annually, better, entirely, judiciously, longer, soberly;
such as (2x); about, above, at least, best, broadly, constantly better, dangerously, decently,
disastrously, duly, easily, effectively, effectually, even, exactly, expressly, finally, freely,
greatly, habitually, here, honestly, intelligently, more surely, more than, not, now,

otherwise beneficially, partially, particularly, peaceably, persistently, promptly and effectively,
ruinously, silently, simultaneously, somewhat, still more materially, still, strictly, strongly,

thoroughly; thus, unduly; vastly;, very justly, wrongfully (1x)

BIFAREAHIZ9 DL, further, fully 1 IUOELT-TRRE | OB KA R TRIGINHEBEICTHOSILT
WAIEND, earnestly (UNZ),very justly 72X O 5RE | O & WA 33 EIFICTRERE ) ORI — 56
G ENTND, decently, judiciously, peaceably 73 E— R HNZIXEEBIEDMRNEE 2 HNDHRE
so, now, here, about 72X, ERMEITE WO DBURO SEERETNZ BV TIRIZEA LSRN
FO72RIE splitter LU THEHA IV TWADZENRHII TH D,

RSN BER ERal D F X, Bz 1R It is of the first importance LI L CIEFEDOH T
AKFe T HER Gy (B & TIEL IR § 2 ZEAMA L KB L72, LT 52D EI720b0R0, (3)D
I Idesire E L U CEERAITICE T 28U TOESZWIET D ORI TR | #D -0,
EWVOIIRD, KRAEFADE R« F Rz 3250 THWHTWD SIS LD - BIS —E 5
BN, — J TR B)D ISR BT F R A AR B2 D809 B TRIHIN T D &l
IHEGIRNBDBELH T,

(2) It is of the first importance to duly consider and estimate this ever-enduring part.
(Lincoln, 1862)

(3) I desire also to earnestly suggest the wisdom of amending the existing statutes in

regard to the issuance of Government bonds. (Cleveland2, 1893)
(4) The examinations have been attended by many citizens, who have had an
opportunity to thoroughly investigate the scope and character of the tests and the
method of determining the results, and those visitors have without exception
approved the methods employed, and several of them have publicly attested their
favorable opinion. (Hayes, 1879)
(5) It is imperative that much of the money provided for such construction should now
be allotted to the erection of necessary quarters for the garrisons assigned to the

coast defenses, where many men will be needed to properly care for and operate

modern guns. (Cleveland2, 1896)
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ZORRO—RFEEFHBUI RN EESENTHY, Do—IRNRWVABINEZ it &
DEFATITAYBER EF & mE T B X0 b8 L7257 3 El> CCE DB PICAR D, BT FERER R
NS ST RIREMEL H D, W T U E X Z ORI IS 15 6D L0 FE B /o AT 73 2
BORETHD,

4.2.2 20 A LA O KFETEIC LD 3 B E 7l O 2h R

T, 20 HHALE Y, 7005 1960 FLURE, 2020 FICEHETO—REAEHDUZIB UV TH
WHEITOD BN E RO R AEICOWTHE TS, SRS hi=4 211 FiH, 90 fi
ZOHMICBWTHEDILTWS (@A (2022: 62) OFFE TIIEEGE splitter 38X T Reagan
1981 OF —Z&EGH TR, —HEENATRER > TWDIGEHD), £ 2 1T
THELIT splitter D—E TH D,

F 2 20 AL 1 LUE O — R BEH I BT D0 BER &3 splitter (v iZhb— 27250

finally, fully (8x); better, further (6x); just, ultimately (4x); always, quickly, successfully (3x);
caretully, greatly, immediately, more than, not only, permanently, really (2x); actually, again,
aggressively, all, also, annually, at least, best, clearly, closely, constantly, dramatically,
effectively, even, ever, faithfully, fully and suddenly, instantly, massively, never, not, only,
promptly, safely, specifically, substantially, swiftly, totally, truly, voluntarily (1x)

4.2.1 HiCTR7ZEIFREE, BOIRLHWSITWNDLDIX fully, further, better 72X TR | 23
BIF2 L THY, REE | ORIGL immediately <° promptly 72X D ES | 2R THLOEFRNT
135700, BIREMELIT DL just, really, greatly 728 385 | OB WA RO BIFILHEIZ WD
N, ZOELINDRDV v NV DOFEATRB N THE BRI WS ILEE TR S TS,

ZORRIZIE, BT R D TR B2 iG] 452 L% B E LU CoBEAREF 2 VD
TWD &S BN EES LT,

(6) T am therefore recommending that the one-year investment tax credit of 12 percent

be extended an additional two years to specifically speed the construction of power

plants that do not use natural gas or oil. (Ford, 1975)
(7) I want to push education reform, as I said, not just to spend more money but to really
improve learning. (Clinton, 1993)
(8) And the time has come to put the national interest above the special interest and to
totally eliminate political action committees. (Bush, 1991)
(9) Every Federal dollar should be leveraged by partnering with State and local
governments and, where appropriate, tapping into private sector investment -- to

permanently fix the infrastructure deficit. (Trump, 2018)

59



(6) TIERART AR A M A AE DI FEFE AT DR 2 Fd 5 L) K O A JEFH L T 5,
(1) TlX not just...but # LI L, I really ZEHHDHZEIZE- T, HBE R EEED -0

FIEO 2t BT 2700, L) ERRERIET2EEZRTZLTHD, (8) X (9) 12T
I% totally X° permanently &, MEFEOH THORVEKRE VGRS, RERIZHEDNLLD
72 B A DA AT S BEAR E G2 35281240, Q) TIXBURTTEN R B R DBE IOV FA 5
KERTDHIENTE, (9 TITEMR VARG BHFEDOHREEIZL-T, REBMOBEHLITHL D
DIEATRETHLEVIRFED LIRIZA L 7T DRTFT- ORI B THHZ LRI
RSN AT T 5, HEIZ(8)TlX, the time has come S\WHFRIBILILELL, S b ERA FHEN5
DD LR SNRDI KD S5 TS, ZORHRICHHE A T o7 KR sEIE, B AT DIE I L HlnE
FEROWEMEIT, R PO % 228 ORERICE U HEAN A 262 DB EITEONT, £
DB HIE 2 & CTH LA EFE I THWAZET, BHOEREEHALNICT D200
T AAD— A ANT TV —D—DE L THERES B T-ZEDVRIBE NS,

5. &

AHFFETIE, KEBIRIZB W T R ChHH— M EE A L 32 /0Bl & 50 4 A
PN RAT D W TP BIZRIR T ATV, RIEHHTICIISR ROKR AL THOD, SEN K
MO EERLFERZIRILT DO DT A A=A AT T V=% B L D DD LA RE LT,

Lt%, LEEFHOBIESC splitter DFEFE D IIHL2WVIHTr ORI (I h S50
FEFRROBLRZREDD) 183D 1D, BT U ONT ORI EMEDHZLITE
STCArTIANDFEA | TRbEE, SBERETE ORI T 2B R4 TR TP &Iz,
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Analysis of "honyaku" used in the Japanese Imperial and
National Diet minutes and "translation" used in the U.S.
Congressional Record in the context of constitutional law

SHIMAZU Miwako (Institute for American Studies,
Rikkyo University)

Abstract
This study analyzes the use of Aonyaku [F}ER translation] in the minutes of the Japanese
Imperial and National Diets in the context of constitutional law. We examine the validity
of the contention that Japan's current national constitution is a translation of an original
English draft by the General Headquarters of SCAP and was not drafted by the Japanese.
We conclude that Japanese National Diet members more often associate the Constitution
with honyaku and use the term with the suffix cho or shu, which imparts a negative
connotation, than did Imperial Diet members. As a contrastive study, we further analyze
the use of "translation" in a national constitutional discourse in the U.S. Congressional
Record. Surprisingly Congress members, while expressing general appreciation of

translation of the constitution, make no direct reference to the Japanese case.

Keywords
FWER, translation, &=, BERTE

AIEDIZ

fﬁf A ARBUN D ED DLUEOI R O —DIL, BATHEIEL GHQ 2 bRV miEIR A
HARGEICHIERLIZH DO THY, HANEELIZLD TIH RN EWD TENRD D, Bz 1E, B REN
2015 EICRELIZEFE U T7LyMIEOIED —FDBERBIESTRHIZ? T, BROTEE-S
TERAARFENZ LN 2 JEOIRERIIXIL, RN 4 OFIEOFISTUIITT AV G R E &L
ROYL T — 2 DB AR O DAL TODD D7) [ AAREFED K 2 Eo7-0n
T AV NTEDPB UL EE DG N5, AR OFRIT, 15T 5L, BUTEIEOREITT A
ANDPMERR LTz DT, ZAVERIRR U BT EIEITEIRRO O JHA %D, BREWEWSIZEE, 22
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TR R EIRER THOLN TS, ZOFEROS %E’J‘f&%‘ﬁi%fﬁ?ﬁﬁ‘ék&b ABFFET
%, WERRS  EaSmiREa— AL B, BIEO RIS T L FERI O MEZhhHL, ot
T 5, D5l T GHQ @Ifzfikfotof:l@ﬁ?f‘aé\&bf\ KEFESRHERANOBEIEDOL
WRIZH1F 5 translation D HFIZRIH L, [FERIZOHTT 25, ZNODO SR RAS LIS D ERO
BRPETHOWTELEEAT, Mimaierd 0,

2. FEATHISE

e T —~ LG T — 2D 2 SOELENHIR D,

H—12, IO TE R LZEIRRO 0L, HRERAICIXIEIERR I EL THWLNDZ N %
W, TRIEREA 2 2T —~< T2 51, XAV ERIEF—T—RIZTHRA 1 28 b DTk s
&, BARGESURRICIT R 72, ESCFLIERERRAF S8 T4 1 b2 (R, 2000; HEAk, 2000), L

ML, ZNDITFERG L, {E/\jz%ﬁmjtia?xﬁ%%&bﬂ\m\ —J7, JEEESCIRTIE, T
FREH ) DIEEEAE Y FH translationese 4 A MVEIZERIC T —EBGFETD, £D
OB AAGEIZOW TR LTS I3 SR a2t e LT 3 ﬁ:(Meldrum, 2009a, 2009b, 2009¢)&
R DZ A FE TR A A W 1 14 (Furuno, 2005) 2365, [FIFHA S 12 BIER & 2562 125
RFHOBGER: H ARGEE B R H ARGEO E LA ERELTZLO T, BEOFENENIE
EREL TN,

ZITCREE FOREREMERL TR, IR 2 L HL QA0 MARsL LT REs T, 2
NENIEFEE B AGE _uRLTT%tiofot ZIFETHARGE TIIE D720 > T RBLL UL
(2018, p. 2733), 1A EFEZ B AGEIZE R L 72 LD 22 DR B, if:, %@iotcjcﬁmf’ﬁnuj
(2019, F, p. 240745, 2y, Eq&irfﬁ%% FIEIRR ) OFE BRI LS ERR B WA 5
LTCWRNWZEN 0D, 12720, ZIHOFRERIE, BARI é:@iofoti'%iﬁ%%of%%f&w&
FECBIER L= SCEORHBE A2 T O HOWTIEIE 2 TV VeV, —77, translationese @ OED

DFERITTCEV)FIROMEE LECONLF 5B, FFRCEOH DX T H0n, REK, £k
AR TRONIIICAHZ DR, FRIRIERE DR SRR OFHEA R U TELE T RibiATe
FONTRABTAER, ATT2Z LTI E, EHEF) Lo TND, HENREEIFEDOHILD,

U, Eaamia % 60 FUITbzs. . GEL S ETOM AR IR ik (IR |, 2008,
p. DHAWT KRB B AGE T —Z (kA H, 2012, p. 5B)EHER, SRBMIZEICAENTZENnREN
TE, [HESBIFMBR L AT 208 2014 H05 Web API ELCHEEED L012720, FIMEMEA
LI EBBRL TOED, L LR, i Eifa ik - Eaai#iko W & 5B st
RUT BN RLOBRY Z AL E TAau,

3. UVh—FF ¥ A
3.1 W9 H B Ao

ARFGEL, BUTERIT GHQ 2 bR SN PEERE S AAECHR L b0 ThY, H
ANRELIZ SO TIERNE W) FIROSFENZ YL REET 52 L2 HE L, iF5ER
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%1 B ARDFEED CHRICB W TEERNE SO TEDINNTGEGITE =0, F72, B AKEFEE
AT &N RT CREGN T ICB N H D0 | LERET D,

T =X

3.2.1 AAGET —#

7 EE S SR LOESSER DD, BT ICOWTIE, FERASSHERRRS AT
A (httpsi//teikokugikai-i.ndl.gojp)lZxt L, S+—U— N2 IFEZESRIE AND BIER) 2%

E LR LGOI 36 R ORMHEERD 5 B, FIEORT THER 2 W7o 55E 2 B AR
TRIEATHE D, £ VIR TRESKIIFERDICBT 2 WEEERERDOFHDOIE
BRAELHKLIZLOTHY, 2N DOSEFNORGEITERESWERZE DV EEN TFER
ZEIFEoTWVND 75”&%6 eI T 5, REMPEON EBEELEREB S LwERE
WERZE/NEBROSEFD K2 DD, ZNOLOEETIE, FEENOHINEERL

£1:fEA L -HEERSHRER =2 FEAL-EBasER

wE &

o REHA S H&AfR E% R4 RIEA S HARAR

ER
1| 90|® |A&E 55 | BAI21E6A258| 1| 22|R |WEZES 495 | BBM304£7/288
2| 90[% £ 65 AF21E68260| 2| 24|% |NEZEES 22% | BRFI3L4E3A13H
3| 90 |FeE 85 | BM2146828H| 3| 24|z |AEZEES 405 | EBM314589H
4 9|k |FEELNEEZESR 25 RHM21E7A1H| 4 68|% |NEZEE= 155 | BBF4TELA25H
5/ 90|R |HEEBERERZESR 45 Rf21467838| 5| 71| |E¥EES 465 | BAM48&E9A21H
6| 90| |WEEEINERZES 65 RM2147A58| 6| 87|12 |NEZES 135 | BBf5445A31H
7| 90|k |HEERENERZES 78 BM21E7A6H| 7| 126|% zfeﬂlicﬁ?aﬁﬁmlé 3= Fr54E38178

1IX
8| 90|R |HEBRENEREZES 105 | BI21E7A1IE| 8| 143|% |F&EZEES 45 | FR1048A19H
9| 9OR |HEEBEFHEREZES 115 | Bf21E78128| 9| 147|R |&EiLHAES 4= Fr1246389A
10| 90| |BEBEREXRZESR 135 | BM21E7A158| 10| 147|% |®ERES 85 | WA1244A27H
11| 90| |FEBEIHXEXRZES 15% | BM2147R178| 11| 149|% |@EAES 15 FrL124883H
12| 90|k |HEEBERERZESR 172 | BfM21E78198| 12| 150|% |&x#HzES 35 |TA12410826A
13| 90|= FBEUEREES 185 | BfI214F7H208| 13| 150|% K%ﬁzéar 45 |TR12E11817H
14| 90| FTERERZENEES |18 | BI21ETA25E| 14| 151|R 75 | F134E6A148
15| 90|% FRERZBNEER |25 Af214€7R26H| 15| 156|% 75 | 15458148
16|  90|% BEREEREENEES (38 | BA2IETA278| 16| 160|% 15 Frk165£885H
17 90|k |FEEBLRNERZENEESR |45 BM21E7/298| 17| 161|5 |A&E 25 |FRL16510A14H
18| 90 |F WfEﬂerﬁéa/J £E= |15 RM2148A1H| 18| 161|% |FBErHRESLES 15 |Frl6411811H
19| 90 |# \EE% 85 BAI21E8H2A| 19| 161|% |BERELANES 25 |TAil6&E11818A
20| 90|% fﬁﬂlIE éa/ E8% (125 | BA214E8A168| 20| 161z 65 | TM16%E12818
21| 90|& |A&E 235 | MBFI2148A26H| 21| 161|% 45 | FRK16%E12A28
22| 90|8 |EK&® 245 | BBAI21EE8A27H| 22| 162[% 35 | FMLI7T42A178
23| 90|B |wEBEXERBIEES |15 | BA21£E8A31H| 23| 162|% 45 | ER17E28248
24| 90|F |FEBERERFRIZES |45 Bf21E9848| 24| 179|% |ExEas 35 | 23412878
250 90|& |BERERERFHEES |55 AfM2149A5H| 25| 180|% |BFEEAES 18 | Fr24%28230
26| 90|&/ |7 FRERBHEES |65 BAI214E9A6R| 26| 180|Z |BiEEZS 65 | Fm24458308
27 90|& |FEBELANEERFIZES |85 BBM21E9/89R| 27| 183|FR |BEEES 95 2595816 H
28| 90|& |HEBEINERFIEER |95 RBM214E98108| 28| 183|% |#+EEAES 55 FRL254685H
29| 90|F |FEBEHERFNZEES (125 | BM21498138| 29| 183|% |EEEES 125 | Fri2546A138
30 90|F |FEBFRERBNEES (145 | BM21F9R16A| 30| 187|% |BEEES 25 |FER26%108228
31| 90|F |FEBERERBNEES |155 | BM214F9817R| 31| 187|% |EEEES 35 |TH26&£E11819A
32| 90|B |FEBEREREHNEZEES (175 | BM21498198( 32| 189|2 |FEZES 205 | FR2748A248
33| 90|& | LWERBINEES (228 | BM2149826H
31| oolm |PEEAMEREHEANE |\ o | peoiz10818
EREXEE

35| 90|B |FESFRERFIEES |245 | BM21£10838
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b EATHERTIC TRl S - BIESUE R RIS LA OBIE EN 2 ST,

—J7, BEIZOWTIL, EES#EEME Y AT A(httpsi/kokkaindl.gojp)l%f L, F—
U— Rz TGEHERFH OR FHARR) AND &L #RE LB LR, Hohis@Eko o b,
FILEOART TRERAR) E720% TR W R 2 AARGE T — 2 & L CHERT 566G
2), XFFNE LTI TRIERAR) & —8cd 228 [ERGAAE) 7o & THIERAH) 2B L2V b o
RO EFRIER EFELSDOES Zf LT TRIFGHE TR LR _TWD & I3RS L
Thd, £ 2 NORFHEITBATO A AREFEE L FROBMRIZOVWTHEEN E S§E> TV DH 0
ZRDTCDITHERT 2, BB SRE THIER) Cidze < RG] TRIERR ) IZIRE L7z DI,
HEEESSER TE L Eo 8, AR L TR, TRERE) [ZRETHZ Lick-
T, B THMAREREICIZ 5720 Th 5,

3.2.2 WEET —X

7 A Ik X EAEOEE 95 Congress.gov TABIEIL TS 56 i#23(1899-1901)~103 i#%
£(1993-94) B XY 104 #5(1995-) LA Congressional Record (Z%fL, "Constitution
translation"} X translation of * Constitution”Z#ZEFEEL, YV A OB AT LT
BRBUASONTAE R 20 D OYGET — 2 LT AL, BRI, MBEEIXTOIREEL S
O TR TAHIOGMHEELR, 728, translationese O BT SCIRIC ST EETH -7,

3.3 Fik
3.3.1 7 —XDHEAMLEL

3.2 DF —HIHFEHAL T Excel ICHEFHL, Bl 4, Band HH, Y E#4, AfRED
I H 2B BT, ST ORI D700 7 — 7 VAT IE M LT, REEEIT, WEES 76,
2 35, KEHES 22 ThHhoT,

3.3.2 ST DOFIA

BHSORBERTL, BFEENEOIHBREREEMTIHFUGFERSOBE), [HRGE)
HHWTTFIR R (E205E), translationCRERR S DGE)E AW T EBIET S, £0D
ER, AR ICH B 2R sE O A O A5,

4. fERLELE

4.1 WEFHS S

i ERE S ek O TR 25 H BRSO BIL IR AR 3 1R T, BHaROIT 2720 LE
FFEREFEURTEH A 8 Ela hod, ZO%6E, HEEH ITFRRICK L TR Tho7z, fEf)
CHWAEATE, THIRRFA I L0 LA TEIRR(O) O L RBLT DR S o7z, £z, FREL
HRHET 251X, T C I T VTR EREIR R L Tz,
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=3 HEHRRRHEFRPO [BR]

DL
aam| 42 ESL

EROER i
e I ’ﬁ $ El kst o TR TRIER R 248 B rYBII
T o R PRUIRERAER 4 (R REEDE DL
LR — TR —ANEPEEE 5D, BiFENE TE2RELT

FREHAND AR 1), BRLQ). BN
A ) 19 ), o | T —REBDEDE T EIRIZRD, 200 2 E|

ERCRSLs)

S — m ) SR, RO T, RIS, ROICDH), THI07220<BU 72

Sasn] peemme | coORBRIERY, FRUHILCORE, $, 08

o T — — TARFEHE R AT SHMT, LELIEE

F4: BRRHETO r%;:);? rizii WX BHLA ST, DTN DD SHNA
T e EH %<, TOIEN I, FHER X)L, s

FHFEERADBERI

TR A 21 5 0 U 7=, BEERME - BAREMEIC RIS, [EEEL LTl TR,

ERCYS)

@imiﬁgiﬁ 9 1 ) ) AR, AAGELL CEhDOXOBEY, AAGELLTET
BEDFICK #

CERT 37t VY, BARFEIZARUEFRWEEREZYL D, A ARES LI,
HKEEAADBERENR

ELTBENXE R ; , . o FELLR, RIERE, BHEiR7e A AFE TRV, DI
BEeHEH T 27 .

» {WERBAEZ I BTz,

FEA~EL 36 8 1 1

4.3 KERE =R

26 N N2
#£5: KEFEAERFH T O Constitution & HA2F S translation 7k S iR n&ﬁEPOD translatlon(ﬂrﬁfkc @)72

srmmroposs | | [7EOTON T0TE AR LI RER 5 IR /\ﬂ%lg‘:&@ﬂﬁ
R W, #v2eBR0 | OFHE~OWREFTHEIRLEL, KT, U
{EOBHEDHR 7 :;ﬂi i(a),l%f DEIEDIGREFE T H AN L BN, HiEOHE,
TR YO —2b B REFEOM S FHERBLOLOMRHE
on 22 EHSTHITL TOD SO T o7z, — %, BB

DNWTE, Y EOEIEDRFUL, KELOE S FF
A BR b, O EOEF B AR T H7-DI b T, B Y E O 534 B R
TERWZOTHD, 206, i BITHFICH L THENTHE EI'J“C%)&U‘ ZDOEMNZ, H
AGETILIFER A S L2 translation O ABIb&H -7, ZIWOIZHARGEDO I E XS] 47
ERM T ES, BZ21E, "translate [the Constitution] into real life"23%%, ZOH4E, W
%, Constitution [TAREBIEZFEL, into 23&Fe T 28083 EBL T\, —F, HAREEIEZ
A BIOINTEERO SURIZIR E 5 E BN TH T, EHIC, HARDER TEAIZEY Eif
ST HAREFEEDOISGERIZOWTH S M RHALNRN T,

5. £&

Zfi w5 ClE, BUTEEL GHQ OIGERZED HAGERTHY, HANKRELIZHD TIIpng
FIRD SEEM LY MEAEETA7-012, BADOEEDO STRICBWTEHERNESOLETED
LDDE%L F72, HAREBEIERSLE ERSLRITTEDFELILTITE O NS H0E WO FE R[4
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SC, B ORENFENNTLE, FEBEBIOEES TOBEORSHLFFUEZMHMEL, &
Brifof &, WEESICRB W COEEED HAGERE, 2 TIEBUTEEICH LU THROMR %
B LU TR EM RIS DTz, A THRE TIZZOMEDRENHEL, £/
HENHHARELTHEHIT 27 — 2N F2IC AU, st BEFIEL T, KEZES BV TR
MEEDO SURTE DINFESN CEIDE RIS ONT LIRS R, SREFEOMSEFRITHL
TITEHERTHDD, ZNLIMNIHTSIH THHZ b xRl SiERE O HOENWGE 575723,

HARDRPUI LT U ME TIEALNIRNZEDR DD T, —FH T, InK HARDGREIZH 2175
LA RPN SCEOFIFU DWW TR L LT, LIRUIZRIEIC e 0T B AREE )X, TR
P | 7R E O, S RO S EB T DD OFIEEORILEEHIT, ENEATREICT
L2000 ARNDEARH U EE R TR THAT2EEZEZDRETHA) | (Ff |, 2021, p. 96)E
ERifmER R bS5, AAREBEIHFRREE OO OERIZTHESOLERHLEEDNS,

7 | STk
Furuno, Y. (2005). Translationese in Japan. In E. Hung (Ed.), Translation and cultural
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An Analysis on the Use of Unagi -sentences
by Japanese Learners of English

FUJIWARA Yasuhiro (Meijo University)
IWAO Takanori (Kobe City University of Foreign Studies)

ITO Hajime (Kansai University of International Studies)
NAKA Kiyoshi (Gifu University)

Abstract
This study analyzed 1) the use of so-called unagrsentences in the English written and
spoken by Japanese learners of English, and 2) changes in the use of these sentences
with their English proficiency increased. The results showed that the frequency of unagi-
sentences, whether spoken or written, may not be high and will not change significantly
with their second language proficiency. These results were examined not only from the
perspective of second language acquisition and English language teaching, but also from

the perspective of World Englishes.

Keywords

unagi-sentences, topic-comment constructions, 1.1 transfers,

IO

SREIE, ENENRA OFRIGEORPFIET D, 5G5S A ARGETWRIE, REEIE 45
DS ThDHOITKRL T H AGE I MBhE o0 S0 (U411,1973, 481,1992), SeaB il AT H
D) CHAGEIZ DRI AL | ([E)4,1974; Hinds,1986) , Heifid [ A VHF L &4 7 B AGEIL -
VR EL A hfde (E)A,1974; #h F,1981), EEIXI X AT 0—2 555 CHAGEILIE/n—2
Sl ChHE L, SESFREVDFERHSN TN,

THLT-FHRH B ORI D E N FEREHR ORI OEWNIL B A 5.2 52 L1, Wb LS sEA%
FRORRFEE O T LREI TS (Slobin, 1987; Boroditsky,2001 %), L7=23> CREGE (LA
L)%, 8 555 (LR L2) A OBEORAN /2 FREHE ORI G OEWICH RO DL (FHE,
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2018; 47, 2020), £7z, EDMHEHEDOTAT T 47412 REFEET S (Hino, 2021).,

ZOIDNTEZ L, L2 1T L1 ORERRLNLZE, Blx XA ARGELZRFGEE T 0 E R
(Japanese learners of English, It JLE) \CXAPEFEM FIZ B AGEDOFRE R fii G0 %
MBHENDZETTHRRIETHA), RV, H—SEaHE OBLELC T HAR O RLFEZEE | 12 [H
ML CETBER AR O S E AL, 25t ~0ORBEREEDLIION, il
multilingualism (ZEf#EZ/RL, T4 TlE multilingual turn 23 Z->TV 5 (May, 2013),

ZOIIRFAUTH ST, (EFFEEEH<DRED) FEEFEICB WU, REEOREITE
ERNZRZ DO 2OH LD, O RUELOFEFRBIT OV TR RITR WV ORBIR TH D,
FIERBEIEOFREMT 1 OROE NI OWTORRITEZL<HHLDOD, 1) 2RO E DHE
SYDOBENF ST, EOERD DR EEDS, 2) TIUT WD, Z LT 3) AL HREHRE, EORN
ED IR E R TEEIN QKON IZOWTIARHZRENZ N,

ZOLTRBLUCEE 2, FEHDIZINOOEMEHLMNICT 572012, JLE OFGEEH, BLOE
FIER AL T O HAREFEEO AAREERICONT, FEET—ZREFNT, 20D
BIOE OB T IOV TRICENGI O A IS HE 82D TN E1To7, —RICH AFETIXHE)
FHAY, PR CIMMENRIAAT ENDHESINDHDY ORFS, 1993, Hinds, 1986 %250, EEHOOMA
12&DE, JLE OFEEM AICIW T A MO A L RITIGERGE S S IEE DL T, 2EEOL
AUV A2 LoD B2 LWL Ch, FRHCE TR DI o7 (k5 5 « IR - i,
2022a) , 7z, AARGERGEEE 1L, ZOFRELGIESEILT Agent 215 5ot L THEK K572 B B
REL(RT N, BENTIRED |, FENRTEEED ], 708) 25 Z<HWDA, JLE OFGEEME I
INHLORBUTIZEAE ROLNT, FEEBEOL UL THEOM A RIZEIT RO 2T
(M, 2022a), SHIZHBRERVNZ LT, A ARGETE & O B AGEE IV T [FERO A5 R0
O (B I -5 5 - fh, 2022b) ,

ZNBOFERDND, DL ICBWTEHSNLEKBA LT LE L2 TEZHShHHhITTIEZRS, 2)
L1 ORBOFNZHILIZRHL ThH->Th L2 O IERBLOBEH{GNREGH LITROInZL, ZL T, 3)
L1 AMil T DN TR RO R EEZR I H 3 DL )2 E, VRS,

2. JeATHISE
2.1 H7RELL&IT
RO AT DA BAREE R, AT I, Hiioick i,/ il s o SaH T, Ll
DOFEIEORAN L2 2BV TEDINTE NN OV THEETT),
HIERTEAE Y THOIRHRE )2 LT E L ThD, HAGIHGEL AR 45+ 72
(T 1EWSIBRTIRREL 22 DT EM AIRE CoD, TN A4 FlREE SCEPES, BARFI L TLL T2
oD (TR EER) o
(D) BB R,
(2) V—F =3 fhE T,
(3) FREE ENELO L7 B 72,
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ZZTIEQ) Q) DFEANTIBLEL T (AU OWTIZOHE- BEE -5 5 - i, 2022b 25H), (3)
IHEH L2V, 272 E S EFFENLRBLDOEITH D, (3) THI AR T 2450 [HREH |
LIRFETHLMEAD A7 71 (72) JEDIZIZQ) (2) &E-T, BEEAZRGREBEEIFEIELRND
LGB, ZAVINDIRE L D FE/RFHI T D,

ZOXEDS > TUIER, ZORNLGEEIERmPET LS Tholoy, H72E L5 4
IZDWTDE KBHENRROIAAET 2 GE - HEE, 1992) , 2 TIEH 7S SUIAFRFE U F
BIRVEWHMRENESN TS, BIZIELL FOLH72b R Icdhi=5,

(4) FHEEIXSMNSDTZ,

ARIFTIE, HHEOBEMNRETVET T ZEEERFIZEWV T, (DOIIIC4 TS R
FEICLD T —AB I E LELTELET D, BRINITA Gk GE L2 T, IR GESCH 5y
GIBSE T N

2.2 W ERRIE

ZOHARFEOIRELORIL, JLE 2MEHT2EFEICEBR T mESh TE (g,
Sasaki, 1990; Shibata, 2006), 7= x1% “Today is busy.”<® “I'm tea.”’2E CThH D, €D ik
WEEOBEWBROBIAMEIZLDb DD, £ 558 FRCE R RFEROBLAND, A ATENGEGE
DPMERS 2 HFREDAZA N O —>EL TRMBHIZFEO Th L) Eikb H % (Honna, 20105 1,
2014;/N&, 2016; D’Angelo, Yamaguchi & Fujiwara, 2021), L2>L72235, SEERIZ H ARGERE
FERh e MEM T2 REEICE DRI RE XL DE B AONDD0, KRB O RIC X 524k
OFEANEIH S TRV, £ 2 TARZETIE, 1) JLE OFRFEICRBITS 5 R E XM, B
L 2) A OMEIZ X AR OEICONTHNTT 5,

3. WHIEFIA
3.1 7 —%

M CH Wz — 232 The International Corpus Network of Asian Learners of English
(LK%, ICNALE, Ishikawa, 2013) @ HARASGEFEHH OEFEESHET v (Written Essays,
ver, 2.4), BXUGEL S ¥EE /u—7 (Spoken Monologues, ver. 2.0) D7 —XTéh %, ICNALE
FE RFPOA)NNE—RSRNE S| U TRFESN T RGEFEF = — AT, BA, #E, 515, T
[E, 74Uey, == TRED 10 OT7 VT RE M S OSGETE A O T — 2 THEKSh
TW5, hev 2% (a) It is important for college students to have a part-time job, (b)
Smoking should be completely banned at all the restaurants in the country @ 2 2D
(R A2 e T, EEHE OS] (CEFR A2, B1, B2) oRkE,/ HE M (B A, HE, wE, /<%
AB IR E) DERZ RSB LA T REICL Q0D AW ClE JLE OEESHED AL
LS EE/m—27 0 A2, Bl, B2 YL LD 3 SORENEOT =& iz,
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3.2 AT L
SHFREX, £9° AntCone (ver. 3.5.9) Z T, AARANEZEFLEEH DT —Z) 6 A ARKZED
A FREESC, TR R EE LT3 Y T Ak D% A L= (BE+DT/NN*/JJ*) . 705,

1) TG (JRTE, ik, & Bfk) O THD, TredFE 1 V7V, waEEk, Y% ¥
UEEIRT,

K LA ROY T8, MREE, % 2K

A2 B1 B2+

Written sample 154 228 18
token 68,529 101,981 8,532

BE DT/NN*/JJ* 1,440 1,983 166

Spoken sample 30 90 30
token 7,211 24,610 9,916

BE DT/NN*/JJ* 154 419 183

FIRORDIRT IO, FIHSNT A Z L D/ NI 154 Thhololcd, 74 LA HWT
BT —HnD 150 BT OEIER YL TV T BT o, ZOMHEN - FHESELFHELSHED
A2, B1, B2+®4 150 i (F+ 900 f) 2~ == 7 /L THRE LG DR EZ1T 72,

IBREXDHER, FTHIZETF —2D 2 ZMERNTHEZITV, WITAFZET —L0 4 £28
DE#HT—RBLIBIDHEH 2T LEBEL, HHD 2 ZILEBIOHED —BJEITEE S
T 30-83%, aliL =5 HEIE 63-100% Th -7, FELEHEICBIDEWIEL (self-repair) D7 —2
1%, BT RN ZEIZ LTz, T2 2RO — AR N T, KEOUIHRE LD INTHZ DM,
WDALZ) T DL TEWVWELTWD, ZTDLH7 IR T 252812072, “And we — : before
eating something , our tongue is change. Our — : sorry, our tongue feel not at all feels

appropriate — - food, food.” (S B1)

4. &5
4.1 BHRER

# 2: U I LT 150 7 — A D 1972 & 3L OB EIS

A2 B1 B2+

Written n 3 7 4

% 2.00 4.67 2.67

Spoken n 4 6 2

% 2.67 4.00 1.33
2 22T F L LT 150 77— AR CIH7e & 30 &N 7 SR ERIRDOFI G Z R~ T, fhR
L, BiEOET—FN(EXFE GILSE), ie/ifE (A2, Bl, B2+H) IZBLLT, 57X CoHITIE
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WITROIN T2, B —ANIEF D702, X2 Tl EHEDOM et LEEZT > TR,
FZIRLES - TH, 150 XD 4R/ TR GE L DN, 1.33-4.67%DIERTH-T-, ik
D, WD A2 DFELEEE B O B2+OEZSEORERNFRIL THHZEITE HIET S,

4.2 BHIHER

BUEDGHTDEA, FELEEE, HEIFE, BABIZEB O TREENDIIHEEEL THauy,
Teaching is high salary. (W A2) A part time job is a place for meeting. (W B1)
and second reason is that part time job is a good situation to learn — : learn relationship

with other person such like boss or co-workers or some other persons (S B2)

5. F&
ABFFETIE, AARANSGEFAEE OIGFECRT D 1) AFdEE S & BAFIREE ST 2
(972283 OEM, BET 2) sEADMEIC KD 2 O R OZALIT SV THHT Lz,
ZORRE, SELEETONESFTETOHN, I REXORAHE T SIF LR L, AN
HRLTLSF LT LA LT, AR Z S E TR R TOMR, Hlfkk
OISV TE LT 5,

5.1 iR

AAEFRITE ZSEEE AR FEHRE OBLED DTS L, EFELIRGED — B EARM
<, ZOEWRDOERMENRa L T I ANUKFET HEF DL E I IKMEREN TEZLD
D, ZORAERITRFED A2 L~V THIEEELRWII THD, AR HIE, RO IL1 I
BWTEZHESNLREANLTLE L2 TEHSNLDT TIH W r—RAEF 25, (T2 T A2
DAL =X 7L B2 DITAT 427 DHREFAERNPFECL2OITEBIMET D, LVHDb, fE
PMEL, ORI HIRIEO NAD AL =X L T DT —~ L AT, JOH7RE IR HAELLT
WETRIENDNETHD, LToD3> THREIZEBW T, SIEEH 1EDTRThHIVD S L,

— 7, [EBE 9 EERR (F71C World Englishes) OBLRINOARE KA D&, (o FIBEEE LT
Z, TA2 )6 B2 ~EESIMEE L THEFRICE DRFEN RS | EH IR TE 5, G 1L ETH%
A2 D THLHDT, MDOHFEFEH LHATZBRIT 5% A0 THEANE W EFADDb LR,
B2 ODT7AT 4 7IZEBWTH, “...they can learn what is important to make relations with
colleagues or bosses better. In my case, I am English for high school students in a cram
school as a part time job...” LW HBIFYR T2 E | AR T HZEH TED,

5.2 il &ARE

B R BIRL7: ICNALE W58 o — R 2% FAWER, FERSN T — AN D72 21
FEFRDIEELN, A (R34 Gl EE SCETEAR TR EE LD ROINT= /R E L DB R Th D, 1o
T =4t BARANRZPAED LG HTL TR0, ICNALE 23FHN T 5 192 E L 2R DHEED
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(e.g., JEFLL, LOCSE) 72& CRIERD 73 Hr 29D ZEDN R DOFRETZ A,

LR TS OBOBWNIZOWTORBIIHRELL HD0, FE R obv s, HFICZTomREL2HL
WCLEWIRITE ROMRDIFE A RS 50,

2 BHEROEXORRC MEIZHIRE (72)] THHELDEWIHIBRIZESNT 5 REL] LTINS LI
ol ENG (XOFMEITRE (1978) &M,

B[R
ARWF5EE JSPS By 20K00794, [ H ARGERERERE S O FRERE GO T |IZRPL 7= 528 |20
LWIEERE | ORFIE | DB A 52 T 7= DT,
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The Effects of DDL on the Production of Verb-Noun Collocations
in English Essays

SATAKE Yoshiho (Aoyama Gakuin University)

Abstract
Knowledge of collocations is important, while accurate use of collocations is difficult for
English language learners. The author's previous study (Satake 2021) suggested that
data-driven learning (DDL), in which learners learn by referring to a corpus, is effective
for memorizing verb-noun collocations. Therefore, this study examined the effects of DDL
on the production of verb-noun collocations in English composition. The participants
were 19 first-year Japanese university students who were intermediate to upper-
intermediate learners of English. They studied two verb-noun collocations by searching
for their examples in the Wordbanks Online corpus once a week for nine weeks. The
results showed that the target collocations, especially the collocations that the
participants already knew, were used more in post-writing than in pre-writing,

suggesting the effectiveness of DDL in producing collocations.
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Abstract

Association measures (AM) have been used to extract candidates for the collocations list
for L2 learners. However, little attention has been paid to which AM is optimal for
extracting collocations for pedagogical purposes. Furthermore, dispersion measures are
often not considered for the evaluation of AMs. This study explores which AM is suitable
for identifying pedagogically useful English collocations, considering both frequency and
dispersion thresholds. Adjective-Noun, Verb-Object, Adverb-Adjective and Adverb-Verb
pairs were extracted from the syntactically parsed British National Corpus, and their
AMs (MI, MI2, MI3, t-score, z-score, logDice, log-likelihood) were calculated. Dispersion
was calculated using Gries’ DP. AMs were evaluated against the three gold standards,
and the precision and recall were computed by setting varying frequency and DP
thresholds. The results shows that it is extremely important to select an optimal AM
according to the syntactic structures underlying collocations, with t-score or raw
frequency being optimal for Adjective-Noun and Verb-Object pairs, logDice or MI3 for
Adverb-Adjective pairs, and log-likelihood for Adverb-Verb pairs. Applying frequency
and DP thresholds at an appropriate level can be effective. While an appropriate
frequency threshold can vary, an adequate DP threshold is mostly 0.6 or 0.7.

Keywords

corpus linguistics, collocation, association measure, dispersion, SLA

1. Introduction

It is widely acknowledged that collocational knowledge is an important aspect of
second language acquisition. To facilitate collocation learning, it is essential to identify
collocations of pedagogical use, but there is no consensus on which collocation should be
learned. Therefore, we need to first create a collocations list to which learners, teachers
and material developers can refer.

Although there are several collocations dictionaries for learners and collocations lists
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for EAP, few attempts have been made to create a collocations list for general pedagogical
purposes with elementary and intermediate levels in mind. As a first step towards
creating a collocations list, this study explores a method that automatically identifies

pedagogically relevant collocations from corpora using association measures (AM).

2. Literature Review

Although quite a few association measures have been proposed, there are no AMs
that can be universally used, so it is crucial to select a suitable AM depending on the aim
of the research (Evert, 2008). Gablasova et al. (2017) argue that for proper use of AMs,
we need to understand their mathematical reasoning, the scale on which they operate
and their practical effect. They question the dominance of t-score and MI — particularly
MI — in language learning research (LLR), and suggest that we should also consider
the use of logDice or MI2 instead. Furthermore, they claim that dispersion should be
taken into consideration “because collocations that are more general (i.e., occur across a
variety of contexts) are more likely to be encountered by language users regardless of
the context of use” (p.160).

It has been shown that extracting collocations based on syntactic dependency from a
syntactically parsed corpus is a better method than window span, which has been widely
used in LLR in corpus linguistics (Bartsch & Evert, 2014). Bhalla & Klimcikova (2019)
argue that syntactic structures underlying collocations significantly impact the results.
Thus, it is important to assess the performances of AMs, considering different syntactic

structures.

3. Research Design
3.1 Aim of the Research

The present study focuses on AMs’ practical effect because the primary aim is the
practical application of AMs to creating a collocations list. Taking the studies mentioned
above into account, this study attempts to identify an optimal parameter in terms of AMs
and frequency and dispersion thresholds to extract pedagogically useful collocations from
corpora, with the differences between syntactic structures in mind. Furthermore, this
research explores whether there are any differences between the optimal parameters for
extracting collocations for pedagogical purposes and those not limited to a pedagogical
context. AMs to be investigated include MI, MI2, MI3, t-score, z-score, logDice and log-
likelihood as well as raw frequency. We used DP (Deviation of Proportions) as a

dispersion measure (Gries, 2008).
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3.2 Method

The authors syntactically parsed the BNC and extracted word pairs of five syntactic
patterns (adjective + noun [amod], noun + noun [nounmodl, verb + object [obj], adverb +
adjective [advmod-adjl, adverb + verb [advmod-verb]) on syntactic dependency. Then, we
calculated association measures and DP for all the word pairs extracted. Because the
present research is interested only in positive associations, word pairs whose observed
frequencies are lower than their expected frequencies were excluded, leaving 3,016,262
word pairs (see table 1).

To find an optimal parameter, we adopted a gold standard method, an oft-used
methodology for the comparative evaluation of association measures in the automatic
extraction of collocations. In this approach, performances of association measures are
assessed against a gold standard (a supposed set of true collocations) in terms of
precision and recall of n highest-ranked list extracted using different AMs (n-best list).

Since different gold standards can yield different results, we used three sets of gold
standards. Two of them are intended as a gold standard of pedagogically useful
collocations. The other is intended as a set of true collocations that are not limited to a
pedagogical context. All the three gold standards used lexical collocations (amod, oby,
advmod-adj, advmod-verb) listed in Oxford Collocations Dictionary (OCD). This study
treats amod and nounmod as one syntactic structure (amod) because OCD does not
regard them separately.

Table 2 shows the description of the three sets of gold standards. The first (GSL-GS)
used New General Service List (new-GSL), which contains a stable core general
vocabulary identified by comparing four language corpora (Brezina & Gablasova, 2015).
The second (CB-GS) used a corpus complied from English course books!. The third (OCD-
GS) comprises all the collocations of targeted syntactic patterns listed in OCD. Word
pairs which did not occur in BNC were excluded from each of the gold standards.

Performances of AMs are evaluated against the three gold standards in terms of

Table 1 The number of word pairs

Table2 Gold standard

syntactic structures __numbor o7, _description Tatiorng "o

adjective + noun Ea, GSL-GS  collocations listed in OCD amod 23,737

noun + noun 581,829 which are composed only obj 12,359

verb + object 984,642 ol words that are on New  advmod-adj 1,370

adverb + adjective 127,670 . General Service List. advmod-verb 2,895

CB-GS G men e amod 7,081

adverb + verb 279,500 collocations that occur in oS 5708

total 3,016,262 the course books and T Ky
listed in OCD o

advmod-verb 1,239

0OCD-GS amod 75,701

collocation that are listed obj 32,849

in OCD advmod-adj 7,769

advmod-verb 11,501
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precision and recall, setting varying frequency threshold (from 0 to 50 increasing by 5)
and DP threshold (from 1.0 to 0.1 decreasing by 0.1) (The closer an expressions’ DP gets
to 0, the more evenly distributed it is). Following Evert, Uhrig et al. (2017), we calculated
average precision (AP) as a composite measure which serves as a summary of
precision/recall. While the study used AP50 (average precision values up to 50% recall),
we also calculated AP10 and AP30, considering the importance of narrowing down the

number of collocations to include in a list for pedagogical use.

4. Results and Discussions

Table 3, 4, 5 and 6 show the parameters that returned the highest AP10/30/50 value
against each of the three gold standards. Table 3 and 4 show that t-score or raw
frequency with 0.6 or 0.7 DP threshold is an optimal parameter for amod and obj. Since
frequency thresholds have little effect on the results of raw frequency and t-score, which
is highly correlated with raw frequency, it is not necessary to apply frequency thresholds.
Table 5 suggests that logDice or MI3 with a DP threshold of 0.6 or 0.7 seems to be an
optimal parameter for advmod-adj. The performances of AMs other than t-score are more
or less influenced by frequency thresholds, and therefore, applying an appropriate
frequency threshold is desirable. However, it is difficult to determine the optimal
frequency threshold since it varies depending on the gold standard and AP10/30/50.

Setting it at minimum of 15 would improve extraction performances without

Table 3 amod Table 4 oby
Gold AP AP Parameters Gold AP AP Parameters

standard 10/30/50 value | Tt DPtL. AM standard 10/30/50 value | ftL. DPtL AM

GSL-GS AP10 59.8%|0~50 0.6 T GSL-GS API10 80.0%0~50 0.6 T
AP30 51.4%| 40 0.7 T AP30 64.7% 40 0.6 T
AP50 43.0% 0 0.7 rf AP50 52.2% 20 0.7 T

CB-GS AP10 49.4%|0~50 0.5 T CB-GS API0 82.3%0~50 0.5 T
AP30 35.8%| 20 0.6 rf AP30 63.0% 35 0.6 rf
AP50 27.2%| 20 0.6 rf AP50 48.5% 45 0.7 T

OCD-GS API10 73.8%| 35 0.6 LI. OCD-GS AP10 83.5% 35 0.6 LL
AP30 68.3%| 10 0.7 LL AP30 73.6% 10 0.8 LL
AP50 60.0%) 5 0.8 LL AP50 62.2% 5 0.8 LL

Notes: ftL = frequency threshold

DPtL = DP threshold T = t-score

rf'=raw frequency LL = log-likelihood

Table 5 advmod-adj Table 6 advmod-verb
Gold AP AP Parameters Gold AP AP Parameters

standard 10/30/50 value | ftL DPtL. AM standard 10/30/50 value | ftL. DPtL. AM

GSL-GS API10 37.4%| 50 0.5 D GSI-GS AP10 29.3%| 50 05 LL
AP30 28.3% 25 0.6 D AP30 24.2%| 25 0.6 LL
AP50 22.0% 15 0.7 D AP50 20.5% 15 0.7 T

CB-GS API10 39.8%| 50 0.6 D CB-GS AP10 33.9% 50 0.4 Z
AP30 29.2%| 45 0.6 MI3 AP30 28.8% 5H0 0.7 LL
AP50 23.3%| 30 0.7 MI3 AP50 23.4%| 40 0.8 LL

OCD-GS AP10 67.3% 10 0.7 MI OCD-GS AP10 63.2% 20 0.8 MI
AP30 53.5%) 5 0.9 D AP30 57.2% 10 0.9 MI
AP50 44.3% 5 0.9 D APB0 50.6% 5 0.9 yA

Notes: D = logDice Notes: Z = z-score
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counterproductive effects, but if the number of collocations is to be narrowed down, a
higher threshold could be set. According to Table 6, log-likelihood can be the optimal AM
for extracting advmod-verb collocations. However, it is hard to decide the optimal
threshold of frequency and DP. While it might vary on a case-by-case basis, DP
thresholds of at least 0.7 and frequency thresholds of at least 25 would be appropriate.
It should be noted that optimal association measures significantly vary depending on
syntactic patterns. Therefore, selecting a suitable association measure and threshold
according to the underlying syntactic structure is extremely important.

Furthermore, the results suggest that association measures appropriate for
pedagogical purposes differ from those not limited to an educational context. In amod
and obj, log-likelihood gives the highest performance when using OCD-GS, which is
intended as a gold standard not limited to pedagogical use. In advmod-adj and advmod-
verb, MI can be the most relevant association measure against OCD-GS; however it
never comes at a high rank when using GSL-GS or CB-GS. Thus, we need to assess which
AM works best within the desired context.

According to table 3, 4, 5 and 6, for GSL-GS and CB-GS, the best DP threshold
ranges from 0.4 to 0.8, mostly 0.6 or 0.7. This suggests that setting DP thresholds at an
appropriate level is effective. DP thresholds should not be lowered in excess; this may
lead to adverse effects because it excludes collocations from the n-best list. Figure 1 is a
precision/recall plot for t-score against GSL-GS setting varying DP thresholds, which
indicates that as a DP threshold is lowered, average precision increases, but when a DP
threshold is below 0.5, it impairs the performance. Figure 2 is a precision/recall plot for
logDice against GSL-GS. The AMs highlighting exclusivity such as logDice are more
greatly influenced by DP thresholds than t-score. As with figure 1, precision increases as
a DP threshold is lowered, but when a DP threshold is below 0.4, it is clear that it

Figure 1 Tscore /amod /ftL =& Figure 2 LogDice / advmod-adj / ftL =5
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— 04<DP — 04<DP
- — 0.5 < DP o6 — 0.5 <DP
— 0.6 <DP i —— 0.6 <DP
0.7 <DP 3 ; 0.7 <DP
a5 — 0.8<DP 0.51 j | — 0.8<DP
0.9 <DP g ; 0.9 < DP
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adversely affects the performance. Moreover, it should be recognized that DP thresholds
limit the maximum value of recall. For instance, in figure 2, when a DP threshold is set
at 0.5, the maximum value of recall is about 28%. It is important to set DP thresholds at

an appropriate level, usually 0.6 or 0.7.

5. Conclusion

The present study suggests that it is extremely important to select a suitable
association measure depending on syntactic structures. An AM which highlights
frequency such as t-score or raw frequency itself is suitable for extracting amod or obj
collocations. LogDice or MI3 can be an optimal AM for advmod-adj. Log-likelihood can
be said to be suitable for advmod-verb collocations. These association measures can be
improved by applying frequency thresholds and DP thresholds. To give a higher
performance, it is necessary to apply frequency and DP thresholds at an appropriate
level. While an optimal frequency threshold can vary depending on the situation, an

adequate DP threshold is 0.6 or 0.7 in most cases.

Note
1. The CEFR Coursebook Corpus. An internal resource. TonoLab. Tokyo University of
Foreign Studies. See Tono (2017) for a description of this corpus.
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The usefulness of the estimated marginal means for the analysis
of the textbook corpus
—From a perspective of the frequencies and the meanings of
English auxiliary verbs—

KAJIYAMA Tatsuya (Doshisha University, Graduate Student)

Abstract

This paper discusses the usefulness of the generalized linear mixed model (GLMM) and
the estimated marginal mean (EMM) for the analysis of a small corpus. Japanese-
English textbooks used in Japanese high schools were converted into text data. All
English modal auxiliary verbs were extracted and classified into deontic/dynamic
meanings and epistemic meanings. Then, the GLMM and the EMM were calculated.
Results show that the frequencies of each meaning of each modal auxiliary verb
increased as the grades advanced. This finding appears to suggest that the GLMM and
the EMM be useful for the analysis of a small corpus.

Keywords
Modal Auxiliary Verb, Textbook Corpus, Generalized Linear Mixed Model, Estimated
Marginal Mean

ITLHIZ

AMFFE T, NI — RS2 D, —MALBIIR G &7 /L LHEE D oA FI M
IZDWTELET D, LIELIE, Ko — X250 TlE, IA ZR|RESCT v 3 v — O IEfERfER
MEE ST, a2 EFHEE L ST REN VLD, TOEEELT, KA (2010, p. 10)1X
NEfE7e p &3 — "R ZBTD T TN (BEAR) EREFOBR 251 Tind, ZZTESNIE
fe7e pfEl &1, pEOFHEICTRERORMD/RTA—H0, H 7Y 77 (sampling error) |
(KA, 2010, p. 6) ZE D TICFHASINIETH D, SVZLHE, TIEM pEI&IE, TUESHE
F =R (YT WERFROREMEE LGRSO p EEfET, Hl21E, 1 A@f’ﬁ%
DOIEMIZEBT D, HORGEOHEZRRDL7-0120%, (EZOETOEMEa—/S2 b3 1T,
LN U THRAHREZITOIZENTED, T —XORMEEEETE, @Y TFETHAI, L
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ML, BULD/NSNT— 2% 03 28613, St ROAE T2 /MR HVIEE S LEET
DB, ZZTE, SATHIREEABLLIZE T, BRE2— A2 0T, /IR — 25Tk
o fRALBIR B 7 /L EHEE I O A A B 2295,

2. FEATHISE
2.1 =/ 25T B DR at s O BLIR

KA (2010) T, YT AP ARDBNSWNGED, NTAN Y IRRTEL ) NTAN Y ZHRIE,
1EfE7 p EERLNDI VR A E CE MR REZ L, T ENORIE & gL Td,
ZLC, TELWY p ERHERTHIENTELEN) AT, WA ZRE - EEMERREIZLD HE
TETIDICHELES LD ~& ) UK, 2010, p. 13) LFEHHL TV,

F72, Newbery-Payton (2022) 1%, H1[EAJEGEFEH L A AR N RGEFH 2 O“will” O 144
FEIZOWT, TobAT —HETIZH L TW\WD, 20T —#X, the International Corpus
Network of Asian Learners of English (ICNALE) (Ishikawa, 2013) 2>bAliH S TY,
part-time job (PRJ) & smoking (SMK) OFEEIZ OV TENNT-TyEATHS, Newbery-
Payton i%, 77 AV UV ZREZITVY, SMK 7 —# T, A EEDHST-EMEL TS,

SHIZ, HRI(2022.3) TIE, AL @ FALGE R E AR EFE THVWOND, JEEEEBEEO
B REWROBEEIZOWT, A R/ REETV =R URREZITV, FENEEBE RN A B
RO EFERL TS,

ZDINT, = RAGHTIE, T —FDOFHEIZE DT, 72 EGHRE AN/ 3T
ANV IRREDMEDIVTND, L, ZHHDOFEIZFEL TRO X2 R e S Td,

2.2 JRAREEFHERR /L RTAN I RGE D RS

I RF AN IR INANL 7 — 2% -V %73, Brezina (2018, p. 195) I285&, “work with
ranks; relative frequencies (scale variable) can easily be transformed into ranks,
although this is at the cost of losing some information about the exact differences
between speakers (cases)’ S5, OFY, /2T AN TRRE DL A, O T 15808
T RN T —Z T EE X THY, TOWERT, [HFRANELTLE, LoL, T —F5Hrc
BT, ATREZRIRY, HHREZ IR LI EEN T EITORETH D,

F72, #(2020) 1%, B2 —SAD IS KPS — AT DS FiEE, FEE=—/AD
FOR T — S WDEISEFERL Tnd, £OBHREL T, URNZPEDRE A 72 L T
WRNZERR, FEEOREAGE UGG, SMUBIC I > TREDIEm M KR EETe rTRENE: )
ZdFT0D, (#, 2020, p. 444),

BT, TNHOFEEFFIE, 2 DL EEEFF>T7 — 22035556, R BAERAZ R
HIEWTERN, ZORFEMOIFIELL T, —ALBIBIE ST 7 /L EHEEJE I EHfE (Searle
et al., 1980) IZLD 3 HTIZ DWW TEET D,
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3. UVh—FF ¥ A
3.1 WFE H B A SERE

AFERD HINZ, /M — RS2 BIT 5 BB IR &7 L EHEE JE D S EOH
FAMEZRE DD ETHD, 2T, IRD X7 HF e EA L Th,

RQ: /MR — RAGHTICIW T, —BALRRIEIR G BT L EHEE L SEAMEIS, B H7e Tk
LIRVIEBTEAIDN,

BT T, AR TS 7 — 4R BB CHLE 5,

2 F—4

AFRE T, BEFRIGERTEHARE (2012 F~2014 FRE) THEAINTND, #iE
&%%ﬂ@%ﬁ% OHEEICEET S, NOLOHEREOARALELETTXFA T —XZ{LL,
CasualConc (Version 2.1.7) (Imao, 2021) Z V>, #HE w2 72 by o 7= “shall”’ # i <,
8 DDIEBENF DO MBI 2 HT-, £ D%, EWSHOEELEHOFME TIED, ZDRAHE
> T, RTOMBIOENRE S LT, ZOMEEER 1IZFET,

#£ 1 BIEBEN O BROBEE
ihEhEhs &Y Gradel Grade2 Grade3 :BhEhail EWk Gradel Grade2 Grade 3

can dynm 550 770 739 could dynm 247 353 418
deon 22 46 40 deon 12 21 20
epst 416 96 110 epst 22 51 74
may deon 11 10 17 might deon 1 0 3
epst 155 211 286 epst 48 128 165
should deon 108 142 161 must deon 72 81 99
epst 21 42 50 epst J6 51 51
will dynm 114 128 104 would dynm 93 137 138
epst 377 533 502 epst 174 405 461

Note. “dynm” = dynamic meaning, “deon” = deontic meaning, “epst” = epistemic meaning

3.3 Fi&

AREERTIE, —BACBTBIRESET V2> TOlTa+ 5, INEEBThHLE RO T
FIRZRLDOAT N T =5 THY, TR FELLZ2W D, fERSAMICAD H o aiaE
LETNAHEEZAT oI, BIRZENHDHEE X, BRIEFEELT X LRI LI, 5 DDOET NVERE
L, BT T VAEEEZ LICHEE LT, & 218, can 20T, BRRLICET VEFIZET
%o

7% 2 LRICIOIT, oiEBEIELET A HEEETTVY, Akaike’s Information Criterion (AIC)
PRGN SONET VAU, FEIBIE O REE 7T Vs RER 3 ([R5, TO&, HEE
JEDNEEIEE RD, FEREEFEOEZITH B EZN DL E T LT,
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# 2 can DEWHEEIZOWTOERIETT VIEER

5L BAE AIC Y2 H HE plE
null. model Yl 1484.9 — — —
model 1a U 1146.0 342.97 2 <0.01
model 1b SPAT 1484.6 0.00 0 -
model 2a EBE + R (ZRAEERR L) 1111.8 376.81 2 <0.01
model 2b B+ 2 KRAEEAH L) 1109.2 10.61 4 <0.05

* 3 WIEETT LORER

EBhEhE Bl THME BN o 0 pfE  BeEhEhE R ¥ B  off pfd

can Intercept -008 0224 0379 0705 could Intercept -0829 01 -4267 =01
usedynm 3.170 0216 14693 =01 usedynm 2918 0149 19534 <01

useepst 0.700 0254 2756 =01 useepst 0.931 0.168 5.548 =01

grade 2 0.737 0253 2907 <01 grade 2 0.471 0.109 4322 =01

grade 3 0515 0.265 1941 0523 grade 3 0.693 0110 6.300 =01

usedynm'grade 2 -0410 0.268 -1.530 0126 may Intercept 1135 0229 4946 <01
useepstgrade 2 -0.028 0314 -0090 0928 useepst 2.837 0176 16113 =<.01
usedynm:grade 3 -0.204 0280 -0.731 0465 prade 2 0.266 0138 1.926 0054
useepstgrade 3  0.383 0.322 1189 0235 grade 3 0.649 0.137 4.742 =01

will Intercept 1484 0.150 9879 <01 mght Intercept -4047 0563 -7192 <01
useepst 1127 0.150 7.6522 =01 useepst 4.459 0.516 8643 =01

grade 2 0243 0.164 1488 0.137 grade 2 0.949 0236 4.016 =01

grade 3 0071 0175 -0403 0687 grade 3 1.348 0238 5650 <01

useepstgrade 2 0142 0.206 06388 0491 must Intercept 0.918 0.170 5.402 =01
useepstgrade 3 0461 0216 2132 =05 useepst -0.594 0.118 -5.040 =01

would Intercept 1.086 0.195 5583 <01 grade 2 0.187 0145 1293 019
useepst 0604 0.171 3542 <01 grade 3 0.378 0145 2.606 =01

grade 2 0470 0.176 2675 =01 should Intercept 1.293 0.161 8.050 =01

grade 3 0.519 0178 2915 =01 useepst -1.335 0.132 -10.103 <01

useepstgrade 2  0.384 0.226 1698 0.09 grade 2 0.421 0.155 2.727 <01
useepstegrade 3 0521 0228 2983 =05 grade 3 0.595 0.156 3.817 <01

4. fEREELE
4.1 RQ1 —ALBRIZIRA T T L EHEE B FERIEOA AMEIZ DN T

3.3 HilIEWET AHEEZITo12E25, “can” & “will”, “would” Tix, X AAEHZEELT-
model 2b NE#ERET NV ThHDHEHEE SV, MDOIEBBENZ SV, ZZEMEHEBE L
V> model 2a AHERTT L THOLEHEESNTZ, D%, 2 COEBBIFEOHEE &0 4
RHL, & BEURBIBHEE SRR OB O CH B 22D D501~

RHEAEREZBE LT VR R%E, 1 6K 3 1IZ/RT, “can”® dynamic 72 B MRS
epistemic 72 B RO I, FIEBBFOK BEWRE FERITHIRTHE, 1 4L 2 44, 3 44
DOREITHEZEN AL, FHEN EDDIZONT, ZIOLOIEBBEIFE O E R RL<RHZEZ R
TWb, F72, BFHEOHELEWHINHE L LT 5L, 2 TORROBICHL A BEENDH T,
FHEEBELT, HEIEDNAEWREE) TRWERNBE CHL LN LN 5T,

— 5T, ZAAEMEZELRVEBBIGIZ 0T L7 R, FEBBE O, 2 TOEKROM A
HOEIZBNT pEMR.01 LT THY, BREENH T, Fiz, FAERNTHIRLUIZFER, £ 4 0k
BY, 1 AL 2-3 FAEDH TH EENZHERI NIz, ZOZENG, EBEIEIT 1 A4 CI3tH
KHHNAROBBEE 372, 2 R 3 HEATIVETIIZFEEINL LB 2 HND,
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Frequency
(Estimated Marginal Mean)

Frequency
(Estimated Marginal Mean)

Frequency
(Estimated Marginal Mean)
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1 can OHETE AL HIE D 2 B A R
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HBhEhE

FAE  pfH  WRBIENE  HE

pfE

could
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might

1-2 <01 must 1-2 0399
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2-3 008 2-3 0363
1-2 0131 should 1-2 <.05
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1-2 <01
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2-3 0131
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ZDINT, —fALBIIREG 7 W LHEE SO Az IO T T, RAEAEMZBE S~
SEBBFEALZ D TROS DA TET, Tz, ZAMEMEZEE T ~ESHBITIE, FEN EDBD
(O THELHEZ HZENHER T, MREREORBERADIEN TSI, SbIT, KA
EEELLWGEY, EWRBEEERNOW T THEAEMRTHIEN TS, 1 OT—HT,
BN PN B E MR- TODIEND, ZHR RBGLNEEZBND,

5. &

AWFIETIL, BT — S ZAGHTIZ BN T, — AR IR G T 7 L LHEE L A
I OA M2 B 2 LT, £, IBIBFEZ T 2RI, ZEEHZEE T ~ENEIE
HWr§2ZENTE, ZLT, BETANESHEITBNT, FBEN LMD O TEWHIHE )
ELRDLZEN DN, ZAEMEWRTHIENTE, £, RAFEMNEZBRLRNGEIZRBW
Th, HBET =200 FRSNDH REMRTHIENTET, ZIHDHERND, /M= —3
AGHTIT R LT ALBIRIR 68 7 /L EHEE D EEMHITA T o LB 265,
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A Frame Semantics Analysis
with the Use of Distributional Semantic Methods

MORISHITA Yuzo (Momoyama Gakuin University)

Abstract
The purpose of this study is to make use of the methods of distributional semantics (e.g.,
Firth1957, cf. Harris 1954) to verify what have been argued within the theoretical
framework of Frame Semantics (e.g., Fillmore 1982). Using randomly extracted
examples from the Corpus of Contemporary American English (COCA), the semantic
relations of four nouns (land, sea, ground, and air) and four adjectives (stingy, thrifty,
wasteful and generous) were clarified. The results generally support what have been
argued in Frame Semantics, although it is difficult to properly analyze homonyms and

polysemous words in type-based semantic vector spaces.

Keywords
7L — LG, oA B, TR, 44

1. 1ITOIZ

RHFFEFOREOOESLLT, ERICREEROFIENEET22ENET N5, 20
HEBLL, Fillmore 2R F LT HMHAELN 7L —ABKGMEL THRELEIETE (e.g,
Fillmore 1982), RED T 5\l DB /2 FNil A B HT IR T& 58512720, land & ground
EVSTZFEDENWE T O TELEIIT/-7- (Fillmore 1982: 120-121),

T —LEVIIE R A — XA EFE N T L7 Y 2 VB AFET DA (e.g. Baker,
Fillmore and Lowe 1998), AHMF4L CId oA i TR BN FIEICE ST, 7Lb—24
BIRER O AL D Difkam S IV CETCgB T vl ChHZ ez T, BUROT AV A 7B RS
% Corpus of Contemporary American English (COCA) OF7F AT —#&FHL T, FiFL
H1F7= 1land & ground O stingy, thrifty, wasteful, generous &\ \IFEDE RS2 B8

-

Do
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KFEOHERUTIRD LBV TH S, 2 HiTIET L — LE WG/ A0 B Wi &\ ToARBFZE D B
FY7275 BT HOW T2, SBIZ, 3 Hi TITABIFEIZ BT DT FEREITHOWTELAL, 4 i
TIIHHRERER T, EBIT, 5 Hi CIEAMIFRO E L LR ~D,

2. %?ﬂ}?%‘ﬁ
ZbIE, AR OHEGRE R ThD 2 FIEO B LIRS, ZNHOE R GG DR
,.\\Mj%;m“éo

2.1 7L —LEKH

1 ficbfibnizsdsh, 7L —LEKGRIE 1980 75 Fillmore Z HlEL7-WFFEH B3 58
JRESE TEIHER TH D, FEDO BRI CEIRILIR DT2DIZ, 7R EIRDFFOFED T S kA
MERA R CTHHELT- B TH D, Joll A7z land & ground THIUE, ZNHOFEITIEBIHIIC
TR LD RICE /2R 92812705, LvL, land 2338k EIRIZ sea DX LA R D DHDIZHL
T, ground |FFRFk EIRIC air LOX AR DD, ZOEWNE, LLTF DKL TRINDDNE D LD
IRTRDPENSTENTH HHHITND,

(1) a. a bird that spends its life on the land

b. a bird that spends its life on the ground (Fillmore 1982: 121)

fhDFIE LTI D stingy, thrifty, wasteful, generous LV V\IRENHD, HEVRBEEMED
IRNENAT R PRBEE NI L TR ERY el 232 02 stingy, HIERIZRHIZ T 2075 thrifty
Thd, £L T, %/\%iﬂiﬁkb‘ﬁﬁ%% BEE 6L O ERIZRR 2350205 wasteful,
TEM72 522D generous THD,

/\/ﬁj‘%%éL\

/\z‘ﬁﬁl}k HEVODIE, BB T 258 LB OEOBE RS HEN TE5L T 28 TH D,
A= RADFFERFHEMORR I N EEL7 T, FHHESHETOH ARSIl S5 L
T 5 THRATEESIN TS (e.g., Milkolov et al. 2013),

ZLOMFETISASILTUINDD, FIH T 53— RARKE T H/ 3T A— XL THHrE R
AT HENST-iELH D, ERRIS, LR OB T 2557210 TR, (LR OFELILE T 555
(T DFELVIIEF IR T —FE gkt L T oo oTcik b bivd (e.g., Hilpert
and Saavedra 2020),

Kﬁ?jﬁ( IFRET TR T 28972 FIEIZHE SN, FRkERICE - TR SILD 2O Jkn
A BRI DT FIEIC Lo T CEL TR A 7R T,

3. 7 —4

AKREITIL, AiBiECTAL TEE X FITHE ST, COCA OF—4%FHLT, £7°,
land & ground DO FEMWGHT &I 2729, RIT stingy, thrifty, wasteful, generous D EWIH%
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B9,

BONTEMOHT 22729 land & ground (3, 7L —AERERDE 2 530 BRI LD 5y
BT FEICH ST, 1and 1 sea EXTEIL, ground 1 air EUT{El32f5 R DMGHNDIE
T ThbD, £ LT, stingy, thrifty, wasteful, generous 1%, 174<CREE 2OV COMGERIZRGEAMN
DAAR BIRFRIC R D 0T TEICH ST UL, stingy & wasteful 2SUTELL, 17248
IZDOWTOHEERZRFHE A KBS LU thrifty & generous 23T T HEWHFER G NDIE
T ThD,

8.1 F— AT DT AR LRI L

AHFFETIE, £F° 1) COCA DT FAMT —X(ZAELTZ land, sea, ground, air EVW)EED4S
RBINEZ 2 MZENE L 100 BlEfiH L7z, KIZ, 1) Fo2 AT S 745550 A Bl o Fi
# 5 T ODBERIHILI, SBIT, i) HOBRICHEVBEIRNLE L HNAHE, KT,
B R TBRUBR ., ZOXIRTFEEOME, BT 1 0l ZRENOELE
FAEEOHEIE T IAL LT,

1: A4 FADRERAT M L

abalone [...] by [...] off [...] on [...]

land 0 6 0 10
sea 0 5 2 17
ground 1 6 1 13
air 0 2 2 40

3.2 HOMHAFHE

ATEC AT GO BT MTH G MO B3 SN I2b D TH DT, ZOHERIZT T

FED ERHIZRT A G R T D2 EILTER, 20720, 1) T, FREOLEMEDOIFH D,
HEBEE O MFAHEAFREL, i) B A AE#H & (Pointwise Mutual Information Score) %
FHEL, 1il) FREOREL E A L= (Levishina 2014: Chapter 16),

ZD X572 FEIZE ST, land, sea, ground, air LV )4 FADEME, stingy, thrifty, wasteful,
generous EVVOERFADE K Z ST USRLUEZH R L,

4. FREBE
4.1 ZFDOFERIHITONTORERE B L

£ 5 TH5 land, sea, ground, air D HTAE R TlE, 7L —AEBGRDEEL QW 2i@Y land
& sea, ZL T ground & air ([ZEWEBENRALNTZ, ZOZEND, HOREOEDT —41bH
UL, 7L — LEWERICE S GELFEDOBRS /0M BEIRTR O FIEIC K> Tt CEL et 2R
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TIENTET, L, EBRICIEMELHY, 722103, ground EWIFEIL, B0 B TiEHDHN3,
B3 grind O L3 FTENE FALTEY, M e B RW 2O ORGSR 4 281070572,

4.2 JEAFAD BRSOV TORE REELE

ez A7z land, sea, ground, air I3 ERD, TERFAO /AT TILLORZZ2FEN Ro0v-o72,
7L Z1Z, generous EVVIFEITAED XIAWIKIT A E EMRFHIZH DO T RN L
DEWDN DD, DT, T Z MHMHENIFIDIBLZLDOHIH, BRL TW-EREHHDT
bOTIIRL, ZHRIITRERBIFLNILD T,

5. Fii

AT, —HCRIBIRRONILO0, 71— L ERHIEL TV i REB D LN T
X7z, Lol REOZFMENR G- 555 130T RN T DLW ATREMEL RIB 352 83T,
EHIE, ZORE RS b= DR LI TS,

UL, SAT ORHIBLEL O RANFONDT0, [7H EHRECS #aE 1B 5 L2y i
OFFEFECR BT R LRI DI B RIIAT I LDHTOA T TREMNS B, 1z, 54
7 DG CIRLAE RL D20 DS CIROAU R R T 5T L T ORRE % S
F b TEBIESY,

7 | Sk
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Abstract
This paper shows how negated speech and thought presentation functions in narrative
by using a corpus approach. A corpus consisting of texts from contemporary present-
tense fiction was annotated with discourse presentation categories based on the Semino
and Short model (2004). In addition, the new subcategory ‘g’ has been introduced for
annotating negated discourse presentation. The data shows that negated thought
presentation occurs more frequently than negated speech presentation. Negated cases of
speech and thought presentation reveal characters’ inner worlds in a way that

affirmatives do not.

Keywords
corpus stylistics, negated speech presentation, negation, present-tense fiction, thought

presentation

1. Negated speech and thought presentation
In fictional texts, a character’s speech can occasionally appear in the form of negation.
In speech presentation, negation often connotes that the speech event referred to had

been expected or assumed but did not actually happen as shown in the example:

(1) Despite the shared and joshing friendship of our youths, /'ve never said, Your roof
can wait. There’re our own oxen need attending to.

(Jim Crace, Harvest, 2013:54-55, my italicisation)

In narrative, character speech, thought and writing are normally presented in
affirmatives as new information and contribute to developing the story. Givon (1978)
states that negatives involve more presuppositional complexity and a greater abundance
of assumptions which the speaker must make about what the hearer knows than their
corresponding affirmatives. Negatives are used in a context where corresponding
affirmatives have already been discussed, or the speaker assumes the hearer is familiar

with the corresponding affirmative. Hidalgo Downing (1991: 147) explains that negation
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is a natural foregrounding device in narrative texts. When non-events or non-states are

mentioned because they are considered to be more informative than events or states,

Hidalgo Downing argues, they stand out and have special textual effects. This paper

shows how negated speech and thought presentations function in contemporary literary

texts by using a corpus approach.

2. The corpus and its annotation

The corpus for this research consists of texts from contemporary present-tense fiction. It

comprises a collection of forty extracts from fiction published between 2000 and 2016,

each consisting of approximately 2,000 words. The total word count of the corpus is

89,912. The corpus was annotated with speech, writing and thought presentation

categories developed by Semino and Short (2004).

Table 1 Categories and examples of the speech presentation cline

Categories

Examples

FDS
(Free Direct Speech)

‘The flat of the three blind mice?
(M. J. Hyland, Carry Me Down, 2006: 247)

DS
(Direct Speech)

‘But why me, Cornelia? she asks.

(Jessie Burton, The Miniaturist, 2014: 235)

FIS
(Free Indirect Speech)

It has a stain on the hem but she says it would suit me. She’l/
mend it when she gets round to it because she knows my
medusa stings hurt all the time.

(Deborah Levy, Hot Milk, 2016: 101)

IS
(Indirect Speech)

Futh mentions to Carl that he has not been driving very long.

(Alison Moore, The Lighthouse, 2012: 26)

NRSA
(Narrator’s Representation of

Speech Acts)

Anne the queen sends for him to her own chamber.

(Hilary Mantel, Bring Up the Bodies, 2010: 74)

NV
(Narrator’s Representation of

Voice)

She waves, says a few more words to the man and comes over
to me.

(Clare Morrall, Astonishing Splashes of Colour, 2003: 168)

The Semino and Short discourse presentation model has three separate clines for

speech, writing and thought presentation. Each cline has six major categories and a

separate category for reporting clauses. The categories of the speech presentation cline
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and examples from the corpus are shown in Table 1. As the list descends, the narrator’s
control over the character’s discourse increases. The first two categories FDS and DS are
direct forms, while the rest are indirect forms. The thought presentation cline has six
major categories similar to those of the speech presentation cline, such as Free Direct
Thought (FDT) and Indirect Thought (IT). All the texts in the corpus are annotated with
these main categories, and segments which do not belong to any discourse presentation
are annotated as “narration.” For negated speech and thought presentation, the sub-

«“_

category “g” is attached to the main category.

3. Findings
In speech presentation, the negated speech events referred to were either assumed to be
happening or had been expected but did not actually happen in the narrated world. In

Example (1) previously mentioned, FDS is negated and in (2) below IS is negated:

(2) ISg

Hmm. Wait a sec. I didn't actually ask her if I could tell you this, and now that I think
about it, maybe I should ask her first.

(Ruth Ozeki, A Tale for the Time Being, 2013: 178, my italicisation)

Table 2 Raw frequency of “g” in speech presentation

Main categories total no. of tags Raw frq of “g”
FDS 1426 2
DS 633 0
FIS 14 0
IS 97 4
NRSA 228 11
NVg 111 6
NRS (reporting clauses) 752 6
Total 3261 29

Syntactically, direct forms of speech presentation cannot be negated unless a reported
clause i1s accompanied by a reporting clause such as “he says.” This can also be applied
to cases of direct thought presentation. The corpus data suggests that speech
presentation is very rarely negated both in direct forms and indirect forms in fictional
texts. Table 1 shows the raw frequency of “g” attached to the main categories on the

speech presentation cline. The subcategory “g” is attached to 29 out of 3,261 speech
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presentation cases, which account for only 0.9% of all the speech presentation tags. Out
of 29 cases, there are only two direct forms that are negated, and the rest are indirect
forms. Pragmatically, negated speech presentation invites the reader’s inferences about
the non-events mentioned in the texts: in Example (1) why the character felt like
speaking out but did not do so and in Example (2) why she mentions the non-event in
the past and her intention to achieve it now. By processing this information, the reader
can infer what the relationships between the speakers and addressees are and what
personalities the speakers possess.

Negated thought presentation occurs more frequently compared with speech
presentation. As Table 2 shows, the “g” subcategory is found in 150 cases out of 1,805
thought presentation cases, which account for 8.3% of the occurrences of thought
presentation.

29

Table 3 Raw frequency of “g” in thought presentation

Main categories total no. of tags  Raw frq of “g”
FDT 449 0
FIT 123 0
IT 261 42
NRTA 223 37
NI (Internal states) 428 30
NRT (Reporting clauses) 321 41
Total 1805 150

No direct forms of negated thought presentation are found, and all the negated cases
are indirect forms. IT has the largest number of cases, followed by NRTA and NI. In
thought presentation, the scope of negation seems to be dependent on cognitive verbs
which introduce a character’s thoughts. Cognitive verbs are divided into two types:

» [13

factive verbs and non-factive verbs. Factive verbs such as “know,” “remember,”
“understand,” and “forget,” denote a true event or a fact, which is described in the
complement clause. When a factive verb is used for thought presentation, the proposition

of the reported clause is shielded from the negation:
(3) ITg (Indirect Thought)
Sam can't remember what her mother had been so furious about,

(Miranda Shelly, Bone Meal for Roses, 2017: 225)

On the other hand, when character thought is presented through a non-factive
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cognitive verb such as “think” and “believe,” which does not presuppose the truth of the
proposition expressed in the that-clause which follows, the content of the that-clause is

affected by the negation.

(4) ITg
I don't think I'll be going past town anymore.
(DBC Pierre, Vernon God Little, 2003: 137)

When expressions which are frequently used in negated thought presentation are
divided in terms of factive and non-factive traits, approximately 30% of the cases are

9 &

factive, including “know” “remember” and “understand” whereas approximately 70% are
non-factive, including “think” “want” and “be sure”.

In many cases of indirect thought presentation, the negated segments deny a certain
psychological state and imply another, often a state of lacking cognition or intention, or
an unusual state of mind affected by external stimuli, such as being upset, confused, sad
or surprised rather than presupposing an affirmative as in negated speech presentation.

The following examples have negations in NRTA and NI respectively:

(5) NRTAg (Narrator’s Representation of Thought Acts)
I have no idea what to do with him
(Cecelia Ahern, Thanks for the Memories, 2008: 234)

(6) NIg (Internal Narration)
But suddenly, I'm not so sure.

(Giselle Green, Dear Dad, 2016: 279)

Negated speech and thought presentation can reveal important linguistic and
pragmatic differences between speech presentation and thought presentation. Negated
thought presentation occurs eight times more often than negated speech presentation,
and they are more often found in 1st-person narration than in 3rd-person narration. The
most frequent cognitive verbs used in negated thought presentation are “know” (16
times) followed by “think” and “want” (11 times each). These verbs are used in multi-
word clusters most frequently found in spoken discourse such as “I don’t know
(what/how/if/whether),” “I don’t think,” or “I don’t want (Carter & McCarthy 2006).” This
suggests that characters’ mental states are often presented by the 1st-person narrator

using these phrases, which are commonly found in spoken discourse. In 3rd-person
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narration similar expressions are found in many cases with the syntactic subject being
substituted for 3rd-person pronouns.

Negated speech presentation seems to be much less common in fictional texts. This
suggests that speech is usually presented as an event rather than a non-event. However,
when negated speech presentation occurs in narrative, which is linguistically less
common than in thought presentation, it is deviating from the norm, and therefore, can
1mpose upon the reader the need to expend more effort to interpret the negated speech

presentation than is required for negated thought presentation.

4. Conclusion

This paper has examined negated speech and thought presentation based on corpus data.
The frequency of negated thought presentation is greater than that of negated speech
presentation. This suggests that describing a character’s internal states in terms of
negation is a practice more commonly adopted in narrative. Many of the expressions are
often found in non-fictional spoken discourse. The combination of a negated reporting
clause and an indirect form of thought presentation suggests a character’s confused,
upset or disoriented internal state at a specific moment in time, rather than revealing
the character’s presuppositions or assumptions. On the other hand, a speech event
presented as a non-event seems to be less frequent in narrative. When negated speech
presentation is used, it reveals the presuppositions and assumptions which are involved
in the presented speech. Such presuppositions and assumptions can be exploited to
reveal characters’ inner worlds which cannot be divulged by descriptions of actions or

events.

Acknowledgements
This work was supported by JSPS KAKENHI Grant Number 21K00573.

Bibliography

Carter, R. & McCarthy, M. (2006). Cambridge grammar of English. Cambridge
University Press.

Givén, T. (1978). Negation in language: pragmatics, function, ontology. In P, Cole (Ed.),
Syntax and semantics 9 pragmatics, (pp.69-112). Academic Press.

Hidalgo Dowing, L. (2000). Negation, text worlds, and discourse: the pragmatics of
fiction. Ablex Publishing Corporation.

Semino, E. and Short, M. (2004). Corpus stylistics: speech, writing and thought

presentation in a corpus of English writing. Routledge.

100



MYl — s R P RE TR 2022]  (ISSN 2436-6447)
Proceedings of the JAECS Conference 2022

HIfTH 2022 4210 H 1 H
FATHT JGha — " R¥R
FHRR T501-0192 i Bifi— H iS5 AUMT 79 19I5 S i 7 &7 RIR GRS R NG £ 3 AP E S

e-mail: jaecs.hq@gmail.com URL: http://jaecs.com/



	48_目次_2022.pdf
	Proceedings48.pdf
	48_目次_2022.pdf
	Proceedings48.pdf
	Proceeding48表紙.pdf
	Proceedings48ページ数.pdf
	01 COOPER_JAECS CP_2022_Final_Draft
	1. Introduction
	2. Literature Review
	3. Methodology
	3.1 Identifying features for cleaning in the corpus
	To identify features that should be cleaned, the YouTube plain text file transcripts were examined manually, and regular expressions were used in Python to check lines that had punctuation, to check if there were any upper-case words, and to check the...
	3.2 The cleaning process
	The following features were deleted using regular expressions: any periods that followed numbers (excluding decimal points), and words that did not represent speech (e.g. ‘[Music]’). The following features were amended: ‘i' was capitalised, and censor...
	To capitalise proper nouns, the English caseless model from the Stanford Tagger version 4.2.0 was used (https://stanfordnlp.github.io/CoreNLP/caseless.html). As the MAT Tagger accepts only plain text files, all transcripts were tagged, then the prope...
	3.3 Calculating accuracy
	The accuracy of the Stanford Tagger English caseless model was evaluated by randomly sampling 20 transcripts (38,394 tokens) from a corpus of YouTube transcripts containing 2,682 texts. All occurrences of proper nouns and instances of a proper noun ta...
	The accuracy of replacing censored words with the word tamn was evaluated by checking all of the tags applied to tamn by the Stanford Tagger version used in the MAT Tagger in a random sample of 20 transcripts that featured censored words (196 observat...
	It is difficult to evaluate the accuracy of punctuation in texts that did not feature punctuation originally, as punctuation is used somewhat subjectively. However, examples of how one text was punctuated are reported below.
	4. Results
	5. Discussion
	6. Conclusion
	Bibliography

	02 JAECS CP_2022_nishina_akasegawa.aka_revised
	1. はじめに
	2. 『パラレルリンク』（Ver.1.20）のインターフェースと検索機能
	3. まとめ
	謝辞
	引用文献

	04 受動文における様態副詞の生起位置に関する一考察（JAECS48予稿集）
	1. はじめに
	2. 先行研究
	3. リサーチデザイン
	4. 結果と考察
	5. まとめ
	引用文献

	05 JAECS CP_2022 藏薗和也 予稿集原稿
	1. はじめに
	2. 先行研究
	3. リサーチデザイン
	3.1 研究の目的
	3.2 データ
	3.3 手法
	3.3.1 データの事前処理
	3.3.2 分析の手順


	4. 結果と考察
	4.1 補部にくる名詞とその特徴からの分類
	4.2 典型的な名詞コロケーションとその性質
	4.3 高頻度で使用される名詞の考察と理論の検証

	5. まとめ
	謝辞
	引用文献

	08 JAECS CP_2022
	1. はじめに
	2. 先行研究
	3. リサーチデザイン
	3.1 研究目的と研究設問
	3.2 データ
	3.3 手法

	4. 結果と考察
	4.1 RQ1 学年ごとのtakeの語義使用率の変化
	4.2 RQ2 学習者の語義使用の意味的傾向

	5. まとめ

	09 JAECS CP 2022
	1. はじめに
	2. 先行研究
	2.1　品詞連鎖を用いた研究
	3. 研究方法
	3.1 研究目的と研究設問
	3.2 データ
	3.3 分析手順
	3.3.1 データの事前処理
	3.3.2 分析の手順


	4. 結果と考察
	4.1 RQ 母語の影響

	5. まとめ
	引用文献

	10 JAECS CP_2022_Asano_Matsuda_Final_
	1. はじめに
	2. 先行研究
	2.1 ムーブ分析
	2.2 学術テクストの対照研究
	2.3 抄録の言語的特徴に関する研究

	3. リサーチデザイン
	3.1 研究目的と研究設問
	3.2 コーパス
	3.3 手法
	3.3.1 データの事前処理
	3.3.2 分析の手順
	3.3.3 Move-stepコーパスの構築と分析


	4. 結果と考察
	4.1 RQ1 英語と日本語の抄録におけるMove-stepの生起率
	4.2 RQ2 英語と日本語の抄録におけるMove-stepの運び
	4.3 RQ3 英語と日本語の抄録に特徴的な言語使用の例

	5. まとめ
	引用文献

	12 2022 Proceedings of the JAECS 48th Conference
	Durante, V. (2018). Ballet: The Definitive Illustrated Story. DK.

	13 予稿集原稿(田畑圭介)
	16 JAECS CP_2022 修正稿 (福本)
	18 JAECS CP_2022_MS
	1. はじめに
	2. 先行研究
	3. リサーチデザイン
	3.1 研究目的と研究設問
	3.2 データ
	3.2.1日本語データ
	3.2.2 英語データ
	3.3.1 データの事前処理
	3.3.2 分析の手順


	4. 結果と考察
	4.1 帝国議会会議録
	4.2 国会会議録
	4.3 米国議会会議録

	5. まとめ
	引用文献

	19 JAECS CP_2022_提出用
	1. はじめに
	2. 先行研究
	2.1 うなぎ文とは
	2.2研究課題

	3. 研究手法
	3.1 データ
	3.2 分析手法

	4. 結果
	4.1 量的結果
	4.2 質的結果

	5. まとめ
	5.1 解釈
	5.2 制約と課題

	謝辞
	引用文献

	24 佐竹JAECS CP_2022
	1. はじめに
	2. 先行研究
	3. リサーチデザイン
	3.1 参加者
	3.2 タスク

	4. 結果と考察
	4.1 事前事後エッセイにおける対象コロケーション産出
	4.2 事前・事後・遅延事後テストの点数比較
	4.3 考察

	5. 終わりに
	謝辞
	引用文献

	25 2022JAECS_proceeding
	1. Introduction
	2. Literature Review
	3. Research Design
	3.1 Aim of the Research
	3.2 Method

	4. Results and Discussions
	5. Conclusion
	Note
	Bibliography

	26 JAECS.2022.予稿集.梶山達也
	1. はじめに
	2. 先行研究
	2.1 コーパス分析における統計使用の現状
	2.2 クロス集計表やノンパラメトリック検定の限界

	3. リサーチデザイン
	3.1 研究目的と研究課題
	3.2 データ
	表1　各法助動詞の各意味の頻度
	3.3 手法

	4. 結果と考察
	4.1 RQ1 一般化線形混合モデルと推定周辺平均値の有用性について

	5. まとめ
	引用文献

	27 JAECS CP_2022_森下裕三
	1. はじめに
	2. 先行研究
	2.1 フレーム意味論
	2.2 分布意味論

	3. データ
	3.1 データ分析のためのパラメータと意味ベクトル
	3.2 自己相互情報量

	4. 結果と考察
	4.1 名詞の意味分析についての結果と考察
	4.2 形容詞の意味分析についての結果と考察

	5. まとめ
	引用文献

	28 JAECS CP_2022(Ikeo)
	1. Negated speech and thought presentation
	2. The corpus and its annotation
	3. Findings
	4. Conclusion
	Acknowledgements
	Bibliography


	proceedings48_背表紙.pdf





